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Summary 

This thesis comprises three independent chapters concerning the Danish labor market, 

and in particular the relationship between unemployed workers and the caseworkers 

they meet in job centers. More specifically, the thesis seeks to understand the role that 

caseworkers have in getting unemployed workers in employment, the value that infor-

mation and data collected by caseworkers add, and caseworker behavior and assess-

ments of the unemployed workers.  

Unemployed workers in Denmark, as well as in most other developed countries, have 

to participate in meetings in local job centers to be eligible for receiving any unem-

ployment benefits. These meetings are supposed to help the unemployed worker in em-

ployment by guiding and increasing the unemployed workers’ knowledge and aware-

ness about job search and the opportunities on the labor market as stated by the Ministry 

of Employment (Ministry of Employment, 2015). Caseworkers will through these meet-

ing have contact with the unemployed workers and can potentially be an important fac-

tor in the unemployed workers’ chances of finding a job. Consequently, it is important 

to understand the role of a caseworker, and how caseworkers assess and evaluate the 

unemployed workers. This thesis will thereby contribute to the already mature literature 

on active labor market policies and the effects of participation (see e.g. Card et al., 

2010) by focusing on the role of caseworkers, which is a topic that has yet not been ana-

lyzed by many studies. 

Another common denominator throughout the three chapters is the value of a new 

source of data. In all three chapters, I make use of data collected by the full population 

of Danish caseworkers. In Denmark, caseworkers have since September 2005 been 

asked to assess the unemployed workers’ employability and potential attention areas, 

which is unique information about caseworker behavior and something I exploit 

throughout the thesis. 
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The first chapter “What is the Value Added by Caseworker Data?” (co-authored with 

Lars Skipper) empirically answers the question whether caseworker data adds value or 

potentially can completely substitute for detailed and expensive register data when es-

timation of a causal effect relies on the conditional independence assumption. We test 

this systematically by adding the extra variables in a propensity score matching frame-

work, thereby following a method that has been used by e.g. Andersson et al. (2013), 

Lechner and Wunsch (2013) and Biewen et al. (2014). We find that adding caseworker 

data to a model specification including a rich set of register data estimates significantly 

different treatment effects. The economic differences are, on the other hand, between 

zero and three percentage points. We also find that for social assistance recipients the 

model that includes only caseworker data actually gives treatment effects that are closer 

to the treatment effects from the full model compared to the model that only includes 

register data. 

In the second chapter “The Role of Caseworkers in Improving Labor Market Out-

comes” the focus is on the overall variation between caseworker performances when 

analyzing the unemployed workers’ future labor market outcome. More specifically, I 

want to answer the question: what is the effect on an unemployed worker’s labor market 

outcome if he or she is assigned to caseworker A instead of caseworker B? I look at the 

effects on cumulated earnings, employment and self-sufficiency six and twelve months 

after having met the caseworker. For my identification, I make use of the conditional 

random assignment mechanism which administrative personnel in job centers use for 

assigning unemployed workers to caseworkers, and I am thereby following the literature 

popularly known as teacher value added (Rockoff, 2004; Kane and Staiger, 2008). I find 

that there is big variation between caseworker performance, and that caseworkers can 

explain between two and seven percent of the variation I see in the unemployed work-

ers’ labor market outcomes. 

The aim of the last chapter “The Relationship between Caseworker Health Assess-

ments and Register Data” is to gain knowledge and insight into the caseworkers’ eval-

uations and assessments of the unemployed workers. Especially, I focus on the health 

evaluations of the caseworkers since caseworkers frequently assess that many of the 

unemployed workers have health problems. Even though the study is of a more descrip-

tive character, it seeks to answer an important question about the relationship between 
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caseworkers and unemployed workers. I find that there are big discrepancies in case-

workers’ health assessments and registered diagnoses. I divide these discrepancies into 

false negatives and false positives (see e.g. Baker et al., 2004; Datta Gupta and Jürges, 

2012). Observing a false negative, where the caseworker assesses that the worker has no 

health problem but I observe at least one diagnosis, can partly be explained by the type 

of diagnosis. Especially, physically prevalent diagnoses such as diseases with the mus-

culoskeletal system and mental illnesses play an important role in explaining false nega-

tives. The opposite case, where caseworkers assess that the unemployed worker has a 

health problem but there is no registered diagnosis, is more likely to happen among un-

employed workers who have a lower level of education. 
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Danish Summary (Dansk Resume) 

Denne afhandling består af tre selvstændige kapitler, der alle omhandler emner relateret 

til det danske arbejdsmarked og forholdet mellem den ledige og de sagsbehandlere, som 

de møder i jobcentrene. Specifikt fokuserer afhandlingen på den rolle, som sagsbehand-

lere har i at få den ledige i job, hvilken værdi informationer og data indsamlet af sags-

behandlere kan bidrage med samt forståelse af, hvad der ligger bag sagsbehandleres 

vurderinger af de jobsøgende.  

Ledige i Danmark, samt i de fleste andre udviklede lande, skal bl.a. deltage i møder 

på jobcentrene for at opnå ret til arbejdsløshedsunderstøttelse. I Danmark er det primære 

mål med disse møder ifølge Beskæftigelsesministeriet at få den ledige i job ved at vej-

lede og øge den enkelte lediges viden om jobsøgning og muligheder på arbejdsmarkedet 

(Beskæftigelsesministeriet, 2015). Sagsbehandlere har derved en stor berøringsflade 

med de ledige og kan derfor være en vigtig faktor i den lediges fremtidige muligheder 

på arbejdsmarkedet. Det er derfor vigtigt at forstå, hvilken rolle sagsbehandlere spiller, 

og hvordan sagsbehandlere vurderer den ledige. Denne afhandling indgår derved i en 

større litteratur omkring aktiv arbejdsmarkedspolitik og effekterne af deltagelse i disse 

(se f.eks. Card et al., 2010) og bidrager ved specifikt at fokusere på sagsbehandlerens 

rolle, hvilket stadig er et mindre udforsket område. 

En anden fællesnævner er værdien af en ny datakilde. I alle tre papirer udnytter jeg 

data indsamlet fra den fulde population af sagsbehandlere i Danmark. Sagsbehandlere 

bliver bedt om at vurdere de lediges arbejdsmarkedspotentiale og eventuelle opmærk-

somhedsområder, og det er netop disse unikke informationer, som afhandlingen udnyt-

ter. 

Det første kapitel, ”What is the Value Added by Caseworker data?”, er skrevet med 

Lars Skipper og starter med empirisk at besvare spørgsmålet, om data indsamlet af 

sagsbehandlere kan tilføje værdi eller substituere for registerdata, som er en dyr datakil-

de, og som ikke alle lande har adgang til, når man vil estimere en kausal sammenhæng 
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ved at forudsætte betinget uafhængighed (conditional independence). Vi tester dette ved 

systematisk at inkludere de ekstra variable i et studie, der bruger propensity score 

matching. Dette er en fremgangsmåde, der bl.a. er set hos Andersson et al. (2013); 

Lechner and Wunsch (2013) og Biewen et al. (2014). Konklusionen herfra er, at model-

len, der inkluderer både registerdata og sagsbehandlerdata giver effektestimater, der er 

signifikant forskellige fra de estimater, der er baseret på en model kun med registerdata 

eller kun med sagsbehandlerdata. Den økonomiske forskel på effektestimaterne er mel-

lem nul og tre procentpoint. Vi finder også, at modelspecifikationen kun med sagsbe-

handlerdata er den model, der giver resultater tættest på den fulde models estimater for 

kontanthjælpsmodtagere. 

Det andet kapitel ”The Role of Caseworkers in Improving Labor Market Outcomes” 

kigger nærmere på variationen mellem sagsbehandlerens egentlige påvirkning på den 

arbejdsløses efterfølgende arbejdsmarkedsudfald. Mere specifikt forsøger jeg at svare på 

spørgsmålet, hvad der sker med den lediges arbejdsmarkedsudfald, hvis han eller hun 

blev henvist til sagsbehandler A i stedet for til sagsbehandler B. Her kigger jeg specifikt 

på de kumulerede effekter på beskæftigelse, løn og selvforsørgelse efter seks og tolv 

måneder. Jeg udnytter, at arbejdsløse fordeles til sagsbehandlere tilfældigt eller på bag-

grund af observerbare karakteristika og følger derved litteraturen omkring værdien af 

lærere (Rockoff, 2004; Kane and Staiger, 2008). Konklusionen er, at der er signifikante 

forskelle i, hvor dygtige sagsbehandlere er, og at sagsbehandlere kan forklare mellem to 

og syv procent af den lediges senere arbejdsmarkedsudfald. 

Formålet med det sidste kapitel ”The Relationship between Caseworker Health As-

sessments and Register Data” er at forstå, hvad der ligger bag en sagsbehandlers hel-

bredsvurderinger af de arbejdsløse, og hvordan potentielle forskelle kan forklares. Dette 

spørgsmål er vigtigt for at kunne opnå forståelse for, hvordan sagsbehandleren arbejder 

og vurderer den lediges evner og kapaciteter. Selv om studiet er af en mere deskriptiv 

karakter svarer det på vigtige spørgsmål omkring forholdet mellem sagsbehandlere og 

den ledige. Jeg finder, at der er uoverensstemmelser mellem en sagsbehandlers vurde-

ring af den lediges helbred og registrerede diagnoser og opdeler dem derefter i ”falsk 

negativ” og ”false positiv” (se f.eks. Baker et al., 2004; Datta Gupta and Jürges, 2012). 

En falsk negativ observeres, hvis en sagsbehandler vurderer, at den ledige ikke har hel-

bredsproblemer, og jeg samtidig i data observerer, at der er en diagnose. Der er en ten-
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dens til at falske negative observationer falder, hvis diagnosen er kategoriseret som mu-

sculoskeletal eller mental. Det modsatte, falsk positiv, observeres, hvis en sagsbehand-

ler vurderer, at den ledige har et helbredsproblem, uden at dette kan ses i registrene. 

Sandsynligheden for dette øges, hvis den ledige bl.a. har en lavere uddannelse. 
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Abstract 

In recent years, caseworkers in job centers in Denmark have systematically 

assessed unemployed workers on multiple dimensions such as search behav-

ior, skill level, health status, motivation, and job-readiness. In this paper, we 

merge these subjective measures with rich administrative register data and 

linked employer-employee data. We use this uniquely rich information set 

on the full population of unemployed to evaluate the effects of the different 

components of the active labor market programs. The focus of our study is 

to investigate the importance of the information available in the caseworker 

data when relying on conditional independence as the identifying assump-

tion. Our paper contributes to the growing and empirically very important 

literature analyzing the value added from different data sources including 

novel caseworker information.  
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1.1 Introduction 

Intervention studies, in which the causal effect of participating is estimated, are of great 

interest. If these intervention studies are not based upon a randomized experiment, the 

estimations of the causal effects of participating in e.g. active labor market programs 

can instead rely on the conditional independence assumption (CIA). For the CIA to 

hold, all factors that simultaneously affect treatment status and outcome have to be ob-

served and included in the conditioning set. Oftentimes, the critique of this method is 

rooted in exactly the fact that personal traits and characteristics such as motivation, ap-

pearance etc. cannot be observed; thereby causing the CIA to fail. The paper will ad-

dress this question relying on a rich dataset that includes unique data on caseworker 

assessments of the whole population of unemployed workers. 

In Denmark, as in many other countries, the decision about participation in activation 

programs is jointly made by the caseworker in the job center and the unemployed work-

er. In this paper, we will address the above stated concern about the reliability of CIA 

by taking caseworkers’ assessments of the unemployed workers into account. In par-

ticular, we will investigate how additional information about the unemployed workers 

collected by caseworkers will affect the estimates of the causal effects from participat-

ing in active labor market programs (ALMP) in Denmark. At the same time, we will see 

whether these data collected by the caseworkers will be able to substitute for expensive 

register data. 

The data we use to investigate the above questions come from different data sources. 

We are able to merge the rich Danish register data with data from Danish job centers. 

During recent years, caseworkers in Danish employment offices have by law been asked 

to assess the unemployed workers on multiple dimensions whenever they meet with an 

unemployed worker. The caseworker is e.g. asked to assess the motivation of the unem-

ployed worker, whether the unemployed has employment problems because of his/her 

lack of an economic network, is in bad health or has other personal problems; character-

istics of the unemployed that can be potential confounders and thereby potentially caus-

ing biased estimates. We analyze the effects of this new data source by constructing 

three different model specifications. The first model specification uses a conditioning 
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set similar to the one in Biewen et al. (2014) argued to create unbiased estimates. This 

conditioning set includes detailed labor market history, rich information on household 

type, children and marital status together with past benefit history. The second model 

specification only includes data which the caseworker has knowledge about, and the 

third model specification includes all variables in the conditioning set. By progressing 

this way, we can systematically assess the value of the caseworker data, and we closely 

follow a method that has been used before us (Andersson et al., 2013; Lechner and 

Wunsch, 2013; Biewen et al., 2014).  

Our analysis focuses primarily on the effects on the cumulated level of self-

sufficiency after six and 24 months, and we split the data between social assistance re-

cipients and unemployment insurance recipients. We find that the three model specifica-

tions estimate significantly different treatment effects but that the economic differences 

between the estimates are small. 

1.2 Literature Review 

The literature performing micro-econometric evaluations of active labor market pro-

grams is extensive and covers various programs and heterogeneous effects. Card et al. 

(2010) have made a meta-analysis on 97 effect studies and find that job search assis-

tance programs generally are found to have favorable treatment effects on both wages 

and employment whereas classroom and on the job training programs generally only 

yield positive impacts in the medium run. They also find that when comparing experi-

mental with non-experimental studies, there tend to be no significant difference between 

the estimated treatment effects due to the experimental design.  

Where effect studies are not based upon a randomized experiment, many of these 

studies are based upon the conditional independence assumption arguing that the data 

used is detailed enough to control for potential confounding variables. Or stated in an-

other way, after controlling for all potential confounders, the decision about treatment 

vs. non-treatment can be considered as random. LaLonde (1986) evaluates specifically 

how non-experimental estimators perform in estimating treatment effects compared to 

an experimental estimator and reaches the conclusion that non-experimental estimators 

are not capable of replicating the results from the experimental design. Heckman and 
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Hotz (1989) argue that some of the variation found in the non-experimental estimators 

from LaLonde’s study cannot be attributed to the failure of the estimator but to the fail-

ure of the underlying assumptions which would have shown up in simple specification 

tests. In a paper by Heckman et al. (1998), they argue that the control and treatment 

groups should be drawn from the same population. It is e.g. important that the potential 

control group is from the same labor market, that the outcomes use the same measure 

such researchers need to have access to data making it possible to condition on the past 

labor market history. Dehejia and Wahba (1999, 2002) compare propensity score 

matching estimates to the same experimental benchmark as in LaLonde (1986) and con-

clude that propensity score matching can successfully account for the selection into 

treatment and thereby reduce the bias seen in non-experimental estimators. Smith and 

Todd (2005) elaborate on the findings and conclude that the results are very sensitive to 

the choice of conditioning variables and the sample selection. 

Compared to the U.S. literature on treatment effects, the European literature has had 

the tradition of using detailed register data available in program evaluations. Lechner 

and Wunsch (2013) compare different matching model specifications to a Monte Carlo-

simulated benchmark model in order to understand which variables are needed to get 

unbiased estimates when using propensity score matching. The conclusion reached is 

that in order to get unbiased estimates, researchers need to condition on traditional vari-

ables such as short-term labor market history, socio-economic variables, regional in-

formation and information on the current unemployment spell. Biewen et al. (2014) 

evaluate German public-sponsored training programs and at the same time use the data 

in a sensitivity analysis to see the effect of leaving groups of variables out of the analy-

sis. The conclusion from this study is again that it is most important to control for the 

more traditional confounders such as past labor market history on top of the more com-

mon social economic variables. Another study by Andersson et al. (2013) uses US data. 

They add earnings history to the traditional conditioning set used in the US and find that 

the value of adding these extra variables is equal to zero.  

The focus on the effects of adding information about the unemployed workers’ per-

sonality traits has been analyzed in a recent study by Caliendo et al. (2014). They em-

pirically assess the value of having self-reported data on personality traits and attitudes 

on economic outcomes and conclude that the extra information on personality traits and 
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characteristics does not change the estimates of the ATT, but that it does have an impact 

on the selection into treatment.  

1.3 Identification Strategy 

Our identification strategy is based on the potential outcomes framework (Roy, 1951; 

Rubin, 1974). Let 𝐷𝑖 be an indicator variable with the value 𝐷𝑖 = 1 if individual i is 

treated, and 𝐷𝑖 = 0 if individual i is not treated. Consider then two potential outcomes, 

𝑌𝑖(1) and 𝑌𝑖(0) where 𝑌𝑖(1) is the potential outcome for treated individuals and 𝑌𝑖(0) is 

the potential outcome for non-treated individuals. We are interested in the difference 

between the two potential outcomes, ∆𝑌𝑖 = 𝑌𝑖(1) − 𝑌𝑖(0). Clearly, individual i cannot 

realize both outcomes at the same point in time, and to overcome this problem we esti-

mate the average treatment effect on the treated  

 

(1)            𝐴𝑇𝑇 =  𝐸[𝑌(1) − 𝑌(0)|𝐷 = 1] = 𝐸[𝑌(1)|𝐷 = 1] − 𝐸[𝑌(0)|𝐷 = 1] 

 

by constructing the counterfactual term 𝐸[𝑌(0)|𝐷 = 1].  

To construct the counterfactual we make use of matching and rely on the conditional 

independence assumption. We thereby assume that there exists a set of conditioning 

variables, X, such that the expected outcome in case of non-participation among partici-

pants is identical to the expected outcome for a non-participant. This allows us to con-

struct a comparison group out of the group of non-treated individuals who have the 

same distribution of conditioning variables as the group of treated individuals. More 

formally we use that 𝐸[𝑌(0)|𝑋, 𝐷 = 1] = 𝐸[𝑌(0)|𝑋, 𝐷 = 0] = 𝐸[𝑌(0)|𝑋]. 

Since matching exactly on all X in a situation where X has high dimensions is diffi-

cult and causes the curse on dimensionality, we instead match on the one-dimensional 

propensity score as suggested by Rosenbaum and Rubin (1983). The construction of the 

counterfactual is then reduced to 𝐸[𝑌(0)|𝑃(𝑋), 𝐷 = 1] = 𝐸[𝑌(0)|𝑃(𝑋), 𝐷 = 0] =

𝐸[𝑌(0)|𝑃(𝑋)] where 𝑃(𝑋) is the conditional probability of treatment also called the 

propensity score. Matching on the propensity score requires the following assumption to 

hold: 

𝑌𝑖(0) ⊥ 𝐷𝑖|𝑃(𝑋) 

and 
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Pr(𝐷𝑖 = 1|𝑃(𝑋)) < 1, 𝑓𝑜𝑟 𝑎𝑙𝑙 𝑋. 

The assumptions above mean that the outcome has to be independent of treatment 

when conditioning on the propensity score, and that the conditional probability of 

treatment is less than one, for all X. 

1.4 The Danish Labor Market  

Active labor market policies were introduced in Denmark in the early 1990s and are 

based upon the “right and duty” principle meaning that an unemployed has the right to 

receive unemployment benefits and the obligation to be available to the labor market. 

Receiving unemployment insurance benefits is furthermore conditional on a voluntary 

membership with an unemployment insurance fund and having been employed for a 

year during the last three years. If the worker is not insured, the worker can apply for 

social assistance benefits which are lower and means-tested. 

To fulfill the criteria of being available to the labor market, the unemployed has to 

register at the local job center, he/she must upload a resume in an online job bank, apply 

for all relevant job vacancies, participate in meetings at the job center every third 

month, and take part in active labor market programs. The meetings at the job centers 

focus on how to get the unemployed back into employment as fast as possible and are 

held between the unemployed and a caseworker from the job center. During these meet-

ings, the caseworker has to evaluate whether the unemployed has fulfilled the criteria 

for eligibility, and the caseworker and the unemployed will discuss the rules and oppor-

tunities for participation in active labor market programs. Furthermore, the caseworker 

has to make assessments about e.g. the unemployed worker’s employment prospects 

and to state potential problem areas. 

An unemployed worker above the age of 30 must participate in a training program 

after nine months in unemployment and enter a new program every six consecutive 

months in unemployment whereas unemployed below 30 must participate after three 

months of unemployment independent of benefit type received. Participation in a train-

ing program does not prolong the period in which the unemployed individual is entitled 

to receive benefits, and non-compliance results in losses of benefits. Furthermore, an 

unemployed individual will get sanctioned if the caseworker finds that the unemployed 
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individual does not comply with the rules set up to secure availability for the labor mar-

ket. 

1.4.1 Programs Considered and Selection into Programs 

As argued above, unemployed workers have to participate in a training program after a 

certain amount of time spent in unemployment. The type of program and when to enter 

the program is made as a joint decision by the caseworker and the unemployed worker. 

In Denmark, there are five groups of activation programs, which the unemployed work-

er can participate in. The five types are seen in Table 1.1 together with the time in un-

employment before entering the first program. Many unemployed workers start before 

they are obliged to, and almost everyone starts in a program before they have spent one 

year in unemployment. 

Table 1.1: Time to treatment 

  

  

Classroom 

Training 

Job Search 

Assistance 

On Job 

Training 

Wage Subsidized 

Private 

Wage Subsidized 

Public 

Social Assistance Recipients 

< 2 weeks 48.2% 65.9% 21.4% 42.2% 39.5% 

< 3 months 15.9%   8.0% 21.6% 21.4% 15.2% 

3 - 6 months   8.0%   4.5% 11.5%   6.3%   7.1% 

6 - 12 months 11.5%   5.7% 14.0%   7.3%   9.3% 

1 - 2 years   6.9%   2.3% 13.6%   7.5%   8.8% 

> 2 years   9.6% 13.6% 17.8% 15.3% 20.1% 

  Unemployment Insurance Recipients 

< 2 weeks 24.0% 17.5% 13.6% 17.7% 28.6% 

< 3 months 41.4% 45.4% 47.9% 52.6% 56.3% 

3 - 6 months 18.3% 20.2% 22.2% 17.7% 13.0% 

6 - 12 months 12.6% 12.2% 12.4%   9.2%   2.2% 

1 - 2 years   2.8%   3.6%   2.9%   2.1%   0.0% 

> 2 years   0.9%   1.2%   0.9%   0.6%   0.0% 

 

In this paper, we will focus on the most prevalent programs in international stand-

ards, namely job search assistance and classroom training. Job search assistance can 

have a duration of up to six weeks with a possibility of extension up to one year. The 

aim of job search assistance is to assess and improve the social and professional qualifi-

cations of the unemployed worker and to provide guidance on how to improve the un-

employed worker’s job search strategies. Classroom training consists of different cours-

es available for the unemployed individual and can be seen as an alternative to the regu-

lar education system. Classroom training can have a duration of six weeks with a possi-

bility of increasing duration up to one year. 
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The decision about participation in programs is as argued earlier a decision made be-

tween the caseworker and the worker during the meetings. The caseworkers base their 

decisions upon the workers’ basic skills and what they believe would add extra value to 

these skills when applying for jobs. The worker can decide to agree upon a casework-

er’s suggestion, or the worker can search for other opportunities and get this approved 

by the caseworker. 

1.5 Sample Selection and Definition of Participation 

Since our goal is to compare unemployed workers who participate in a program to 

workers who did not participate in a program but could have done so, we need to deter-

mine who is a participant and define who the potential participant is. First, we construct 

our sample as an inflow sample focusing on people who became unemployed from Jan-

uary 2008 to December 2009. We condition on not having participated in any activation 

program 13 weeks prior to the week of unemployment. This criterion is set up to make 

sure that we focus on the first attended program during an unemployment spell as is 

common in the literature. All our models are estimated separately for men and women 

and separately for social assistance recipients (SA recipients) and unemployment insur-

ance recipients (UI recipients). Compared to e.g. the studies by Lechner and Wunsch 

(2013) and Biewen et al. (2014), we do not condition on the unemployed worker having 

been employed for a certain amount of time before becoming unemployed in order to 

make as little pre-matching as possible. 

We define participants as those workers who attend a program during a specific 

month after becoming unemployed, and non-participants as those who do not participate 

in any program during that month. By defining participants and non-participants in this 

manner, we want to reflect the dynamics on the Danish labor market better since unem-

ployed workers and the caseworkers continuously deal with the question about whether 

the worker should participate in a program during a month or whether to postpone par-

ticipation.  

By aligning participants and non-participants by the number of months spent in un-

employment before entering a program, we also overcome the problem about how to 

align participants and non-participants. Previous literature has dealt with this by either 
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simulating hypothetical program starting dates among the non-treated and thereby align-

ing treated and non-treated on the basis of the actual and the simulated starting date, 

Lechner and Wunsch (2013). Another way of overcoming this problem is by splitting 

the sample into short time periods in which it seems reasonable to compare treated with 

non-treated workers from the beginning of that stratum. This is e.g. the strategy used by 

Biewen et al. (2014) where they use three months’ time intervals. We follow a strategy 

that is closer to the latter by comparing workers who start their activation program in 

month t with workers who do not start their activation program in month t and are still 

unemployed in the week preceding that particular month.  

Table 1.2: Weeks of program participation after sampling 

Participation status Within Mean Std. Dev. Median 

Hours per week 

(median) 

Potential Controls … first quarter 0.6 1.7 0 

 

 

… Q1 and Q2 2.3 4.5 0 

 

 

… first year 6.5 10.2 0 

 Classroom  … first quarter 6.0 3.5 6 

 Training … …of which same type 5.1 3.3 5 24 

 

… Q1 and Q2 10.0 7.2 8 

 

 

… …of which same type 6.7 6.1 5 

 

 

… first year 16.5 13.5 12 

   … …of which same type 7.8 9.4 5 

 Job Search  … first quarter 7.1 3.7 7 24 

Assistance … …of which same type 6.6 3.7 6 

 

 

… Q1 and Q2 11.6 8.0 10 

 

 

… …of which same type 10.0 7.7 7 

 

 

… first year 19.3 15.1 15 

 

 

… …of which same type 15.4 13.8 10 

 On Job Training … first quarter 6.8 3.4 5 30 

 

… …of which same type 5.7 3.1 4 

 

 

… Q1 and Q2 11.2 7.9 8 

 

 

… …of which same type 7.4 6.3 4 

 

 

… first year 18.9 14.9 14 

 

 

… …of which same type 9.5 10.2 5 

 Wage Subsidy  … first quarter 10.2 2.8 11 

 (private) … …of which same type 10.0 2.9 11 35 

 

… Q1 and Q2 19.1 7.0 22 

 

 

… …of which same type 18.4 7.5 22 

 

 

… first year 27.1 13.3 26 

 

 

… …of which same type 23.8 13.5 26 

 Wage Subsidy  … first quarter 9.7 2.8 10 

 (public) … …of which same type 9.6 2.9 10 35 

 

… Q1 and Q2 19.5 6.9 22 

 

 

… …of which same type 19.1 7.3 22 

 

 

… first year 30.5 14.8 27 

 

 

… …of which same type 28.2 15.5 26 

  

We have to keep in mind, though, that by defining especially non-participants this 

way, we allow non-participants in one month to be participants in the next month. This 
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way, our treatment estimates become a reflection of the decision between participating 

this month compared to not participating this month and potentially participating in the 

next month, and it has to be interpreted as such. Table 1.2 shows the mean and median 

number of weeks in program participation or as potential controls and participants. Un-

employed workers, who participate in classroom training spend on average 6 weeks in 

any program where 5.1 of these weeks are in classroom training. Unemployed workers, 

who have job search assistance as their first program, have 7.1 weeks in program partic-

ipation in the first quarter where 6.6 of these weeks are in the same type of training. The 

median number of hours per week for classroom training and job search assistance is 24 

hours. 

1.6 Data 

Since September 2005, caseworkers in Danish job centers have systematically assessed 

the unemployed workers they meet on multiple dimensions such as job search behavior, 

skill level, health status, motivation, and job-readiness. In this paper, we merge these 

assessments with rich administrative register data and linked employer-employee data. 

The Danish register data contains socio-economic information about each individual in 

the population along with detailed week-level data about sufficiency.  

Table 1.3 shows which variables we use in each model specification. The first model 

specification is the model that only includes register data. We have constructed the vari-

ables such that they reflect the full conditioning set used in Biewen et al. (2014). The 

second set of conditioning variables is constructed by the caseworker data and the in-

formation, which the caseworker is able to deduct from the digital registration system. 

The last model specification includes all variables. 
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Table 1.3: Overview of variables used 

  Register data Caseworker data Full model 

Migration background Yes Yes Yes 

Age Yes Yes Yes 

Marital status Yes Yes Yes 

Experience since 1980 Yes Yes Yes 

Educational level Yes Yes Yes 

Number of children Yes Yes Yes 

Occupation Yes Yes Yes 

Industry Yes Yes Yes 

No. of weeks on benefits last 7 years Yes Yes Yes 

No. of weeks employed last 7 years Yes Yes Yes 

Unemployment insurance company Yes Yes Yes 

Wage last year Yes 

 

Yes 

Part-time worker Yes 

 

Yes 

White- or blue-collar worker Yes 

 

Yes 

No UI benefits claim Yes 

 

Yes 

No. of weeks on UI benefits  Yes 

 

Yes 

No. of weeks self-employed last 7 years Yes 

 

Yes 

No. of weeks on UI and SA last 7 years Yes 

 

Yes 

No. of weeks on sickness pay last 7 years Yes 

 

Yes 

No. of weeks in activation last 7 years Yes 

 

Yes 

No. of weeks on m(p)aternity leave last 7 years Yes 

 

Yes 

No. of weeks on disability transfers last 7 years Yes 

 

Yes 

No. of transfers last 7 years Yes 

 

Yes 

No. of weeks self-employed last year Yes 

 

Yes 

No. of weeks self-employed last 2, 3, 4,…, 7 years Yes 

 

Yes 

Self-employed 6, 12 and 24 months before activation Yes 

 

Yes 

Seq0000, Seq0001, Seq0010,…, Seq1111 Yes 

 

Yes 

Match category 

 

Yes Yes 

Time in DRV 

 

Yes Yes 

No. of non-resetting and resetting contacts 

 

Yes Yes 

Qualification within bottleneck areas 

 

Yes Yes 

Reasons for increased attention 

   Doubt about "availability" 

 

Yes Yes 

Risk of longtime unemployment 

 

Yes Yes 

Special target group 

 

Yes Yes 

Potential problem areas 

   Lack of professional/technical knowledge 

 

Yes Yes 

Own labor market perspective 

 

Yes Yes 

Health 

 

Yes Yes 

Addiction 

 

Yes Yes 

Finances and network 

 

Yes Yes 

Personal competencies 

 

Yes Yes 

Exempted because of  

   Vacation, leave etc. 

 

Yes Yes 

Pregnancy 

 

Yes Yes 

Lack of childcare 

 

Yes Yes 

Sick or dying child 

 

Yes Yes 

Sickness 

 

Yes Yes 

Military Service 

 

Yes Yes 

* The variables Seq0000, Seq0001 … are dummies that indicate the combinations of the main annual 

employment history during the four years before spell start (1 = employment, 0 = unemployment). 

 

Table 1.4 and Table 1.5 show the descriptive statistics of the caseworker data for so-

cial assistance and unemployment insurance recipients, respectively. The first group of 
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variables is used by the caseworker to indicate whether there is a need for increased 

attention, and what the potential reason behind is. For SA recipients, around one fourth 

of the non-participants have qualifications within bottleneck areas whereas only be-

tween 12 and 19 percent of the participants are assessed to have those qualifications. 

The two other reasons are used if the caseworker has doubt about whether the worker is 

actually available to the labor market and ready to take upon a job immediately, or if the 

caseworker assesses that there is a risk of long-term unemployment. Again, we see that 

non-participants are more likely to have these characteristics among SA recipients. 

The second group of variables from the caseworker data is called “Potential problem 

areas” which is used if the caseworker finds that the worker has specific problems with 

any of the areas showed in Table 1.3. Among SA recipients, health is the most prevalent 

problem together with lack of professional and technical knowledge. Again, we see dif-

ferences between non-participants and participants. 

Table 1.4: Caseworker-assessed data for social assistance recipients 

  Social Assistance Recipients 

  Men Women 

  

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Reasons for increased attention 
      Qualification within bottleneck areas 0.239 0.123 0.148 0.261 0.174 0.188 

Doubt about "availability" 0.101 0.041 0.049 0.097 0.054 0.056 

Risk of longtime unemployment 0.009 0.008 0.007 0.011 0.008 0.010 

Potential problem areas 

      Lack of professional/technical 
knowledge 0.508 0.402 0.472 0.568 0.482 0.532 

Own labor market perspective 0.498 0.267 0.326 0.482 0.320 0.349 

Health 0.681 0.362 0.468 0.701 0.486 0.555 

Addiction 0.213 0.099 0.133 0.061 0.036 0.043 

Finances and network 0.320 0.177 0.221 0.298 0.199 0.242 

Personal competencies 0.437 0.252 0.323 0.391 0.271 0.312 

Reasons for exemption  
      Vacation, leave etc. 0.006 0.004 0.007 0.008 0.005 0.008 

Pregnancy 0.010 0.006 0.005 0.159 0.100 0.110 

Lack of childcare 0.003 0.002 0.003 0.037 0.026 0.026 

Sick or dying child 0.001 0.001 0.001 0.006 0.004 0.004 

Sickness 0.152 0.093 0.096 0.174 0.122 0.140 

Military Service 0.000 0.000 0.000 0.000 0.000 0.000 

  
      Match category 3.855 3.263 3.608 3.718 3.380 3.564 

Special target group 0.152 0.074 0.081 0.155 0.096 0.086 

N 400,485 56,742 2,879 451,414 44,931 2,467 

 

The last group of variables is covering reasons for exemption meaning that the work-

er is exempted from being available to the labor market. Again, we see that the health of 

the SA recipients is a dominant factor with between 10 and 17 percent of the workers 
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being exempted because of sickness. A worker can furthermore be exempted from 

searching for jobs because of vacation, if the worker is on maternity or paternity leave, 

if the worker cannot get any childcare, if the worker has a sick or dying child, or if the 

worker serves under the military. 

In general, caseworkers assess UI recipients to be better in terms of the observed 

caseworker assessments. We also observe a different picture of how the assessments are 

distributed among participants and non-participants. UI recipients who participate in 

either job search assistance or classroom training are on average worse off in terms of 

caseworker assessments than non-participants. This is opposite of what we observed 

with SA recipients but in accordance to the pattern we saw with the level of self-

sufficiency. What can also be seen is that the caseworker assessments are more preva-

lent among SA workers and thereby carrying more information and variation. 

Table 1.5: Caseworker-assessed data for unemployment insurance workers 

  Unemployment Insurance Recipients 

  Men Women 

  

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Reasons for increased attention 

      Qualification within bottleneck areas 0.138 0.157 0.109 0.142 0.146 0.115 

Doubt about "availability" 0.031 0.030 0.027 0.027 0.023 0.032 

Risk of longtime unemployment 0.013 0.013 0.012 0.008 0.008 0.007 

Potential problem areas 
      Lack of professional/technical knowledge 0.178 0.284 0.106 0.182 0.287 0.123 

Own labor market perspective 0.103 0.144 0.038 0.101 0.144 0.049 

Health 0.037 0.047 0.024 0.044 0.059 0.031 

Addiction 0.002 0.002 0.001 0.000 0.000 0.000 

Finances and network 0.005 0.006 0.001 0.007 0.008 0.001 

Personal competencies 0.022 0.032 0.012 0.018 0.030 0.008 

Reasons for exemption  

      Vacation, leave etc. 0.002 0.002 0.003 0.003 0.002 0.005 

Pregnancy 0.021 0.019 0.020 0.033 0.030 0.045 

Lack of childcare 0.005 0.004 0.004 0.008 0.006 0.012 

Sick or dying child 0.001 0.001 0.001 0.001 0.001 0.002 

Sickness 0.053 0.049 0.068 0.051 0.046 0.078 

Military Service 0.000 0.000 0.000 0.000 0.000 0.000 

  

      Match category 1.331 1.472 1.212 1.333 1.478 1.218 

Special target group 0.117 0.136 0.091 0.119 0.124 0.093 

N 482,636 37,575 4,082 422,983 29,922 2,019 

  

To reduce bias in the treatment estimates when including the caseworker variables, 

the variables have to be confounders meaning that they have to affect both program par-

ticipation and the treatment effect. The significant differences in caseworker evaluations 

between participants and non-participants among SA and UI recipients suggest that 
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there is a relationship between the participation decision and the caseworker evalua-

tions. However, we also need the caseworker variables to affect the estimated treatment 

effects. Previous studies show that personality traits can affect treatment effects (see e.g. 

Caliendo et al. (2014). Since the caseworker variables contain assessments of the unem-

ployed workers’ personality traits and potential problem areas, the caseworker variables 

could thereby be potential confounders and therefore important in the analysis of treat-

ment effects. 

We focus on estimating the average treatment effects on the treated for the cumulated 

level of self-sufficiency after six and 24 months. Non-participants who receive social 

assistance benefits are the weakest group in terms of self-sufficiency with an average 

self-sufficiency level six months after unemployment start between seven and 13 per-

cent (see Table 1.6). This suggests a selection of the stronger SA recipients into pro-

grams. On the other hand, among UI recipients, we observe that non-participants on 

average have a higher level of self-sufficiency. This could again be explained by the 

selection mechanism into programs where the stronger UI recipients are not unem-

ployed long enough to enter an activation program. 

Table 1.6: Descriptive statistics of the dependent variables 

 Men Women 

  

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Non-

participants 

Job Search 

Assistance 

Classroom 

Training 

Social Assistance 

Cumulated level of self-

sufficiency after 6 months 0.103 0.187 0.164 0.070 0.131 0.104 

  (0.227) (0.266) (0.250) (0.190) (0.236) (0.213) 

Cumulated level of self-

sufficiency after 24 

months 0.131 0.242 0.199 0.095 0.161 0.132 

  (0.241) (0.291) (0.268) (0.209) (0.258) (0.230) 

 

Unemployment Insurance 

Cumulated level of self-

sufficiency after 6 months 0.344 0.186 0.191 0.342 0.179 0.168 

  (0.330) (0.259) (0.248) (0.332) (0.255) (0.238) 

Cumulated level of self-

sufficiency after 24 

months 0.455 0.314 0.452 0.445 0.306 0.378 

  (0.341) (0.313) (0.312) (0.345) (0.314) (0.318) 

* Standard errors in parentheses. 

1.7 Results 

We perform nearest neighbor matching combined with exact matching on the number of 

months spent in unemployment before activation start. All models are run with three 
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different sets of conditioning variables in order to test if and how the results change 

with the variables we include, and especially to test how the extra caseworker data af-

fects the results. All specifications are run separately by gender and type of benefit 

types received. 

Including more variables in the matching model is in general seen as reducing the bi-

as in the estimated treatment effect if, as argued earlier, the variables are potential con-

founders. Imbens and Wooldridge (2009) argue that bias in a matching estimator is in-

creasing with the number of continuous variables in the conditioning set. This is espe-

cially important if the number of continuous variables is higher than two. However, 

none of the caseworker variables are continuous and should thereby not affect this par-

ticular kind of bias. Imbens and Wooldridge (2009) also argue that if the number of po-

tential controls is much larger than the number of treated units, it can be justified to ig-

nore this bias, which we have in this analysis. 

1.7.1 Propensity Score 

The first step in propensity score matching is to estimate the probability of treatment or 

also called the propensity score. The first specification of the propensity score includes 

the regular register data, the second specification includes caseworker data and the third 

specification includes both. We estimate different propensity scores for each treatment 

and for each gender and types of benefits received. The results can be found in Appen-

dix 1.A and 1.B. 

The point estimates and their t-statistics from the propensity score estimation show 

only small differences between which variables that are significant for SA recipients 

between the three different model specifications. The caseworker assessments are sig-

nificant in both of the two specifications where they are included. Especially, workers 

with match categories one to three have a significant, positive effect of receiving job 

search assistance. Being assessed with a match category between one and three increas-

es the probability of participating in job search assistance by around 20 percent com-

pared to unemployed workers who do not get a match category. Compared to a partici-

pation probability of around eight percent, this might seem as a high number but we 

need to remember that the workers who do not receive a match category are most likely 

the workers who get employment before they meet a caseworker. SA recipients who get 

a match category of four or five have a lower probability of participating in job search 
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assistance programs. Match categories four and five are used for workers who have oth-

er issues than employment. This will decrease the probability of attending job search 

assistance as there will be other forms of activation programs or actions that will be 

more beneficial to provide to these workers. For UI recipients, we see an increase in the 

probability of treatment for match categories one to three as with SA recipients. How-

ever, we do not observe the exact same pattern since the two lowest categories are rarely 

used. For classroom training, we see how SA recipients with other problems than em-

ployment (match categories four and five) have an increased probability of getting into 

classroom training. 

Turning to the overall fit and performance of the propensity score estimations, the 

model with caseworker data and the full model outperform the model only including 

register data for SA recipients (see Table 1.8). The percentage of variation explained by 

the model increases by 3-5 percentage points when including caseworker data compared 

to the model that only includes register data. Also, the model including only caseworker 

data has a higher R
2
 than the model that only includes register data. For UI recipients, 

the picture is a bit different. The model that performs best for UI recipients is again the 

full model specification, but we also see that the model that only has the register data 

performs better than the model that includes the caseworker data.  

Table 1.7: Goodness of fit test: R
2
 

 
Job Search Assistance Classroom training 

 

Register 

data 

Caseworker 

data 

Full mod-

el 

Register 

data 

Caseworker 

data 

Full 

model 

SA men 0.11 0.14 0.15 0.10 0.12 0.13 

SA women 0.07 0.10 0.11 0.07 0.09 0.10 

UI men 0.10 0.07 0.11 0.08 0.06 0.09 

UI women 0.15 0.14 0.16 0.14 0.12 0.14 

 

Table 1.8 shows the Pearson correlation coefficients between the estimated propensi-

ty scores. Columns 1 and 3 show the correlation coefficients between the propensity 

score including register data and the full model specification whereas columns 2 and 4 

have the correlation between the propensity score from the model based on caseworker 

data and the full model specification. 
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Table 1.8: Pearson correlation coefficients between propensity scores 

 
Job Search Assistance Classroom Training 

 

Register data and 

full model 

Caseworker data and 

full model 

Register data and 

full model 

Caseworker data 

and full model 

SA men 0.845 0.961 0.817 0.958 

SA women 0.790 0.944 0.805 0.938 

UI men 0.945 0.757 0.991 0.908 

UI women 0.917 0.788 0.989 0.905 

 

Compared to the correlation coefficients found in Caliendo et al. (2014), we see a 

relatively high correlation between the propensity scores. Looking at SA recipients, we 

see that the highest correlations are found in the models based on caseworker data 

which is opposite of what is found for UI recipients. The kernel densities of the propen-

sity scores can be found in Appendix 1.C, and confirms the picture from the correlation 

coefficients that there are similarities between the propensity scores throughout the 

whole distribution. 

To conclude on the performance of the propensity scores, we have seen how the 

caseworker data plays a significant role in especially the estimation of treatment proba-

bility for SA recipients. This was the case both when looking at significance of the vari-

ables, in the goodness of fit tests and in the correlation coefficients. This can partly be 

explained by the variation in the caseworker data which we saw in the descriptive statis-

tics was larger among SA recipients. 

1.7.2 Mean Squared Bias 

Another important measure of the quality of the matching estimates is the mean squared 

bias (MSB), which can be interpreted as a measure of how well the covariates balance 

between treated and non-treated balance (Rosenbaum and Rubin, 1983). Mean squared 

balance is calculated as the mean of the following formula for squared bias: 

𝑆𝐵(𝑥) =
100(�̅�𝑐 − �̅�𝑡)

√0.5(𝑠𝑥𝑐
2 + 𝑠𝑥𝑡

2 )
 

where �̅�𝑐 and 𝑠𝑥𝑐
2  are the mean and the variance of the covariate among the non-treated 

and �̅�𝑡 and 𝑠𝑥𝑡
2  are the corresponding measures among the treated. 

Table 1.9, column 2 shows the mean squared bias before any matching is performed. 

MSB is larger among SA recipients than among UI recipients for both job search assis-

tance and classroom training. The last three columns have the mean squared bias after 

matching has been performed. Column 1 shows the conditioning set that was used in the 
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three different model specifications. The table then shows how well the three different 

model specifications balance the three different conditioning sets. E.g. for male SA re-

cipients, the MSB before matching is 13.063 percent in the register data. After match-

ing, the MSB in the register data is reduced to 0.617. Using the register data also signif-

icantly reduces the MSB in the caseworker data to 3.557, and the full conditioning set to 

2.28. If using the full conditioning set instead, the mean squared bias reduces to 0.675. 

Table 1.9: Mean squared bias 

  

  

Job Search Assistance Classroom Training 

BEFORE AFTER BEFORE AFTER 

 

Register 

data 

Caseworker 

data Full  

Register 

data 

Caseworker 

data Full 

Social Assistance Recipients 

Men 
    

    

Register data 13.063 0.617 3.557 2.280 11.271 1.388 4.626 2.997 

Caseworker data 13.489 1.584 0.741 1.538 12.150 2.095 1.794 2.012 

Full model 15.035 0.579 0.752 0.675 12.577 1.534 1.921 1.658 

Women 

    

    

Register data 9.534 0.575 3.237 2.098 8.065 1.371 4.494 2.939 

Caseworker data 10.197 1.396 0.755 1.353 9.972 1.648 1.520 1.646 

Full model 11.156 0.547 0.682 0.614 9.451 1.438 1.576 1.354 

  Unemployment Insurance Recipients 

Men 

    

    

Register data 9.862 0.822 1.595 1.266 10.414 0.768 1.318 1.054 

Caseworker data 7.396 3.420 0.652 3.017 6.075 2.051 0.753 1.836 

Full model 10.221 0.737 0.821 0.824 9.683 0.754 0.767 0.728 

Women 

    

    

Register data 8.192 0.616 1.524 1.136 12.001 1.122 1.523 1.328 

Caseworker data 5.817 3.269 0.652 2.893 7.688 2.219 1.276 2.076 

Full model 8.410 0.581 0.696 0.644 11.291 1.188 1.294 1.229 

All three specifications balance the covariates well; leaving a mean squared bias well 

below three to five percent that is usually a rule of thumb used in empirical application 

of propensity score matching. In general, the specifications using only register data do 

not seem able to balance the caseworker data that well leaving the MSB for these varia-

bles above three percent for SA recipients. 

1.7.3 Average Treatment Effects 

In this section, we present the estimated average treatment effect on the treated and the 

effect that the different model specifications have.  

When first focusing on the estimated average treatment effects on the treated from 

the full model specification, we observe a negative treatment effect from participating in 

job search assistance in the short and in the long. The effects are bigger for UI recipients 

with a negative treatment effect of around ten percent for each of the sub groups. Partic-

ipation in classroom training also gives negative treatment effects, and again the effects 
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are more negative for UI recipients than for SA recipients. The negative effects of class-

room training for UI recipients is in accordance with the negative effects found by 

Jespersen et al. (2008) who estimate ATTs for UI recipients who become unemployed 

in 1995. We also see that the short-run treatment effects are larger in absolute numbers 

than the longer-run effects illustrating the locking-in and catching-up effects from par-

ticipation in activation programs.  

The focus of this paper is, however, not on the estimated average treatment effects as 

such but on the differences between the model specifications. Looking at the differences 

in percentage points between the full model specification and the two other models, the 

estimated average treatment effects are significantly different between model specifica-

tions except for male UI recipients.
1
 The economic differences are, however, between 

zero and three percentage points, and we see only that the treatment effect changes from 

positive to negative among female SA recipients in job search assistance. 

Table 1.10: Average treatment effects on the treated of the cumulated level of self-sufficiency
2
 

 Job Search Assistance Classroom Training 

  Raw 

Register 

data 

Caseworker 

data Full Raw 

Register 

data 

Caseworker 

data Full 

  After 6 months 

SA men 0.085 0.001 -0.015 -0.025 0.061 0.001 -0.015 -0.031 

  (0.001) (0.002) (0.002) (0.002) (0.004) (0.006) (0.007) (0.007) 

SA women 0.061 0.014 0.000 -0.010 0.034 -0.002 -0.004 -0.014 

  (0.001) (0.002) (0.002) (0.002) (0.004) (0.006) (0.007) (0.006) 

UI men -0.159 -0.072 -0.088 -0.073 -0.130 -0.109 -0.106 -0.098 

  (0.002) (0.002) (0.002) (0.002) (0.003) (0.004) (0.004) (0.004) 

UI women -0.162 -0.102 -0.113 -0.104 -0.140 -0.127 -0.120 -0.120 

  (0.002) (0.002) (0.003) (0.002) (0.005) (0.006) (0.006) (0.006) 

  After 24 months 

SA men 0.110 0.012 0.000 -0.009 0.067 0.006 -0.005 -0.025 

  (0.001) (0.002) (0.002) (0.002) (0.004) (0.007) (0.007) (0.007) 

SA women 0.067 0.014 0.004 -0.007 0.037 -0.002 -0.009 -0.015 

  (0.001) (0.002) (0.002) (0.002) (0.004) (0.006) (0.006) (0.007) 

UI men -0.141 -0.048 -0.077 -0.048 -0.006 -0.033 -0.028 -0.023 

  (0.002) (0.002) (0.002) (0.002) (0.004) (0.005) (0.005) (0.005) 

UI women -0.140 -0.102 -0.091 -0.071 -0.053 -0.072 -0.064 -0.064 

  (0.002) (0.002) (0.002) (0.002) (0.005) (0.007) (0.007) (0.007) 

* Numbers in bold are significant at the 5 % level. 

 

                                                 

1
 Again, the standard errors from propensity score matching do not take the estimation of the propensity 

score into account yet. But the conclusions are confirmed if relying on the IPW results. 
2
 Standard errors still do not take into account that the propensity score is estimated. As of now, we have 

instead performed inverse probability weighting to get standard errors and the conclusions are similar (see 

e.g. Appendix 1.F). We have also tested whether clustering on the individual level affects these standard 

errors by performing block bootstrapping, and it has no effect. 
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If a study is performed without the caseworker data and only including a detailed 

conditioning set of register variables, the results tend to overestimate the treatment re-

sults by one to two percentage points for SA recipients. For unemployment recipients, 

on the other hand, the model including only register data seems to underestimate the 

treatment effects (making the treatment effects more negative). This could be explained 

by the selection into programs. The selection of SA recipients into training programs is 

a decision that is actively based more on the caseworker’s assessments of the unem-

ployed worker and what the worker could actually benefit from since this would give a 

positive selection bias into the activation program. This is also reflected in the lower 

correlation coefficient between the propensity scores of the model with register data and 

the full model, and the high correlation between model specifications two and three. It 

can be further explained by the differences in the institutional setup between SA recipi-

ents and UI recipients. Caseworkers working with SA recipients are primarily educated 

social workers and have on average one hour to each worker. Caseworkers working 

with UI recipients do not need a particular educational background and only have half 

an hour to each unemployed worker. For UI recipients in general, we see that the esti-

mated treatment effects are very similar across choice of model specification.  

For SA recipients, the model that only includes caseworker data also performs better 

than the model only including register data. Caseworker data could therefore potentially 

substitute for the register data if only one of the data sources is available. One has to 

keep in mind that the results produced will still be significantly different from the 

treatment effects that would be estimated if both data sources are available. It is also 

important to note that the particular institutional and empirical setup is an important 

factor in determining whether the data contains valuable information. Consequently, the 

conclusion reached for UI recipients is that the model including only caseworker data 

performs worse than the model with register data. 

1.8 Conclusion 

In this paper, we investigate how data collected by the caseworkers in Danish job cen-

ters affects the analysis and conclusions when applying propensity score matching and 

thereby relying on the conditional independence assumption. At the same time, we 
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study whether the caseworker data was able to substitute for the register data in order to 

avoid the high costs of getting access to these data.  

Our conclusions show that neither of the two model specifications only including ei-

ther of the two data sources performs as well as the model that combine all information 

about the unemployed worker from the two data sources. This is the conclusion from 

analyzing the performance of the propensity to treatment, the post mean squared bias, 

and the estimated average treatment effect on the treated. The models estimate treatment 

effects that are significantly different and the economic differences between the esti-

mates are between one and three percentage points. One explanation for this is that ob-

viously many of the variables in the conditioning sets are highly correlated even the 

ones from the caseworker data. 

The analysis was split up between SA recipients and UI recipients, and we observe 

some interesting differences in the conclusions from the two benefit types. Comparing 

the two model specifications that do not include the full conditioning set, we find that 

among SA recipients the model with caseworker data estimates a treatment effect that is 

closer to the full model’s estimates. This could be explained by the institutional setup 

and that caseworkers working with SA recipients have more time during meetings with 

the unemployed workers. For UI recipients, we see that the model performing second 

best after the full model is the model with only register data. 
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Appendix 

1.A Descriptive Statistics 

Table 1.11: Summary statistics for male social assistance recipients 

  Non-participants 

Job Search Assis-

tance Classroom Training 

 

Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

UI fund       

  Metal 0.017 0.128 0.018 0.133 0.020 0.139 

  Production 0.135 0.342 0.157 0.364 0.149 0.356 

  Technical 0.013 0.112 0.013 0.113 0.009 0.096 

  Business 0.012 0.108 0.015 0.122 0.013 0.114 

  Administration 0.014 0.116 0.017 0.131 0.018 0.131 

  Academics 0.006 0.075 0.005 0.073 0.007 0.084 

  Other 0.078 0.268 0.101 0.301 0.098 0.298 

  Self-employed 0.038 0.192 0.044 0.205 0.045 0.208 

  Not insured 0.680 0.466 0.620 0.485 0.637 0.481 

  Foreigner 0.560 0.967 0.427 0.916 0.466 0.946 

Age  37.606 12.172 32.723 11.756 33.055 11.801 

Civil status       

  Divorced 0.151 0.358 0.110 0.313 0.111 0.314 

  Married 0.193 0.395 0.120 0.325 0.126 0.332 

  Longest living of two partners 0.000 0.134 0.000 0.010 0.000 0.018 

  Annulled partnership 0.000 0.031 0.000 0.266 0.000 0.030 

  Registered partnership 0.000 0.023 0.000 0.236 0.001 0.176 

  Unmarried 0.650 0.477 0.766 0.424 0.000 0.429 

Log wage 4.135 5.351 7.019 5.497 5.927 5.566 

Log wage sq. 45.730 61.342 79.476 65.088 66.102 64.776 

Experience 4.559 6.248 4.325 6.068 3.883 5.671 

Education       

  High school 0.067 0.250 0.073 0.260 0.072 0.258 

  Vocational schooling 0.198 0.399 0.171 0.377 0.163 0.369 

  Short further education 0.019 0.138 0.014 0.119 0.014 0.117 

  Intermediate further education 0.033 0.179 0.020 0.141 0.021 0.142 

  Further education 0.016 0.127 0.010 0.099 0.011 0.103 

Children 0.219 0.414 0.223 0.416 0.216 0.412 

Children below 2 months 0.058 0.234 0.058 0.233 0.057 0.232 

Children below 3 years 0.074 0.262 0.059 0.236 0.062 0.241 

Part-time worker 0.278 0.448 0.426 0.494 0.376 0.484 

White-collar worker 1.351 0.754 1.714 0.947 1.617 0.917 

No UI benefits claim 1.708 0.746 1.723 0.719 1.752 0.693 

No. of weeks on UI benefits  20.762 54.347 20.443 55.113 18.079 52.058 

No. of weeks on benefits last 7 years 41.360 56.260 35.792 51.496 37.158 53.772 

No. of weeks employed last 7 years 124.880 117.845 189.749 121.587 168.274 125.046 

No. of weeks self-employed last 7 years 45.190 51.272 77.761 55.765 65.911 56.538 

No. of weeks on UI last 7 years 2.245 11.292 2.429 12.155 2.576 13.374 

No. of weeks on SA last 7 years 89.341 59.442 50.111 55.721 60.862 59.260 

No. of weeks on sickness pay last 7 years 7.627 21.622 6.119 17.918 5.724 17.941 

No. of weeks in activation last 7 years 19.375 27.488 15.891 25.431 18.143 26.886 

No. of weeks on m(p)aternity leave last 7 years 0.062 0.879 0.113 1.267 0.075 0.777 

No. of weeks on disability transfers last 7 years 79.164 59.969 39.889 52.781 54.467 57.864 

No. of transfers last 7 years 3.340 3.339 3.763 3.505 3.467 3.461 

No. of weeks self-employed last year 0.222 0.416 0.494 0.500 0.401 0.490 

No. of weeks self-employed last 2 years 0.301 0.459 0.514 0.500 0.429 0.495 

No. of weeks self-employed last 3 years 0.325 0.468 0.511 0.500 0.445 0.497 
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No. of weeks self-employed last 4 years 0.335 0.472 0.505 0.500 0.449 0.497 

No. of weeks self-employed last 5 years 0.355 0.478 0.517 0.500 0.465 0.499 

No. of weeks self-employed last 6 years 0.389 0.487 0.545 0.498 0.503 0.500 

No. of weeks self-employed last 7 years 0.426 0.494 0.580 0.493 0.533 0.499 

Self-employed 6 months before activation 0.237 0.425 0.479 0.500 0.395 0.489 

Self-employed 12 months before activation 0.288 0.453 0.505 0.500 0.421 0.494 

Self-employed 24 months before activation 0.327 0.469 0.513 0.500 0.432 0.495 

seq0000 0.507 0.500 0.262 0.440 0.350 0.477 

seq0001 0.059 0.236 0.046 0.210 0.051 0.219 

seq0011 0.055 0.228 0.050 0.218 0.052 0.222 

seq0010 0.027 0.162 0.020 0.141 0.026 0.158 

seq0100 0.029 0.167 0.024 0.154 0.021 0.144 

seq0101 0.010 0.099 0.009 0.094 0.007 0.086 

seq0111 0.069 0.253 0.072 0.259 0.075 0.263 

seq0110 0.023 0.149 0.021 0.142 0.017 0.130 

seq1000 0.028 0.165 0.056 0.229 0.052 0.222 

seq1001 0.009 0.092 0.019 0.138 0.013 0.113 

seq1011 0.011 0.102 0.023 0.151 0.020 0.140 

seq1010 0.004 0.064 0.008 0.091 0.007 0.086 

seq1100 0.024 0.153 0.051 0.220 0.045 0.208 

seq1101 0.010 0.099 0.021 0.144 0.015 0.122 

seq1111 0.114 0.317 0.263 0.440 0.216 0.412 

seq1110 0.023 0.151 0.052 0.222 0.032 0.176 

q 14.384 6.045 14.922 5.770 11.868 5.667 

       

N 440,094 

 

66,436 

 

3,252 

  

Table 1.12: Summary statistics for female social assistance recipients 

  
Non-participants 

Job Search Assis-

tance Classroom Training 

Variable Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

UI fund       

  Metal 0.001 0.026 0.001 0.031 0.001 0.026 

  Production 0.071 0.256 0.074 0.262 0.062 0.242 

  Technical 0.005 0.071 0.006 0.075 0.008 0.089 

  Business 0.031 0.173 0.038 0.191 0.027 0.163 

  Administration 0.022 0.147 0.022 0.148 0.025 0.156 

  Academics 0.005 0.069 0.004 0.067 0.006 0.074 

  Other 0.122 0.328 0.142 0.349 0.149 0.356 

  Self-employed 0.022 0.146 0.026 0.159 0.026 0.161 

  Not insured 0.720 0.449 0.685 0.465 0.694 0.461 

Foreigner 0.672 0.994 0.535 0.957 0.548 0.954 

Age 35.513 11.772 32.140 11.317 32.136 10.981 

Civil status       

  Divorced 0.175 0.380 0.147 0.354 0.150 0.357 

  Married 0.268 0.443 0.194 0.396 0.192 0.394 

  Longest living of two partners 0.000 0.001 0.000 0.004   

  Annulled partnership 0.001 0.026 0.001 0.029 0.001 0.037 

  Registered partnership 0.001 0.028 0.001 0.029 0.002 0.049 

  Unmarried 0.536 0.499 0.645 0.479 0.645 0.479 

Log wage 3.341 4.971 5.200 5.437 4.169 5.231 

Log wage sq. 35.868 55.105 56.603 61.422 44.738 58.077 

Experience 2.543 4.501 2.432 4.335 2.273 4.259 

Education       

  High school 0.092 0.289 0.094 0.292 0.102 0.302 

  Vocational schooling 0.146 0.353 0.128 0.334 0.130 0.337 

  Short further education 0.014 0.119 0.012 0.108 0.007 0.083 
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  Intermediate further education 0.040 0.195 0.031 0.173 0.032 0.177 

  Further education 0.012 0.111 0.009 0.093 0.007 0.085 

Children 0.574 0.495 0.532 0.499 0.579 0.494 

Children below 2 months 0.224 0.417 0.200 0.400 0.231 0.422 

Children below 3 years 0.211 0.408 0.185 0.388 0.205 0.404 

Part-time worker 0.242 0.429 0.348 0.476 0.286 0.452 

White-collar worker 1.277 0.683 1.522 0.869 1.392 0.787 

No UI benefits claim 5.154 4.012 5.447 3.639 4.285 3.972 

No. of weeks on UI benefits  1.780 0.667 1.797 0.644 1.820 0.610 

No. of weeks on benefits last 7 years 15.081 46.545 13.683 44.818 12.082 42.158 

No. of weeks employed last 7 years 38.389 53.955 36.277 53.011 36.303 54.141 

No. of weeks self-employed last 7 years 94.870 110.627 138.349 123.837 120.412 121.952 

No. of weeks on UI last 7 years 29.610 43.407 49.143 52.221 40.323 49.863 

No. of weeks on SA last 7 years 1.535 9.135 2.051 11.390 1.759 10.897 

No. of weeks on sickness pay last 7 years 99.709 57.957 70.332 61.775 79.109 62.002 

No. of weeks in activation last 7 years 7.417 22.232 7.348 21.321 6.494 20.103 

No. of weeks on m(p)aternity leave last 7 years 24.884 31.288 22.470 30.804 26.607 33.562 

No. of weeks on disability transfers last 7 years 1.439 9.021 2.169 11.330 1.796 10.464 

No. of transfers last 7 years 89.158 58.197 60.026 59.048 73.998 60.372 

No. of weeks self-employed last year 2.333 2.521 2.649 2.655 2.400 2.413 

No. of weeks self-employed last 2 years 0.120 0.325 0.281 0.449 0.202 0.402 

No. of weeks self-employed last 3 years 0.191 0.393 0.303 0.459 0.255 0.436 

No. of weeks self-employed last 4 years 0.221 0.415 0.335 0.472 0.287 0.453 

No. of weeks self-employed last 5 years 0.251 0.434 0.367 0.482 0.317 0.466 

No. of weeks self-employed last 6 years 0.287 0.452 0.405 0.491 0.356 0.479 

No. of weeks self-employed last 7 years 0.326 0.469 0.443 0.497 0.400 0.490 

Self-employed 6 months before activation 0.362 0.480 0.476 0.499 0.440 0.496 

Self-employed 12 months before activation 0.135 0.342 0.285 0.452 0.207 0.405 

Self-employed 24 months before activation 0.182 0.386 0.296 0.456 0.232 0.422 

seq0000 0.221 0.415 0.332 0.471 0.280 0.449 

seq0001 0.638 0.481 0.455 0.498 0.547 0.498 

seq0011 0.061 0.240 0.065 0.246 0.059 0.236 

seq0010 0.054 0.226 0.065 0.247 0.059 0.236 

seq0100 0.021 0.144 0.023 0.149 0.022 0.147 

seq0101 0.025 0.156 0.026 0.159 0.022 0.148 

seq0111 0.007 0.085 0.007 0.085 0.006 0.079 

seq0110 0.058 0.233 0.064 0.245 0.068 0.252 

seq1000 0.016 0.124 0.014 0.118 0.013 0.114 

seq1001 0.022 0.146 0.053 0.225 0.033 0.179 

seq1011 0.006 0.076 0.015 0.123 0.011 0.105 

seq1010 0.006 0.074 0.016 0.126 0.009 0.097 

seq1100 0.002 0.043 0.005 0.071 0.004 0.062 

seq1101 0.015 0.123 0.034 0.182 0.028 0.166 

seq1111 0.005 0.067 0.009 0.094 0.005 0.072 

seq1110 0.055 0.228 0.126 0.331 0.099 0.298 

q 14.175 6.060 14.553 5.944 11.949 5.884 

  

      N 495,686 

 

52,786 

 

2,868 

  

Table 1.13: Summary statistics for male unemployment insurance recipients 

  
Non-participants 

Job Search Assis-

tance Classroom Training 

Variable Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

UI fund       

  Metal 0.104 0.306 0.084 0.278 0.191 0.393 

  Production 0.411 0.492 0.416 0.493 0.456 0.498 

  Technical 0.061 0.239 0.058 0.233 0.055 0.228 
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  Business 0.045 0.207 0.059 0.235 0.040 0.195 

  Administration 0.062 0.240 0.061 0.239 0.035 0.184 

  Academics 0.081 0.273 0.088 0.283 0.039 0.193 

  Other 0.138 0.345 0.140 0.347 0.064 0.246 

  Self-employed 0.053 0.224 0.058 0.234 0.056 0.231 

  Not insured 0.009 0.093 0.009 0.094 0.014 0.118 

Foreigner 0.241 0.685 0.362 0.816 0.166 0.565 

Age 41.727 11.714 41.095 12.034 41.766 11.486 

Civil status       

  Divorced 0.103 0.304 0.112 0.315 0.095 0.293 

  Married 0.404 0.491 0.349 0.477 0.426 0.494 

  Longest living of two partners 0.000 0.008 0.000 0.006 0.000 0.010 

  Annulled partnership 0.001 0.025 0.001 0.026 0.000 0.018 

  Registered partnership 0.002 0.040 0.001 0.036 0.000 0.021 

  Unmarried 0.484 0.500 0.531 0.499 0.473 0.499 

Log wage 11.628 2.951 10.759 3.806 12.204 2.081 

Log wage sq. 143.916 39.189 130.246 48.880 153.260 28.030 

Experience 14.952 10.580 12.763 10.278 16.718 10.383 

Education       

  High school 0.056 0.230 0.061 0.239 0.041 0.199 

  Vocational schooling 0.453 0.498 0.408 0.492 0.524 0.499 

  Short further education 0.040 0.197 0.050 0.218 0.037 0.188 

  Intermediate further education 0.079 0.269 0.082 0.275 0.045 0.207 

  Further education 0.047 0.212 0.056 0.229 0.019 0.138 

Children 0.323 0.468 0.278 0.448 0.346 0.476 

Children below 2 months 0.100 0.301 0.089 0.285 0.098 0.297 

Children below 3 years 0.107 0.309 0.095 0.293 0.106 0.308 

Part-time worker 0.511 0.500 0.539 0.499 0.436 0.496 

White-collar worker 2.413 0.834 2.042 0.950 2.682 0.645 

No UI benefits claim 0.086 0.423 0.035 0.310 0.040 0.281 

No. of weeks on UI benefits  180.083 47.618 167.675 42.040 190.685 29.309 

No. of weeks on benefits last 7 years 54.817 67.897 81.726 76.085 35.374 44.023 

No. of weeks employed last 7 years 260.799 97.396 224.255 100.413 291.826 77.588 

No. of weeks self-employed last 7 years 114.063 43.327 93.151 44.800 126.343 32.196 

No. of weeks on UI last 7 years 23.632 29.985 41.416 34.500 15.684 14.557 

No. of weeks on SA last 7 years 1.384 8.275 1.952 9.523 0.663 5.307 

No. of weeks on sickness pay last 7 years 7.047 15.284 9.531 18.424 6.378 14.206 

No. of weeks in activation last 7 years 3.503 11.284 6.447 14.233 1.426 7.146 

No. of weeks on m(p)aternity leave last 7 years 0.432 2.402 0.370 2.321 0.435 2.232 

No. of weeks on disability transfers last 7 years 1.631 10.898 2.025 11.372 0.848 7.425 

No. of transfers last 7 years 6.586 7.147 6.720 5.546 5.849 5.408 

No. of weeks self-employed last year 0.741 0.438 0.441 0.497 0.787 0.410 

No. of weeks self-employed last 2 years 0.814 0.389 0.706 0.455 0.927 0.260 

No. of weeks self-employed last 3 years 0.779 0.415 0.704 0.457 0.893 0.309 

No. of weeks self-employed last 4 years 0.737 0.440 0.657 0.475 0.849 0.358 

No. of weeks self-employed last 5 years 0.712 0.453 0.625 0.484 0.811 0.392 

No. of weeks self-employed last 6 years 0.719 0.449 0.630 0.483 0.804 0.397 

No. of weeks self-employed last 7 years 0.743 0.437 0.660 0.474 0.819 0.385 

Self-employed 6 months before activation 0.708 0.455 0.448 0.497 0.710 0.454 

Self-employed 12 months before activation 0.773 0.419 0.638 0.481 0.892 0.310 

Self-employed 24 months before activation 0.764 0.424 0.690 0.462 0.882 0.322 

seq0000 0.075 0.263 0.123 0.329 0.030 0.170 

seq0001 0.018 0.134 0.040 0.195 0.007 0.084 

seq0011 0.025 0.157 0.056 0.231 0.013 0.114 

seq0010 0.010 0.101 0.023 0.151 0.004 0.060 

seq0100 0.017 0.128 0.040 0.196 0.011 0.105 

seq0101 0.007 0.083 0.017 0.128 0.005 0.072 

seq0111 0.086 0.281 0.208 0.406 0.125 0.331 

seq0110 0.019 0.138 0.051 0.220 0.018 0.134 
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seq1000 0.029 0.168 0.023 0.151 0.009 0.095 

seq1001 0.009 0.093 0.008 0.088 0.003 0.052 

seq1011 0.015 0.120 0.015 0.121 0.005 0.074 

seq1010 0.005 0.069 0.005 0.071 0.002 0.045 

seq1100 0.046 0.208 0.032 0.177 0.027 0.161 

seq1101 0.020 0.141 0.013 0.115 0.015 0.121 

seq1111 0.556 0.497 0.300 0.458 0.676 0.468 

seq1110 0.062 0.242 0.045 0.207 0.050 0.218 

q 16.054 5.371 16.325 5.678 21.817 1.361 

  

      N 902,264 

 

49,628 

 

9,278 

  

Table 1.14: Summary statistics for female unemployment insurance recipients 

  
Non-participants 

Job Search Assis-

tance Classroom Training 

Variable Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

UI fund       

  Metal 0.005 0.070 0.005 0.072 0.017 0.129 

  Production 0.226 0.418 0.239 0.426 0.274 0.446 

  Technical 0.044 0.204 0.045 0.208 0.072 0.258 

  Business 0.160 0.367 0.186 0.389 0.207 0.405 

  Administration 0.154 0.361 0.118 0.323 0.099 0.299 

  Academics 0.117 0.322 0.116 0.320 0.119 0.324 

  Other 0.229 0.420 0.227 0.419 0.123 0.329 

  Self-employed 0.045 0.208 0.047 0.212 0.060 0.237 

  Not insured 0.012 0.108 0.009 0.093 0.021 0.143 

Foreigner 0.264 0.720 0.387 0.845 0.149 0.525 

Age 41.052 10.959 40.951 11.064 42.734 10.310 

Civil status       

  Divorced 0.124 0.329 0.131 0.337 0.122 0.327 

  Married 0.477 0.499 0.464 0.499 0.506 0.500 

  Longest living of two partners 0.000 0.005 0.000 0.005   

  Annulled partnership 0.001 0.025 0.001 0.029 0.000 0.002 

  Registered partnership 0.002 0.049 0.002 0.046 0.003 0.053 

  Unmarried 0.381 0.486 0.3886 0.4877 0.353 0.478 

Log wage 10.824 3.581 9.731 4.444 11.593 2.824 

Log wage sq. 129.973 45.909 114.437 55.064 142.361 37.416 

Experience 11.388 9.129 10.294 8.958 14.358 9.924 

Education       

  High school 0.087 0.281 0.076 0.265 0.079 0.270 

  Vocational schooling 0.338 0.473 0.338 0.473 0.425 0.494 

  Short further education 0.046 0.209 0.053 0.225 0.044 0.204 

  Intermediate further education 0.166 0.372 0.145 0.352 0.120 0.325 

  Further education 0.072 0.258 0.077 0.266 0.063 0.243 

Children 0.470 0.499 0.478 0.500 0.439 0.496 

Children below 2 months 0.156 0.363 0.181 0.385 0.120 0.325 

Children below 3 years 0.167 0.373 0.178 0.382 0.131 0.338 

Part-time worker 0.583 0.493 0.566 0.496 0.470 0.499 

White-collar worker 2.240 0.859 1.947 0.931 2.434 0.759 

No UI benefits claim 0.087 0.440 0.046 0.359 0.023 0.213 

No. of weeks on UI benefits  173.713 51.772 159.030 49.413 191.833 23.099 

No. of weeks on benefits last 7 years 73.277 79.944 94.729 81.797 47.481 56.354 

No. of weeks employed last 7 years 198.161 106.207 172.962 101.139 239.940 102.267 

No. of weeks self-employed last 7 years 85.934 50.049 68.495 46.801 105.806 44.740 

No. of weeks on UI last 7 years 32.265 36.390 47.808 37.773 19.465 19.349 

No. of weeks on SA last 7 years 1.540 9.090 1.797 9.487 0.687 5.477 

No. of weeks on sickness pay last 7 years 9.778 18.819 13.192 22.042 8.509 17.543 
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No. of weeks in activation last 7 years 6.361 15.819 9.907 18.158 3.145 11.801 

No. of weeks on m(p)aternity leave last 7 years 8.258 20.972 10.028 23.052 5.874 18.014 

No. of weeks on disability transfers last 7 years 2.957 15.832 2.893 14.468 2.226 13.664 

No. of transfers last 7 years 6.711 7.141 6.545 5.517 5.561 5.219 

No. of weeks self-employed last year 0.558 0.497 0.325 0.468 0.664 0.472 

No. of weeks self-employed last 2 years 0.596 0.491 0.481 0.500 0.770 0.421 

No. of weeks self-employed last 3 years 0.559 0.497 0.494 0.500 0.730 0.444 

No. of weeks self-employed last 4 years 0.527 0.499 0.480 0.500 0.686 0.464 

No. of weeks self-employed last 5 years 0.525 0.499 0.482 0.500 0.656 0.475 

No. of weeks self-employed last 6 years 0.543 0.498 0.504 0.500 0.633 0.482 

No. of weeks self-employed last 7 years 0.570 0.495 0.533 0.499 0.638 0.481 

Self-employed 6 months before activation 0.554 0.497 0.363 0.481 0.622 0.485 

Self-employed 12 months before activation 0.577 0.494 0.448 0.497 0.747 0.435 

Self-employed 24 months before activation 0.565 0.496 0.491 0.500 0.736 0.441 

seq0000 0.181 0.385 0.248 0.432 0.094 0.293 

seq0001 0.040 0.195 0.071 0.257 0.020 0.139 

seq0011 0.046 0.210 0.076 0.265 0.040 0.197 

seq0010 0.024 0.152 0.040 0.195 0.014 0.118 

seq0100 0.032 0.177 0.053 0.225 0.021 0.143 

seq0101 0.012 0.108 0.017 0.131 0.010 0.099 

seq0111 0.079 0.270 0.123 0.329 0.108 0.311 

seq0110 0.028 0.166 0.046 0.209 0.028 0.166 

seq1000 0.063 0.242 0.045 0.208 0.025 0.155 

seq1001 0.017 0.129 0.013 0.115 0.010 0.100 

seq1011 0.024 0.154 0.018 0.133 0.023 0.149 

seq1010 0.010 0.101 0.008 0.086 0.004 0.061 

seq1100 0.069 0.253 0.041 0.199 0.059 0.235 

seq1101 0.028 0.166 0.017 0.129 0.032 0.177 

seq1111 0.281 0.449 0.144 0.351 0.444 0.497 

seq1110 0.067 0.249 0.039 0.194 0.069 0.253 

q 15.168 5.884 15.065 6.063 21.776 1.387 

  

      N 690,021 

 

37,978 

 

4,286 

  

1.B Probit Estimates Job Search Assistance 

Table 1.15: Probit regression on job search assistance for social assistance recipients 

  Men Women 

  

Register 

data 

Caseworker 

data 

Full 

model 

Register 

data 

Caseworker 

data 

Full 

model 

Immigrant non-western -0.046** 0.032* -0.052*** -0.037* 0.020 -0.044** 

  (0.014) (0.014) (0.015) (0.014) (0.014) (0.015) 

Immigrant western -0.080*** -0.109*** -0.099*** -0.066*** -0.074*** -0.070*** 

  (0.008) (0.008) (0.008) (0.008) (0.008) (0.008) 

Descendent non-western 0.007 -0.002 0.002 -0.012 -0.009 -0.015 

  (0.033) (0.034) (0.034) (0.038) (0.039) (0.039) 

Descendent western -0.062*** -0.085*** -0.078*** -0.017 -0.001 -0.010 

  (0.017) (0.017) (0.017) (0.019) (0.019) (0.019) 

Between 25 and 29 -0.041*** 0.020* -0.014 -0.050*** -0.000 -0.040*** 

  (0.009) (0.009) (0.010) (0.010) (0.010) (0.010) 

Between 30 and 34 -0.141*** -0.079*** -0.095*** -0.048*** -0.022* -0.047*** 

  (0.010) (0.010) (0.011) (0.011) (0.011) (0.012) 

Between 35 and 39 -0.141*** -0.090*** -0.093*** -0.031* -0.027* -0.037** 

  (0.011) (0.011) (0.011) (0.012) (0.012) (0.013) 

Between 40 and 44 -0.111*** -0.066*** -0.060*** -0.007 -0.014 -0.011 

  (0.012) (0.011) (0.012) (0.013) (0.012) (0.013) 

Between 45 and 49 -0.102*** -0.056*** -0.047*** 0.006 0.002 0.015 
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  (0.013) (0.013) (0.013) (0.014) (0.014) (0.015) 

Between 50 and 54 -0.118*** -0.056*** -0.052*** -0.011 -0.012 0.006 

  (0.015) (0.014) (0.015) (0.016) (0.016) (0.016) 

Between 55 and 59 -0.146*** -0.081*** -0.080*** -0.030 -0.026 -0.003 

  (0.017) (0.017) (0.017) (0.019) (0.019) (0.019) 

Between 60 and 64 -0.270*** -0.223*** -0.224*** -0.269*** -0.271*** -0.252*** 

  (0.020) (0.020) (0.021) (0.024) (0.024) (0.024) 

65 or above 

   

-1.215*** -1.367*** -1.296*** 

  

   

(0.330) (0.316) (0.317) 

Divorced -0.014 0.007 0.010 0.038 0.037 0.029 

  (0.040) (0.041) (0.041) (0.021) (0.021) (0.021) 

Married -0.110** -0.107** -0.101* -0.049* -0.020 -0.049* 

  (0.040) (0.041) (0.041) (0.021) (0.021) (0.021) 

Longest living of two partners -0.061 -0.227 -0.164 0.094 0.283 0.345 

  (0.217) (0.217) (0.220) (0.452) (0.483) (0.479) 

Annulled partnership -0.056 -0.069 -0.029 0.161 0.080 0.083 

  (0.093) (0.093) (0.094) (0.089) (0.090) (0.090) 

Registered partnership -0.016 0.089 0.045 -0.003 0.042 0.001 

  (0.106) (0.107) (0.108) (0.087) (0.089) (0.090) 

Unmarried -0.018 -0.007 -0.010 0.030 0.037 0.024 

  (0.040) (0.041) (0.041) (0.021) (0.021) (0.021) 

Worker experience (in years) 0.003*** -0.001 0.002** -0.002* -0.003*** -0.003*** 

  (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 

High school -0.066*** -0.014 -0.068*** -0.075*** -0.019* -0.056*** 

  (0.010) (0.010) (0.010) (0.009) (0.009) (0.009) 

Vocational schooling -0.012 -0.016* -0.008 -0.029*** -0.021** -0.019* 

  (0.007) (0.007) (0.007) (0.008) (0.008) (0.008) 

Short further education -0.020 -0.021 -0.034 -0.044* -0.043 -0.054* 

  (0.019) (0.019) (0.020) (0.022) (0.022) (0.023) 

Intermediate further education -0.095*** -0.066*** -0.083*** -0.066*** -0.061*** -0.066*** 

  (0.016) (0.016) (0.017) (0.015) (0.014) (0.015) 

Further education -0.003 -0.017 -0.002 -0.044 -0.045 -0.024 

  (0.023) (0.023) (0.024) (0.026) (0.025) (0.026) 

Children -0.008 -0.011 -0.025** -0.002 -0.014* -0.012 

  (0.008) (0.008) (0.008) (0.007) (0.007) (0.007) 

Children below 2 months 0.017 -0.014 -0.003 0.004 -0.015 0.035*** 

  (0.012) (0.012) (0.012) (0.008) (0.008) (0.008) 

Children below 3 years -0.016 -0.055*** -0.038** 0.018* 0.003 0.005 

  (0.011) (0.012) (0.012) (0.007) (0.007) (0.007) 

Professionals -0.132 -0.108 -0.133 0.060 -0.001 -0.025 

  (0.091) (0.090) (0.092) (0.180) (0.182) (0.183) 

Technicians and associate professionals -0.202*** -0.099 -0.156** -0.175 -0.082 -0.150 

  (0.058) (0.058) (0.060) (0.145) (0.148) (0.148) 

Clerical support workers -0.131* -0.031 -0.066 -0.063 0.006 -0.057 

  (0.054) (0.054) (0.055) (0.142) (0.145) (0.145) 

Service and sales workers -0.081 0.018 -0.024 0.058 0.125 0.054 

  (0.052) (0.053) (0.053) (0.142) (0.145) (0.144) 

Skilled agricultural, forestry and fishery 

workers -0.095 -0.007 -0.051 0.000 0.067 0.007 

  (0.050) (0.051) (0.051) (0.141) (0.144) (0.143) 

Craft and related trades workers -0.048 0.027 -0.001 -0.151 -0.119 -0.206 

  (0.072) (0.073) (0.074) (0.178) (0.183) (0.183) 

Plant and machine operators, and assemblers -0.084 -0.005 -0.027 0.047 0.112 0.053 

  (0.050) (0.051) (0.051) (0.144) (0.147) (0.147) 

Elementary occupations -0.002 0.074 0.053 0.084 0.163 0.109 

  (0.050) (0.051) (0.051) (0.142) (0.145) (0.145) 

Managers -0.081 -0.042 -0.027 0.010 0.048 0.015 

  (0.049) (0.050) (0.050) (0.140) (0.144) (0.143) 

Agriculture, fishing, mining etc. 0.143*** 0.198*** 0.091*** 0.227*** 0.266*** 0.187*** 
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  (0.023) (0.023) (0.024) (0.037) (0.037) (0.037) 

Factory 0.130*** 0.168*** 0.073*** 0.210*** 0.239*** 0.171*** 

  (0.012) (0.012) (0.012) (0.017) (0.017) (0.017) 

Construction 0.182 0.174 0.081 -0.198 -0.258 -0.297 

  (0.135) (0.137) (0.138) (0.256) (0.268) (0.268) 

Trade, hotel and restaurants 0.087*** 0.135*** 0.040** 0.259*** 0.326*** 0.243*** 

  (0.013) (0.013) (0.013) (0.038) (0.037) (0.038) 

Transport, mail and telecommunication 0.083*** 0.119*** 0.022 0.171*** 0.184*** 0.126*** 

  (0.011) (0.011) (0.011) (0.011) (0.011) (0.012) 

Finance and business 0.076*** 0.130*** 0.023 0.114*** 0.149*** 0.081*** 

  (0.013) (0.013) (0.014) (0.022) (0.022) (0.022) 

Public service 0.116*** 0.166*** 0.059*** 0.153*** 0.180*** 0.116*** 

  (0.011) (0.011) (0.012) (0.012) (0.012) (0.012) 

Not announced 0.042** 0.098*** 0.001 0.099*** 0.137*** 0.077*** 

  (0.014) (0.013) (0.014) (0.013) (0.012) (0.013) 

Personal favors 0.001 0.029** -0.010 0.065*** 0.084*** 0.056*** 

  (0.010) (0.010) (0.010) (0.009) (0.009) (0.010) 

No. of weeks on benefits last 7 years -0.000*** -0.000*** -0.000*** -0.000 -0.000 -0.000 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

No. of weeks employed last 7 years -0.000* 0.001*** -0.000 -0.000 0.001*** 0.000 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Metal -0.002 

 

0.016 0.030 

 

0.058 

  (0.032) 

 

(0.033) (0.108) 

 

(0.111) 

Production 0.017 

 

0.023 -0.075 

 

-0.077 

  (0.027) 

 

(0.028) (0.066) 

 

(0.067) 

Technical -0.008 

 

0.010 -0.140 

 

-0.135 

  (0.034) 

 

(0.035) (0.073) 

 

(0.074) 

Business 0.036 

 

0.048 -0.056 

 

-0.065 

  (0.034) 

 

(0.034) (0.066) 

 

(0.068) 

Administration 0.042 

 

0.027 -0.107 

 

-0.113 

  (0.033) 

 

(0.033) (0.067) 

 

(0.069) 

Academics -0.056 

 

-0.048 -0.228** 

 

-0.236** 

  (0.043) 

 

(0.044) (0.075) 

 

(0.077) 

Other 0.008 

 

0.022 -0.090 

 

-0.095 

  (0.028) 

 

(0.028) (0.065) 

 

(0.067) 

Self-employed 0.002 

 

0.014 -0.104 

 

-0.107 

  (0.029) 

 

(0.030) (0.067) 

 

(0.068) 

Not insured -0.004 

 

0.034 -0.101 

 

-0.088 

  (0.027) 

 

(0.028) (0.065) 

 

(0.067) 

Wage last year -0.002 

 

0.011** 0.001 

 

0.009* 

  (0.003) 

 

(0.003) (0.004) 

 

(0.004) 

Wage last year squared 0.001** 

 

-0.001* -0.000 

 

-0.001*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

Last job part time work 0.015 

 

0.010 -0.054*** 

 

-0.053*** 

  (0.008) 

 

(0.008) (0.011) 

 

(0.011) 

White collar worker 0.049* 

 

0.030 0.051 

 

0.025 

  (0.023) 

 

(0.024) (0.026) 

 

(0.027) 

Blue collar worker 0.071*** 

 

0.052*** 0.099*** 

 

0.072*** 

  (0.008) 

 

(0.008) (0.009) 

 

(0.009) 

Only parttime jobs -0.128 

 

-0.057 -0.083* 

 

-0.085* 

  (0.067) 

 

(0.069) (0.035) 

 

(0.036) 

No UI benefits claim -0.010 

 

-0.018* 0.003 

 

-0.005 

  (0.008) 

 

(0.008) (0.008) 

 

(0.008) 

No. of weeks on UI benefits  -0.000** 

 

-0.000*** -0.000** 

 

-0.000*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks self-employed last 7 years 0.004*** 

 

0.004*** 0.005*** 

 

0.004*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on UI last 7 years -0.003*** 

 

-0.003*** -0.001*** 

 

-0.001*** 
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  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on SA last 7 years -0.004*** 

 

-0.003*** -0.003*** 

 

-0.003*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on sickness pay last 7 years -0.005*** 

 

-0.003*** -0.003*** 

 

-0.001*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks in activation last 7 years 0.005*** 

 

0.001*** 0.003*** 

 

0.000*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on m(p)aternity leave last 7 years 0.005* 

 

0.004 -0.000 

 

-0.000 

  (0.002) 

 

(0.002) (0.000) 

 

(0.000) 

No. of weeks on disability transfers last 7 years -0.004*** 

 

-0.001*** -0.002*** 

 

-0.001*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of transfers last 7 years 0.002 

 

0.003** -0.001 

 

0.003* 

  (0.001) 

 

(0.001) (0.001) 

 

(0.001) 

No. of weeks self-employed last year 0.250*** 

 

0.189*** 0.274*** 

 

0.210*** 

  (0.022) 

 

(0.022) (0.030) 

 

(0.030) 

No. of weeks self-employed last 2 years -0.158*** 

 

-0.099** -0.279*** 

 

-0.223*** 

  (0.032) 

 

(0.033) (0.046) 

 

(0.047) 

No. of weeks self-employed last 3 years -0.183*** 

 

-0.122*** -0.167*** 

 

-0.094** 

  (0.021) 

 

(0.022) (0.032) 

 

(0.033) 

No. of weeks self-employed last 4 years -0.018 

 

-0.042** -0.050* 

 

-0.051* 

  (0.015) 

 

(0.016) (0.023) 

 

(0.023) 

No. of weeks self-employed last 5 years -0.000 

 

-0.017 0.009 

 

-0.004 

  (0.011) 

 

(0.011) (0.013) 

 

(0.013) 

No. of weeks self-employed last 6 years -0.006 

 

-0.008 -0.009 

 

-0.018 

  (0.011) 

 

(0.011) (0.013) 

 

(0.013) 

No. of weeks self-employed last 7 years -0.008 

 

-0.004 -0.026* 

 

-0.024* 

  (0.010) 

 

(0.010) (0.012) 

 

(0.012) 

Self-employed 6 months before activation -0.094*** 

 

-0.087*** -0.062*** 

 

-0.056*** 

  (0.009) 

 

(0.010) (0.012) 

 

(0.012) 

Self-employed 12 months before activation -0.152*** 

 

-0.127*** -0.225*** 

 

-0.202*** 

  (0.008) 

 

(0.008) (0.010) 

 

(0.010) 

Self-employed 24 months before activation -0.094*** 

 

-0.072*** -0.090*** 

 

-0.070*** 

  (0.008) 

 

(0.009) (0.010) 

 

(0.010) 

seq0000 0.113** 

 

0.112** 0.014 

 

0.049 

  (0.041) 

 

(0.042) (0.058) 

 

(0.059) 

seq0001 0.082 

 

0.128** 0.046 

 

0.092 

  (0.046) 

 

(0.047) (0.066) 

 

(0.068) 

seq0011 0.058 

 

0.098* 0.014 

 

0.026 

  (0.042) 

 

(0.043) (0.060) 

 

(0.061) 

seq0010 0.035 

 

0.059 -0.010 

 

0.015 

  (0.038) 

 

(0.039) (0.052) 

 

(0.053) 

seq0100 0.024 

 

0.020 0.127** 

 

0.143*** 

  (0.029) 

 

(0.030) (0.039) 

 

(0.040) 

seq0101 0.012 

 

0.051 0.101* 

 

0.132** 

  (0.036) 

 

(0.037) (0.048) 

 

(0.050) 

seq0111 0.031 

 

0.036 0.070* 

 

0.054 

  (0.022) 

 

(0.023) (0.030) 

 

(0.030) 

seq1000 0.022 

 

0.061 -0.014 

 

0.042 

  (0.037) 

 

(0.038) (0.052) 

 

(0.054) 

seq1001 0.005 

 

0.048 -0.031 

 

0.020 

  (0.041) 

 

(0.042) (0.058) 

 

(0.060) 

seq1011 0.004 

 

0.025 -0.014 

 

-0.005 

  (0.036) 

 

(0.037) (0.051) 

 

(0.052) 

seq1100 0.011 

 

0.024 0.051 

 

0.078* 

  (0.026) 

 

(0.026) (0.039) 

 

(0.039) 

Match category 1 

 

0.217*** 0.153*** 

 

0.095*** 0.030* 

  

 

(0.011) (0.011) 

 

(0.012) (0.012) 

Match category 2 

 

0.252*** 0.203*** 

 

0.126*** 0.074*** 
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(0.012) (0.012) 

 

(0.013) (0.013) 

Match category 3 

 

0.148*** 0.122*** 

 

0.099*** 0.068*** 

  

 

(0.013) (0.013) 

 

(0.014) (0.014) 

Match category 4 

 

-0.176*** -0.121*** 

 

-0.141*** -0.120*** 

  

 

(0.013) (0.013) 

 

(0.013) (0.013) 

Match category 5 

 

-0.440*** -0.337*** 

 

-0.381*** -0.323*** 

  

 

(0.015) (0.016) 

 

(0.016) (0.016) 

Match category 6 

 

0.404*** 0.348*** 

 

0.358*** 0.294*** 

  

 

(0.012) (0.012) 

 

(0.013) (0.014) 

Time in DRV 

 

0.003*** 0.003*** 

 

0.003*** 0.003*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

No. of resetting contacts 

 

-0.037*** -0.031*** 

 

-0.032*** -0.028*** 

  

 

(0.001) (0.001) 

 

(0.001) (0.001) 

No. of non-resetting contacts 

 

-0.078*** -0.084*** 

 

-0.054*** -0.055*** 

  

 

(0.003) (0.003) 

 

(0.003) (0.003) 

Qualification within bottleneck areas 

 

-0.111*** -0.093*** 

 

-0.067*** -0.044*** 

  

 

(0.009) (0.010) 

 

(0.009) (0.009) 

Doubt about "availability" 

 

-0.084*** -0.059*** 

 

-0.047*** -0.027* 

  

 

(0.012) (0.012) 

 

(0.011) (0.011) 

Risk of long time unemployment 

 

-0.050 -0.045 

 

-0.041 -0.028 

  

 

(0.029) (0.029) 

 

(0.028) (0.028) 

Special target group 

 

0.054*** 0.050*** 

 

0.034** 0.028* 

  

 

(0.012) (0.012) 

 

(0.011) (0.011) 

Lack of professional/technical knowledge 

 

0.041*** 0.039*** 

 

0.024*** 0.028*** 

  

 

(0.007) (0.007) 

 

(0.007) (0.007) 

Own labor market perspective 

 

-0.017* -0.003 

 

-0.022*** -0.010 

  

 

(0.007) (0.007) 

 

(0.007) (0.007) 

Health 

 

-0.137*** -0.106*** 

 

-0.131*** -0.110*** 

  

 

(0.008) (0.008) 

 

(0.008) (0.008) 

Addiction 

 

-0.095*** -0.077*** 

 

-0.094*** -0.074*** 

  

 

(0.008) (0.009) 

 

(0.014) (0.014) 

Finances and network 

 

0.010 0.005 

 

-0.014* -0.014* 

  

 

(0.007) (0.007) 

 

(0.007) (0.007) 

Personal competencies 

 

-0.054*** -0.050*** 

 

-0.018** -0.016* 

  

 

(0.007) (0.007) 

 

(0.007) (0.007) 

Vacation, leave etc. 

 

-0.197*** -0.188*** 

 

-0.141*** -0.134*** 

  

 

(0.037) (0.037) 

 

(0.034) (0.034) 

Pregnancy 

 

0.046 0.017 

 

-0.413*** -0.363*** 

  

 

(0.030) (0.030) 

 

(0.009) (0.009) 

Lack of child care 

 

0.041 0.041 

 

-0.048** -0.049** 

  

 

(0.050) (0.050) 

 

(0.016) (0.016) 

Sick or dying child 

 

-0.146 -0.112 

 

-0.081* -0.046 

  

 

(0.081) (0.080) 

 

(0.040) (0.040) 

Sickness 

 

-0.223*** -0.202*** 

 

-0.146*** -0.137*** 

  

 

(0.009) (0.009) 

 

(0.008) (0.008) 

Military Service 

 

-0.141 -0.218 

 

-0.046 -0.074 

  

 

(0.189) (0.188) 

 

(0.269) (0.271) 

Constant -0.400*** -0.799*** -0.596*** -0.660*** -1.068*** -0.649*** 

  (0.084) (0.067) (0.086) (0.169) (0.146) (0.172) 

  

      
Region Yes Yes Yes Yes Yes Yes 

Month of activation Yes Yes Yes Yes Yes Yes 

  

      
N 506,033 506,033 506,033 548,472 548,472 548,472 

Pseudo R-sq 0.11 0.14 0.15 0.07 0.10 0.11 

* Standard errors in parentheses. * p<0.05  ** p<0.01  *** p<0.001. 
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Table 1.16: Probit regression on job search assistance for unemployment insurance recipients 

  Men Women 

  

Register 

data 

Caseworker 

data 

Full 

model 

Register 

data 

Caseworker 

data 

Full 

model 

Immigrant non-western 0.044** 0.049*** 0.043** -0.019 -0.020 -0.018 

  (0.014) (0.013) (0.014) (0.032) (0.031) (0.032) 

Immigrant western 0.095*** 0.121*** 0.076*** -0.019 0.002 -0.016 

  (0.009) (0.008) (0.009) (0.022) (0.021) (0.022) 

Descendent non-western 0.074 0.091* 0.076* -0.095 -0.083 -0.093 

  (0.038) (0.037) (0.039) (0.093) (0.092) (0.094) 

Descendent western 0.027 0.060** 0.004 -0.141* -0.122 -0.134 

  (0.023) (0.022) (0.023) (0.069) (0.068) (0.069) 

Between 25 and 29 0.003 -0.026* 0.002 -0.038 -0.030 -0.036 

  (0.010) (0.010) (0.010) (0.023) (0.022) (0.023) 

Between 30 and 34 -0.222*** -0.213*** -0.218*** -0.036 -0.024 -0.036 

  (0.011) (0.011) (0.011) (0.024) (0.023) (0.024) 

Between 35 and 39 -0.221*** -0.200*** -0.214*** 0.002 0.014 0.002 

  (0.012) (0.011) (0.012) (0.025) (0.024) (0.025) 

Between 40 and 44 -0.208*** -0.188*** -0.203*** 0.006 0.013 0.006 

  (0.012) (0.012) (0.012) (0.027) (0.025) (0.027) 

Between 45 and 49 -0.201*** -0.180*** -0.195*** 0.023 0.032 0.023 

  (0.013) (0.013) (0.013) (0.029) (0.028) (0.029) 

Between 50 and 54 -0.187*** -0.163*** -0.180*** 0.046 0.049 0.046 

  (0.014) (0.014) (0.014) (0.031) (0.030) (0.031) 

Between 55 and 59 -0.211*** -0.183*** -0.203*** 0.003 0.004 0.004 

  (0.015) (0.015) (0.015) (0.034) (0.033) (0.034) 

Between 60 and 64 -0.182*** -0.136*** -0.178*** -0.184*** -0.192*** -0.179*** 

  (0.018) (0.017) (0.018) (0.043) (0.041) (0.043) 

65 or above -1.786*** -1.535*** -1.841*** 

   
  (0.340) (0.341) (0.347) 

   
Divorced 0.046 0.058 0.047 0.063 0.040 0.059 

  (0.030) (0.030) (0.030) (0.065) (0.064) (0.065) 

Married 0.013 0.019 0.020 0.082 0.059 0.077 

  (0.030) (0.029) (0.030) (0.064) (0.063) (0.064) 

Longest living of two partners 0.004 -0.087 0.034 0.435 0.455 0.412 

  (0.335) (0.324) (0.338) (0.476) (0.471) (0.475) 

Annulled partnership 0.029 -0.055 0.007 0.100 0.039 0.094 

  (0.092) (0.091) (0.093) (0.254) (0.248) (0.254) 

Registered partnership -0.050 -0.032 -0.031 -0.221 -0.267 -0.224 

  (0.067) (0.066) (0.068) (0.207) (0.204) (0.207) 

Unmarried 0.065* 0.073* 0.067* 0.079 0.065 0.075 

  (0.030) (0.029) (0.030) (0.064) (0.063) (0.064) 

Worker experience (in years) -0.001** -0.001* -0.001* -0.001 0.001 -0.001 

  (0.000) (0.000) (0.000) (0.001) (0.001) (0.001) 

High school -0.044*** -0.047*** -0.036*** -0.016 -0.039 -0.017 

  (0.011) (0.010) (0.011) (0.025) (0.024) (0.025) 

Vocational schooling 0.004 0.019*** 0.011* 0.021 0.018 0.019 

  (0.006) (0.005) (0.006) (0.011) (0.011) (0.011) 

Short further education 0.062*** 0.056*** 0.064*** 0.009 -0.015 0.009 

  (0.012) (0.011) (0.012) (0.027) (0.026) (0.027) 

Intermediate further education -0.002 -0.012 0.010 -0.095*** -0.107*** -0.096*** 

  (0.011) (0.010) (0.011) (0.028) (0.024) (0.028) 

Further education 0.018 0.052*** 0.025 -0.131** -0.130*** -0.132** 

  (0.015) (0.012) (0.015) (0.041) (0.035) (0.041) 

Children -0.031*** -0.045*** -0.028*** 0.002 -0.001 0.002 

  (0.007) (0.007) (0.007) (0.013) (0.013) (0.013) 

Children below 2 months -0.002 -0.009 -0.003 0.000 0.006 -0.000 

  (0.010) (0.009) (0.010) (0.020) (0.018) (0.020) 

Children below 3 years -0.005 -0.005 -0.006 -0.006 -0.012 -0.007 
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  (0.009) (0.009) (0.009) (0.018) (0.018) (0.018) 

Professionals -0.051 -0.066 -0.054 0.008 -0.112 -0.005 

  (0.053) (0.052) (0.054) (0.127) (0.123) (0.126) 

Technicians and associate professionals -0.093 -0.146** -0.098* -0.046 -0.147 -0.058 

  (0.049) (0.047) (0.049) (0.122) (0.119) (0.122) 

Clerical support workers -0.031 -0.078 -0.040 0.034 -0.076 0.023 

  (0.048) (0.047) (0.049) (0.120) (0.117) (0.120) 

Service and sales workers -0.015 -0.026 -0.020 0.023 -0.042 0.012 

  (0.049) (0.047) (0.049) (0.121) (0.118) (0.120) 

Skilled agricultural, forestry and fishery 

workers -0.074 -0.115* -0.072 -0.031 -0.122 -0.043 

  (0.048) (0.047) (0.049) (0.121) (0.119) (0.120) 

Craft and related trades workers -0.063 -0.085 -0.066 0.049 -0.021 0.033 

  (0.056) (0.055) (0.056) (0.133) (0.131) (0.133) 

Plant and machine operators, and assemblers -0.054 -0.082 -0.053 0.100 0.112 0.086 

  (0.047) (0.046) (0.048) (0.118) (0.116) (0.118) 

Elementary occupations 0.000 -0.015 -0.004 0.124 0.105 0.112 

  (0.048) (0.047) (0.048) (0.118) (0.116) (0.118) 

Managers -0.043 -0.048 -0.049 0.063 -0.013 0.051 

  (0.047) (0.046) (0.048) (0.118) (0.116) (0.118) 

Agriculture, fishing, mining etc. -0.215*** -0.097*** -0.204*** 0.073* 0.085* 0.074* 

  (0.020) (0.018) (0.020) (0.037) (0.036) (0.037) 

Factory -0.174*** -0.055*** -0.157*** 0.021 0.074*** 0.021 

  (0.013) (0.009) (0.013) (0.022) (0.021) (0.022) 

Construction -0.012 0.092 -0.019 0.295** 0.327** 0.291* 

  (0.069) (0.067) (0.069) (0.114) (0.113) (0.115) 

Trade, hotel and restaurants -0.229*** -0.101*** -0.214*** -0.003 0.020 -0.004 

  (0.013) (0.010) (0.014) (0.024) (0.023) (0.024) 

Transport, mail and telecommunication -0.168*** -0.012 -0.154*** 0.029 0.050* 0.029 

  (0.013) (0.010) (0.013) (0.023) (0.023) (0.023) 

Finance and business -0.182*** -0.041*** -0.170*** 0.202*** 0.228*** 0.204*** 

  (0.014) (0.011) (0.014) (0.025) (0.025) (0.025) 

Public service -0.132*** 0.029** -0.126*** 0.089*** 0.099*** 0.090*** 

  (0.013) (0.010) (0.013) (0.024) (0.023) (0.024) 

Not announced -0.222*** -0.060*** -0.211*** 0.000 0.003 0.001 

  (0.014) (0.011) (0.014) (0.028) (0.027) (0.028) 

Personal favors -0.182*** 0.000 -0.174*** 

 

0.000 

 
  (0.013) (.) (0.013) 

 

(.) 

 
No. of weeks on benefits last 7 years -0.001*** 0.001*** -0.000*** -0.000** -0.001*** -0.000 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

No. of weeks employed last 7 years -0.000 -0.001*** 0.000 0.000 0.000*** 0.000 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Metal -0.016 

 

-0.020 0.113*** 

 

0.114*** 

  (0.016) 

 

(0.016) (0.025) 

 

(0.025) 

Production 0.004 

 

0.001 0.031 

 

0.031 

  (0.014) 

 

(0.014) (0.024) 

 

(0.024) 

Technical -0.036* 

 

-0.040* -0.154*** 

 

-0.154*** 

  (0.018) 

 

(0.018) (0.032) 

 

(0.033) 

Business -0.005 

 

-0.011 -0.071* 

 

-0.073* 

  (0.018) 

 

(0.018) (0.035) 

 

(0.035) 

Administration -0.078*** 

 

-0.078*** -0.113** 

 

-0.114** 

  (0.018) 

 

(0.018) (0.035) 

 

(0.035) 

Academics -0.050** 

 

-0.041* -0.107** 

 

-0.106** 

  (0.019) 

 

(0.019) (0.041) 

 

(0.041) 

Other -0.038* 

 

-0.044** -0.374*** 

 

-0.374*** 

  (0.015) 

 

(0.016) (0.029) 

 

(0.029) 

Self-employed -0.063*** 

 

-0.067*** 0.072* 

 

0.072* 

  (0.017) 

 

(0.018) (0.031) 

 

(0.031) 

Not insured -0.004 

 

0.006 0.034 

 

0.034 
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  (0.028) 

 

(0.029) (0.047) 

 

(0.047) 

Wage last year 0.022*** 

 

0.017*** -0.056*** 

 

-0.056*** 

  (0.004) 

 

(0.004) (0.013) 

 

(0.013) 

Wage last year squared -0.001*** 

 

-0.001** 0.005*** 

 

0.004*** 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

Last job part time work 0.005 

 

-0.002 0.005 

 

0.006 

  (0.005) 

 

(0.005) (0.010) 

 

(0.010) 

White collar worker -0.157*** 

 

-0.144*** 0.136*** 

 

0.135*** 

  (0.011) 

 

(0.011) (0.029) 

 

(0.029) 

Blue collar worker -0.163*** 

 

-0.150*** 0.178*** 

 

0.178*** 

  (0.007) 

 

(0.007) (0.020) 

 

(0.020) 

Only parttime jobs 0.003 

 

-0.005 -0.444 

 

-0.451 

  (0.046) 

 

(0.047) (0.248) 

 

(0.250) 

No UI benefits claim -0.287*** 

 

-0.265*** 0.376*** 

 

0.374*** 

  (0.009) 

 

(0.009) (0.043) 

 

(0.043) 

No. of weeks on UI benefits  -0.001*** 

 

-0.001*** 0.005*** 

 

0.005*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks self-employed last 7 years -0.005*** 

 

-0.004*** -0.005*** 

 

-0.005*** 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on UI last 7 years 0.007*** 

 

0.006*** -0.003*** 

 

-0.001* 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on SA last 7 years 0.004*** 

 

0.002*** -0.001 

 

-0.000 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on sickness pay last 7 years 0.002*** 

 

0.001*** 0.001* 

 

0.001* 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks in activation last 7 years -0.002*** 

 

-0.002*** -0.001 

 

-0.001 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on m(p)aternity leave last 7 years -0.002 

 

-0.002 0.001 

 

0.001 

  (0.001) 

 

(0.001) (0.002) 

 

(0.002) 

No. of weeks on disability transfers last 7 years 0.001*** 

 

0.001*** -0.001 

 

-0.001 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of transfers last 7 years -0.008*** 

 

-0.008*** -0.004*** 

 

-0.004*** 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks self-employed last year -0.274*** 

 

-0.285*** 0.027 

 

0.016 

  (0.017) 

 

(0.017) (0.042) 

 

(0.042) 

No. of weeks self-employed last 2 years 0.085* 

 

0.060 0.036 

 

0.018 

  (0.033) 

 

(0.034) (0.104) 

 

(0.105) 

No. of weeks self-employed last 3 years 0.236*** 

 

0.239*** 0.120** 

 

0.108* 

  (0.020) 

 

(0.020) (0.043) 

 

(0.043) 

No. of weeks self-employed last 4 years -0.012 

 

-0.020 0.003 

 

-0.000 

  (0.012) 

 

(0.013) (0.027) 

 

(0.027) 

No. of weeks self-employed last 5 years -0.035*** 

 

-0.041*** -0.036 

 

-0.041 

  (0.009) 

 

(0.009) (0.022) 

 

(0.022) 

No. of weeks self-employed last 6 years -0.035*** 

 

-0.032*** -0.014 

 

-0.011 

  (0.009) 

 

(0.009) (0.022) 

 

(0.022) 

No. of weeks self-employed last 7 years -0.027** 

 

-0.028** -0.005 

 

-0.004 

  (0.009) 

 

(0.009) (0.020) 

 

(0.020) 

Self-employed 6 months before activation -0.022** 

 

-0.023** 0.044** 

 

0.046** 

  (0.007) 

 

(0.007) (0.015) 

 

(0.015) 

Self-employed 12 months before activation 0.142*** 

 

0.134*** 0.150*** 

 

0.150*** 

  (0.007) 

 

(0.007) (0.021) 

 

(0.021) 

Self-employed 24 months before activation 0.134*** 

 

0.126*** 0.077*** 

 

0.076*** 

  (0.008) 

 

(0.008) (0.020) 

 

(0.021) 

seq0000 -0.307*** 

 

-0.210*** -0.175 

 

-0.210 

  (0.040) 

 

(0.041) (0.121) 

 

(0.122) 

seq0001 -0.228*** 

 

-0.161*** -0.209 

 

-0.239 

  (0.045) 

 

(0.045) (0.132) 

 

(0.132) 

seq0011 -0.187*** 

 

-0.179*** -0.176 

 

-0.203 
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  (0.040) 

 

(0.041) (0.121) 

 

(0.121) 

seq0010 -0.263*** 

 

-0.227*** -0.201 

 

-0.222 

  (0.039) 

 

(0.039) (0.129) 

 

(0.129) 

seq0100 -0.071** 

 

-0.006 0.038 

 

0.026 

  (0.025) 

 

(0.025) (0.066) 

 

(0.067) 

seq0101 -0.021 

 

0.010 -0.053 

 

-0.065 

  (0.031) 

 

(0.031) (0.082) 

 

(0.082) 

seq0111 0.065*** 

 

0.057*** -0.001 

 

-0.017 

  (0.017) 

 

(0.017) (0.042) 

 

(0.042) 

seq1000 -0.087* 

 

-0.025 -0.175 

 

-0.204 

  (0.039) 

 

(0.039) (0.118) 

 

(0.118) 

seq1001 -0.031 

 

-0.004 -0.235 

 

-0.255 

  (0.045) 

 

(0.045) (0.138) 

 

(0.138) 

seq1011 0.084* 

 

0.056 -0.273* 

 

-0.283* 

  (0.038) 

 

(0.038) (0.118) 

 

(0.119) 

seq1100 -0.031 

 

0.008 -0.054 

 

-0.066 

  (0.024) 

 

(0.024) (0.052) 

 

(0.052) 

Match category 1 

 

0.370*** 0.288*** 

 

0.049*** 0.046** 

  

 

(0.007) (0.007) 

 

(0.014) (0.014) 

Match category 2 

 

0.573*** 0.420*** 

 

-0.048 -0.020 

  

 

(0.014) (0.015) 

 

(0.051) (0.053) 

Match category 3 

 

0.490*** 0.361*** 

 

0.042 0.076 

  

 

(0.024) (0.025) 

 

(0.092) (0.096) 

Match category 4 

 

0.373*** 0.303*** 

 

0.127 0.082 

  

 

(0.044) (0.046) 

 

(0.133) (0.139) 

Match category 5 

 

0.469*** 0.397** 

   
  

 

(0.139) (0.142) 

   
Match category 6 

 

0.215*** 0.184*** 

 

0.161* 0.173* 

  

 

(0.040) (0.041) 

 

(0.079) (0.080) 

Time in DRV 

 

0.000*** 0.000** 

 

-0.001*** -0.001*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

No. of resetting contacts 

 

-0.020*** -0.024*** 

 

-0.017*** -0.015*** 

  

 

(0.001) (0.001) 

 

(0.002) (0.002) 

No. of non-resetting contacts 

 

0.067*** 0.070*** 

 

0.029*** 0.026*** 

  

 

(0.003) (0.003) 

 

(0.007) (0.008) 

Qualification within bottleneck areas 

 

0.009 0.040** 

 

0.009 -0.002 

  

 

(0.013) (0.013) 

 

(0.035) (0.035) 

Doubt about "availability" 

 

-0.001 0.040* 

 

0.017 0.001 

  

 

(0.016) (0.017) 

 

(0.044) (0.044) 

Risk of long time unemployment 

 

0.024 0.039 

 

0.111 0.133 

  

 

(0.025) (0.026) 

 

(0.071) (0.072) 

Special target group 

 

0.021 -0.010 

 

-0.001 0.004 

  

 

(0.014) (0.015) 

 

(0.039) (0.040) 

Lack of professional/technical knowledge 

 

0.049*** 0.043*** 

 

-0.008 0.002 

  

 

(0.012) (0.012) 

 

(0.048) (0.049) 

Own labor market perspective 

 

-0.002 -0.025* 

 

-0.125** -0.103* 

  

 

(0.011) (0.012) 

 

(0.045) (0.047) 

Health 

 

-0.051*** -0.079*** 

 

0.020 0.030 

  

 

(0.016) (0.016) 

 

(0.058) (0.060) 

Addiction 

 

-0.023 -0.025 

 

0.093 0.130 

  

 

(0.063) (0.065) 

 

(0.208) (0.216) 

Finances and network 

 

-0.059 -0.059 

 

-0.550** -0.553** 

  

 

(0.038) (0.039) 

 

(0.208) (0.210) 

Personal competencies 

 

-0.012 -0.022 

 

0.013 0.016 

  

 

(0.018) (0.018) 

 

(0.065) (0.067) 

Vacation, leave etc. 

 

-0.046 -0.039 

 

0.018 -0.014 

  

 

(0.056) (0.057) 

 

(0.129) (0.132) 

Pregnancy 

 

-0.007 0.029 

 

-0.045 -0.056 
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(0.020) (0.021) 

 

(0.050) (0.051) 

Lack of child care 

 

-0.045 -0.030 

 

-0.165 -0.154 

  

 

(0.042) (0.043) 

 

(0.109) (0.110) 

Sick or dying child 

 

0.034 0.057 

 

0.341 0.310 

  

 

(0.101) (0.104) 

 

(0.198) (0.202) 

Sickness 

 

-0.035** -0.002 

 

0.067* 0.052 

  

 

(0.013) (0.013) 

 

(0.029) (0.029) 

Military Service 

 

-0.201 -0.250 

 

0.265 0.184 

  

 

(0.277) (0.292) 

 

(0.492) (0.505) 

Constant -0.952*** -1.948*** -1.230*** -3.009*** -2.192*** -2.971*** 

  (0.076) (0.058) (0.077) (0.207) (0.137) (0.207) 

  

      
Region Yes Yes Yes Yes Yes Yes 

Month of activation Yes Yes Yes Yes Yes Yes 

  

      
N 951,874 951,874 951,874 520,237 520,168 520,168 

Pseudo R-sq 0.10 0.07 0.11 0.15 0.14 0.16 

* Standard errors in parentheses. * p<0.05  ** p<0.01  *** p<0.001. 

 

1.C Probit Estimates Classroom Training 

Table 1.17: Probit regression on classroom training for social assistance recipients 

  Men Women 

  

Register 

data 

Caseworker 

data 

Full 

model 

Register 

data 

Caseworker 

data 

Full 

model 

Immigrant non-western 0.069 0.106** 0.071 0.072 0.083* 0.071 

  (0.039) (0.039) (0.040) (0.040) (0.040) (0.040) 

Immigrant western -0.061** -0.095*** -0.080*** -0.043* -0.066** -0.049* 

  (0.022) (0.023) (0.023) (0.022) (0.022) (0.022) 

Descendent non-western 0.151 0.149 0.146 -0.072 -0.058 -0.052 

  (0.083) (0.085) (0.085) (0.120) (0.120) (0.120) 

Descendent western 0.011 -0.004 -0.003 -0.019 -0.003 -0.003 

  (0.046) (0.047) (0.047) (0.054) (0.055) (0.055) 

Between 25 and 29 -0.044 -0.002 -0.013 -0.030 -0.011 -0.025 

  (0.027) (0.026) (0.028) (0.028) (0.027) (0.029) 

Between 30 and 34 -0.098** -0.048 -0.052 -0.058 -0.044 -0.054 

  (0.030) (0.028) (0.031) (0.032) (0.030) (0.032) 

Between 35 and 39 -0.141*** -0.100** -0.095** -0.099** -0.097** -0.101** 

  (0.032) (0.031) (0.033) (0.035) (0.033) (0.035) 

Between 40 and 44 -0.112*** -0.069* -0.063 -0.083* -0.089* -0.085* 

  (0.033) (0.032) (0.034) (0.037) (0.035) (0.038) 

Between 45 and 49 -0.101** -0.052 -0.045 -0.075 -0.064 -0.056 

  (0.037) (0.036) (0.038) (0.041) (0.039) (0.041) 

Between 50 and 54 -0.168*** -0.112** -0.107* -0.149** -0.134** -0.126** 

  (0.043) (0.042) (0.044) (0.048) (0.046) (0.049) 

Between 55 and 59 -0.163*** -0.099* -0.100* -0.085 -0.073 -0.058 

  (0.049) (0.049) (0.051) (0.055) (0.054) (0.056) 

Between 60 and 64 -0.268*** -0.208*** -0.219*** -0.281*** -0.251*** -0.247** 

  (0.061) (0.061) (0.063) (0.075) (0.074) (0.076) 

Divorced -0.118 -0.095 -0.091 0.137 0.128 0.120 

  (0.105) (0.107) (0.108) (0.071) (0.071) (0.072) 

Married -0.183 -0.185 -0.177 0.054 0.054 0.043 

  (0.105) (0.108) (0.109) (0.070) (0.071) (0.071) 

Longest living of two partners 0.290 0.167 0.200 

   
  (0.403) (0.411) (0.410) 

   
Annulled partnership 0.013 -0.073 -0.009 0.484* 0.434* 0.444* 

  (0.242) (0.247) (0.247) (0.208) (0.209) (0.209) 
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Registered partnership -0.338 -0.334 -0.347 0.527** 0.571** 0.547** 

  (0.369) (0.385) (0.384) (0.176) (0.178) (0.180) 

Unmarried -0.122 -0.107 -0.109 0.141* 0.146* 0.130 

  (0.105) (0.107) (0.108) (0.071) (0.071) (0.072) 

Worker experience (in years) 0.000 -0.002 -0.001 0.002 0.000 0.001 

  (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) 

High school -0.038 -0.004 -0.039 -0.008 0.027 0.008 

  (0.028) (0.028) (0.028) (0.024) (0.024) (0.025) 

Vocational schooling -0.011 -0.006 -0.007 -0.013 0.008 0.001 

  (0.020) (0.020) (0.021) (0.023) (0.023) (0.023) 

Short further education -0.061 -0.061 -0.078 -0.198* -0.193* -0.202** 

  (0.057) (0.057) (0.058) (0.077) (0.077) (0.078) 

Intermediate further education -0.104* -0.077 -0.104* -0.050 -0.018 -0.044 

  (0.048) (0.047) (0.049) (0.042) (0.040) (0.043) 

Further education -0.037 -0.021 -0.046 -0.113 -0.065 -0.087 

  (0.067) (0.065) (0.069) (0.081) (0.079) (0.082) 

Children -0.020 -0.016 -0.033 0.049** 0.046* 0.041* 

  (0.022) (0.022) (0.022) (0.019) (0.019) (0.019) 

Children below 2 months 0.001 -0.030 -0.013 0.003 -0.024 0.016 

  (0.035) (0.035) (0.035) (0.021) (0.021) (0.023) 

Children below 3 years -0.010 -0.030 -0.020 -0.018 -0.032 -0.029 

  (0.033) (0.033) (0.034) (0.020) (0.021) (0.021) 

Professionals 0.028 -0.053 -0.013 3.180 3.470 3.343 

  (0.247) (0.244) (0.251) (94.568) (169.712) (133.222) 

Technicians and associate professionals -0.182 -0.157 -0.183 2.790 3.236 3.089 

  (0.166) (0.163) (0.167) (94.567) (169.711) (133.221) 

Clerical support workers -0.059 -0.058 -0.048 2.996 3.413 3.273 

  (0.147) (0.144) (0.149) (94.567) (169.711) (133.221) 

Service and sales workers -0.038 0.001 -0.025 2.991 3.391 3.272 

  (0.140) (0.140) (0.141) (94.567) (169.711) (133.221) 

Skilled agricultural, forestry and fishery 

workers -0.095 -0.054 -0.088 2.987 3.397 3.270 

  (0.134) (0.134) (0.135) (94.567) (169.711) (133.221) 

Craft and related trades workers -0.164 -0.149 -0.183 3.051 3.435 3.298 

  (0.219) (0.225) (0.225) (94.568) (169.712) (133.222) 

Plant and machine operators, and assemblers -0.095 -0.069 -0.080 3.045 3.452 3.318 

  (0.135) (0.135) (0.135) (94.567) (169.711) (133.221) 

Elementary occupations -0.081 -0.061 -0.072 3.103 3.502 3.384 

  (0.135) (0.135) (0.135) (94.567) (169.711) (133.221) 

Managers -0.061 -0.048 -0.054 2.992 3.429 3.274 

  (0.132) (0.131) (0.132) (94.567) (169.711) (133.221) 

Agriculture, fishing, mining etc. 0.079 0.097 0.048 0.174 0.151 0.143 

  (0.069) (0.069) (0.071) (0.107) (0.106) (0.108) 

Factory 0.090** 0.098** 0.054 0.124* 0.081 0.086 

  (0.033) (0.031) (0.034) (0.051) (0.050) (0.052) 

Construction 

   

0.947** 0.997*** 0.971*** 

  

   

(0.292) (0.286) (0.288) 

Trade, hotel and restaurants 0.050 0.056 0.020 0.120 0.093 0.088 

  (0.038) (0.037) (0.039) (0.120) (0.121) (0.124) 

Transport, mail and telecommunication 0.078** 0.087** 0.041 0.126*** 0.081** 0.087** 

  (0.030) (0.029) (0.031) (0.032) (0.030) (0.032) 

Finance and business -0.013 -0.011 -0.059 0.183** 0.154* 0.151* 

  (0.040) (0.039) (0.041) (0.061) (0.060) (0.062) 

Public service 0.117*** 0.129*** 0.082** 0.122*** 0.079* 0.083* 

  (0.031) (0.030) (0.032) (0.034) (0.032) (0.034) 

Not announced 0.068 0.095* 0.048 0.067 0.045 0.041 

  (0.038) (0.037) (0.039) (0.036) (0.035) (0.037) 

Personal favors -0.019 0.003 -0.023 0.085*** 0.077** 0.071** 

  (0.026) (0.026) (0.026) (0.025) (0.025) (0.026) 
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No. of weeks on benefits last 7 years 0.000* -0.000 0.000 0.001** -0.000 0.000* 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

No. of weeks employed last 7 years -0.000 0.000*** -0.000 -0.001 0.000* -0.000 

  (0.000) (0.000) (0.000) (0.001) (0.000) (0.001) 

Metal 0.199 

 

0.228* -0.133 

 

-0.144 

  (0.109) 

 

(0.110) (0.318) 

 

(0.330) 

Production 0.194* 

 

0.202* -0.180 

 

-0.177 

  (0.099) 

 

(0.100) (0.175) 

 

(0.178) 

Technical 0.120 

 

0.133 -0.049 

 

-0.032 

  (0.118) 

 

(0.119) (0.191) 

 

(0.194) 

Business 0.182 

 

0.197 -0.237 

 

-0.245 

  (0.115) 

 

(0.115) (0.177) 

 

(0.181) 

Administration 0.209 

 

0.202 -0.138 

 

-0.144 

  (0.111) 

 

(0.112) (0.178) 

 

(0.182) 

Academics 0.270* 

 

0.283* -0.134 

 

-0.161 

  (0.132) 

 

(0.134) (0.200) 

 

(0.204) 

Other 0.200* 

 

0.211* -0.120 

 

-0.129 

  (0.100) 

 

(0.100) (0.173) 

 

(0.177) 

Self-employed 0.233* 

 

0.249* -0.133 

 

-0.140 

  (0.103) 

 

(0.103) (0.178) 

 

(0.181) 

Not insured 0.139 

 

0.177 -0.190 

 

-0.178 

  (0.098) 

 

(0.099) (0.173) 

 

(0.177) 

Wage last year 0.001 

 

0.009 -0.006 

 

-0.004 

  (0.009) 

 

(0.009) (0.010) 

 

(0.011) 

Wage last year squared 0.000 

 

-0.001 0.000 

 

-0.000 

  (0.001) 

 

(0.001) (0.001) 

 

(0.001) 

Last job part time work 0.021 

 

0.018 -0.005 

 

-0.005 

  (0.025) 

 

(0.025) (0.034) 

 

(0.034) 

White collar worker -0.055 

 

-0.056 -0.051 

 

-0.058 

  (0.074) 

 

(0.075) (0.082) 

 

(0.083) 

Blue collar worker 0.058* 

 

0.048 0.004 

 

-0.014 

  (0.024) 

 

(0.024) (0.028) 

 

(0.028) 

Only parttime jobs 0.018 

 

0.096 -0.097 

 

-0.090 

  (0.174) 

 

(0.176) (0.114) 

 

(0.117) 

No UI benefits claim 0.032 

 

0.027 0.021 

 

0.015 

  (0.022) 

 

(0.022) (0.022) 

 

(0.023) 

No. of weeks on UI benefits  0.000 

 

0.000 -0.000 

 

-0.000 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks self-employed last 7 years 0.002* 

 

0.002 0.004*** 

 

0.003*** 

  (0.001) 

 

(0.001) (0.001) 

 

(0.001) 

No. of weeks on UI last 7 years -0.002** 

 

-0.002** -0.002* 

 

-0.002* 

  (0.001) 

 

(0.001) (0.001) 

 

(0.001) 

No. of weeks on SA last 7 years -0.004*** 

 

-0.004*** -0.004*** 

 

-0.004*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on sickness pay last 7 years -0.003*** 

 

-0.002*** -0.002*** 

 

-0.001* 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks in activation last 7 years 0.003*** 

 

0.001* 0.003*** 

 

0.001*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks on m(p)aternity leave last 7 years -0.006 

 

-0.007 -0.001 

 

-0.001 

  (0.008) 

 

(0.008) (0.001) 

 

(0.001) 

No. of weeks on disability transfers last 7 years -0.000 

 

0.001** 0.001** 

 

0.002*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of transfers last 7 years -0.004 

 

-0.002 -0.007 

 

-0.003 

  (0.003) 

 

(0.003) (0.004) 

 

(0.004) 

No. of weeks self-employed last year 0.068 

 

0.038 0.085 

 

0.041 

  (0.068) 

 

(0.070) (0.092) 

 

(0.094) 

No. of weeks self-employed last 2 years -0.188* 

 

-0.138 -0.239 

 

-0.195 

  (0.094) 

 

(0.097) (0.141) 

 

(0.144) 
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No. of weeks self-employed last 3 years 0.033 

 

0.083 -0.017 

 

0.040 

  (0.065) 

 

(0.067) (0.106) 

 

(0.108) 

No. of weeks self-employed last 4 years 0.117* 

 

0.097* 0.087 

 

0.096 

  (0.048) 

 

(0.049) (0.074) 

 

(0.075) 

No. of weeks self-employed last 5 years -0.014 

 

-0.023 0.006 

 

-0.005 

  (0.031) 

 

(0.032) (0.037) 

 

(0.038) 

No. of weeks self-employed last 6 years 0.015 

 

0.012 0.004 

 

-0.005 

  (0.031) 

 

(0.032) (0.037) 

 

(0.038) 

No. of weeks self-employed last 7 years -0.019 

 

-0.023 0.032 

 

0.032 

  (0.029) 

 

(0.030) (0.034) 

 

(0.035) 

Self-employed 6 months before activation -0.062* 

 

-0.065* -0.103** 

 

-0.103** 

  (0.028) 

 

(0.028) (0.035) 

 

(0.036) 

Self-employed 12 months before activation -0.077** 

 

-0.067** -0.178*** 

 

-0.162*** 

  (0.024) 

 

(0.024) (0.029) 

 

(0.029) 

Self-employed 24 months before activation -0.086*** 

 

-0.075** -0.088** 

 

-0.072* 

  (0.025) 

 

(0.025) (0.030) 

 

(0.030) 

seq0000 0.060 

 

0.096 -0.005 

 

0.028 

  (0.121) 

 

(0.125) (0.182) 

 

(0.186) 

seq0001 -0.077 

 

-0.018 -0.117 

 

-0.080 

  (0.139) 

 

(0.143) (0.211) 

 

(0.215) 

seq0011 -0.177 

 

-0.139 -0.193 

 

-0.185 

  (0.128) 

 

(0.131) (0.188) 

 

(0.192) 

seq0010 -0.012 

 

0.028 -0.090 

 

-0.063 

  (0.112) 

 

(0.115) (0.157) 

 

(0.160) 

seq0100 0.100 

 

0.105 0.119 

 

0.142 

  (0.089) 

 

(0.092) (0.125) 

 

(0.127) 

seq0101 -0.044 

 

0.002 0.026 

 

0.056 

  (0.114) 

 

(0.116) (0.155) 

 

(0.157) 

seq0111 -0.024 

 

-0.017 -0.011 

 

-0.027 

  (0.069) 

 

(0.071) (0.092) 

 

(0.094) 

seq1000 0.066 

 

0.106 -0.021 

 

0.035 

  (0.107) 

 

(0.111) (0.165) 

 

(0.168) 

seq1001 -0.145 

 

-0.104 -0.048 

 

0.010 

  (0.125) 

 

(0.128) (0.183) 

 

(0.187) 

seq1011 -0.142 

 

-0.120 -0.182 

 

-0.172 

  (0.106) 

 

(0.109) (0.159) 

 

(0.162) 

seq1100 0.217** 

 

0.233** 0.229 

 

0.255* 

  (0.079) 

 

(0.081) (0.126) 

 

(0.129) 

Match category 1 

 

0.083* 0.039 

 

-0.118** -0.121** 

  

 

(0.033) (0.034) 

 

(0.036) (0.037) 

Match category 2 

 

0.147*** 0.116** 

 

-0.037 -0.034 

  

 

(0.036) (0.036) 

 

(0.037) (0.038) 

Match category 3 

 

0.122** 0.103** 

 

0.002 0.009 

  

 

(0.038) (0.039) 

 

(0.038) (0.039) 

Match category 4 

 

0.025 0.032 

 

-0.100** -0.087* 

  

 

(0.036) (0.036) 

 

(0.036) (0.037) 

Match category 5 

 

-0.153*** -0.118** 

 

-0.346*** -0.301*** 

  

 

(0.043) (0.044) 

 

(0.045) (0.046) 

Match category 6 

 

0.351*** 0.313*** 

 

0.161*** 0.155*** 

  

 

(0.033) (0.034) 

 

(0.036) (0.038) 

Time in DRV 

 

0.002*** 0.003*** 

 

0.002*** 0.003*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

No. of resetting contacts 

 

-0.031*** -0.027*** 

 

-0.021*** -0.017*** 

  

 

(0.003) (0.003) 

 

(0.002) (0.003) 

No. of non-resetting contacts 

 

-0.083*** -0.086*** 

 

-0.062*** -0.063*** 

  

 

(0.011) (0.011) 

 

(0.010) (0.010) 

Qualification within bottleneck areas 

 

-0.082** -0.062* 

 

-0.039 -0.020 

  

 

(0.026) (0.026) 

 

(0.024) (0.024) 
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Doubt about "availability" 

 

-0.070* -0.049 

 

-0.035 -0.020 

  

 

(0.033) (0.034) 

 

(0.032) (0.033) 

Risk of long time unemployment 

 

-0.117 -0.101 

 

0.062 0.070 

  

 

(0.089) (0.089) 

 

(0.074) (0.075) 

Special target group 

 

0.073* 0.066* 

 

-0.033 -0.039 

  

 

(0.033) (0.033) 

 

(0.031) (0.032) 

Lack of professional/technical knowledge 

 

0.043* 0.040* 

 

0.030 0.031 

  

 

(0.018) (0.019) 

 

(0.019) (0.019) 

Own labor market perspective 

 

-0.065*** -0.055** 

 

-0.078*** -0.068*** 

  

 

(0.019) (0.019) 

 

(0.018) (0.018) 

Health 

 

-0.077*** -0.064** 

 

-0.085*** -0.074*** 

  

 

(0.021) (0.021) 

 

(0.022) (0.022) 

Addiction 

 

-0.103*** -0.085*** 

 

-0.063 -0.035 

  

 

(0.023) (0.023) 

 

(0.038) (0.038) 

Finances and network 

 

-0.002 -0.002 

 

0.013 0.015 

  

 

(0.019) (0.020) 

 

(0.019) (0.019) 

Personal competencies 

 

-0.028 -0.024 

 

-0.013 -0.012 

  

 

(0.019) (0.019) 

 

(0.019) (0.019) 

Vacation, leave etc. 

 

0.070 0.066 

 

0.062 0.062 

  

 

(0.091) (0.092) 

 

(0.085) (0.085) 

Pregnancy 

 

-0.034 -0.047 

 

-0.256*** -0.237*** 

  

 

(0.099) (0.099) 

 

(0.026) (0.027) 

Lack of child care 

 

0.098 0.092 

 

-0.071 -0.068 

  

 

(0.138) (0.139) 

 

(0.047) (0.047) 

Sick or dying child 

 

-0.247 -0.207 

 

-0.077 -0.053 

  

 

(0.257) (0.256) 

 

(0.118) (0.119) 

Sickness 

 

-0.154*** -0.143*** 

 

-0.068** -0.059* 

  

 

(0.025) (0.025) 

 

(0.023) (0.023) 

Military Service 

 

0.039 -0.003 

   
  

 

(0.463) (0.473) 

   
Constant -1.886*** -1.923*** -2.013*** -4.971 -5.585 -5.157 

  (0.238) (0.175) (0.243) (94.568) (169.711) (133.222) 

  

      
Region Yes Yes Yes Yes Yes Yes 

Month of activation Yes Yes Yes Yes Yes Yes 

  

      
N 442,762 442,762 442,762 498,179 498,179 498,179 

Pseudo R-sq 0.10 0.12 0.13 0.07 0.09 0.10 

* Standard errors in parentheses. * p<0.05  ** p<0.01  *** p<0.001. 

 

Table 1.18: Probit regression on classroom training for unemployment insurance recipients 

  Men Women 

  

Register 

data 

Caseworker 

data 

Full 

model 

Register 

data 

Caseworker 

data 

Full 

model 

Immigrant non-western 0.058*** 0.069*** 0.058*** 0.022 0.020 0.022 

  (0.014) (0.014) (0.014) (0.036) (0.035) (0.036) 

Immigrant western 0.161*** 0.167*** 0.140*** -0.168*** -0.158*** -0.162*** 

  (0.009) (0.009) (0.010) (0.032) (0.031) (0.032) 

Descendent non-western 0.048 0.071 0.051 -0.130 -0.143 -0.130 

  (0.042) (0.041) (0.042) (0.121) (0.119) (0.121) 

Descendent western 0.054* 0.093*** 0.032 -0.240* -0.244* -0.241* 

  (0.023) (0.023) (0.023) (0.098) (0.097) (0.098) 

Between 25 and 29 0.028* 0.015 0.030* 0.323*** 0.345*** 0.323*** 

  (0.014) (0.013) (0.014) (0.042) (0.041) (0.042) 

Between 30 and 34 -0.126*** -0.112*** -0.122*** 0.338*** 0.360*** 0.337*** 

  (0.014) (0.014) (0.015) (0.044) (0.042) (0.044) 

Between 35 and 39 -0.122*** -0.097*** -0.115*** 0.346*** 0.370*** 0.346*** 
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  (0.015) (0.015) (0.015) (0.045) (0.044) (0.045) 

Between 40 and 44 -0.111*** -0.078*** -0.105*** 0.386*** 0.404*** 0.385*** 

  (0.016) (0.015) (0.016) (0.047) (0.045) (0.047) 

Between 45 and 49 -0.086*** -0.052** -0.076*** 0.423*** 0.433*** 0.423*** 

  (0.017) (0.016) (0.017) (0.049) (0.047) (0.049) 

Between 50 and 54 -0.084*** -0.043* -0.070*** 0.406*** 0.413*** 0.406*** 

  (0.018) (0.017) (0.018) (0.051) (0.049) (0.051) 

Between 55 and 59 -0.129*** -0.079*** -0.114*** 0.394*** 0.399*** 0.394*** 

  (0.019) (0.018) (0.019) (0.054) (0.052) (0.054) 

Between 60 and 64 -0.170*** -0.087*** -0.159*** 0.208** 0.201** 0.211** 

  (0.024) (0.023) (0.024) (0.070) (0.068) (0.070) 

Divorced -0.010 -0.025 -0.014 -0.011 -0.013 -0.015 

  (0.022) (0.021) (0.022) (0.056) (0.055) (0.056) 

Married -0.047* -0.058** -0.047* 0.012 0.018 0.008 

  (0.021) (0.020) (0.021) (0.054) (0.053) (0.054) 

Longest living of two partners -0.001 0.116 0.066 

   
  (0.475) (0.471) (0.469) 

   
Annulled partnership 0.139 0.177 0.136 -0.321 -0.317 -0.338 

  (0.096) (0.094) (0.096) (0.355) (0.356) (0.356) 

Registered partnership -0.055 -0.037 -0.031 0.022 0.049 0.027 

  (0.059) (0.058) (0.059) (0.134) (0.132) (0.134) 

Unmarried 0.007 -0.002 0.006 -0.000 0.007 -0.004 

  (0.021) (0.021) (0.022) (0.055) (0.055) (0.055) 

Worker experience (in years) -0.001 0.000 -0.000 0.004** 0.004** 0.004** 

  (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 

High school -0.041*** -0.060*** -0.035** 0.001 -0.001 -0.002 

  (0.011) (0.011) (0.011) (0.028) (0.027) (0.028) 

Vocational schooling -0.008 0.012 -0.003 0.091*** 0.079*** 0.090*** 

  (0.007) (0.007) (0.007) (0.017) (0.017) (0.017) 

Short further education 0.057*** 0.065*** 0.056*** -0.065 -0.047 -0.067 

  (0.013) (0.013) (0.013) (0.035) (0.033) (0.035) 

Intermediate further education -0.006 -0.030** -0.004 -0.059* -0.041 -0.061* 

  (0.010) (0.009) (0.010) (0.028) (0.025) (0.028) 

Further education 0.036* 0.075*** 0.027 -0.060 0.056 -0.062 

  (0.015) (0.012) (0.015) (0.041) (0.034) (0.041) 

Children -0.040*** -0.034*** -0.035*** -0.022 -0.028 -0.021 

  (0.008) (0.008) (0.008) (0.019) (0.018) (0.019) 

Children below 2 months -0.018 0.058*** -0.015 0.021 -0.056* 0.020 

  (0.015) (0.009) (0.016) (0.041) (0.023) (0.041) 

Children below 3 years -0.003 0.011 -0.004 -0.041 -0.051* -0.041 

  (0.008) (0.008) (0.008) (0.023) (0.022) (0.023) 

Professionals 0.168 0.165 0.152 -0.022 0.042 -0.022 

  (0.182) (0.181) (0.183) (0.071) (0.067) (0.071) 

Technicians and associate professionals 0.121 0.076 0.093 -0.007 0.036 -0.007 

  (0.179) (0.178) (0.180) (0.035) (0.029) (0.035) 

Clerical support workers 0.188 0.144 0.158 -0.026 -0.005 -0.026 

  (0.179) (0.178) (0.180) (0.028) (0.021) (0.028) 

Service and sales workers 0.230 0.234 0.201 0.084*** 0.127*** 0.085*** 

  (0.179) (0.178) (0.180) (0.024) (0.020) (0.024) 

Skilled agricultural, forestry and fishery 

workers 0.162 0.135 0.143 0.009 -0.032 0.010 

  (0.179) (0.178) (0.179) (0.024) (0.022) (0.024) 

Craft and related trades workers 0.184 0.131 0.151 0.010 0.050 0.006 

  (0.184) (0.183) (0.185) (0.101) (0.099) (0.101) 

Plant and machine operators, and assemblers 0.221 0.213 0.192 0.104** 0.151*** 0.103** 

  (0.180) (0.179) (0.180) (0.036) (0.033) (0.036) 

Elementary occupations 0.211 0.195 0.184 0.038 0.092*** 0.039 

  (0.179) (0.178) (0.180) (0.027) (0.026) (0.027) 

Managers 0.203 0.230 0.174 
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  (0.179) (0.178) (0.179) 

   
Agriculture, fishing, mining etc. -0.173*** -0.379*** -0.165*** 0.083 0.036 0.081 

  (0.027) (0.026) (0.027) (0.182) (0.175) (0.182) 

Factory -0.179*** -0.360*** -0.156*** 0.068 0.044 0.060 

  (0.014) (0.013) (0.014) (0.174) (0.168) (0.174) 

Construction -0.084 -0.239** -0.050 0.055 0.004 0.042 

  (0.087) (0.086) (0.088) (0.242) (0.236) (0.242) 

Trade, hotel and restaurants -0.194*** -0.353*** -0.172*** 0.078 -0.037 0.073 

  (0.027) (0.025) (0.028) (0.180) (0.173) (0.180) 

Transport, mail and telecommunication -0.209*** -0.354*** -0.189*** 0.004 -0.039 -0.000 

  (0.012) (0.012) (0.012) (0.174) (0.167) (0.174) 

Finance and business -0.191*** -0.335*** -0.171*** 0.085 0.031 0.078 

  (0.017) (0.016) (0.017) (0.175) (0.169) (0.175) 

Public service -0.161*** -0.302*** -0.146*** 0.032 -0.026 0.028 

  (0.012) (0.011) (0.012) (0.174) (0.167) (0.173) 

Not announced -0.258*** -0.392*** -0.239*** -0.117 -0.205 -0.122 

  (0.012) (0.011) (0.012) (0.174) (0.167) (0.173) 

Personal favors -0.210*** -0.336*** -0.198*** -0.113 -0.211 -0.118 

  (0.011) (0.011) (0.011) (0.173) (0.167) (0.173) 

No. of weeks on benefits last 7 years -0.001*** 0.001*** -0.000 -0.001** -0.001*** -0.001* 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

No. of weeks employed last 7 years -0.000 -0.000*** 0.000 0.000 0.000 0.000 

  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Metal 0.075 

 

0.072 0.449*** 

 

0.455*** 

  (0.050) 

 

(0.051) (0.100) 

 

(0.100) 

Production -0.018 

 

-0.022 0.215* 

 

0.217* 

  (0.037) 

 

(0.038) (0.085) 

 

(0.086) 

Technical 0.002 

 

-0.004 0.226* 

 

0.229* 

  (0.039) 

 

(0.040) (0.089) 

 

(0.089) 

Business -0.010 

 

-0.015 0.161 

 

0.163 

  (0.038) 

 

(0.038) (0.087) 

 

(0.087) 

Administration -0.110** 

 

-0.106** 0.068 

 

0.069 

  (0.038) 

 

(0.039) (0.088) 

 

(0.088) 

Academics -0.026 

 

-0.010 0.278** 

 

0.280** 

  (0.039) 

 

(0.040) (0.091) 

 

(0.091) 

Other -0.056 

 

-0.060 -0.098 

 

-0.098 

  (0.037) 

 

(0.038) (0.086) 

 

(0.087) 

Self-employed -0.090* 

 

-0.088* 0.274** 

 

0.277** 

  (0.039) 

 

(0.039) (0.089) 

 

(0.089) 

Not insured -0.075 

 

-0.060 0.250* 

 

0.248* 

  (0.046) 

 

(0.046) (0.097) 

 

(0.097) 

Wage last year 0.032*** 

 

0.026*** -0.026 

 

-0.025 

  (0.004) 

 

(0.004) (0.015) 

 

(0.015) 

Wage last year squared -0.003*** 

 

-0.002*** 0.002 

 

0.002 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

Last job part time work -0.031*** 

 

-0.036*** -0.037* 

 

-0.036* 

  (0.007) 

 

(0.007) (0.015) 

 

(0.015) 

White collar worker -0.183*** 

 

-0.170*** 0.081** 

 

0.081** 

  (0.011) 

 

(0.011) (0.030) 

 

(0.030) 

Blue collar worker -0.168*** 

 

-0.159*** 0.099*** 

 

0.098*** 

  (0.008) 

 

(0.008) (0.025) 

 

(0.025) 

Only parttime jobs 0.041 

 

0.032 -0.065 

 

-0.061 

  (0.022) 

 

(0.022) (0.067) 

 

(0.067) 

No UI benefits claim -0.274*** 

 

-0.255*** 0.334*** 

 

0.320*** 

  (0.009) 

 

(0.009) (0.044) 

 

(0.044) 

No. of weeks on UI benefits  -0.002*** 

 

-0.002*** 0.005*** 

 

0.005*** 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks self-employed last 7 years -0.001*** 

 

-0.001*** -0.003*** 

 

-0.003*** 
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  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on UI last 7 years 0.006*** 

 

0.005*** -0.001 

 

0.000 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on SA last 7 years 0.003*** 

 

0.002*** -0.001 

 

-0.001 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on sickness pay last 7 years 0.003*** 

 

0.003*** -0.000 

 

-0.000 

  (0.000) 

 

(0.000) (0.000) 

 

(0.000) 

No. of weeks in activation last 7 years -0.001*** 

 

-0.001*** -0.002* 

 

-0.002** 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on m(p)aternity leave last 7 years 0.002*** 

 

0.001*** -0.001 

 

-0.001 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of weeks on disability transfers last 7 years 0.001** 

 

0.001** 0.001 

 

0.001* 

  (0.000) 

 

(0.000) (0.001) 

 

(0.001) 

No. of transfers last 7 years -0.008*** 

 

-0.007*** -0.004** 

 

-0.004* 

  (0.001) 

 

(0.001) (0.001) 

 

(0.001) 

No. of weeks self-employed last year -0.292*** 

 

-0.298*** -0.024 

 

-0.032 

  (0.019) 

 

(0.019) (0.049) 

 

(0.050) 

No. of weeks self-employed last 2 years -0.002 

 

-0.014 0.247* 

 

0.245* 

  (0.031) 

 

(0.031) (0.100) 

 

(0.100) 

No. of weeks self-employed last 3 years 0.097*** 

 

0.106*** 0.029 

 

0.032 

  (0.021) 

 

(0.021) (0.044) 

 

(0.045) 

No. of weeks self-employed last 4 years -0.002 

 

-0.008 0.033 

 

0.033 

  (0.015) 

 

(0.015) (0.033) 

 

(0.033) 

No. of weeks self-employed last 5 years -0.023* 

 

-0.030** 0.018 

 

0.016 

  (0.010) 

 

(0.010) (0.027) 

 

(0.027) 

No. of weeks self-employed last 6 years -0.017 

 

-0.013 -0.037 

 

-0.038 

  (0.010) 

 

(0.010) (0.027) 

 

(0.027) 

No. of weeks self-employed last 7 years -0.011 

 

-0.009 -0.063* 

 

-0.064* 

  (0.009) 

 

(0.009) (0.025) 

 

(0.025) 

Self-employed 6 months before activation 0.028*** 

 

0.028** 0.023 

 

0.023 

  (0.008) 

 

(0.008) (0.022) 

 

(0.022) 

Self-employed 12 months before activation 0.118*** 

 

0.112*** 0.100*** 

 

0.102*** 

  (0.008) 

 

(0.008) (0.024) 

 

(0.024) 

Self-employed 24 months before activation 0.055*** 

 

0.054*** 0.064** 

 

0.065** 

  (0.008) 

 

(0.008) (0.023) 

 

(0.023) 

seq0000 -0.239*** 

 

-0.181*** 0.109 

 

0.104 

  (0.038) 

 

(0.039) (0.116) 

 

(0.117) 

seq0001 -0.178*** 

 

-0.145** 0.086 

 

0.078 

  (0.044) 

 

(0.044) (0.127) 

 

(0.128) 

seq0011 -0.157*** 

 

-0.161*** 0.224 

 

0.213 

  (0.040) 

 

(0.040) (0.117) 

 

(0.118) 

seq0010 -0.155*** 

 

-0.149*** 0.186 

 

0.183 

  (0.035) 

 

(0.036) (0.116) 

 

(0.117) 

seq0100 -0.061* 

 

-0.023 -0.104 

 

-0.108 

  (0.026) 

 

(0.026) (0.068) 

 

(0.068) 

seq0101 -0.062 

 

-0.035 -0.128 

 

-0.129 

  (0.032) 

 

(0.032) (0.085) 

 

(0.085) 

seq0111 0.022 

 

0.010 -0.024 

 

-0.035 

  (0.020) 

 

(0.020) (0.050) 

 

(0.050) 

seq1000 -0.080* 

 

-0.050 0.105 

 

0.102 

  (0.035) 

 

(0.036) (0.110) 

 

(0.110) 

seq1001 -0.042 

 

-0.037 0.152 

 

0.151 

  (0.041) 

 

(0.041) (0.121) 

 

(0.121) 

seq1011 0.018 

 

0.005 0.219* 

 

0.217* 

  (0.035) 

 

(0.036) (0.107) 

 

(0.107) 

seq1100 -0.047 

 

-0.023 -0.004 

 

-0.010 

  (0.025) 

 

(0.025) (0.052) 

 

(0.052) 

Match category 1 0.366*** 0.303*** 

 

0.014 0.008 
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  (0.008) (0.008) 

 

(0.019) (0.020) 

 
Match category 2 0.578*** 0.459*** 

 

-0.056 -0.047 

 
  (0.016) (0.016) 

 

(0.065) (0.067) 

 
Match category 3 0.530*** 0.421*** 

 

-0.420** -0.430** 

 
  (0.026) (0.026) 

 

(0.142) (0.145) 

 
Match category 4 0.281*** 0.273*** 

 

-0.137 -0.209 

 
  (0.049) (0.051) 

 

(0.180) (0.186) 

 
Match category 5 0.450** 0.487** 

    
  (0.154) (0.157) 

    
Match category 6 0.198*** 0.210*** 

 

0.084 0.075 

 
  (0.050) (0.051) 

 

(0.119) (0.121) 

 
Time in DRV 0.001*** 0.000** 

 

-0.000 0.000 

 
  (0.000) (0.000) 

 

(0.000) (0.000) 

 
No. of resetting contacts -0.027*** -0.031*** 

 

-0.018*** -0.016*** 

 
  (0.001) (0.001) 

 

(0.002) (0.002) 

 
No. of non-resetting contacts 0.067*** 0.078*** 

 

0.037*** 0.031** 

 
  (0.004) (0.004) 

 

(0.010) (0.010) 

 
Qualification within bottleneck areas -0.009 0.018 

 

0.017 0.016 

 
  (0.015) (0.016) 

 

(0.046) (0.047) 

 
Doubt about "availability" 0.011 0.057** 

 

0.095 0.084 

 
  (0.020) (0.020) 

 

(0.056) (0.057) 

 
Risk of long time unemployment 0.051 0.101** 

 

0.006 0.001 

 
  (0.035) (0.036) 

 

(0.113) (0.115) 

 
Special target group -0.023 -0.050** 

 

-0.024 -0.027 

 
  (0.017) (0.017) 

 

(0.052) (0.053) 

 
Lack of professional/technical knowledge 0.040** 0.038** 

 

0.039 0.049 

 
  (0.013) (0.013) 

 

(0.060) (0.061) 

 
Own labor market perspective 0.010 -0.009 

 

-0.065 -0.050 

 
  (0.013) (0.013) 

 

(0.057) (0.058) 

 
Health -0.016 -0.044** 

 

0.044 0.078 

 
  (0.016) (0.016) 

 

(0.068) (0.070) 

 
Addiction -0.163 -0.163 

 

0.643 0.719 

 
  (0.170) (0.172) 

 

(0.474) (0.487) 

 
Finances and network -0.058 -0.015 

 

-0.475 -0.470 

 
  (0.035) (0.035) 

 

(0.257) (0.264) 

 
Personal competencies 0.035 0.031 

 

-0.048 -0.037 

 
  (0.020) (0.020) 

 

(0.101) (0.105) 

 
Vacation, leave etc. -0.012 -0.012 

 

0.118 0.070 

 
  (0.061) (0.063) 

 

(0.139) (0.142) 

 
Pregnancy -0.035 -0.006 

 

0.046 0.034 

 
  (0.018) (0.018) 

 

(0.047) (0.048) 

 
Lack of child care -0.083* -0.069 

 

0.121 0.108 

 
  (0.037) (0.038) 

 

(0.091) (0.092) 

 
Sick or dying child 0.134 0.125 

 

0.159 0.167 

 
  (0.087) (0.089) 

 

(0.215) (0.217) 

 
Sickness 0.009 0.038* 

 

0.102** 0.092* 

 
  (0.015) (0.015) 

 

(0.038) (0.038) 

 
Military Service -0.261 -0.184 

    
  (0.338) (0.341) 

    
Constant -1.274*** -1.901*** -1.514*** -3.892*** -2.558*** -3.860*** 

  (0.190) (0.180) (0.191) (0.253) (0.182) (0.253) 

  

      
Region Yes Yes Yes Yes Yes Yes 

Month of activation Yes Yes Yes Yes Yes Yes 

  

      
N 727,805 727,805 727,805 347,192 347,128 347,128 

Pseudo R-sq 0.08 0.06 0.09 0.14 0.12 0.14 

* Standard errors in parentheses. * p<0.05  ** p<0.01  *** p<0.001.  
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1.D Distribution of the Propensity Score 

Job Search Assistance 

Social Assistance Recipients 

Men 

 

Women 

 

Unemployment Insurance Recipients 

Men 
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Classroom Training 

Social Assistance Recipients 

Men 

 

Women 
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Unemployment Insurance Recipients 

Men 

 

Women 

 

 

1.E Percent Correctly Classified 

Table 1.19: Percent correctly classified by the propensity score specification 

 
Job Search Assistance Classroom Training 

 

Register data Caseworker data Full model Register data Caseworker data Full model 

SA men 86.87 86.98 87.04 99.27 99.27 99.27 

SA women 90.38 90.38 90.39 99.42 99.42 99.42 

UI men 94.78 94.79 94.78 98.22 98.22 98.22 

UI women 94.78 94.78 94.78 98.77 98.77 98.77 

 

1.F ATT from Inverse Probability Weighting 

Table 1.20: Average treatment effects on the treated of JSA from IPW 

  
After 6 months After 24 months 

Register data Caseworker data Full Register data Caseworker data Full 

SA men 0.002 -0.008 -0.017 0.015 0.004 -0.004 

  (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 

SA women 0.015 0.006 -0.001 0.014 0.007 -0.001 

  (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 

UI men -0.074 -0.099 -0.073 -0.050 -0.075 -0.048 

  (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 

UI women -0.102 -0.120 -0.101 -0.073 -0.089 -0.070 

  (0.001) (0.001) (0.001) (0.002) (0.001) (0.002) 
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2.1 Introduction 

In this paper, I investigate the heterogeneity in caseworker performance and the case-

worker’s role in improving labor market outcomes of the unemployed workers they 

meet in Danish job centers. A caseworker can add value to an unemployed worker’s 

future labor market outcome in various ways; the caseworker can influence future labor 

market outcomes through the time he/she spends with the unemployed worker during 

meetings at the job centers, a caseworker can perform well in allocating unemployed 

workers to active labor market programs, and a caseworker can do well in assessing the 

employability of the unemployed workers and recommending them to apply for specific 

jobs. This paper therefore seeks to analyze the overall effect of being assigned to a spe-

cific caseworker compared to having been assigned to another on the unemployed 

workers’ labor market outcomes. 

I investigate the role of caseworkers by using data from Danish job centers that con-

tains information on the total population of unemployed workers and caseworkers in the 

period of 2008-2009. I can uniquely identify each caseworker and the unemployed 

workers they are in contact with together with the exact time of the contact. By merging 

this data with Danish register data on the unemployed workers I am able to study how 

the caseworker performs in getting the unemployed workers back into employment. I 

furthermore exploit the conditional random assignment mechanism, which job centers 

use to assign workers to caseworkers, to study the effects of caseworkers on the classic 

labor market outcomes of cumulated employment, cumulated earnings and the cumulat-

ed level of self-sufficiency, measured six and twelve months after a meeting. 

Focusing on the role of the caseworker in particular, is a natural and important exten-

sion to the mature literature on the actual effects of participating in activation programs 

and meetings (Card et al., 2010). Rosholm (2014) argues that since meetings with case-

workers have no lock-in effects, are easy to scale up and down and are relatively cheap, 

it is important to understand the actual effects and importance of meetings and case-

workers. The particular role of the caseworker has been analyzed in various settings and 

with different focus. A few studies have e.g. analyzed the role of the caseworkers and 

the process through which unemployed workers are assigned to activation programs. 

Heckman and Smith (2004) show that caseworkers play an important role in the as-
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signment mechanism to active labor market programs, whereas Weber (2008) shows 

that also individual worker incentives can explain the participation decision in those 

programs.  

Lechner and Smith (2007) look in particular at the value that caseworkers add when 

assigning the unemployed worker to an activation program and how that affects the un-

employed workers’ labor market outcomes. They find that there is no difference be-

tween caseworker performance and how a random assignment mechanism would per-

form. A study by Behncke et al. (2010a) shows that the more similarity there is in terms 

of observable characteristics between the unemployed worker and the caseworker, the 

higher the probability of being employed. Another study analyzes how the caseworker’s 

cooperativeness affects the unemployed worker’s probability of employment (Behncke 

et al., 2010b). They find that the less focus on cooperativeness, the more likely that the 

unemployed worker will be employed. Analyzing the effect of a caseworker’s employer 

focus, Behncke et al. (2008) find that caseworkers who have a more intense focus on 

employers achieve higher reintegration rates. 

I am aware of only one paper that looks at the overall impact of and variation be-

tween caseworkers’ performances (Lagerström, 2011). He uses Swedish data and finds 

that caseworkers can explain between three and five percent of the variation in the prob-

ability that the unemployed worker is employed one or two years after the beginning of 

the unemployment spell. This paper will expand the literature on the overall importance 

of caseworkers by focusing on both short- and medium-run cumulated labor market 

outcomes, and by splitting up the data in the types of benefits received. I thereby allow 

for heterogeneous effects between social assistance recipients and unemployment insur-

ance recipients. 

2.2 The Role of a Caseworker 

If a worker becomes unemployed in Denmark and wants to receive either social assis-

tance benefits (SA) or unemployment insurance benefits (UI), the worker has to register 

at the local job center. Receiving UI benefits is furthermore conditional on having been 

a voluntary member of an insurance fund. Independent of benefit type, a worker is ex-

pected to comply with the “right and duty” principle to become eligible for benefits. 
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This means that the worker has to actively search for jobs, take part in scheduled meet-

ings at the job centers and participate in active labor market programs. The meetings 

take place every third month and are held between the unemployed worker and a case-

worker with the aim of getting the unemployed worker in employment by securing a 

fast and effective match between the unemployed and the labor market, a goal which is 

set by the Ministry of Employment (Ministry of Employment, 2015).  

The unemployed workers are assigned by administrative personnel to caseworkers 

based on a rotational basis within the local job center to smoothen out the caseload be-

tween caseworkers. Some job centers assign workers conditional on observable charac-

teristics such as age and education. Each caseworker working with SA recipients gets 

one hour for each meeting, whereas caseworkers working with UI recipients have half 

an hour for each meeting. If more than one meeting is needed, the assignment mecha-

nism differs between SA and UI recipients. SA recipients usually continue with the 

same caseworker throughout their entire unemployment spell whereas caseworkers who 

work with UI recipients are usually matched to workers on a new rotational basis for 

every meeting.  

The potential variation in caseworker performances and the importance hereof is jus-

tified by studies on the effects of meetings. Pedersen et al. (2012) and Brodersen et al. 

(2014) show that in general meetings have a positive effect on the probability of exiting 

unemployment. A caseworker has several channels through which he/she can affect the 

outcome from a meeting. The caseworker can make use of his/her network and 

knowledge about the labor market (Behncke et al., 2008), help set up job searching 

strategies, motivate new opportunities and explain the rules and use of active labor mar-

ket programs. It is also during these meetings the caseworker and the worker decide 

which type of activation program the worker can participate in, and when this should 

begin. Behncke et al. (2010b) show how the less emphasis caseworkers place on coop-

erativeness and keeping a harmonic relationship with the worker, the more they increase 

the employment probabilities of the workers. The explanation behind this finding is that 

caseworkers affect the unemployed workers’ attitudes towards job searching and accept-

ing job offers. Research also shows that the caseworker performance is influenced by 

the job design (Hill, 2006), and that a lower caseload can affect the workers’ short-term 
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outflow out of unemployment but an insignificant effect on long-term unemployment 

(Koning, 2009). 

2.3 Data 

The data used in this paper comes from two different sources. I use register data from 

Statistics Denmark, which has information on all Danish individuals in the period 1998-

2013. During this period, I observe weekly labor market history of each individual and I 

have their socio-economic information also such as age, gender, income etc. I merge the 

register data with data from the National Digital Registration System (Det Digitale Re- 

gistreringsværktøj – DRV), a dataset that contains the actual log files for all contacts 

between the caseworkers and the unemployed workers. This data covers the period from 

September 2005 until March 2010. The National Labor Market Authority introduced 

DRV as part of a bigger initiative aimed at shortening the time in unemployment by 

helping job centers to keep track and document all contact with the unemployed work-

ers.  

A broad distinction between the two types of contact is made by whether it is a reset-

ting or a non-resetting meeting. Non-resetting meetings are used by caseworkers to doc-

ument any kind of contact they have with the unemployed individuals that does not re-

set the time until next meeting. This is mostly questions answered over email or by 

phone. Resetting meetings are contact between the worker and caseworker that have by 

law the stated objective of directly getting the worker back into employment. Conse-

quently, I only focus on resetting meetings.  

I limit my sample to registrations made by public service providers from the begin-

ning of 2008 to the end of 2009. The restriction is made because the caseworker identi-

fiers for the private providers are not validated. Second, I only focus on the first reset-

ting meeting in order to exploit the randomness in the assignment mechanism. Finally, I 

trim the data by using the distribution of number of spells per caseworker at the 5
th

 and 

95
th

 percentile to minimize potential measurement errors in the caseworker IDs. By do-

ing this, I lose caseworkers who have less than 30 and more than 1,196 spells during 

2008 and 2009. Caseworkers with less than 30 spells during the 24 months window 

could potentially either be caseworkers hired just before the dataset ends, or it could be 
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measurement error caused by the making of a “test” ID, or it could be an administrative 

employee at the job centers. Caseworkers with more than 1,196 spells are potentially 

administrative workers who register group meetings.  

I split data into two samples looking separately at UI and SA recipients. The final da-

taset has just above 71,000 meetings and 1,026 caseworkers for SA recipients. The 

sample containing UI recipients has around 131,000 meetings and 1,294 caseworkers.  

Table 2.1: Descriptive statistics 

  Social Assistance Recipients Unemployment Insurance Recipients 

 

Mean 

Std. 

Dev. Min Max Mean 

Std. 

Dev. Min Max 

Female 0.43 0.49 0 1 0.40 0.49 0 1 

Age 28.60 11.08 15 75 39.95 11.88 16 72 

Basic schooling 0.65 0.48 0 1 0.29 0.46 0 1 

High school 0.12 0.32 0 1 0.08 0.26 0 1 

Vocational education 0.13 0.34 0 1 0.42 0.49 0 1 

Short further education 0.01 0.10 0 1 0.04 0.20 0 1 

Intermediate further 

education 0.03 0.16 0 1 0.12 0.32 0 1 

Further education 0.01 0.08 0 1 0.04 0.21 0 1 

From Denmark 0.83 0.38 0 1 0.93 0.26 0 1 

From an OECD country 0.05 0.21 0 1 0.03 0.16 0 1 

From unknown country 0.12 0.33 0 1 0.05 0.21 0 1 

From another country 0.00 0.01 0 1 0.00 0.00 0 1 

UI fund 

        Construction 0.01 0.09 0 1 0.03 0.17 0 1 

Metal 0.01 0.12 0 1 0.07 0.26 0 1 

Production 0.12 0.33 0 1 0.31 0.46 0 1 

Technical 0.01 0.12 0 1 0.06 0.24 0 1 

Business 0.04 0.19 0 1 0.09 0.29 0 1 

Administration 0.04 0.19 0 1 0.09 0.29 0 1 

Academics 0.01 0.11 0 1 0.11 0.31 0 1 

Other 0.14 0.34 0 1 0.17 0.37 0 1 

Self-employed 0.05 0.21 0 1 0.05 0.22 0 1 

Not insured 0.57 0.49 0 1 0.02 0.14 0 1 

Outcome variables 

        Cumulated earnings 6 

months after first meeting 32,267 47,815 0 671,565 70,223 66,831 0 1,189,078 

Cumulated earnings 12 

months after first meeting 69,389 94,869 0 1,386,931 157,700 128,058 0 1,958,725 

Cumulated employment 6 

months after first meeting 1.41 1.99 0 12 2.58 2.29 0 23 

Cumulated employment 

12 months after first 

meeting 3.05 3.91 0 24 5.78 4.28 0 39 

Cumulated self-

sufficiency 6 months 

after first meeting 0.39 0.38 0 1 0.36 0.33 0 1 

Cumulated self-

sufficiency 12 months 

after first meeting 0.41 0.37 0 1 0.44 0.34 0 1 

  

        Number of individuals 71,442 

   

131,579 

   Number of caseworkers 1,026 

   

1,294 
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Table 2.1 shows descriptive statistics from the sample. I include variables that the job 

centers can potentially screen on prior to the first meeting between the unemployed 

worker and the caseworker. The obvious ones are gender and age – this information can 

be readily deducted from the personal identifier that people supply upon registration. It 

is less obvious that screening and selection can be based on the educational attainment 

of the unemployed workers, but the indicators are included to be sure. Having variables 

in the conditioning set that do not affect the assignment mechanism will not bias the 

results but could improve precision (Rothstein, 2009). A worker cannot receive UI ben-

efits without being member of an unemployment insurance fund. So job centers might 

be able to select workers based on this information when it comes to the UI recipients. 

Note that more than 40 percent of SA recipients are listed with UI fund information. 

That is either a historical membership or because the current member has not yet earned 

the right to receive the UI benefits.
1
 In general, UI recipients are older, better educated, 

and have much better performance on the labor market after the initial meeting.  

As outcomes, I consider three different measures in the short (after six months) and 

in the medium run (after twelve months). The reasoning behind this is that caseworkers 

could have a very short-term perspective of getting the workers back into employment 

as fast as possible and not necessarily in longer-term employment. The outcome 

measures are cumulated earnings, cumulated months of fulltime employment, and cu-

mulated degree of self-sufficiency (measured as share of weeks with no public trans-

fers). The average cumulated earnings for SA recipients of DKK 32,267 ≈ USD 5,000 

six months after the first meeting with the job center are roughly USD 5,400, and for UI 

recipients the DKK 70,223 ≈ USD 11,700. UI recipients are on average employed for 

2.6 fulltime months out of the six after a meeting. SA recipients have on average been 

employed for 1.4 fulltime months measured six months after a meeting. The level of 

self-sufficiency does not vary much between SA and UI recipients.
2
  

                                                 

1
 In order to qualify for UI benefits a worker must have been a member of a UI fund for at least a year 

before becoming unemployed and must have been employed for at least one out the last three years. 
2
 Another outcome measure that could be important is the level of sickness benefits received and early 

retirement but due to the relative short time horizon, I observe only very little variation in these (between 

1 and 3 percent). 
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2.4 Empirical Strategy 

I want to answer the question: If an unemployed worker is assigned to another case-

worker, how much will the unemployed worker’s labor market outcome differ after six 

and twelve months? Thus, the outcomes of interest are cumulated earnings, employment 

level and level of self-sufficiency measures six and twelve months after a meeting, the 

treatment is the assigned caseworker, and the unit of interest is the unemployed worker. 

To estimate the effects of caseworkers on the unemployed workers’ labor market 

outcomes, I rely on the conditionally random assignment mechanism, which the job 

centers use to assign unemployed workers to caseworkers. The literature on teachers’ 

value added has used and tested various models and estimation methods in order to find 

an unbiased and consistent estimator. The non-experimental methods rely on strong 

assumptions (Rockoff, 2004; Kane and Staiger, 2008) about the assignment of teachers 

to classrooms, and potential bias can stem from teachers being assigned to classrooms 

in ways that cannot be measured and controlled for. Kane and Staiger (2008) evaluate 

the validity of non-experimental estimators by testing if the non-experimental estimates 

can predict the differences in achievement between classrooms where the teachers were 

randomly assigned. The conclusion is that non-experimental estimators are significant 

predictors. Even though they reach this conclusion, I chose to focus only on the first 

meeting in a worker’s unemployment spell to exploit the conditional random assign-

ment mechanism as is e.g. used by Rothstein (2009). 

If the assignment process of unemployed workers to caseworkers within a job center 

is random conditional on characteristics observable to the job center and by myself in 

Table 2.1 I have that for worker i serviced by caseworker c in job center j in month t: 

 

(1)                   𝑌𝑖𝑐𝑗𝑡 = 𝛽0 + 𝑋𝑖𝛽1 + 𝛿𝑗𝑡 + 𝜃𝑐 + 휀𝑖𝑐𝑗𝑡 

 

where X is the vector of worker characteristics influencing potential sorting, 𝛿𝑗𝑡 repre-

sents a job center × month-of-interview indicator, and 𝜃𝑐 represents the caseworker 

fixed effect.  Written in this way, the caseworker fixed effect measures the performance 

of the caseworker compared to the colleagues at the job center, which both mitigates 

that caseworkers might select into different job centers based on their productivity and 

that job centers face different local conditions.  
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The model in (1) and the choice of estimation method are highly inspired by the lit-

erature that estimates teachers’ effects on student achievements (Kane and Staiger, 

2008; Rothstein, 2008; Leigh, 2010). I estimate the caseworker fixed effects by using a 

similar method as the one Guarino et al. (2012) call a dynamic ordinary least square 

method. They have tested various common estimation methods using simulated data 

and conclude that a dynamic ordinary least squares method performs well under non-

random assignment to teachers when controlling for the assignment mechanism which 

is why this method is chosen. I thereby treat the teacher effects as fixed parameters to be 

estimated, and the caseworker effects therefore becomes estimates of the within case-

worker variation.  

Another common way to estimate teacher effects is to treat 𝜃𝑐 as random effects. By 

doing this, one also has to assume that the assignment of unemployed workers to case-

workers is uncorrelated with Xi. Since this is not credible in my setting, I chose to treat 

𝜃𝑐 as fixed effects. This also rules out using hierarchical models since they treat the 

caseworker parameters as random though allowing for other fixed effects at the same 

time. 

2.5 Results 

Decomposing the variance of the outcome variables by ANOVA, I find that casework-

ers significantly explain between two and eight percent of the unemployed workers’ 

outcome (see Table 2.2). The decomposition reflects the variation in “sum of squares” 

decomposed into the variance explained by the caseworker variables, and the unex-

plained variation
3
. 

The decomposition suggests that there is a potential effect originating from case-

workers on the unemployed workers’ labor market outcomes that can be further ex-

plored. The decomposition also shows that caseworkers tend to explain more of the var-

iation in the short-run outcome measures than of the variation in the medium-run out-

comes. An interesting finding is that caseworkers explain more of the variation among 

                                                 

3
 The decomposition is made as ∑ (𝑌𝑖 − �̅�)2𝑁

𝑖=1 = ∑ (�̂�𝑖 − �̅�)
2𝑁

𝑖=1 + ∑ 𝑒𝑖
2𝑁

𝑖=1  where 𝑌𝑖 is worker i’s out-

come, �̅� is the mean outcome, �̂�𝑖 is the worker i’s fitted outcome measure based on OLS, and  𝑒𝑖
2 is the 

residual. 
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UI recipients than among SA recipients even though meetings with SA recipients are 

scheduled to last one hour compared to half an hour for UI recipients. 

Table 2.2: Variance decomposition 

  SA UI 

Cumulated earnings 6 months after meeting 2.9% 4.0% 

Cumulated earnings 12 months after meeting 3.3% 3.2% 

Cumulated employment 6 months after meeting 2.1% 5.3% 

Cumulated employment 12 months after meeting start 2.1% 4.3% 

Cumulated self-sufficiency level 6 months after meeting 3.2% 7.7% 

Cumulated self-sufficiency level 12 months after meeting 3.0% 5.5% 

 

The result from estimating equation (1) is tabulated for SA recipients in Table 2.3. I 

only show the results for log-earnings after 6 and 12 months; the results from the other 

four outcome variables together with the results from regression with UI recipients are 

in the Appendix 2.A and 2.B. 

The null hypothesis that caseworker effects are jointly zero is rejected with a p-value 

equal to 0.000 for all six outcome measures for both SA and UI recipients. Including 

caseworker fixed effects does not change the point estimates much. Stated differently, 

the within variation in cumulated earnings of caseworkers leads to coefficient estimates 

that are equivalent to the pooled OLS estimates. This indicates that job centers did not 

exploit the observable characteristics to select into caseworkers, and that the conditional 

random assignment mechanism is plausible. The caseworker indicators are jointly sig-

nificant in all model specifications, and they improve the adjusted R
2
 by between 0.3 

and 0.8 percentage points.  

The conclusion for UI recipients is similar to the one for SA recipients. Again, case-

worker effects are jointly significant and including them in the model does not change 

the point estimates much. The improvement in R
2
 is between 0.8 and 2.8 percentage 

points which is a bigger improvement than for SA recipients. This was expected after 

the results from the variance decomposition. For UI recipients, there is a larger distinc-

tion between whether the outcome is measured in the short- or in the medium-run. The 

R
2
 is improved more for the short-run outcomes compared to the long-run outcomes, 

which is again similar to the conclusion from the variance decomposition.  
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Table 2.3: Selected results from OLS and FE regressions for social assistance recipients 

  

  

Earnings after 6 months (log) Earnings after 12 months (log) 

OLS FE OLS FE 

Female  -0.16*** -0.15*** -0.32*** -0.30*** 

  (-3.98) (-3.86) (-8.13) (-8.04) 

From Denmark -0.66*** -0.63*** -0.67*** -0.64*** 

  (-6.88) (-7.17) (-7.34) (-7.27) 

From non-OECD country -1.09*** -1.08*** -1.07*** -1.06*** 

  (-9.42) (-9.85) (-9.58) (-9.72) 

From unknown country -2.29 -2.31 1.55* 1.54 

  (-0.97) (-0.68) (2.28) (0.46) 

Age between 25 and 29 -0.24*** -0.23*** -0.16** -0.16** 

  (-3.73) (-3.93) (-2.67) (-2.76) 

Age between 30 and 34 -0.59*** -0.58*** -0.56*** -0.55*** 

  (-8.08) (-8.09) (-7.70) (-7.72) 

Age between 35 and 39 -0.91*** -0.91*** -0.88*** -0.87*** 

  (-11.09) (-11.38) (-10.32) (-10.97) 

Age between 40 and 44 -1.01*** -1.00*** -0.97*** -0.95*** 

  (-11.23) (-11.79) (-10.87) (-11.31) 

Age between 45 and 49 -1.22*** -1.20*** -1.25*** -1.23*** 

  (-12.89) (-13.01) (-13.22) (-13.47) 

Age between 50 and 54 -1.61*** -1.58*** -1.59*** -1.55*** 

  (-14.83) (-14.49) (-14.06) (-14.38) 

Age between 55 and 59 -1.84*** -1.81*** -1.91*** -1.88*** 

  (-14.68) (-13.93) (-14.58) (-14.61) 

Age above 60 -1.76*** -1.74*** -1.85*** -1.82*** 

  (-12.37) (-11.53) (-12.64) (-12.20) 

Basic schooling -0.54*** -0.56*** -0.56*** -0.59*** 

  (-8.19) (-9.03) (-8.64) (-9.57) 

High school 0.91*** 0.87*** 0.80*** 0.74*** 

  (10.82) (11.19) (9.72) (9.71) 

Short further education 0.24 0.25 0.13 0.13 

  (1.35) (1.39) (0.72) (0.70) 

Intermediate further education -0.13 -0.07 -0.16 -0.11 

  (-0.92) (-0.54) (-1.26) (-0.88) 

Further education 0.33 0.35 0.15 0.15 

  (1.18) (1.38) (0.58) (0.60) 

Constant 9.45*** 10.38*** 10.92*** 11.86*** 

  (36.11) (34.91) (48.95) (40.25) 

  

    Job center*Month Yes Yes Yes Yes 

Caseworker fixed effect No Yes No Yes 

     

F statistic of FE 

 

1.402 

 

1.515 

Significance level 

 

0.000 

 

0.000 

Number of caseworkers 1,026 1,026 1,026 1,026 

     

Number of individuals 71,442 71,442 71,442 71,442 

R
2 

0.253 0.268 0.313 0.328 

Adj. R
2
 0.228 0.233 0.291 0.296 

* t-statistics in parentheses. * p<0.05 ** p<0.01 *** p<0.001. The omitted categories are: “From an 

OECD country”, “Below 25”, and “Vocational schooling”. 

 

Turning away from establishing the overall significant effect of caseworkers to the 

question about how much an unemployed worker’s outcome will change if he/she is 
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assigned to a different caseworker. A measure that is commonly used to summarize and 

understand the significance of the caseworkers (or teachers) and the differences between 

caseworkers is the standard deviation in the estimated caseworker effects. The standard 

deviation can be interpreted as a one-unit difference in the estimate of the caseworker 

effect and the associated one-unit difference in the unemployed worker’s future labor 

market outcome. Table 2.4 shows the standard deviations of the estimated caseworker 

fixed effects.
4
  

Table 2.4: Standard deviation of caseworker fixed effects 

  SA UI 

  Std. dev. % change* Std. dev. % change* 

Cumulated earnings six months after meeting (log) 0.796 15% 0.955 12% 

Cumulated earnings twelve months after meeting (log) 0.823 12% 0.792   8% 

Cumulated employment six months after meeting 0.291 21% 0.507 20% 

Cumulated employment twelve months after meeting 0.574 19% 0.933 16% 

Cumulated self-sufficiency level six months after meeting 0.067 17% 0.083 23% 

Cumulated self-sufficiency level twelve months after meeting 0.064 16% 0.078 18% 

* % change is calculated as the standard deviation divided by the average of the outcome variable. 

 

The standard deviation of the cumulated level of employment six months after the 

meeting is 0.29 for SA recipients and 0.51 for UI recipients. The average level of em-

ployment for SA recipients is 1.41 and 2.58 months in full-time employment which 

means that having a caseworker that is one standard deviation higher in the distribution 

corresponds to improving employment after six months by 21 percent for SA recipients 

and 20 percent for UI recipients. The results show that for SA recipients, caseworkers 

have a larger variation and effect on the level of employment. For UI recipients, the 

largest percentage variation in caseworker performance is on short-run employment and 

level of self-sufficiency. Since there has been little research on the overall effects of 

caseworkers so far, I can only compare the results to the ones in Lagerström (2011) who 

uses different outcome measures and who does not split up by the types of benefits re-

ceived. He concludes that moving up one standard deviation in the caseworker distribu-

tion will increase the probability of being employed one year after unemployment start 

by 13 percent and improve earnings by 20 percent. 

Even though caseworkers explain more of the variation among UI recipients, turning 

to look at the overall impact of the caseworkers on the outcome measures, I find that the 

                                                 

4
 The results are robust to adding additional control variables such as pre-meeting labor market history.  
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largest variation in caseworker heterogeneity is among caseworkers working with SA 

recipients for earnings and employment. Another general conclusion is that the variation 

in the effect of caseworkers in the short-run outcomes tends to be larger than the varia-

tion in long-run outcomes for both SA and UI recipients. The difference is especially 

large among UI recipients. The difference in short- and medium-run effects is in ac-

cordance to what would be expected, and is also in accordance to findings from the 

teacher value added literature where it is termed ‘drift’ (Chetty et al., 2014). 

Since caseworker effects are estimated on both short- and medium-run outcomes, I 

can look at the correlations between the short- and medium -term effects. As argued 

earlier, it could be that some caseworkers only focus on a positive short-term outcome 

and do not care about the longer run. The interesting correlation here is not in particular 

between the estimated caseworker fixed effects but between the relative rankings of the 

caseworkers. Therefore, I construct a ranking variable on the basis of the estimated 

caseworker effects for each outcome and compare the correlation between the rankings 

of the caseworkers. 

Table 2.5: Pearson correlation coefficient
5
 between caseworker ranks 

 
Cum. earnings Cum. employment 

Cum. self-

sufficiency 

After 6 

months  

After 12 

months 

After 6 

months  

After 12 

months 

After 6 

months  

After 12 

months 

 Social Assistance Recipients 

Cum. earnings after 6 months  1 

     Cum. earnings after 12 months 0.914 1 

    Cum. employment after 6 months 0.835 0.773 1 

   Cum. employment after 12 months 0.807 0.807 0.921 1 

  Cum. self-sufficiency after 6 mos. 0.629 0.594 0.623 0.598 1 

 Cum. self-sufficiency after 12 mos. 0.656 0.642 0.667 0.699 0.914 1 

Unemployment Insurance Recipients 

Cum. earnings after 6 months  1 

     Cum. earnings after 12 months 0.877 1 

    Cum. employment after 6 months 0.893 0.798 1 

   Cum. employment after 12 months 0.871 0.849 0.943 1 

  Cum. self-sufficiency after 6 mos. 0.738 0.679 0.811 0.724 1 

 Cum. self-sufficiency after 12 mos. 0.782 0.732 0.856 0.822 0.944 1 

 

Table 2.5 shows the correlations between the rankings. The correlations emphasized 

with bold font show the correlations between the same short- and medium-run out-

                                                 

5
 Pearson correlation coefficient is measured as 𝑟 =

∑ (𝑋𝑖−�̅�)𝑛
𝑖−1 (𝑌𝑖−�̅�)

(𝑛−1)𝑆𝑋𝑆𝑌
 where 𝑋𝑖 and 𝑌𝑖 are caseworker i’s 

rankings, and �̅� and �̅� are the means. 𝑛 is the number of cases, and 𝑆𝑋 and 𝑆𝑌 are standard errors of the 

two ranking variables. 
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comes. The correlation is close to 0.9 for all three outcomes and for caseworkers work-

ing with both SA and UI workers suggesting that caseworkers who are good at getting 

their workers into employment in the short run are also the ones that perform well in the 

long run. This rejects the hypothesis that some caseworkers only focus on the short-run 

outcomes of the worker. 

The empirical strategy and the results hinge on the random assignment mechanism of 

workers to caseworkers. As argued earlier, the analysis only focuses on the first meet-

ing. This choice is made to secure that the job centers only sort worker to caseworker on 

variables that I am also able to condition on. However, it is possible that there could be 

sorting from the perspective of the caseworker. This could happen if the job center more 

often sends caseworkers to e.g. training with specific characteristics related to the per-

formance of the caseworker and thereby affect the worker’s future labor market out-

come. If e.g. job centers send the least experienced caseworkers off to training, this 

would create a positive bias on the results found in this paper. It is important to keep in 

mind, though, that caseworkers do not know whether the workers get employment after 

a meeting, and job centers do not track individual workers after a meeting and thereby 

making it more difficult for job centers to measure and sort caseworkers based on per-

formance correlated perfectly with the unemployed workers’ labor market outcomes. 

As a back-of-the-envelope calculation, I follow Hanushek and Rivkin (2012) and 

Chetty et al. (2014) and provide an estimate of the economic effect of an increase in 

caseworker effectiveness given we take our point estimate as the best estimator of the 

true caseworker effect. Consider an unemployed worker whose caseworker is ∆𝜃 stand-

ard deviations below the mean. Replacing this caseworker with a caseworker at the 

mean of the distribution would raise the worker’s expected earnings by 

 

(2)              𝐺 =
∆𝜃∗𝑏

𝑚𝑒𝑎𝑛 𝑜𝑓 𝑜𝑢𝑡𝑐𝑜𝑚𝑒
 

 

Under the assumption that the distribution of caseworker effects is normal, a case-

worker in the bottom five percent would be 2.063 standard deviations below the mean. 

Then replacing a caseworker who is in the bottom 5 percent of the caseworker distribu-

tion with an average caseworker will generate a gain of 𝐺ln (𝑒𝑎𝑟𝑛𝑖𝑛𝑔𝑠) =
2.063∗0.796

5,429
=

0.30. This means that replacing a caseworker in the bottom 5 percent of the distribution 
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with a mean performing caseworker is expected to increase the SA recipient’s cumulat-

ed earnings by 30 percent. With a mean of around DKK 32,000 this corresponds to al-

most DKK 10,000 ≈ USD 1,500. 

Table 2.6: Changes caused by replacing a caseworker in the bottom 5 percent with a mean performing 

caseworker 

  SA Recipients UI Recipients 

Cumulated earnings six months after meeting (log) DKK     9,765 DKK   17,108 

Cumulated earnings twelve months after meeting (log) DKK   17,694 DKK   26,288 

Cumulated employment six months after meeting 0.6 months 1.0 month 

Cumulated employment twelve months after meeting 1.2 months 1.9 months 

Cumulated self-sufficiency level six months after meeting 13.87% 17.20% 

Cumulated self-sufficiency level twelve months after meeting 13.16% 16.17% 

 

Table 2.6 shows the results from all the six outcome variables. It is important to 

stress that the calculations above ignore general equilibrium effects that could arise 

since more people would become employed. For both the earnings and the employment 

measure, I see how the effect of caseworkers almost doubles after a year compared to 

after half a year. On the contrary, I see that changing a bottom 5 percent performing 

caseworker with a mean performing caseworker will increase the short-term level of 

self-sufficiency more than the medium-run level for UI recipients. For SA recipients, 

the difference between the short- and medium-run levels of self-sufficiency is small. 

Self-sufficiency is measured as weeks in which the worker has not received any public 

transfers and thereby includes both periods where the unemployed worker is not work-

ing and is not receiving any public transfers.  

The power and thereby the ability of the estimation strategy to identify statistically 

significant caseworker fixed effects can be tested by running the above regressions at 

the job center level (see Appendix 2.C). Unfortunately, average p-values are high and 

the number of job centers with significant differences in fixed effects are not much 

higher than what would be expected (5-8  job centers out of 97 is close to the type I er-

ror of the test). By splitting the data up on the job center level, I lose power in my esti-

mations with the average number of worker per job center for SA recipients at 760 and 

UI recipients at 1,400, which is the reason why I cannot draw any statistically signifi-

cant inference when splitting up on job center level. 
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2.6 Conclusion 

In this paper, I estimate the value added by caseworkers to the labor market outcomes of 

the unemployed workers they meet in job centers. I study the effect on three different 

outcomes; employment, earnings and self-sufficiency measured six and twelve months 

after the first meeting in the job center, and I split the analysis up to focus separately on 

social assistance and unemployment insurance recipients. The analysis uses the total 

population of unemployed workers in Denmark who become unemployed in 2008 and 

the caseworkers in Danish job centers. When workers register themselves as unem-

ployed, they get assigned to a caseworker by a conditional random assignment mecha-

nism which is what I make use of in the identification of caseworker effects. 

The paper finds that the caseworker whom the unemployed workers meet at their 

first meeting in the job center can explain between two and seven percent of the varia-

tion in the six outcome measures.  

Focusing on the variation between caseworkers, I find that even though the analysis 

is restricted to within job center variation, there is large variation between the perfor-

mances of caseworkers. The paper finds that moving up one standard deviation in the 

distribution of caseworkers would improve the employment after six months by be-

tween 12 percent for SA recipients and 15 percent for UI recipients. I find that case-

workers who perform well in the long run are also the caseworkers who perform well 

when measuring the short-run outcomes indicating that caseworkers do not only care 

about getting the unemployed worker placed outside the system. 

Estimating how big an economic influence that caseworkers have, I perform an exer-

cise to estimate the effect of replacing a caseworker in the bottom five percent of the 

caseworker distribution with a mean performing caseworker. This will increase em-

ployment for SA recipients by 0.6 months of full-time work within the first six months 

after a meeting. For UI recipients the corresponding number is one month. The findings 

of this paper convincingly show that improving caseworker quality will significantly 

improve both unemployed workers’ and social assistance recipients’ reemployment 

chances.    
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Appendix 

2.A Ordinary Least Square Regressions 

Table 2.7: Estimation results from OLS regressions with SA recipients 

  

Earnings 

after 6 

months 

(log) 

Earnings 

after 12 

months 

(log) 

Employment 

after 6 

months 

Employment 

after 12 

months 

Self-

sufficiency 

after 6 

months 

Self-

sufficiency 

after 12 

months 

Female  -0.16*** -0.32*** -0.05** -0.13*** -0.05*** -0.06*** 

  (-3.98) (-8.13) (-3.06) (-4.51) (-14.63) (-18.07) 

From Denmark -0.66*** -0.67*** -0.17*** -0.34*** -0.10*** -0.10*** 

  (-6.88) (-7.34) (-4.77) (-5.00) (-14.06) (-14.20) 

From non-OECD country -1.09*** -1.07*** -0.40*** -0.82*** -0.06*** -0.06*** 

  (-9.42) (-9.58) (-9.76) (-10.07) (-6.28) (-6.79) 

From unknown country -2.29 1.55* -0.24 -0.38 -0.20*** -0.20*** 

  (-0.97) (2.28) (-0.41) (-0.38) (-3.50) (-3.78) 

Age between 25 and 29 -0.24*** -0.16** 0.10*** 0.26*** -0.07*** -0.05*** 

  (-3.73) (-2.67) (3.94) (5.34) (-14.11) (-10.88) 

Age between 30 and 34 -0.59*** -0.56*** -0.01 0.04 -0.08*** -0.06*** 

  (-8.08) (-7.70) (-0.41) (0.66) (-13.24) (-10.92) 

Age between 35 and 39 -0.91*** -0.88*** -0.16*** -0.24*** -0.09*** -0.08*** 

  (-11.09) (-10.32) (-4.59) (-3.48) (-13.98) (-11.61) 

Age between 40 and 44 -1.01*** -0.97*** -0.22*** -0.40*** -0.10*** -0.08*** 

  (-11.23) (-10.87) (-6.54) (-5.85) (-14.89) (-12.72) 

Age between 45 and 49 -1.22*** -1.25*** -0.33*** -0.63*** -0.10*** -0.09*** 

  (-12.89) (-13.22) (-8.42) (-8.39) (-13.44) (-12.07) 

Age between 50 and 54 -1.61*** -1.59*** -0.45*** -0.89*** -0.12*** -0.11*** 

  (-14.83) (-14.06) (-10.77) (-10.63) (-13.72) (-13.03) 

Age between 55 and 59 -1.84*** -1.91*** -0.57*** -1.19*** -0.11*** -0.11*** 

  (-14.68) (-14.58) (-12.32) (-13.12) (-10.02) (-10.58) 

Age above 60 -1.76*** -1.85*** -0.60*** -1.26*** -0.08*** -0.10*** 

  (-12.37) (-12.64) (-11.80) (-12.90) (-6.19) (-7.31) 

Basic schooling -0.54*** -0.56*** -0.32*** -0.65*** -0.02*** -0.03*** 

  (-8.19) (-8.64) (-11.88) (-12.48) (-4.82) (-5.75) 

High school 0.91*** 0.80*** 0.21*** 0.27*** 0.01 -0.01 

  (10.82) (9.72) (6.39) (4.05) (1.15) (-1.11) 

Short further education 0.24 0.13 0.09 0.19 0.00 0.01 

  (1.35) (0.72) (1.21) (1.20) (0.11) (0.47) 

Intermediate further education -0.13 -0.16 -0.15** -0.25* -0.02 -0.02* 

  (-0.92) (-1.26) (-2.64) (-2.26) (-1.62) (-2.29) 

Further education 0.33 0.15 0.09 0.05 0.09*** 0.07*** 

  (1.18) (0.58) (0.74) (0.21) (4.52) (3.79) 

Construction -0.45* -0.62** -0.15 -0.45** -0.01 -0.02 

  (-2.10) (-2.81) (-1.79) (-2.75) (-0.39) (-1.04) 

Metal -0.20 -0.25 -0.01 -0.05 -0.01 -0.01 

  (-1.15) (-1.47) (-0.15) (-0.33) (-1.00) (-1.23) 

Technical -0.14 -0.07 0.04 0.13 0.01 0.01 

  (-0.92) (-0.43) (0.62) (0.95) (0.58) (0.63) 

Business 0.07 0.04 0.25*** 0.64*** 0.02* 0.03*** 

  (0.62) (0.36) (4.83) (6.00) (2.21) (3.85) 

Administration 0.22 0.22 0.27*** 0.64*** 0.03*** 0.05*** 

  (1.83) (1.86) (5.52) (6.55) (3.49) (5.87) 

Academics 0.12 0.29 0.09 0.46** -0.01 0.02 

  (0.69) (1.70) (1.08) (2.92) (-0.97) (1.20) 

Other 0.36*** 0.30*** 0.22*** 0.47*** 0.03*** 0.04*** 

  (4.69) (3.99) (6.74) (7.27) (5.47) (6.70) 

Self-employed 0.13 0.04 0.07 0.09 0.05*** 0.06*** 

  (1.30) (0.41) (1.55) (1.02) (7.02) (8.47) 

Not insured -1.29*** -1.43*** -0.55*** -1.29*** -0.04*** -0.05*** 

  (-20.56) (-22.81) (-21.60) (-25.51) (-7.88) (-11.76) 

Constant 9.45*** 10.92*** 2.93*** 6.04*** 0.53*** 0.61*** 
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  (36.11) (48.95) (25.74) (26.70) (25.81) (30.66) 

       

Job center*Month Yes Yes Yes Yes Yes Yes 

       

N 71,442 71,442 71,442 71,442 71,442 71,442 

R2 0.253 0.313 0.184 0.206 0.121 0.129 

Adj. R2 0.228 0.291 0.158 0.180 0.093 0.101 

* t-statistics in parentheses. * p<0.05 ** p<0.01 *** p<0.001. The omitted categories are: “From an 

OECD country”, “Below 25”, and “Vocational schooling”. 

 

Table 2.8: Estimation results from OLS regressions with UI recipients 

  

Earnings 

after 6 

months 

(log) 

Earnings 

after 12 

months 

(log) 

Employment 

after 6 

months 

Employment 

after 12 

months 

Self-

sufficiency 

after 6 

months 

Self-

sufficiency 

after 12 

months 

Female  0.16*** -0.03 0.07*** 0.07* -0.02*** -0.02*** 

  (4.86) (-0.94) (4.50) (2.38) (-8.48) (-10.15) 

From Denmark 0.94*** 0.91*** 0.47*** 1.01*** 0.04*** 0.05*** 

  (11.06) (11.01) (12.80) (14.22) (7.49) (9.21) 

From non-OECD country -0.88*** -0.80*** -0.32*** -0.62*** -0.05*** -0.07*** 

  (-7.76) (-7.34) (-6.51) (-6.70) (-7.91) (-9.02) 

From unknown country -1.10 -0.88 -0.99 -1.84 -0.04 0.03 

  (-0.43) (-0.29) (-0.79) (-0.75) (-0.44) (0.27) 

Age between 25 and 29 0.09 0.09 0.21*** 0.50*** -0.00 0.01* 

  (1.64) (1.72) (7.95) (9.84) (-0.52) (2.41) 

Age between 30 and 34 -0.39*** -0.24*** 0.06 0.24*** -0.01 0.01** 

  (-6.64) (-4.63) (1.96) (4.45) (-1.44) (2.82) 

Age between 35 and 39 -0.44*** -0.23*** 0.03 0.24*** 0.01 0.03*** 

  (-7.40) (-4.25) (0.83) (4.34) (1.15) (6.27) 

Age between 40 and 44 -0.55*** -0.26*** 0.02 0.24*** 0.01 0.03*** 

  (-8.69) (-4.80) (0.56) (4.29) (1.28) (6.99) 

Age between 45 and 49 -0.57*** -0.28*** 0.02 0.24*** 0.01 0.03*** 

  (-8.85) (-5.05) (0.67) (4.21) (1.47) (6.48) 

Age between 50 and 54 -0.97*** -0.58*** -0.16*** -0.12* -0.02*** -0.00 

  (-13.90) (-9.76) (-4.83) (-2.03) (-3.77) (-0.16) 

Age between 55 and 59 -1.49*** -1.15*** -0.42*** -0.72*** -0.04*** -0.04*** 

  (-21.01) (-17.98) (-12.91) (-11.96) (-8.61) (-8.47) 

Age above 60 -2.33*** -2.65*** -0.84*** -2.07*** -0.11*** -0.16*** 

  (-26.62) (-31.63) (-22.24) (-30.03) (-18.70) (-27.30) 

Basic schooling -0.56*** -0.47*** -0.27*** -0.51*** -0.04*** -0.05*** 

  (-14.85) (-14.15) (-15.65) (-16.08) (-14.25) (-17.40) 

High school -0.17** -0.14** -0.02 -0.08 -0.00 -0.01* 

  (-2.76) (-2.65) (-0.88) (-1.64) (-0.99) (-2.51) 

Short further education -0.28*** -0.12 -0.11** -0.08 -0.03*** -0.02*** 

  (-3.75) (-1.74) (-3.19) (-1.24) (-5.62) (-3.78) 

Intermediate further education 0.24*** 0.27*** 0.06* 0.25*** -0.00 0.01* 

  (4.23) (5.39) (2.49) (4.84) (-0.42) (2.39) 

Further education 0.05 0.13 0.01 0.12 0.02** 0.03*** 

  (0.58) (1.67) (0.27) (1.54) (2.79) (5.15) 

Construction 0.39*** 0.30*** 0.01 -0.08 0.02** 0.01* 

  (4.46) (4.05) (0.29) (-0.90) (2.79) (2.32) 

Metal -0.20** -0.05 -0.03 0.16* 0.01 0.01** 

  (-2.86) (-0.91) (-0.79) (2.53) (1.54) (2.70) 

Technical -0.62*** -0.27*** -0.16*** 0.12* -0.05*** -0.01** 

  (-9.42) (-4.56) (-5.15) (2.08) (-11.04) (-3.09) 

Business -0.70*** -0.42*** -0.18*** -0.05 -0.06*** -0.03*** 

  (-11.67) (-8.41) (-6.57) (-0.97) (-13.63) (-8.43) 

Administration 0.13* 0.15** 0.14*** 0.45*** 0.01 0.04*** 

  (2.09) (2.82) (4.56) (7.83) (1.89) (7.98) 

Academics -0.22** 0.21** -0.01 0.52*** -0.05*** -0.00 

  (-2.94) (3.10) (-0.19) (7.93) (-8.94) (-0.65) 

Other -0.12** -0.12** 0.01 0.13*** -0.01* 0.00 

  (-2.79) (-3.21) (0.65) (3.34) (-2.58) (0.66) 
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Self-employed -0.88*** -0.77*** -0.37*** -0.59*** -0.02*** -0.00 

  (-12.14) (-11.58) (-11.07) (-9.76) (-5.00) (-1.04) 

Not insured -1.10*** -0.95*** -0.41*** -0.68*** -0.01 -0.01 

  (-7.85) (-6.88) (-6.76) (-5.42) (-1.73) (-1.32) 

  8.60*** 9.98*** 2.33*** 4.96*** 0.39*** 0.47*** 

  (37.66) (59.43) (20.40) (25.40) (24.74) (31.51) 

       

Job center*Month Yes Yes Yes Yes Yes Yes 

       

N 131,597 131,597 131,597 131,597 131,597 131,597 

R2 0.126 0.150 0.118 0.124 0.135 0.119 

Adj. R2 0.111 0.135 0.103 0.108 0.120 0.103 

* t-statistics in parentheses. * p<0.05 ** p<0.01 *** p<0.001. The omitted categories are: “From an 

OECD country”, “Below 25”, and “Vocational schooling”. 

 

2.B Fixed Effects Regressions 

Table 2.9: Estimation results from fixed effects regressions with SA recipients 

  

Earnings 

after 6 

months 

(log) 

Earnings 

after 12 

months 

(log) 

Employment 

after 6 

months 

Employment 

after 12 

months 

Self-

sufficiency 

after 6 

months 

Self-

sufficiency 

after 12 

months 

Female  -0.15*** -0.30*** -0.04** -0.12*** -0.05*** -0.05*** 

  (-3.86) (-8.04) (-2.81) (-4.27) (-16.10) (-19.27) 

From Denmark -0.63*** -0.64*** -0.16*** -0.33*** -0.10*** -0.10*** 

  (-7.17) (-7.27) (-4.78) (-4.94) (-14.76) (-14.84) 

From non-OECD country -1.08*** -1.06*** -0.41*** -0.83*** -0.06*** -0.06*** 

  (-9.85) (-9.72) (-9.58) (-9.99) (-7.25) (-7.66) 

From unknown country -2.31 1.54 -0.39 -0.68 -0.21 -0.20 

  (-0.68) (0.46) (-0.30) (-0.26) (-0.79) (-0.81) 

Age between 25 and 29 -0.23*** -0.16** 0.10*** 0.25*** -0.07*** -0.05*** 

  (-3.93) (-2.76) (4.34) (5.55) (-14.96) (-12.15) 

Age between 30 and 34 -0.58*** -0.55*** -0.02 0.03 -0.08*** -0.06*** 

  (-8.09) (-7.72) (-0.67) (0.48) (-14.64) (-11.80) 

Age between 35 and 39 -0.91*** -0.87*** -0.17*** -0.26*** -0.10*** -0.08*** 

  (-11.38) (-10.97) (-5.36) (-4.23) (-15.66) (-13.07) 

Age between 40 and 44 -1.00*** -0.95*** -0.23*** -0.41*** -0.10*** -0.08*** 

  (-11.79) (-11.31) (-6.94) (-6.34) (-15.21) (-13.26) 

Age between 45 and 49 -1.20*** -1.23*** -0.33*** -0.64*** -0.10*** -0.09*** 

  (-13.01) (-13.47) (-9.24) (-9.23) (-14.21) (-13.05) 

Age between 50 and 54 -1.58*** -1.55*** -0.45*** -0.89*** -0.12*** -0.11*** 

  (-14.49) (-14.38) (-10.53) (-10.74) (-13.87) (-13.39) 

Age between 55 and 59 -1.81*** -1.88*** -0.56*** -1.19*** -0.10*** -0.11*** 

  (-13.93) (-14.61) (-11.17) (-12.13) (-10.32) (-11.05) 

Age above 60 -1.74*** -1.82*** -0.60*** -1.26*** -0.08*** -0.09*** 

  (-11.53) (-12.20) (-10.26) (-11.05) (-6.87) (-8.32) 

Basic schooling -0.56*** -0.59*** -0.32*** -0.66*** -0.03*** -0.03*** 

  (-9.03) (-9.57) (-13.48) (-14.15) (-5.31) (-6.30) 

High school 0.87*** 0.74*** 0.20*** 0.25*** 0.00 -0.01 

  (11.19) (9.71) (6.75) (4.25) (0.60) (-1.70) 

Short further education 0.25 0.13 0.09 0.17 0.00 0.00 

  (1.39) (0.70) (1.32) (1.26) (0.01) (0.33) 

Intermediate further education -0.07 -0.11 -0.14** -0.23* -0.01 -0.02* 

  (-0.54) (-0.88) (-2.72) (-2.35) (-1.43) (-2.12) 

Further education 0.35 0.15 0.09 0.04 0.09*** 0.07*** 

  (1.38) (0.60) (0.97) (0.19) (4.86) (3.91) 

Construction -0.47* -0.63** -0.14 -0.45** -0.00 -0.02 

  (-2.33) (-3.17) (-1.85) (-2.93) (-0.25) (-1.03) 

Metal -0.20 -0.26 -0.02 -0.07 -0.01 -0.02 

  (-1.24) (-1.64) (-0.26) (-0.56) (-1.17) (-1.37) 

Technical -0.15 -0.07 0.04 0.13 0.01 0.01 

  (-0.96) (-0.47) (0.66) (1.09) (0.51) (0.56) 
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Business 0.08 0.04 0.25*** 0.63*** 0.02* 0.03*** 

  (0.73) (0.41) (5.89) (7.61) (2.41) (4.00) 

Administration 0.21 0.21 0.27*** 0.63*** 0.03*** 0.05*** 

  (1.90) (1.89) (6.14) (7.50) (3.42) (5.99) 

Academics 0.09 0.26 0.08 0.43** -0.02 0.01 

  (0.49) (1.41) (1.06) (3.02) (-1.20) (0.97) 

Other 0.36*** 0.30*** 0.22*** 0.47*** 0.03*** 0.04*** 

  (5.11) (4.31) (8.06) (8.74) (5.51) (6.86) 

Self-employed 0.10 0.00 0.06 0.07 0.05*** 0.06*** 

  (1.01) (0.05) (1.62) (0.93) (6.87) (8.20) 

Not insured -1.29*** -1.43*** -0.55*** -1.30*** -0.04*** -0.05*** 

  (-21.39) (-24.00) (-23.45) (-28.43) (-7.68) (-11.85) 

Constant 10.38*** 11.86*** 3.24*** 6.69*** 0.61*** 0.68*** 

  (34.91) (40.25) (27.93) (29.69) (26.70) (30.94) 

              

Job center*Month Yes Yes Yes Yes Yes Yes 

Caseworker fixed effect Yes Yes Yes Yes Yes Yes 

F statistic 1.402 1.515 1.264 1.262 1.597 1.587 

Significance level 0.000 0.000 0.000 0.000 0.000 0.000 

              

N 71,442 71,442 71,442 71,442 71,442 71,442 

R2 0.268 0.328 0.199 0.221 0.142 0.150 

Adj. R2 0.233 0.296 0.161 0.183 0.101 0.109 

* t-statistics in parentheses. * p<0.05 ** p<0.01 *** p<0.001. The omitted categories are: “From an 

OECD country”, “Below 25”, and “Vocational schooling”. 

 

Table 2.10: Estimation results from fixed effects regressions with UI recipients 

  

Earnings 

after 6 

months 

(log) 

Earnings 

after 12 

months 

(log) 

Employment 

after 6 

months 

Employment 

after 12 

months 

Self-

sufficiency 

after 6 

months 

Self-

sufficiency 

after 12 

months 

Female  0.15*** -0.04 0.06*** 0.05* -0.02*** -0.02*** 

  (4.90) (-1.39) (4.19) (1.98) (-10.61) (-12.20) 

From Denmark 0.90*** 0.88*** 0.45*** 0.97*** 0.04*** 0.05*** 

  (11.02) (12.02) (12.12) (14.07) (7.70) (9.75) 

From non-OECD country -0.89*** -0.81*** -0.31*** -0.62*** -0.05*** -0.06*** 

  (-8.31) (-8.48) (-6.46) (-6.85) (-7.35) (-8.78) 

From unknown country -1.48 -1.10 -1.21 -2.35 -0.06 0.00 

  (-0.54) (-0.45) (-0.97) (-1.01) (-0.33) (0.01) 

Age between 25 and 29 -0.05 -0.05 0.15*** 0.36*** -0.01 0.00 

  (-0.91) (-0.99) (5.70) (7.41) (-1.76) (0.88) 

Age between 30 and 34 -0.47*** -0.31*** 0.02 0.17** -0.01** 0.01 

  (-7.69) (-5.61) (0.54) (3.22) (-3.15) (1.35) 

Age between 35 and 39 -0.54*** -0.31*** -0.03 0.15** -0.00 0.02*** 

  (-8.63) (-5.51) (-1.04) (2.83) (-1.00) (4.59) 

Age between 40 and 44 -0.65*** -0.35*** -0.04 0.15** -0.00 0.02*** 

  (-10.39) (-6.35) (-1.46) (2.74) (-0.98) (5.35) 

Age between 45 and 49 -0.68*** -0.38*** -0.04 0.13* -0.00 0.02*** 

  (-10.76) (-6.69) (-1.54) (2.43) (-0.95) (4.47) 

Age between 50 and 54 -1.08*** -0.67*** -0.23*** -0.24*** -0.03*** -0.01** 

  (-16.67) (-11.64) (-7.72) (-4.30) (-6.83) (-2.74) 

Age between 55 and 59 -1.60*** -1.24*** -0.48*** -0.83*** -0.05*** -0.05*** 

  (-24.33) (-21.19) (-16.18) (-14.94) (-12.54) (-12.22) 

Age above 60 -2.46*** -2.75*** -0.91*** -2.19*** -0.12*** -0.17*** 

  (-32.76) (-41.11) (-26.66) (-34.50) (-24.17) (-33.20) 

Basic schooling -0.55*** -0.47*** -0.27*** -0.51*** -0.04*** -0.05*** 

  (-16.43) (-15.54) (-17.37) (-18.01) (-16.72) (-20.51) 

High school -0.22*** -0.19*** -0.05 -0.14** -0.01 -0.01** 

  (-3.92) (-3.79) (-1.88) (-2.87) (-1.42) (-3.22) 

Short further education -0.26*** -0.11 -0.10** -0.07 -0.02*** -0.02*** 

  (-3.67) (-1.68) (-3.12) (-1.23) (-5.19) (-3.57) 

Intermediate further education 0.20*** 0.24*** 0.05* 0.21*** 0.00 0.01** 

  (3.63) (4.75) (1.97) (4.44) (0.07) (2.76) 
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Further education 0.08 0.16* 0.03 0.16* 0.02*** 0.04*** 

  (0.97) (2.16) (0.89) (2.27) -4.37 (6.42) 

Construction 0.39*** 0.30*** 0.01 -0.08 0.02*** 0.02** 

  (4.65) (3.99) (0.37) (-1.13) (3.53) (2.67) 

Metal -0.31*** -0.12* -0.09*** 0.05 -0.00 0.00 

  (-5.41) (-2.39) (-3.54) (0.94) (-0.38) (1.08) 

Technical -0.51*** -0.17** -0.10*** 0.21*** -0.04*** -0.01 

  (-8.22) (-3.11) (-3.63) (4.00) (-9.87) (-1.54) 

Business -0.61*** -0.35*** -0.14*** 0.03 -0.05*** -0.03*** 

  (-11.30) (-7.18) (-5.52) (0.65) (-13.76) (-7.69) 

Administration 0.23*** 0.24*** 0.19*** 0.53*** 0.01*** 0.04*** 

  (3.99) (4.62) (7.13) (10.93) (3.66) (10.87) 

Academics -0.15* 0.26*** 0.02 0.55*** -0.04*** -0.00 

  (-2.12) (4.25) (0.71) (9.44) (-9.27) (-0.22) 

Other -0.05 -0.05 0.05** 0.20*** -0.00 0.01** 

  (-1.07) (-1.42) (2.58) (5.53) (-1.01) (2.68) 

Self-employed -0.76*** -0.68*** -0.32*** -0.50*** -0.02*** 0.00 

  (-11.72) (-11.63) (-10.66) (-9.00) (-3.91) (0.51) 

Not insured -0.38*** -0.27** -0.13** -0.09 -0.02** -0.01 

  (-3.54) (-2.80) (-2.72) (-1.03) (-3.04) (-0.90) 

Constant 9.41*** 10.75*** 2.73*** 5.85*** 0.45*** 0.53*** 

  (39.76) (50.93) (25.42) (29.19) (29.31) (33.37) 

              

Job center*Month Yes Yes Yes Yes Yes Yes 

Caseworker fixed effect Yes Yes Yes Yes Yes Yes 

F statistic 2.383 2.007 3.178 2.918 4.291 3.499 

Significance level 0.000 0.000 0.000 0.000 0.000 0.000 

              

N 131,597 131,597 131,597 131,597 131,597 131,597 

R2 0.146 0.167 0.146 0.149 0.171 0.149 

Adj. R2 0.123 0.143 0.122 0.125 0.148 0.125 

* t-statistics in parentheses. * p<0.05 ** p<0.01 *** p<0.001. The omitted categories are: “From an 

OECD country”, “Below 25”, and “Vocational schooling”. 

 

 

2.C Summary Statistics from Analysis Split up on Job center Level 

Table 2.11: Summary statistics from job center level regressions 

  

Outcome measure: log-earnings 

SA Recipients UI Recipients 

After 6 

months 

After 12 

months 

After 6 

months 

After 12 

months 

Mean P-value 0.510 0.543 0.494 0.462 

Median P-value 0.556 0.566 0.435 0.366 

No. job centers w/ P-value < 0.1 7 8 7 8 

No. job centers w/ P-value < 0.05 5 5 5 5 
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3.1 Introduction 

A caseworker interacts with the unemployed worker during meetings at the job centers. 

During these meetings caseworkers are asked to assess, among other things, the unem-

ployed worker’s health and to state whether this influences their chances of getting a 

job. Caseworkers are asked to make such assessments to create a holistic picture of the 

unemployed worker’s abilities and the constraints they face, thereby, also giving the 

caseworker a tool to help getting the unemployed worker back into employment. 

Data shows that caseworkers assess 60 percent of all meetings with Social Assistance 

(SA) recipients and 5 percent of meetings with Unemployment Insurance (UI) recipients 

to be with workers who have health problems serious enough to pose an obstacle to em-

ployment. Comparing this to register data, it can be seen that only 50 percent of SA re-

cipients and 20 percent of UI recipients actually have a registered diagnosis or have 

bought prescription medication during the past three years. 

I study the relationship between a caseworker’s subjective evaluation of an unem-

ployed worker’s health and the register-based diagnoses and purchases of prescription 

drugs in order to better understand a caseworker’s decisions and assessments. I, fur-

thermore, try to explain the cases where a caseworker’s assessment is not in accordance 

with what is observed in the register data. These two specific cases are called false posi-

tives and false negatives. False negatives are when a caseworker assesses that the work-

er does not have a health problem but the register data shows that there has been at least 

one diagnosis within the past three years. I observe a false positive if, on the other hand, 

the caseworker states that the worker has a health problem but no health diagnostic is 

observed in the register data. Both cases are interesting since they provide information 

on which diseases that are seen not to provide problems when searching for jobs, and 

information about whether observable characteristics can help explain an assessed 

health problem when no prior diagnosis is observed. The study will thereby enrich the 

literature on the caseworker-worker relationship by unveiling what caseworkers judge to 

be important health concerns when unemployed workers are looking for employment. 

I use a unique dataset of the total population of Danish caseworkers and their con-

tacts with unemployed workers. I merge these data with data on medical diagnoses 
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made for all patient contacts in clinical hospital departments and emergency rooms in 

Denmark from the National Patient Registry (Landspatientregistret) and with data on 

the use of prescription medication from the Register of Medicinal Product Statistics 

(Lægemiddeldatabasen). Furthermore, I merge this with the Danish register data con-

taining socio-demographic variables and labor market history. 

The paper starts by establishing that the health assessment actually has a significant 

role in explaining the caseworker-assessed overall employability of the worker both 

among social assistance recipients and unemployment insurance recipients. I further 

show that register data can explain between 10 and 30 percent of the variation in case-

worker-assessed health which corresponds to findings from other strands of subjective 

evaluations showing that even when health is self-reported, there seems to be differ-

ences in the subjective and objective measures of health. When trying to explain why 

false negatives occur I find that mental and musculoskeletal diagnoses together with 

diagnoses that are physically prevalent decrease the likelihood of observing a false neg-

ative, and thereby being diagnoses which the caseworker assesses to be a hindrance in 

getting employment. Turning to the opposite case, I find that workers with “less favora-

ble” observable characteristics are on average more likely to produce a false positive 

among social assistance recipients. 

The paper is organized as follows: section 3.2 will go through related literature on 

health assessment and health of unemployed workers. Section 3.3 sketches the institu-

tional settings in Denmark. Section 3.4 will discuss the empirical strategy, and section 

3.5 will continue discussing the used data. Section 3.6 shows the results and the conclu-

sion is found in section 3.7. 

3.2 Related Literature 

The relationship between caseworkers and workers is researched by few studies, and 

most of the studies focus on the importance of caseworkers getting the unemployed 

worker back into employment. E.g. Lechner and Smith (2007) find that when analyzing 

the effect of caseworkers and how they assign workers to activation programs, case-

workers perform as well as a random draw would have done. Behncke et al. (2010) 

study the actual relationship between caseworkers and the unemployed workers. They 
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conclude that the more similar the caseworker and worker is as measured by observable 

characteristics, the more value does the caseworker add towards becoming employed.  

To gain an understanding about caseworkers and how they perceive unemployed 

workers, this paper will focus on the relationship between caseworker-assessed health 

measures and register data on the unemployed workers’ health. The existing literature 

on the accuracy of subjective health measures primarily focuses on self-reported health 

and the relationship with objective health measures. The literature finds a substantial 

amount of underreporting, and that the accuracy varies with the severity of the diagnosis 

and by gender. Datta Gupta and Jürges (2012) perform a study focusing on the accuracy 

of self-reported health data in a Danish setting. They focus on whether differences in the 

subjective and objective measures can be explained by labor market status and find that 

in Denmark there is a substantial underreporting, and that the underreporting is higher 

for people in the labor market than for people outside. They explain this as employed 

workers not wanting to reveal their potential weaknesses, for example to employers and 

coworkers. 

When explaining the accuracy of caseworker-assessed information and register-

based information, I can make use of the explanation suggested above. If I observe that 

caseworkers tend to underreport sicknesses, also called false negatives, it could be ex-

plained by the workers not wanting to reveal any weaknesses to their caseworker. This 

will of course only be prevalent if the sickness which the worker has is concealable. 

Mackenbach et al. (1996) also show that misreporting of self-reported health measures 

varies by educational level, which will cause the discrepancies to depend on observable 

characteristics. Another potential explanation why a caseworker does not report any 

health problems is that the caseworker does not believe that the diagnoses will hinder 

the worker’s ability to obtain employment. This is a judgment call made by the case-

worker. It could also be a matter of the time elapsed between the meeting and the se-

verity of the diagnosis such as recall issues or getting the illness under control in the 

meantime etc. (Eisenhower et al., 2004). 

False positives, on the other hand, are observed if the caseworker reports a health 

problem that is not observed in the register data. A potential explanation for this can be 

found in the literature on caseworker behavior and cream skimming (Courty et al., 

2011; Koning and Heinrich, 2013). This literature shows that caseworkers tend to focus 
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on workers who on paper are “easy to serve”. Literature on how physicians perceive 

patients also shows that observable characteristics such as race, gender and education 

are strong predictors of the physicians’ recommendations (van Ryn et al., 2006). Also, 

Baker et al. (2004) show that false positives in self-reported health are less likely to oc-

cur if the person is working. 

There are other possible explanations for observing false positives related to data 

availability, e.g. there is the possibility that the unemployed worker fakes a health prob-

lem. Also, since I only have access to hospitalizations, visits to emergency rooms and 

purchases of prescription medication, I do not observe visits to the general practitioner 

(GP). On the other hand, since caseworkers are asked to only state if the poor health is a 

hindrance in employment, visits to GPs might not influence this decision much. 

3.3 Institutional Setup 

As part of the active labor market policies in Denmark, unemployed workers have to 

participate in meetings in the local job centers independent of whether they receive so-

cial assistance benefits or unemployment insurance benefits. The role of a caseworker is 

twofold. A caseworker checks whether the unemployed worker is indeed applying for 

jobs and thereby is eligible for benefits and also discusses the worker’s future prospects 

in terms of getting back into employment. How a caseworker allocates time to the two 

tasks is idiosyncratic and can affect the outcome of the worker (van den Berg and van 

der Klaauw, 2006). The caseworker, though, has to keep in mind that the primary goal 

of the meeting is to help the unemployed worker back into employment as soon as pos-

sible (Ministry of Employment, 2013).  

A meeting either has the status of being resetting or non-resetting dependent on the 

content of the meeting. A resetting meeting is a meeting that, as stated by law, has to 

take place at least every third month and has to focus on the issue of the unemployed 

worker’s speedy return to work. A non-resetting meeting can e.g. be any form of infor-

mal or short contact that the caseworker has with a worker. Since 2005, all contacts be-

tween workers and the job center must to be registered in the National Digital Registra-

tion System thereby covering the full population of meetings between the caseworker 

and the individual. 



86 

 

During resetting meetings, the caseworker needs to go through a systematic assess-

ment of various dimensions of the unemployed worker with the goal of getting a holistic 

picture of the worker’s employability. The caseworker must state if the worker has par-

ticular problems with one or more of the following six attention areas pre-specified in 

the system: the worker’s labor market prospects, the worker’s professional and technical 

skills, the worker’s personal competencies, the health of the worker, addictions, and the 

worker’s personal finances and network. The caseworker also has to evaluate the unem-

ployed worker’s overall employability on a scale from one to five with one as the best 

assessment and five as the lowest (also known as match categories).
1
 The evaluation is 

supposed to reflect the worker’s current employability taking into account the general 

labor market situation. In general, the five match categories can be divided into two 

broader categories; whether the unemployed worker is assessed to be ready to work 

(match category 1-3) or not ready to work (match categories 4 and 5). A report from the 

Danish National Centre for Social Research (Madsen et al., 2006) studies ten different 

job centers and their use of match categories when assessing social assistance recipients. 

It concludes that the job centers use similar criteria to assess the unemployed workers 

and often objective criteria are behind the assessments. It does, however, observe that 

occasionally caseworkers use the match category not only as an objective measure but 

also as a tool to reach specific goals easier. This is possible because unemployed work-

ers who are assessed to be ready for work have other responsibilities than the workers 

who are assessed not ready for work.
2
  

The assessments are made during the meetings on the basis of the conversations with 

the worker. As such, the caseworker does not have access to register data on the work-

er’s health but the caseworker can read assessments and comments from earlier meet-

ings. Before the end of the meeting, the caseworker will explain the areas of attention 

that the caseworker has identified during the meeting, such that the worker has an op-

portunity to object against potential areas in which the worker disagrees.  

                                                 

1
 In 2009, the number of match categories was reduced to three categories instead of five. 

2
 The biggest difference lies how the job centers are asked to evaluate whether the unemployed worker is 

available to the job market. A worker who is assessed ready for work has to be available all the time, 

whereas a worker not assessed ready for work has to “exploit his/her opportunities”. There are also differ-

ences in the length of potential activation programs. 
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3.4 Empirical Strategy 

To address the question whether health is an important factor when caseworkers assess 

the unemployed workers’ employability and labor market potential, let 𝑦𝑖𝑐𝑡, the em-

ployability index (measured as the match category) of worker i as assessed by case-

worker c in month t, be a function of the caseworker-assessed health indicator, healthict 

and individual characteristics: 

(1)                       𝑦𝑖𝑐𝑡 = 𝛼𝑜 + 𝛾1ℎ𝑒𝑎𝑙𝑡ℎ𝑖𝑐𝑡 + 𝑋𝑖𝛼1 + 𝜃𝑐 + 𝛿𝑡 + 휀𝑖𝑐𝑡 

 

where 𝜃𝑐 is caseworker fixed effects. Caseworker fixed effects are included in order to 

focus on the within caseworker variation and thereby accounting for a difference in 

caseworkers’ individual preferences for the use of categories. 𝛿𝑡 is monthly dummies 

and included to account for potential time effects.  𝑋𝑖 contains socio-demographic in-

formation such as gender, education, labor market history etc. measured before the 

meeting. Thus, this is one of only few studies in the literature to be able to include 

caseworker fixed effects. 

To estimate equation (1), I will use an OLS with and without caseworker fixed ef-

fects and an ordered logit model. The ordered logit model takes the ordinal scale of the 

dependent variable into account. The employability index is made on a scale from 1 to 5 

where match category 1 is the best score, 2 is the second best score, and 5 is the worst 

score that can be obtained, giving the values a natural ordering. 

After investigating the role of health on the overall assessment from the caseworker, 

I will take a further look into the actual health assessments and how these compare with 

the objective register data. I use a linear probability model where I let ℎ𝑒𝑎𝑙𝑡ℎ𝑖𝑐𝑡 be the 

indicator variable capturing whether caseworker c has assessed worker i to have a health 

problem in month i: 

 

(2) 

ℎ𝑒𝑎𝑙𝑡ℎ𝑖𝑐𝑡 = 𝛽𝑜 + ∑ 𝜑1j𝑎𝑛𝑦_𝑑𝑖𝑎𝑔𝑖𝑗

−10

𝑗=−1

+ ∑ 𝜑2𝑎𝑛𝑦_𝑚𝑒𝑑𝑖𝑗

−10

𝑗=−1

+ 𝑋𝑖𝛽1 + 𝜃𝑐 + 𝛿𝑡 + 휀𝑖𝑐𝑡 

 

I transform my diagnoses and prescription medication codes into a set of dummy var-

iables, any_diagij and any_medij, with j counting backwards the number of diagnoses 
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(prescription medication) from the meeting. Any_diagi-1 will equal one if worker i has at 

least one diagnosis, any_diagi-2 will equal one if worker i has at least two diagnoses and 

so on. I do this to investigate whether having a diagnosis and taking prescription medi-

cation (independent of types) influences a caseworker’s assessment of the worker’s 

health. 𝜃𝑐 is again caseworker fixed effects, and 𝛿𝑡 is monthly dummies. The condition-

ing set, 𝑋𝑖 includes commonly used observable characteristics such as gender, education 

level, children, marital status etc. I am further able to condition on both short- and long-

term labor market history measured as weeks in self-sufficiency, weeks receiving any 

form of benefits, latest occupation and industry etc. Especially, the time spent in unem-

ployment could be important to condition on since one could imagine that an unem-

ployed worker would have more time to visit the doctor. Also, I include the number of 

weeks elapsed between the meeting and each of the previous diagnoses (or purchases of 

prescription medication). I run a similar variant of this model where I include the num-

ber of diagnoses and the number of purchases of prescription medication as my inde-

pendent variables in order to see whether it is amount of health care use that matters. 

Since I have data on all workers irrespective of the health status, I can investigate 

both false negatives and false positives. The variable false negative is on the individual 

level coded as occurring when a caseworker does not report a health problem despite 

observing at least one diagnosis. Summing the false negatives is thereby the conditional 

probability that the worker does not get a caseworker assessed health problem having at 

least one previous diagnosis. False positives are, on the other hand, the conditional 

probability of the worker receiving a caseworker assessed health problem when not hav-

ing any previous diagnosis. 

In case of false negatives, I analyze whether there are any diagnoses that are more 

likely not to be assessed as a health problem than others. Also, in one of the specifica-

tions, I will include prescription drugs. Taking prescription medication can be seen as a 

sign of recovering and therefore it could help explain a false negative. For false posi-

tives, I investigate whether any particular observable characteristics can explain why a 

caseworker assesses a worker to have a health problem when there are no earlier diag-

noses. If it is the case that workers with “worse” observable characteristics are assessed 

to have a health problem, this could be a way for the caseworker to park such workers 

into disability pension or other passive programs.   
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3.5 Data 

My main source of data is the National Digital Registration System (Det Digitale Regi-

streringsværktøj – DRV). This dataset contains information on the total population of 

meetings between Danish caseworkers and unemployed workers. The Danish Ministry 

of Employment has made a dialogue guide (Dialogguiden) for the caseworker to use as 

a guideline to which areas the conversation should address during the meetings. During 

or after the meetings with the unemployed worker, the caseworker has to register and 

document the meeting, and the caseworker is also asked to assess the worker on various 

dimensions based on the content of the dialogue guide. The general aims of the digital 

system are to ease the case processing, to give the workers a better case management 

and to document that meetings have actually taken place. I will use data on the full pop-

ulation of meetings between caseworkers and unemployed workers in the period of 

2005 to 2007. During this period there are 851,086 resetting meetings with SA recipi-

ents, and 851,583 meetings with UI recipients. 

I use two different assessments made by the caseworker. First of all, the caseworkers 

are asked to assess the worker on six different dimensions. The six dimensions and the 

share of workers who are assessed with the various problems are found in Table 3.1. 

Table 3.1: Summary statistics of the caseworker-assessed problem areas 

  

  

Men Women 

Mean Std. Dev Min Max Mean Std. Dev. Min Max 

Assessed Problem Area Social Assistance Recipients 

Professional and technical skills 0.53 0.499 0 1 0.61 0.487 0 1 

Labor market perspective 0.39 0.488 0 1 0.40 0.489 0 1 

Health 0.58 0.493 0 1 0.61 0.487 0 1 

Addiction 0.17 0.379 0 1 0.04 0.207 0 1 

Finances and network 0.21 0.410 0 1 0.23 0.423 0 1 

Personal competencies 0.39 0.488 0 1 0.37 0.482 0 1 

Number of meetings 384,295 

   

466,791 

   

  

 

Unemployment Insurance Recipients 

Professional and technical skills 0.21 0.408 0 1 0.21 0.408 0 1 

Labor market perspective 0.09 0.280 0 1 0.10 0.295 0 1 

Health 0.05 0.207 0 1 0.05 0.212 0 1 

Addiction 0.00 0.011 0 1 0.00 0.030 0 1 

Finances and network 0.00 0.065 0 1 0.00 0.053 0 1 

Personal competencies 0.02 0.129 0 1 0.02 0.151 0 1 

Number of meetings 519,910 

   

331,673 

    

Among social assistance recipients (SA recipients), the most prevalent problem as-

sessed by the caseworker is the health of the workers. Around 60 percent of all SA re-
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cipients have health problems whereas only 5 percent of the unemployment insurance 

recipients (UI recipients) have the same problems. 

The second variable I use is the employability index of the worker called the match 

category described earlier. The distribution of this variable is seen in Table 3.2. Only 10 

percent of the SA recipients are assessed to be in the best match category whereas al-

most 70 percent of the UI recipients are assessed as match category 1. 

Table 3.2: Summary statistics of the caseworker-assessed match category 

  Social Assistance Recipients Unemployment Insurance Recipients 

  Men Women Men Women 

Match Category Freq. Percent Freq. Percent Freq. Percent Freq. Percent 

1 38,078 9.91 39,034 8.36 229,049 69.06 366,265 70.45 

2 49,075 12.77 57,027 12.22 89,962 27.12 137,756 26.50 

3 67,368 17.53 89,547 19.18 12,140 3.66 15,379 2.96 

4 164,265 42.74 216,212 46.32 465 0.14 468 0.09 

5 65,509 17.05 64,971 13.92 57 0.02 42 0.01 

Total 384,295 100.00 466,791 100.00 331,673 100.00 519,910 100.00 

 

Figure 1 shows the distribution of the caseworker-assessed health problems between 

the overall match categories. There is a tendency that the worse the match category, the 

higher the share of workers with a health problem. This could be an indication that the 

health assessment significantly affects the overall assessment of the match category.  

To get an objective measure of the workers’ health, I merge caseworker data with 

medical diagnoses from the Danish National Patient Registry
3
 and purchases of pre-

scription medication from the Register of Medicinal Product Statistics. In this paper, I 

will treat registered diagnoses and the use of prescription drugs as the gold standard 

though I am aware that physicians also might under- or over-assess the conditions de-

pendent on observable characteristics (van Ryn et al., 2006; Gross et al., 2008). 

 

                                                 

3
 The data contains information on contact with both somatic and psychological hospitals and emergency 

rooms. 
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Figure 1: Distribution of caseworker-assessed health problems in the match categories 

 

  

For SA recipients, 66 percent of all men and 77 percent of all women have at least 

one diagnosis within the three years preceding a meeting. For UI recipients, the num-

bers are 50 percent and 58 percent for men and women, respectively. Turning to the 

registered diagnoses and purchases of prescription medication, Table 3.3 shows the 

shares of registered diagnoses.
4
 The numbers include the last ten diagnoses before a 

meeting conditional on being registered less than three years before a meeting. If a 

worker has been diagnosed with the same diagnosis or bought the same prescription 

medication in the same week, I include this as a single occurrence. Limiting the sample 

of diagnoses to the past ten diagnoses captures most diagnoses within the past three 

years. For SA recipients, less than 9 percent of the men have ten or more diagnoses 

within past three years, and for women this is 13 percent. For UI recipients, the percent-

age is less than 3 percent. The average number of weeks between the meeting and the 

                                                 

4
 Classification of the diagnoses follows the ICD10 standards. 
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closest preceding diagnosis is 54 weeks for men and 50 weeks for women among SA 

recipients. For UI recipients, it is 64 weeks for both men and women. The last diagnosis 

included in the sample is on average 86 weeks from the meeting for men and 95 weeks 

for women for SA recipients, and for UI recipients it is 91 weeks for men and 104 

weeks for women (see Appendix 3.A and 3.B). 

Table 3.3 shows the share of diagnoses included in the analysis; the share reflects the 

ten last diagnoses for each unemployed worker. If the worker has only had one diagno-

sis, the other nine variables will be coded as if there is no diagnosis. In Table 3.4, the 

analogous use of prescription drugs is shown. Among SA recipients, the most prevalent 

diagnoses are injury, poisoning and other external causes, pregnancy (among women), 

mental and behavioral disorders and a “catch all” variable named ‘factors influencing 

health status and contact with health services’. UI recipients have in general fewer diag-

noses, which corresponds well with the caseworkers’ assessments of the health. 

Table 3.3: Diagnoses 

 SA Recipients UI Recipients 

 Men Women Men Women 

No diagnosis 73.42% 63.07% 85.27% 81.20% 

Certain infectious and parasitic diseases 0.41% 0.45% 0.18% 0.17% 

Neoplasms 0.31% 0.54% 0.33% 0.60% 

Diseases of the blood and blood-forming organs and 

certain disorders involving the immune mechanism 0.07% 0.20% 0.05% 0.07% 

Endocrine, nutritional and metabolic diseases 0.62% 1.27% 0.48% 0.66% 

Mental and behavioral disorders 3.94% 3.33% 0.78% 0.54% 

Diseases of the nervous system 0.49% 0.63% 0.29% 0.31% 

Diseases of the eye and adnexa 0.27% 0.24% 0.26% 0.20% 

Diseases of the ear and mastoid process 0.19% 0.22% 0.21% 0.15% 

Diseases of the circulatory system 0.94% 0.76% 0.94% 0.67% 

Diseases of the respiratory system 0.65% 0.68% 0.40% 0.35% 

Diseases of the digestive system 1.29% 1.46% 0.99% 0.89% 

Diseases of the skin and subcutaneous tissue 0.51% 0.47% 0.30% 0.25% 

Diseases of the musculoskeletal system and connec-

tive tissue 2.23% 2.43% 1.58% 1.50% 

Diseases of the genitourinary system 0.47% 1.75% 0.41% 1.35% 

Pregnancy, childbirth and the puerperium 0.00% 4.79% 0.00% 2.33% 

Certain conditions originating in the perinatal period 0.00% 0.01% 0.00% 0.00% 

Congenital malformations, deformations and chro-

mosomal abnormalities 0.09% 0.12% 0.05% 0.06% 

Symptoms, signs and abnormal clinical and laborato-

ry findings, not elsewhere classified 1.25% 1.99% 0.71% 0.89% 

Injury, poisoning and certain other consequences of 

external causes 7.85% 5.18% 4.19% 2.45% 

External causes of morbidity and mortality 0.05% 0.09% 0.01% 0.04% 

Factors influencing health status and contact with 

health services 4.94% 10.33% 2.58% 5.32% 

Total number 3,842,945 4,667,906 3,316,730 5,199,100 

* The diagnoses included are the past ten diagnoses conditional on being less than three years before 

meeting. 
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Turning to the use of prescription medicine, we again see that SA recipients use more 

prescription drugs than the UI recipients (see Table 3.4).
5
 In line with the large preva-

lence of diagnoses related to mental and behavioral diagnoses among SA recipients, we 

also see that prescription medication related to the nervous system is by far the most 

commonly used prescription medication among SA recipients. 

Table 3.4: Purchases of prescription medication 

 SA Recipients UI Recipients 

  Men Women Men Women 

No prescription drug 48.38% 24.41% 55.07% 31.50% 

Alimentary tract and metabolism 4.47% 4.79% 4.37% 3.32% 

Blood and blood-forming organs 0.95% 0.83% 1.67% 0.96% 

Cardiovascular system 3.30% 3.38% 6.61% 5.82% 

Dermatologicals 2.18% 3.04% 2.88% 3.17% 

Genito urinary system and sex hormones 0.06% 13.90% 0.06% 17.54% 

Systemic hormonal preparations, excl. sex hor-

mones and insulins 0.80% 1.62% 1.05% 2.06% 

Anti-infectives for systemic use 8.63% 15.81% 8.48% 13.44% 

Antineoplastic and immunomodulating agents 0.09% 0.14% 0.13% 0.16% 

Musculo-skeletal system 7.68% 9.78% 7.21% 7.69% 

Nervous system 20.51% 18.41% 9.20% 10.45% 

Antiparasitic products, insecticides and repellents 0.00% 0.00% 0.00% 0.00% 

Respiratory system 2.95% 3.88% 3.26% 3.88% 

Sensory organs 0.00% 0.00% 0.00% 0.00% 

Various 0.00% 0.00% 0.00% 0.00% 

Total 100% 100% 100% 100% 

* The prescription medications included are the past ten buys within the last three years before meeting. 

 

In order to conclude whether any of the results later vary with usual socio-

demographic variables, and to get a general understanding of the sample I look at, I 

merge the above described data with the Danish register data.  

The 851,086 resetting meetings with SA recipients are held by 10,463 different 

caseworkers, and the 851,583 meetings with UI recipients are held by 4,138 different 

caseworkers. As can be seen in Table 3.5, there are on average more caseworkers per 

SA recipient than there are caseworkers per UI recipient. First of all, this can be ex-

plained by SA recipients being harder to serve because of their less favorable average 

characteristics in terms of labor market attachment. Also, it can be explained by the 

standard time each caseworker by law has been assigned for the meetings. Caseworkers 

who work with SA recipients have one hour per client whereas caseworkers working 

with UI recipients have half an hour. It is also worth noting that the SA recipients on 

average are younger than UI recipients despite the higher use of prescription drugs and 

                                                 

5
 Classification of prescription medication follows the ATC index. 



94 

 

number of diagnoses. A final point is the level of education, which the workers have 

obtained. More than two thirds of the SA sample only has obtained a basic schooling 

education while the corresponding share in the UI sample is around one third. The less 

favorable observable characteristics among SA recipients, in terms of what is known to 

affect labor market outcome, is also reflected in the caseworker-assessed match catego-

ries. The average match category given to SA recipients is between three and four 

whereas it is between one and two among UI recipients. 

Table 3.5: Summary statistics of individual background characteristics 

  Men Women 

  Social Assistance Recipients 

Variable Mean Std. Dev. Min Max Mean Std. Dev. Min Max 

Self-sufficiency 6 months pre meeting 0.15 0.29 0 1 0.08 0.22 0 1 

Self-sufficiency 12 months pre meeting 0.17 0.28 0 1 0.09 0.22 0 1 

Basic schooling 0.68 0.46 0 1 0.74 0.44 0 1 

High school 0.07 0.25 0 1 0.09 0.28 0 1 

Vocational schooling 0.19 0.39 0 1 0.13 0.33 0 1 

Short further education 0.02 0.14 0 1 0.01 0.11 0 1 

Intermediate further education 0.03 0.17 0 1 0.03 0.17 0 1 

Further education 0.02 0.13 0 1 0.01 0.09 0 1 

Age 39.96 11.77 10 111 37.90 10.84 10 100 

Children 0.25 0.43 0 1 0.62 0.48 0 1 

From an OECD country 0.03 0.16 0 1 0.03 0.16 0 1 

From other countries 0.16 0.36 0 1 0.23 0.42 0 1 

From an unknown country 0.00 0.01 0 1 0.00 0.01 0 1 

Experience since 1981 (in years) 4.28 6.04 0 41 2.17 4.02 0 40 

         

Number of meetings 384,295 

   

466,791 

   Number of individuals 94,866 

   

101,056 

   Number of caseworkers 10,463 

  Unemployment Insurance Recipients 

Self-sufficiency 6 months pre meeting 0.26 0.31 0 1 0.20 0.27 0 1 

Self-sufficiency 12 months pre meeting 0.33 0.32 0 1 0.25 0.29 0 1 

Basic schooling 0.33 0.47 0 1 0.31 0.46 0 1 

High school 0.07 0.26 0 1 0.07 0.26 0 1 

Vocational schooling 0.39 0.49 0 1 0.38 0.49 0 1 

Short further education 0.07 0.25 0 1 0.05 0.22 0 1 

Intermediate further education 0.09 0.29 0 1 0.14 0.35 0 1 

Further education 0.05 0.22 0 1 0.04 0.20 0 1 

Age 46.45 12.05 20 72 45.28 11.13 18 72 

Children 0.28 0.45 0 1 0.49 0.50 0 1 

From an OECD country 0.03 0.17 0 1 0.02 0.15 0 1 

From other countries 0.07 0.26 0 1 0.05 0.22 0 1 

From an unknown country 0.00 0.01 0 1 0.00 0.00 0 1 

Experience since 1981 (in years) 13.63 10.75 0 42 11.31 8.78 0 42 

         

Number of meetings 331,673 

   

519,910 

   Number of individuals 121,417 

   

168,760 

   Number of caseworkers 4,138 
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To summarize, my data consists of the full population of meetings between case-

workers and unemployed workers. I am able to identify both the caseworker and the 

worker. I merge this data with information about the unemployed workers’ diagnoses, 

buys of prescription drugs and labor market history. During this process, I drop around 

4,000 observations (for both SA and UI recipients it is less than one percent) that I can-

not merge with the register data. I only focus on resetting meetings which end with a 

worker matched in category 1-5. Caseworker can also assign workers the match catego-

ry 6 but this category is only defined to be a match between one and three (for meetings 

with SA recipients this is around five percent and zero percent for UI recipients). I have 

performed robustness checks by including these as a match category as well and it does 

not change the conclusions. I perform all analyses separately for SA and UI recipients 

and disaggregate furthermore by gender. 

3.6 Results 

The descriptive statistics showed that health is the attention area used most by case-

workers among SA recipients, and that there could be a relationship between this and 

the overall employability. Table 3.6 shows the results from running the regression of the 

stated problem areas on the overall employability as assessed by the caseworker.
6
 

The first three model specifications (columns (1) – (3) and (5) – (7)) assume that the 

match category as the dependent variable can be modelled as a linear variable. This is of 

course not the case since the variable is ordinal scaled from 1 to 5 but the specifications 

are included to serve as a benchmark. Columns (4) and (8) show the log odds from run-

ning an ordered logit model. It is important to note that the results from the ordered logit 

model are not comparable to the beta coefficients estimated by the linear probability 

regression. The log odds can be interpreted as the effect on the odds of being in a match 

category compared to being in the other categories of a one unit change in the inde-

                                                 

6
 The models in the following sections are run on the full population of meetings between caseworkers 

and unemployed workers. This results in an unbalanced panel that would create bias if the number of 

times an unemployed worker is in the dataset is correlated with the error term. To briefly address this 

question I have run all the models on only the first meeting between a caseworker and the unemployed 

worker. The conclusions, however, do not change. 
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pendent variable. E.g., the odds of being in a given match category compared to being 

in another match category are around two if the worker has an assessed health problem.  

Table 3.6: OLS, FE and ordered logit results: Match category  

  Social Assistance Recipients 

  Men Women 

  OLS OLS FE Ord. logit OLS OLS FE Ord. logit 

Prof. and tech. skills 0.281*** 0.218*** 0.240*** 0.552*** 0.363*** 0.261*** 0.269*** 0.638*** 

  (0.012) (0.011) (0.003) (0.028) (0.012) (0.010) (0.002) (0.028) 

Labor market prospect 0.353*** 0.242*** 0.277*** 0.645*** 0.338*** 0.235*** 0.272*** 0.668*** 

  (0.009) (0.008) (0.003) (0.021) (0.008) (0.008) (0.002) (0.021) 

Health 1.195*** 0.958*** 0.743*** 2.158*** 1.159*** 0.992*** 0.782*** 2.321*** 

  (0.012) (0.011) (0.003) (0.026) (0.011) (0.010) (0.002) (0.023) 

Addiction 0.782*** 0.655*** 0.459*** 1.676*** 0.698*** 0.588*** 0.410*** 1.681*** 

  (0.016) (0.013) (0.003) (0.031) (0.016) (0.014) (0.005) (0.043) 

Economy and network 0.111*** 0.107*** 0.153*** 0.344*** 0.182*** 0.162*** 0.184*** 0.466*** 

  (0.008) (0.007) (0.003) (0.021) (0.008) (0.007) (0.003) (0.021) 

Personal competencies 0.458*** 0.412*** 0.329*** 0.973*** 0.443*** 0.409*** 0.319*** 1.051*** 

  (0.009) (0.008) (0.003) (0.020) (0.008) (0.007) (0.002) (0.019) 

  
        Individual char. No Yes Yes Yes No Yes Yes Yes 

Caseworker FE No No Yes No No No Yes No 

Month FE No Yes Yes Yes No Yes Yes Yes 

  

        N 384,295 384,234 384,234 384,234 466,791 466,791 466,791 466,791 

R2 0.49 0.56 0.72 

 

0.47 0.54 0.69 

 Adj. R2 0.49 0.56 0.71 
 

0.47 0.54 0.69 
 Pseudo R2 

   

0.26 

   

0.25 

* Standard errors in parentheses and clustered by caseworkers. * p<0.05, ** p<0.01, *** p<0.001. 

 

Health has the biggest log odds compared to the other categories. The importance of 

health is also found in the models assuming linearity where the health variable has the 

biggest influence on the overall match category compared to the other indicators with a 

point estimate almost twice the size of the other factors. The point estimates decrease 

when including observable characteristics indicating that caseworker assessments corre-

late positively with these observable characteristics. 

From the descriptive statistics, I see that there are significant differences by just 

comparing the number of workers who the caseworkers assess to have health problems 

with the number of workers who actually have a history in the health sector. To investi-

gate further what lies behind the criteria used by the caseworker to assess workers, I 

compare the assessed health variable with the actual diagnoses and actual prescription 

medication. 
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Table 3.7: Regressions on caseworker-assessed health for social assistance recipients 

 Social Assistance Recipients 

 

Men Women 

 
LPR LPR LPR FE LPR LPR LPR FE 

Number of diagnoses 0.012*** 0.009*** 0.009*** 0.008*** 0.006*** 0.006*** 0.009*** 0.007*** 

 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Number of prescrip. med. 0.005*** 0.005*** 0.003*** 0.002*** 0.005*** 0.004*** 0.003*** 0.002*** 

 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Constant 0.469*** 0.452*** 0.142*** 0.177*** 0.485*** 0.542*** 0.085*** 0.188*** 

 

(0.005) (0.005) (0.015) (0.014) (0.004) (0.005) (0.016) (0.014) 

         Caseworker fixed effects No No No Yes No No No Yes 

Background var. No No Yes Yes No No Yes Yes 

Weeks btw. meeting and 
diagnoses/prescrip. med. No Yes Yes Yes No Yes Yes Yes 

Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes 

         N 384,295 384,295 384,234 384,234 466,791 466,791 466,749 466,749 

Adj. R2 0.07 0.09 0.20 0.30 0.07 0.08 0.17 0.29 

* Standard errors in parentheses and clustered by caseworkers. * p<0.05 ** p<0.01 *** p<0.001. 

 

To understand whether caseworkers focus on the magnitude of a worker’s number of 

diagnoses or buys of prescription medication, I construct a variable counting number of 

diagnoses and purchases of prescription medication within the past three years. The 

average number of diagnoses for SA males is four and they have on average bought 

prescription medication 14 times during the past three years. For SA females, the aver-

age numbers are five diagnoses and 20 purchases of prescription medication. Assuming 

that the relationship is linear between this variable and the health assessment gives the 

results in Table 3.7. Having one more diagnosis increases the probability of a casework-

er assessed health problem by less than one percent for both men and women among the 

SA recipients (Appendix 3.C has the results for UI recipients). 

Instead of assuming a linear relationship between the number of diagnosis and pur-

chases of prescription medication, I split the diagnosis and medications into indicator 

variables. Table 3.8 shows the results from running a linear probability model, and the 

results show that the largest impact on whether a caseworker assesses the worker to 

have a health problem comes from the diagnosis that is closest in time to the meeting. 

Having one diagnosis compared to having no diagnosis increases the probability of get-

ting assessed as having a health problem by 5.3 percent for men and 7.4 percent for 

women. Having two diagnoses within the past three years increases the probability by 

an extra 2.6 percent for men. For women, the pattern is opposite, and we see that having 

two diagnoses as compared to having less than two diagnoses reduces the probability of 
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being assessed with a health problem. After diagnosis four or five, which is on average 

around 1.5 years before the meeting, the significant effect of having a diagnosis disap-

pears (see Appendix 3.C). An interesting observation is how the significant effect actu-

ally disappears earlier for SA recipients than what we observe for UI recipients. On the 

other hand, the effect of the first diagnosis is much larger for SA recipients capturing 

the larger share that actually have a diagnosis.  In total, the models for SA recipients can 

explain around one fourth of the variation in the health assessment whereas for UI recip-

ients, the model explains only around 10 percent. 

Table 3.8: Linear probability model of caseworker-assessed health problems 

  Social Assistance Recipients 

 Men Women 

Any diagnosis 1 0.025*** 0.060*** 0.053*** 0.020*** 0.085*** 0.074*** 

  (0.002) (0.004) (0.003) (0.002) (0.004) (0.003) 

Any diagnosis 2 0.015*** 0.031*** 0.026*** -0.012*** -0.022*** -0.024*** 

  (0.003) (0.007) (0.005) (0.002) (0.006) (0.004) 

Any diagnosis 3 0.012*** 0.005 0.006 -0.002 -0.011 -0.009 

  (0.003) (0.009) (0.007) (0.003) (0.008) (0.006) 

Any diagnosis 4 0.009* 0.034** 0.025** 0.002 0.010 0.011 

  (0.004) (0.012) (0.009) (0.003) (0.010) (0.007) 

Any diagnosis 5 0.011* -0.020 -0.012 -0.016*** -0.064*** -0.053*** 

  (0.005) (0.016) (0.012) (0.004) (0.013) (0.010) 

Any prescrip. med. 1 0.025*** 0.056*** 0.050*** 0.023*** 0.048*** 0.047*** 

  (0.003) (0.005) (0.004) (0.004) (0.007) (0.005) 

Any prescrip. med. 2 0.039*** 0.049*** 0.048*** 0.013** 0.026* 0.021** 

  (0.003) (0.008) (0.006) (0.004) (0.010) (0.007) 

Any prescrip. med. 3 0.029*** 0.057*** 0.044*** 0.017*** 0.036** 0.031*** 

  (0.004) (0.011) (0.007) (0.004) (0.012) (0.008) 

Any prescrip. med. 4 0.036*** 0.029* 0.025** 0.002 0.014 0.011 

  (0.004) (0.013) (0.009) (0.004) (0.014) (0.010) 

Any prescrip. med. 5 0.013** 0.035* 0.019 0.022*** 0.036* 0.028* 

  (0.005) (0.016) (0.011) (0.005) (0.017) (0.011) 

Constant 0.409*** 0.081*** 0.126*** 0.425*** -0.083*** 0.038** 

  (0.002) (0.015) (0.014) (0.003) (0.015) (0.014) 

       

Caseworker FE No No Yes No No Yes 

Background var. No Yes Yes No Yes Yes 

Month fixed effects No Yes Yes No Yes Yes 
Weeks btw. meeting and diagnoses 

and prescrip. med. No Yes Yes No Yes Yes 

  
      N 384,295 384,234 384,234 466,791 466,749 466,749 

Adj. R2 0.28 0.22 0.34 0.25 0.20 0.32 

* Standard errors in parentheses and clustered by caseworkers. * p<0.05 ** p<0.01 *** p<0.001. Any 

diagnosis (prescript. med.) 1 equals 1 if the worker has one diagnoses, and 0 otherwise. Any diagnosis 2 

(prescript. med. 2) equals 1 for those who have at least 2 diagnoses and 0 otherwise and so on. 

 

To further explore what lies behind the discrepancies between a caseworker’s health 

assessments and the register data, I define two new variables capturing whether I ob-

serve a false negative or a false positive. For caseworkers working with SA recipients, 



99 

 

almost 27 percent of the meetings end up with the caseworker registering that the work-

er does not have a health problem but there has been a diagnosis within the past three 

years. For UI recipients, the number is 52 percent. On the other hand, 14 percent of the 

meetings with SA recipients end up with the caseworker stating that the worker has a 

health problem even though this is not seen in the registers. This is only the case for less 

than 1.5 percent of the meetings with UI recipients. Thus, false negatives are more like-

ly to arise for UI recipients whereas false positives are more likely to be observed for 

SA recipients.  

Table 3.9: False negatives and false positives 

  

  

Social Assistance Recipients Unemployment Insurance Recipients 

Men Women Total Men Women Total 

False Negatives 24.15% 28.52% 26.54% 46.66% 54.88% 51.68% 

False Positives 16.52% 12.64% 14.40% 1.48% 1.36% 1.41% 

 

As seen in Table 3.8, the diagnosis closest to the meeting is the one that has the 

strongest effect when the caseworker assesses the worker to have a health problem. In 

the following analysis, I therefore focus primarily on the diagnosis closest in time to the 

meeting, and I leave out workers who have never had a diagnosis. I thereby shift atten-

tion to the part of the sample which could potentially be classified as a false negative.  

Focusing first on false negatives, I can look at which particular sickness is more like-

ly not to be recorded as giving the unemployed worker a health problem and the omitted 

category is certain infectious and parasitic diseases. A negative result should be inter-

preted as a decrease in the probability of observing a false negative compared to unem-

ployed workers who have the diagnosis of certain infectious and parasitic diseases. Re-

ducing the probability of observing a false negative in a sample where everyone by con-

struction has at least one diagnosis can be interpreted as if the caseworker is less likely 

to assess the unemployed worker as not having a health problem or, stated in another 

way, as if the caseworker is more likely to assess the unemployed worker as having a 

health problem. 

For men, the only diagnosis that has a positive, significant probability of observing a 

false negative is if the worker has had an injury, poisoning or other consequences of 

external causes (see Table 3.10). This group of diagnoses covers injuries related to both 

single and multiple body areas and includes fractures, muscle injuries, but also injuries 

to nerves and spinal cord. It suggests that caseworkers do not see injuries caused by 
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external factors as being a hindrance in looking for jobs. For women, we see that preg-

nancy is the only diagnosis with a positive, significant effect, i.e. not a hindrance in 

finding employment.  

Table 3.10: Linear probability regression of false negatives for social assistance recipients 
  Men Women 

Neoplasms -0.077*** -0.067*** -0.043*** -0.075*** -0.064*** -0.026** 
  (0.011) (0.011) (0.011) (0.009) (0.009) (0.009) 

Diseases of the blood and blood-forming organs -0.086*** -0.057** -0.051** -0.076*** -0.072*** -0.056*** 

  (0.020) (0.020) (0.020) (0.012) (0.012) (0.012) 
Endocrine, nutritional and metabolic diseases -0.143*** -0.097*** -0.079*** -0.042*** -0.027*** -0.017* 

  (0.009) (0.009) (0.009) (0.008) (0.008) (0.008) 

Mental and behavioral disorders -0.076*** -0.048*** -0.054*** -0.146*** -0.107*** -0.103*** 
  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 

Diseases of the nervous system -0.111*** -0.081*** -0.077*** -0.160*** -0.128*** -0.115*** 

  (0.010) (0.009) (0.009) (0.009) (0.009) (0.008) 
Diseases of the eye and adnexa -0.009 -0.005 0.003 -0.065*** -0.051*** -0.022* 

  (0.011) (0.010) (0.010) (0.010) (0.010) (0.010) 

Diseases of the ear and mastoid process -0.050*** -0.055*** -0.033** -0.071*** -0.068*** -0.040*** 
  (0.011) (0.011) (0.011) (0.011) (0.010) (0.010) 

Diseases of the circulatory system -0.132*** -0.077*** -0.053*** -0.104*** -0.069*** -0.033*** 
  (0.009) (0.009) (0.008) (0.009) (0.008) (0.008) 

Diseases of the respiratory system -0.021* -0.021* -0.017* -0.036*** -0.035*** -0.022** 

  (0.009) (0.009) (0.009) (0.009) (0.008) (0.008) 
Diseases of the digestive system -0.028*** -0.013 0.001 -0.056*** -0.039*** -0.025*** 

  (0.008) (0.008) (0.008) (0.008) (0.008) (0.007) 

Diseases of the skin and subcutaneous tissue 0.043*** 0.036*** 0.032*** -0.015 -0.015 -0.009 
  (0.009) (0.009) (0.009) (0.009) (0.009) (0.009) 

Diseases of the musculoskeletal system and 

connective tissue -0.116*** -0.103*** -0.084*** -0.152*** -0.134*** -0.105*** 
  (0.008) (0.008) (0.007) (0.007) (0.007) (0.007) 

Diseases of the genitourinary system -0.006 -0.002 0.004 -0.017* -0.017* -0.007 

  (0.010) (0.010) (0.009) (0.008) (0.007) (0.007) 
Pregnancy, childbirth and the puerperium 

   

0.177*** 0.149*** 0.123*** 

  

   

(0.007) (0.007) (0.007) 

Certain conditions originating in the perinatal 
period 0.139 0.128 0.080 0.000 -0.008 -0.018 

  (0.093) (0.091) (0.089) (0.065) (0.064) (0.063) 

Congenital malformations, … and chromosomal 
abnormalities -0.068*** -0.077*** -0.104*** -0.064*** -0.071*** -0.088*** 

  (0.017) (0.016) (0.016) (0.015) (0.014) (0.014) 

Symptoms, ... not elsewhere classified -0.044*** -0.031*** -0.023** -0.067*** -0.055*** -0.047*** 
  (0.008) (0.008) (0.008) (0.007) (0.007) (0.007) 

Injury, poisoning and certain other consequences 

of external causes 0.085*** 0.073*** 0.056*** 0.006 0.007 0.012 
  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 

External causes of morbidity and mortality 0.045 0.052* 0.024 -0.020 -0.009 0.006 

  (0.024) (0.024) (0.023) (0.017) (0.016) (0.016) 
Factors influencing health status and contact 

with health services 0.003 0.007 0.006 0.053*** 0.045*** 0.038*** 

  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 
Constant 0.372*** 0.504*** 0.636*** 0.371*** 0.791*** 0.937*** 

  (0.007) (0.007) (0.008) (0.007) (0.005) (0.005) 

       
Prescription medication No Yes Yes No Yes Yes 

Individual characteristics No No Yes No No Yes 

Caseworker fixed effects Yes Yes Yes Yes Yes Yes 
Weeks btw. meeting and diagno-

ses/prescrip.med. Yes Yes Yes Yes Yes Yes 

       
N 253,234 253,234 253,197 360,816 360,816 360,794 

Adj. R2 0.25 0.27 0.30 0.24 0.27 0.30 

* Standard errors in parentheses and clustered by caseworkers. * p<0.05 ** p<0.01 *** p<0.001.  
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Turning to the opposite case: diagnoses that will negatively affect the probability of a 

false negative, I see that the largest absolute coefficients are found among congenital 

malformations, deformations and chromosomal abnormalities, and diseases of the mus-

culoskeletal system and connective tissue for men. Since these diagnoses are mostly 

diseases that can be an obstacle for some jobs that require physical activity, it makes the 

caseworker more likely to register it as a disease that can create problems when looking 

for employment. 

For women, the diagnosis of the musculoskeletal system decreases the probability of 

the caseworker reporting a false negative. Interestingly, having mental and behavioral 

disorders and diseases of the nervous system decreases the probability of a false nega-

tive registration by the caseworker by 10 percent which is the second highest point es-

timate. This means that especially among women, the caseworker assesses that having a 

mental diagnosis will act as a hindrance in employment. 

The category that includes unclassified diagnoses has a positive effect on observing a 

false negative for female SA recipients. In general, the reasons for this diagnosis not to 

cause a health problem as assessed by the caseworker can be twofold. It can either be 

the caseworker who assesses that there is no reason for why the earlier diagnosis should 

cause any problems for the unemployed worker to return to work. Or it could be the 

opposite; that the worker does not tell the caseworker about the diagnosis. Finally, since 

I observe that the estimated effect of the diagnosis decreases when I control for pre-

scription medication, this could be an indication that either the caseworker or the worker 

find that the diagnosis does not affect the health sufficiently.  A third explanation can be 

recall which can be addressed by including the distance in weeks between the meeting 

and the time of the diagnosis or purchase of prescription medication. Independent of 

benefit type received and gender, the marginal effect of the distance measure is zero. I 

interpret this as if recall is not a particular issue in this setting. 

False positives are, on the other hand, situations when the caseworker states that the 

worker has a health problem but where there is no diagnosis supporting this assessment. 

The worker’s incentive to report a health problem to the caseworker without having 

been diagnosed could be either because the worker has a rationale for remaining unem-

ployed and thereby is exaggerating the general health status. It could also be that the 

unemployed worker complains and makes up stories about sickness, or that the unem-
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ployed worker really has a health problem but has not yet been diagnosed. One way of 

addressing these possible mechanisms is to look at whether the worker has taken any 

prescription medication. If this is the case, then it suggests that there at least could have 

been visits to the GP that have ended up in some prescription medication purchase. An 

alternative explanation can also be found in the parking literature. Caseworkers could 

use the health assessment as a way of justifying why that particular worker has not yet 

found a job and as a way of parking the most difficult workers. A way of looking into 

this explanation would be to investigate the role that observable characteristics play in 

getting a false positive. If caseworkers tend to give weaker workers a false positive, it 

suggests that some of the explanation could be that caseworkers park their weaker cli-

ents.  

The results in Table 3.11 focus on the workers who have not had a diagnosis. I show 

the results from the linear probability model specifications for SA recipients both with 

and without caseworker fixed effects. When including caseworker fixed effects, the 

model explains around one third of the variation in false positives, and the point esti-

mates on most of the variables decrease in absolute terms. This means that caseworkers 

either have an effect on whether I observe a false positive or value observable character-

istics of the workers differently. 

Both among men and women, I find that the short-term level of self-sufficiency has a 

relatively big negative effect on whether the caseworker assesses the worker as having a 

health problem without having a diagnosis. Stated in another way, having been one 

week longer in self-sufficiency during the past six months reduces the probability of the 

caseworker assessing the worker to have a health problem without having a diagnosis. 

Looking at the one year level of self-sufficiency, we see that the effect has turned posi-

tive. These two results are in accordance with the results from a meta-study on unem-

ployment and mental health by Paul and Moser (2009). They conclude that the mental 

health of the workers decreases over the first period of unemployment while stabilizing 

in the longer run, at a lower level than before unemployment though.  

The positive and significant coefficient on prescription drugs means that the proba-

bility of a caseworker reporting a health problem without an actual diagnosis increases 

by around 12 percent if the worker has bought any prescription medication during the 

past three years. 
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Table 3.11: Linear probability regression on false positives for social assistance recipients 

 Social Assistance Recipients 

  Men Women 

Self-sufficiency 6 months pre meeting -0.200*** -0.134*** -0.234*** -0.158*** 

  (0.010) (0.010) (0.014) (0.013) 

Self-sufficiency 12 months pre meeting 0.063*** 0.046*** 0.097*** 0.075*** 

  (0.011) (0.010) (0.014) (0.014) 

High school -0.030*** -0.005 -0.007 0.014** 

  (0.005) (0.005) (0.005) (0.005) 

Vocational schooling 0.018*** 0.024*** 0.026*** 0.038*** 

  (0.004) (0.003) (0.004) (0.004) 

Short further education -0.053*** -0.027** -0.072*** -0.038*** 

  (0.009) (0.009) (0.011) (0.011) 

Intermediate further education -0.070*** -0.045*** -0.011 -0.000 

  (0.007) (0.007) (0.008) (0.008) 

Further education -0.119*** -0.082*** -0.118*** -0.066*** 

  (0.009) (0.009) (0.013) (0.012) 

Age 0.006*** 0.005*** 0.009*** 0.007*** 

  (0.000) (0.000) (0.000) (0.000) 

Married 0.019*** 0.021*** 0.027*** 0.017*** 

  (0.004) (0.004) (0.004) (0.004) 

Children -0.028*** -0.017*** -0.069*** -0.054*** 

  (0.003) (0.003) (0.003) (0.003) 

From an OECD country -0.045*** -0.037*** -0.055*** -0.038*** 

  (0.008) (0.008) (0.008) (0.008) 

From other countries -0.059*** -0.047*** -0.072*** -0.078*** 

  (0.004) (0.004) (0.004) (0.004) 

Experience since 1981 (in years) -0.000 0.001** 0.001*** 0.002*** 

  (0.000) (0.000) (0.000) (0.000) 

Professionals 0.083 0.066 -0.318** -0.231* 

  (0.070) (0.065) (0.118) (0.114) 

Technicians and associate professionals -0.083*** -0.054*** -0.118*** -0.055** 

  (0.016) (0.016) (0.021) (0.020) 

Clerical support workers -0.052*** -0.024 -0.068*** -0.035* 

  (0.015) (0.014) (0.017) (0.016) 

Service and sales workers -0.056*** -0.016 -0.067*** -0.022 

  (0.012) (0.011) (0.012) (0.012) 

Skilled agricultural, forestry and fishery workers -0.082*** -0.042*** -0.100*** -0.057*** 

  (0.008) (0.008) (0.007) (0.007) 

Craft and related trades workers -0.055 -0.065* -0.010 -0.007 

  (0.034) (0.032) (0.057) (0.054) 

Plant and machine operators, and assemblers -0.025** -0.018* -0.071*** -0.050* 

  (0.008) (0.008) (0.021) (0.020) 

Elementary occupations -0.031*** -0.025** -0.077*** -0.055*** 

  (0.008) (0.008) (0.015) (0.014) 

Managers -0.082*** -0.049*** -0.090*** -0.056*** 

  (0.005) (0.005) (0.007) (0.007) 

Any purchases of prescription medication 0.168*** 0.135*** 0.199*** 0.164*** 

  (0.003) (0.003) (0.004) (0.004) 

Constant 0.126*** 0.181*** 0.035*** 0.123*** 

  (0.006) (0.006) (0.007) (0.008) 

  

    Caseworker fixed effects No Yes No Yes 

  

    N 131,037 131,037 105,952 105,952 

Adj. R2 0.17 0.31 0.16 0.31 

* Standard errors in parentheses and clustered by caseworkers. * p<0.05 ** p<0.01 *** p<0.001. 
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Looking at the observable characteristics and checking whether observing a false 

positive depends on these, the results show that compared to having a secondary educa-

tion all other levels of education except for vocational schooling reduce the probability 

of observing a false positive. In terms of occupation in which the worker has last been 

employed, the probability of a false positive is reduced if significant compared to hav-

ing been employed in military services. In general, it is difficult to conclude though that 

caseworkers use the health indicator as a way of parking workers who are difficult to 

place. 

Another explanation for why false positives are observed could be that some people 

simply do not use the health care system and consequently do not get a diagnosis or 

treatment. If this is the case, caseworkers could act as a link between the unemployed 

worker and the health care sector by referring the unemployed worker to a doctor. I find 

that 56 percent of the unemployed workers who receive a false positive and with no 

prior diagnosis buy prescription medication in the following three months after a meet-

ing compared to 48 percent of the unemployed workers who did not receive a false posi-

tive and also have no prior diagnosis. This is by no means meant as a causal relationship 

but only suggesting that there might be caseworkers who function as a link between the 

unemployed worker and the health care sector. 

3.7 Conclusion 

In this paper, I analyze the causes behind a caseworker-assessed health problem among 

the workers who they meet at the job centers. When only relying on the assessments 

from the caseworkers, more than half of the SA recipients have a problem with their 

health which could influence their ability to get a job. Comparing this to the register 

data containing diagnosis from hospitals and emergency rooms, only between 20 and 30 

percent do not have an actual diagnosis during the last three years; also called false 

positives. Also, among those who are not assessed to have a health problem, more than 

30 percent have had a diagnosis during the last three years. I look into these discrepan-

cies to try to understand what actually lies behind these caseworker assessments. 

I find that on average the health of the worker has the biggest influence on a case-

worker’s overall assessment of a worker’s labor market potential. The health of the 
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worker has a bigger influence than e.g. the worker’s professional and technical skill 

level and personal competencies.  

Establishing that health is a very important indicator for the labor market potential, I 

move on to get a closer understanding of what can actually then explain the health as-

sessment made by the caseworker. I do this by merging the caseworker data with regis-

ter data on the worker’s potential diagnoses and use of prescription medication during 

the last three years before a meeting. This relationship shows that having had a diagno-

sis within the past three years increases the probability of being assessed as having a 

health problem. I also observe, though, that there is no relationship, however, between 

the number of weeks between the meeting and the diagnoses. 

The relationship between register data and caseworker-assessed data can be catego-

rized into four categories; the case where caseworkers assess that the worker has a 

health problem and it shows up in the registers, the case where caseworkers assess that 

there is no health problem and it is consistent with the registers. The two last cases oc-

cur when there are discrepancies between caseworker-assessed health and the register-

based health measures; these cases are called false negatives and false positives. I find 

that false negatives are especially apparent if the worker has a mental disease whereas 

diseases which are physically prevalent decrease the probability of observing a false 

negative. The probability of observing a false positive increases for workers who have 

“less favorable” observable characteristics and may be a sign of parking behavior or 

rationalizing lower employability by caseworkers or by workers themselves. 
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Appendix 

3.A Number of weeks between meeting and closest diagnosis/purchase of 

prescription medication  

Figure 1: Number of weeks between meeting and closest diagnosis for social assistance recipients 

 

Figure 2: Number of weeks between meeting and the closest purchase of prescription medication for 

social assistance recipients 
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Figure 3: Number of weeks between meeting and closest diagnosis for unemployment insurance recipi-

ents 

 

Figure 4: Number of weeks between meeting and the closest purchase of prescription medication for 

unemployment insurance recipients 
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Table 3.12: Number of weeks from meeting to diagnosis and purchase of prescription medication 

  

  

Men Women 

Social Assistance Recipients 

Variable Obs. Mean Std. Dev. Min Max Obs. Mean Std. Dev. Min Max 

Weeks btw meeting and diagnosis 1 253,234 54.46 42.87 1 156 360,819 50.70 41.22 1 156 

Weeks btw meeting and diagnosis 2 184,944 68.08 43.44 1 156 296,448 65.73 41.99 1 156 

Weeks btw meeting and diagnosis 3 138,245 75.08 43.55 1 156 237,804 75.05 42.09 1 156 

Weeks btw meeting and diagnosis 4 105,030 78.73 43.63 1 156 189,556 80.89 42.24 1 156 

Weeks btw meeting and diagnosis 5 82,141 81.02 43.84 1 156 151,120 84.50 42.51 1 156 

Weeks btw meeting and diagnosis 6 71,318 82.41 43.54 1 156 133,706 86.01 42.23 1 156 

Weeks btw meeting and diagnosis 7 62,962 83.76 43.28 1 156 119,751 87.35 41.87 1 156 

Weeks btw meeting and diagnosis 8 50,204 84.93 43.42 1 156 95,625 89.60 41.94 1 156 

Weeks btw meeting and diagnosis 9 40,290 85.91 43.78 1 156 76,760 90.92 41.94 1 156 

Weeks btw meeting and diagnosis 10 33,046 86.16 44.02 1 156 62,224 91.97 42.04 1 156 

Weeks btw meeting and prescrip. med. 1 306,120 36.26 39.97 1 156 439,342 25.89 32.09 1 156 

Weeks btw meeting and prescrip. med. 2 262,865 43.99 42.55 1 156 416,551 35.88 36.63 1 156 

Weeks btw meeting and prescrip. med. 3 230,819 47.02 43.57 1 156 393,282 42.11 39.13 1 156 

Weeks btw meeting and prescrip. med. 4 207,137 48.13 43.91 1 156 371,532 46.14 40.70 1 156 

Weeks btw meeting and prescrip. med. 5 189,962 48.84 44.22 1 156 351,995 49.03 41.95 1 156 

Weeks btw meeting and prescrip. med. 6 176,174 49.13 44.41 1 156 334,530 51.16 43.04 1 156 

Weeks btw meeting and prescrip. med. 7 165,142 49.33 44.53 1 156 318,534 52.80 44.03 1 156 

Weeks btw meeting and prescrip. med. 8 155,935 49.51 44.71 1 156 303,835 54.01 44.81 1 156 

Weeks btw meeting and prescrip. med. 9 147,804 49.53 44.73 1 156 290,253 54.92 45.55 1 156 

Weeks btw meeting and prescrip. med. 10 140,858 49.74 44.92 1 156 277,719 55.58 46.14 1 156 

  Unemployment Insurance Recipients 

Weeks btw meeting and diagnosis 1 165,500 64.00 43.76 1 156 301,684 64.86 43.02 1 156 

Weeks btw meeting and diagnosis 2 102,195 77.67 42.49 1 156 210,243 80.47 41.09 1 156 

Weeks btw meeting and diagnosis 3 65,779 84.41 41.48 1 156 142,101 89.25 39.77 1 156 

Weeks btw meeting and diagnosis 4 44,527 88.73 40.94 1 156 96,054 94.27 39.21 1 156 

Weeks btw meeting and diagnosis 5 31,010 90.85 40.87 1 156 66,112 97.25 39.04 1 156 

Weeks btw meeting and diagnosis 6 24,945 92.60 40.56 1 156 52,621 99.03 38.42 1 156 

Weeks btw meeting and diagnosis 7 20,579 93.93 40.15 1 156 42,938 100.30 38.00 1 156 

Weeks btw meeting and diagnosis 8 14,869 95.31 40.35 1 156 29,769 102.11 37.73 1 156 

Weeks btw meeting and diagnosis 9 11,040 95.80 40.48 1 156 20,958 102.92 37.86 1 156 

Weeks btw meeting and diagnosis 10 8,187 95.34 40.80 1 156 15,155 103.86 37.99 1 156 

Weeks btw meeting and prescrip. med. 1 250,272 41.42 41.67 1 156 470,057 30.66 35.70 1 156 

Weeks btw meeting and prescrip. med. 2 205,672 50.30 44.05 1 156 433,291 40.97 38.86 1 156 

Weeks btw meeting and prescrip. med. 3 174,438 53.41 44.65 1 156 400,085 47.07 39.95 1 156 

Weeks btw meeting and prescrip. med. 4 152,649 54.54 44.79 1 156 372,652 51.52 40.66 1 156 

Weeks btw meeting and prescrip. med. 5 137,058 54.96 44.71 1 156 349,149 54.94 41.24 1 156 

Weeks btw meeting and prescrip. med. 6 125,343 55.43 44.93 1 156 328,914 57.88 42.06 1 156 

Weeks btw meeting and prescrip. med. 7 115,837 55.71 45.20 1 156 310,787 60.29 42.96 1 156 

Weeks btw meeting and prescrip. med. 8 108,151 55.97 45.55 1 156 294,878 62.41 44.01 1 156 

Weeks btw meeting and prescrip. med. 9 101,369 56.15 45.93 1 156 279,917 64.10 45.03 1 156 

Weeks btw meeting and prescrip. med. 10 95,663 56.28 46.32 1 156 266,249 65.60 46.12 1 156 

* The number after diagnosis and prescription medication refers to the distance between those and the 

meeting. Diagnosis (prescript. med.) 1 refers to the diagnosis (purchase of prescription medication) clos-

est in time to the meeting. 
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3.B Regressions on Match Category 

Table 3.13: OLS, FE and ordered logit results: Match category 

  

  

Men Women 

Social Assistance Recipients 

  

Prof. and tech. 

skills 

OLS OLS OLS Ord. logit Odds ratio OLS OLS OLS Ord. logit Odds ratio 

0.281*** 0.218*** 0.240*** 0.552*** 1.737*** 0.363*** 0.261*** 0.269*** 0.638*** 1.893*** 

  (0.012) (0.011) (0.003) (0.028) (0.048) (0.012) (0.010) (0.002) (0.028) (0.052) 

Labor market 

prospect 0.353*** 0.242*** 0.277*** 0.645*** 1.906*** 0.338*** 0.235*** 0.272*** 0.668*** 1.951*** 

  (0.009) (0.008) (0.003) (0.021) (0.039) (0.008) (0.008) (0.002) (0.021) (0.041) 

Health 1.195*** 0.958*** 0.743*** 2.158*** 8.654*** 1.159*** 0.992*** 0.782*** 2.321*** 10.184*** 

  (0.012) (0.011) (0.003) (0.026) (0.223) (0.011) (0.010) (0.002) (0.023) (0.231) 

Addiction 0.782*** 0.655*** 0.459*** 1.676*** 5.343*** 0.698*** 0.588*** 0.410*** 1.681*** 5.372*** 

  (0.016) (0.013) (0.003) (0.031) (0.164) (0.016) (0.014) (0.005) (0.043) (0.231) 

Economy and 

network 0.111*** 0.107*** 0.153*** 0.344*** 1.410*** 0.182*** 0.162*** 0.184*** 0.466*** 1.593*** 

  (0.008) (0.007) (0.003) (0.021) (0.029) (0.008) (0.007) (0.003) (0.021) (0.034) 

Personal compe-

tencies 0.458*** 0.412*** 0.329*** 0.973*** 2.647*** 0.443*** 0.409*** 0.319*** 1.051*** 2.859*** 

  (0.009) (0.008) (0.003) (0.020) (0.054) (0.008) (0.007) (0.002) (0.019) (0.056) 

  

          
Individual  char. No Yes Yes Yes Yes No Yes Yes Yes Yes 

Caseworker FE No No Yes No No No No Yes No No 

Month FE No Yes Yes Yes Yes No Yes Yes Yes Yes 

  

          
Cut 1 

          
Constant 

   

0.065 

    

3.660*** 

 
  

   

(0.089) 

    

(0.107) 

 
Cut 2 

          
Constant 

   

1.735*** 

    

10.914*** 

  

   

(0.089) 

    

(0.226) 

 
Cut 3 

          
Constant 

   

3.208*** 

    

18.452*** 

  

   

(0.091) 

    

(0.373) 

 
Cut 4 

          
Constant 

   

6.388*** 

    

21.626*** 

  

   

(0.103) 

    

(0.575) 

 
  

          
N 384,295 384,234 384,234 384,234 384,234 466,791 466,791 466,791 466,791 466,791 

R2 0.49 0.56 0.72 

  

0.47 0.54 0.69 

  
Adj. R2 0.49 0.56 0.71 

  

0.47 0.54 0.69 

  
Pseudo R2 

   

0.26 0.26 

   

0.25 0.25 

  Unemployment Insurance Recipients 

  OLS OLS OLS Ord. logit Odds ratio OLS OLS OLS Ord. logit Odds ratio 

Prof. and tech. 

skills 0.866*** 0.856*** 0.813*** 5.836*** 342.539*** 0.873*** 0.864*** 0.822*** 6.356*** 576.150*** 

  (0.007) (0.007) (0.001) (0.093) (31.962) (0.007) (0.007) (0.001) (0.088) (50.716) 

Labor market 

prospect 0.686*** 0.676*** 0.673*** 4.642*** 103.711*** 0.652*** 0.646*** 0.635*** 4.941*** 139.895*** 

  (0.014) (0.013) (0.002) (0.089) (9.218) (0.013) (0.013) (0.001) (0.099) (13.836) 

Health 0.795*** 0.783*** 0.781*** 5.390*** 219.243*** 0.754*** 0.748*** 0.751*** 5.643*** 282.324*** 

  (0.014) (0.014) (0.002) (0.122) (26.802) (0.012) (0.012) (0.002) (0.119) (33.715) 

Addiction 0.929*** 0.924*** 0.859*** 6.647*** 770.391*** 0.967*** 0.964*** 0.929*** 7.215*** 

1359.177**

* 

  (0.065) (0.065) (0.015) (0.623) (480.006) (0.159) (0.158) (0.028) (1.251) (1699.668) 

Economy and 

network 0.258*** 0.258*** 0.254*** 2.482*** 11.959*** 0.363*** 0.364*** 0.370*** 3.543*** 34.557*** 

  (0.045) (0.044) (0.008) (0.328) (3.919) (0.028) (0.028) (0.005) (0.207) (7.140) 

Personal compe-

tencies 0.600*** 0.591*** 0.584*** 4.394*** 80.951*** 0.521*** 0.506*** 0.516*** 4.260*** 70.808*** 

  (0.021) (0.021) (0.003) (0.124) (10.063) (0.024) (0.024) (0.002) (0.167) (11.804) 

  

          
Individual  char. No Yes Yes Yes Yes No Yes Yes Yes Yes 

Caseworker FE No No Yes No No No No Yes No No 
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Month FE No Yes Yes Yes Yes No Yes Yes Yes Yes 

  

          
Cut 1 

          
Constant 

   

0.679*** 

    

3.929*** 

 
  

   

(0.099) 

    

(0.112) 

 
Cut 2 

          
Constant 

   

2.373*** 

    

12.130*** 

  

   

(0.099) 

    

(0.238) 

 
Cut 3 

          
Constant 

   

3.953*** 

    

20.073*** 

  

   

(0.100) 

    

(0.378) 

 
Cut 4 

          
Constant 

   

7.447*** 

    

23.076*** 

  

   

(0.107) 

    

(0.588) 

 
  

          
N 331,673 331,670 331,670 331,670 331,670 519,910 519,902 519,902 519,902 519,902 

R2 0.80 0.80 0.82 

  

0.81 0.81 0.83 

  
Adj. R2 0.80 0.80 0.82 

  

0.81 0.81 0.83 

  
Pseudo R2 

   

0.70 0.70 

   

0.73 0.73 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

3.C Regressions on Health Assessment 

Table 3.14: Any diagnoses and prescription medication for social assistance recipients 

  Social Assistance Recipients 

  Men Women 

  (1) (2) (3) (4) (5) (6) 

Any diagnosis 1 0.025*** 0.060*** 0.053*** 0.020*** 0.085*** 0.074*** 

  (0.002) (0.004) (0.003) (0.002) (0.004) (0.003) 

Any diagnosis 2 0.015*** 0.031*** 0.026*** -0.012*** -0.022*** -0.024*** 

  (0.003) (0.007) (0.005) (0.002) (0.006) (0.004) 

Any diagnosis 3 0.012*** 0.005 0.006 -0.002 -0.011 -0.009 

  (0.003) (0.009) (0.007) (0.003) (0.008) (0.006) 

Any diagnosis 4 0.009* 0.034** 0.025** 0.002 0.010 0.011 

  (0.004) (0.012) (0.009) (0.003) (0.010) (0.007) 

Any diagnosis 5 0.011* -0.020 -0.012 -0.016*** -0.064*** -0.053*** 

  (0.005) (0.016) (0.012) (0.004) (0.013) (0.010) 

Any diagnosis 6 -0.003 -0.012 -0.009 0.009 0.037* 0.032* 

  (0.006) (0.021) (0.015) (0.005) (0.018) (0.013) 

Any diagnosis 7 0.007 0.023 0.009 0.021*** 0.046** 0.043*** 

  (0.006) (0.021) (0.016) (0.005) (0.017) (0.012) 

Any diagnosis 8 0.010 0.047* 0.045** 0.015*** 0.040* 0.038** 

  (0.006) (0.022) (0.017) (0.004) (0.018) (0.013) 

Any diagnosis 9 0.011 0.033 0.023 0.005 0.006 -0.004 

  (0.007) (0.025) (0.020) (0.005) (0.021) (0.015) 

Any diagnosis 10 0.009 -0.036 -0.025 0.027*** 0.030 0.025* 

  (0.006) (0.020) (0.016) (0.004) (0.016) (0.012) 

Any prescrip. med. 1 0.025*** 0.056*** 0.050*** 0.023*** 0.048*** 0.047*** 

  (0.003) (0.005) (0.004) (0.004) (0.007) (0.005) 

Any prescrip. med. 2 0.039*** 0.049*** 0.048*** 0.013** 0.026* 0.021** 

  (0.003) (0.008) (0.006) (0.004) (0.010) (0.007) 

Any prescrip. med. 3 0.029*** 0.057*** 0.044*** 0.017*** 0.036** 0.031*** 

  (0.004) (0.011) (0.007) (0.004) (0.012) (0.008) 

Any prescrip. med. 4 0.036*** 0.029* 0.025** 0.002 0.014 0.011 

  (0.004) (0.013) (0.009) (0.004) (0.014) (0.010) 

Any prescrip. med. 5 0.013** 0.035* 0.019 0.022*** 0.036* 0.028* 

  (0.005) (0.016) (0.011) (0.005) (0.017) (0.011) 
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Any prescrip. med. 6 0.009 -0.020 -0.012 0.018*** 0.016 0.015 

  (0.005) (0.019) (0.013) (0.005) (0.019) (0.013) 

Any prescrip. med. 7 0.007 0.015 0.024 -0.002 0.016 0.010 

  (0.006) (0.022) (0.015) (0.005) (0.021) (0.014) 

Any prescrip. med. 8 0.009 0.021 0.011 0.003 -0.033 -0.031* 

  (0.006) (0.024) (0.017) (0.005) (0.022) (0.016) 

Any prescrip. med. 9 0.019** -0.017 -0.019 0.019*** 0.007 0.014 

  (0.007) (0.025) (0.018) (0.005) (0.025) (0.017) 

Any prescrip. med. 10 0.078*** 0.083*** 0.073*** 0.132*** 0.210*** 0.176*** 

  (0.005) (0.018) (0.013) (0.004) (0.017) (0.012) 

Self-sufficiency 6 months pre meeting 

 

-0.211*** -0.129*** 

 

-0.228*** -0.134*** 

  

 

(0.008) (0.006) 

 

(0.010) (0.006) 

Self-sufficiency 12 months pre meeting 
 

0.022** 0.000 
 

0.076*** 0.054*** 

  

 

(0.008) (0.006) 

 

(0.010) (0.007) 

High school 
 

0.001 0.015*** 
 

0.003 0.013*** 

  

 

(0.004) (0.003) 

 

(0.004) (0.002) 

Vocational schooling 

 

0.019*** 0.021*** 

 

0.023*** 0.029*** 

  

 

(0.003) (0.002) 

 

(0.003) (0.002) 

Short further education 

 

-0.006 0.005 

 

-0.037*** -0.022*** 

  
 

(0.007) (0.005) 
 

(0.009) (0.005) 

Intermediate further education 

 

-0.045*** -0.032*** 

 

-0.006 0.005 

  
 

(0.006) (0.004) 
 

(0.006) (0.004) 

Further education 

 

-0.082*** -0.055*** 

 

-0.085*** -0.052*** 

  

 

(0.009) (0.005) 

 

(0.011) (0.007) 

Age 
 

0.005*** 0.004*** 
 

0.010*** 0.008*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

Married 
 

0.014*** 0.011*** 
 

0.016*** 0.007*** 

  

 

(0.003) (0.002) 

 

(0.003) (0.002) 

Children 

 

-0.001 0.003 

 

-0.072*** -0.059*** 

  

 

(0.003) (0.002) 

 

(0.002) (0.001) 

From an OECD country 

 

-0.018** -0.010* 

 

-0.054*** -0.040*** 

  
 

(0.006) (0.004) 
 

(0.006) (0.004) 

From other countries 

 

-0.028*** -0.026*** 

 

-0.057*** -0.062*** 

  
 

(0.004) (0.002) 
 

(0.004) (0.002) 

From an unknown country 

 

0.076 0.137* 

 

0.055 0.089 

  

 

(0.061) (0.065) 

 

(0.107) (0.053) 

Experience since 1981 (in years) 
 

0.001*** 0.001*** 
 

-0.000 0.001*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

Wage last year 
 

-0.000*** -0.000*** 
 

-0.000*** -0.000*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

SA last year 

 

0.000*** 0.000*** 

 

0.000*** 0.000*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

UI last year 

 

-0.000*** -0.000*** 

 

-0.000*** -0.000*** 

  
 

(0.000) (0.000) 
 

(0.000) (0.000) 

White collar worker 

 

-0.004 -0.003 

 

0.006 -0.002 

  
 

(0.014) (0.010) 
 

(0.013) (0.009) 

Blue collar worker 

 

-0.031*** -0.017*** 

 

-0.020*** -0.011*** 

  

 

(0.003) (0.002) 

 

(0.004) (0.003) 

Professionals 
 

-0.036 -0.029 
 

-0.068 -0.030 

  

 

(0.039) (0.036) 

 

(0.071) (0.049) 

Technicians and associate professionals 
 

-0.072*** -0.040*** 
 

-0.104*** -0.056*** 

  

 

(0.015) (0.010) 

 

(0.016) (0.010) 

Clerical support workers 

 

-0.045*** -0.019* 

 

-0.046*** -0.019* 

  

 

(0.012) (0.008) 

 

(0.011) (0.008) 

Service and sales workers 

 

-0.058*** -0.023*** 

 

-0.055*** -0.027*** 

  
 

(0.010) (0.007) 
 

(0.009) (0.006) 
Skilled agricultural, forestry and fishery 

workers  -0.067*** -0.033***  -0.068*** -0.043*** 

  
 

(0.006) (0.004) 
 

(0.004) (0.003) 



114 

 

Craft and related trades workers 

 

-0.018 -0.027 

 

0.051 0.020 

  

 

(0.021) (0.016) 

 

(0.031) (0.024) 

Plant and machine operators, and assemblers  -0.028*** -0.022***  -0.056*** -0.031*** 

  

 

(0.005) (0.004) 

 

(0.014) (0.009) 

Elementary occupations 
 

-0.030*** -0.025*** 
 

-0.036*** -0.020** 

  

 

(0.006) (0.004) 

 

(0.009) (0.006) 

Managers 
 

-0.072*** -0.048*** 
 

-0.063*** -0.036*** 

  

      Month FE No Yes Yes No Yes Yes 

Weeks btw. meeting and diagnoses and pre-
scrip. med. No Yes Yes No Yes Yes 

Caseworker FE No No Yes No No Yes 

  

      Constant 0.409*** 0.081*** 0.126*** 0.425*** -0.083*** 0.038** 

  (0.002) (0.015) (0.014) (0.003) (0.015) (0.014) 

  

      N 384,295 384,234 384,234 466,791 466,749 466,749 

Adj. R2 0.28 0.22 0.34 0.25 0.20 0.32 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

Table 3.15: Any diagnoses and prescription medication for unemployment insurance recipients 

  Unemployment Insurance Recipients 

  Men Women 

  (7) (8) (9) (10) (11) (12) 

Any diagnosis 1 0.008*** 0.013*** 0.012*** 0.010*** 0.022*** 0.020*** 

  (0.001) (0.002) (0.002) (0.001) (0.002) (0.001) 

Any diagnosis 2 0.009*** 0.017*** 0.013*** 0.000 -0.002 -0.003 

  (0.001) (0.004) (0.003) (0.001) (0.003) (0.002) 

Any diagnosis 3 0.009*** 0.011 0.011** 0.004*** 0.010* 0.007* 

  (0.002) (0.006) (0.004) (0.001) (0.004) (0.003) 

Any diagnosis 4 0.010*** 0.006 0.005 0.004** 0.003 0.003 

  (0.002) (0.009) (0.006) (0.001) (0.006) (0.004) 

Any diagnosis 5 0.001 -0.009 -0.006 0.003 0.000 0.001 

  (0.003) (0.013) (0.008) (0.002) (0.009) (0.006) 

Any diagnosis 6 0.006 0.024 0.020 -0.000 -0.004 -0.005 

  (0.004) (0.019) (0.011) (0.003) (0.012) (0.008) 

Any diagnosis 7 0.003 0.011 0.008 0.005 0.021 0.020* 

  (0.004) (0.022) (0.012) (0.003) (0.013) (0.008) 

Any diagnosis 8 0.007 -0.042 -0.043** 0.014*** 0.016 0.012 

  (0.004) (0.024) (0.013) (0.003) (0.016) (0.010) 

Any diagnosis 9 -0.001 -0.001 0.012 -0.003 -0.015 -0.008 

  (0.005) (0.031) (0.017) (0.003) (0.021) (0.012) 

Any diagnosis 10 0.008 0.010 0.000 -0.000 0.010 0.007 

  (0.004) (0.027) (0.014) (0.003) (0.018) (0.010) 

Any prescrip. med. 1 0.002 0.003 0.003 0.001 0.001 0.001 

  (0.001) (0.002) (0.002) (0.001) (0.002) (0.002) 

Any prescrip. med. 2 0.005** 0.004 0.003 0.001 0.005 0.006* 

  (0.002) (0.003) (0.003) (0.002) (0.003) (0.003) 

Any prescrip. med. 3 0.004 0.012** 0.011** 0.001 0.004 0.002 

  (0.002) (0.005) (0.004) (0.002) (0.004) (0.004) 

Any prescrip. med. 4 0.003 -0.004 -0.003 0.002 -0.003 -0.001 

  (0.002) (0.006) (0.005) (0.002) (0.005) (0.004) 

Any prescrip. med. 5 0.005* -0.003 -0.005 0.003 -0.006 -0.007 

  (0.002) (0.008) (0.007) (0.002) (0.006) (0.005) 

Any prescrip. med. 6 0.001 0.012 0.015 -0.001 0.001 0.004 

  (0.003) (0.010) (0.008) (0.002) (0.007) (0.006) 

Any prescrip. med. 7 -0.000 0.013 0.012 -0.005* 0.002 -0.000 
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  (0.003) (0.013) (0.009) (0.002) (0.008) (0.007) 

Any prescrip. med. 8 0.004 -0.012 -0.018 0.006** 0.012 0.008 

  (0.003) (0.014) (0.010) (0.002) (0.010) (0.008) 

Any prescrip. med. 9 -0.002 -0.016 -0.012 0.002 -0.026* -0.018* 

  (0.004) (0.015) (0.011) (0.002) (0.011) (0.008) 

Any prescrip. med. 10 0.021*** 0.042*** 0.043*** 0.016*** 0.050*** 0.045*** 

  (0.003) (0.011) (0.008) (0.002) (0.008) (0.006) 

Self-sufficiency 6 months pre meeting 
 

-0.014*** -0.014*** 
 

-0.020*** -0.018*** 

  

 

(0.003) (0.002) 

 

(0.002) (0.002) 

Self-sufficiency 12 months pre meeting 
 

-0.035*** -0.043*** 
 

-0.014*** -0.018*** 

  

 

(0.004) (0.003) 

 

(0.003) (0.002) 

High school 

 

-0.026*** -0.020*** 

 

-0.017*** -0.014*** 

  
 

(0.002) (0.001) 
 

(0.001) (0.001) 

Vocational schooling 

 

-0.005** -0.002* 

 

-0.001 0.000 

  
 

(0.001) (0.001) 
 

(0.001) (0.001) 

Short further education 

 

-0.016*** -0.012*** 

 

-0.017*** -0.014*** 

  

 

(0.002) (0.002) 

 

(0.002) (0.001) 

Intermediate further education 

 

-0.028*** -0.022*** 

 

-0.011*** -0.009*** 

  

 

(0.002) (0.001) 

 

(0.002) (0.001) 

Further education 
 

-0.034*** -0.022*** 
 

-0.032*** -0.021*** 

  

 

(0.002) (0.002) 

 

(0.002) (0.002) 

Age 
 

0.001*** 0.001*** 
 

0.001*** 0.001*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

Married 

 

-0.004*** -0.004*** 

 

-0.001 -0.002** 

  
 

(0.001) (0.001) 
 

(0.001) (0.001) 

Children 

 

0.003* 0.000 

 

-0.006*** -0.008*** 

  
 

(0.001) (0.001) 
 

(0.001) (0.001) 

From an OECD country 

 

-0.005* -0.007** 

 

-0.003 -0.007*** 

  

 

(0.003) (0.002) 

 

(0.002) (0.002) 

From other countries 

 

-0.003 -0.007*** 

 

0.007* 0.000 

  

 

(0.002) (0.002) 

 

(0.003) (0.001) 

From an unknown country 
 

0.204* 0.170*** 
 

-0.033*** -0.016 

  

 

(0.103) (0.034) 

 

(0.005) (0.140) 

Experience since 1981 (in years) 
 

-0.000 -0.000** 
 

-0.000*** -0.000*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

Wage last year 

 

-0.000*** -0.000*** 

 

-0.000*** -0.000*** 

  
 

(0.000) (0.000) 
 

(0.000) (0.000) 

SA last year 

 

-0.000 -0.000 

 

0.000* 0.000 

  
 

(0.000) (0.000) 
 

(0.000) (0.000) 

UI last year 

 

-0.000*** -0.000*** 

 

-0.000*** -0.000*** 

  

 

(0.000) (0.000) 

 

(0.000) (0.000) 

White collar worker 

 

0.001 0.003 

 

-0.006*** -0.006*** 

  

 

(0.002) (0.002) 

 

(0.001) (0.001) 

Blue collar worker 
 

-0.004** -0.004*** 
 

-0.006*** -0.006*** 

  

 

(0.001) (0.001) 

 

(0.001) (0.001) 

Professionals 
 

-0.001 -0.002 
 

-0.008 -0.012* 

  

 

(0.004) (0.004) 

 

(0.005) (0.005) 

Technicians and associate professionals 

 

-0.016*** -0.013*** 

 

-0.014*** -0.012*** 

  
 

(0.002) (0.002) 
 

(0.002) (0.002) 

Clerical support workers 

 

-0.009*** -0.009*** 

 

-0.009*** -0.010*** 

  
 

(0.002) (0.002) 
 

(0.002) (0.001) 

Service and sales workers 

 

-0.009*** -0.007*** 

 

-0.013*** -0.012*** 

  

 

(0.002) (0.002) 

 

(0.001) (0.001) 

Skilled agricultural, forestry and fishery 
workers  -0.011*** -0.008***  -0.004** -0.004*** 

  
 

(0.002) (0.002) 
 

(0.001) (0.001) 

Craft and related trades workers 

 

-0.010* -0.011** 

 

-0.002 -0.001 

  

 

(0.004) (0.004) 

 

(0.006) (0.005) 

Plant and machine operators, and  0.008*** 0.007***  0.013*** 0.006** 
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assemblers 

  

 

(0.002) (0.001) 

 

(0.003) (0.002) 

Elementary occupations 

 

0.011*** 0.008*** 

 

0.017*** 0.011*** 

  

 

(0.002) (0.001) 

 

(0.003) (0.002) 

Managers 

 

0.003 0.001 

 

0.004** 0.002* 

  
      Month FE No Yes Yes No Yes Yes 

Weeks btw. meeting and diagnoses and 

prescrip. med. No Yes Yes No Yes Yes 

Caseworker FE No No Yes No No Yes 

  
      Constant 0.019*** 0.011* 0.001 0.021*** -0.025*** -0.018 

  (0.001) (0.005) (0.017) (0.001) (0.004) (0.017) 

  

      N 331,673 331,673 331,673 519,910 519,910 519,910 

Adj. R2 0.09 0.04 0.12 0.08 0.02 0.10 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

Table 3.16: Regression on caseworker-assessed health for social assistance recipients 

 

Social Assistance Recipients 

 

Men Women 

 

LPR LPR LPR FE LPR LPR LPR FE 

Number of diagnoses 0.012*** 0.009*** 0.009*** 0.008*** 0.006*** 0.006*** 0.009*** 0.007*** 

 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Number of prescrip. med. 0.005*** 0.005*** 0.003*** 0.002*** 0.005*** 0.004*** 0.003*** 0.002*** 

 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 1 

 

-0.000 -0.000 -0.000 

 

-0.000*** -0.000*** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 2 

 

0.000*** 0.000*** 0.000*** 

 

0.000 0.000** 0.000** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 3 

 

0.000*** 0.000*** 0.000*** 

 

-0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 4 

 

0.000 0.000** 0.000** 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 5 

 

0.000*** 0.000 0.000* 

 

-0.000 -0.000** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 6 

 

-0.000 -0.000 -0.000 

 

-0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 7 

 

0.000 0.000* 0.000** 

 

0.000 0.000*** 0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 8 

 

-0.000 0.000 0.000 

 

0.000 0.000 0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 9 

 

0.000* 0.000* 0.000 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 10 

 

-0.000 -0.000* -0.000 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 1 

 

-0.001*** -0.001*** -0.000*** 

 

-0.001*** -0.001*** -0.001*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 2 

 

0.000 0.000 0.000* 

 

-0.000*** -0.000*** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 3 

 

0.000** 0.000 0.000* 

 

-0.000*** -0.000** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 4 

 

0.000*** 0.000*** 0.000*** 

 

-0.000*** -0.000*** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

 

0.000*** 0.000** 0.000** 

 

0.000 0.000 0.000 
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med. 5 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 6 

 

0.000** 0.000* 0.000* 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 7 

 

0.000* 0.000 0.000 

 

-0.000** -0.000 -0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 8 

 

0.000 0.000 0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 9 

 

0.000*** 0.000*** 0.000*** 

 

0.000 0.000 0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 10 

 

0.001*** 0.000*** 0.000*** 

 

0.000*** 0.000*** 0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Self-sufficiency 6 months pre meeting 

  

-0.226*** -0.140*** 

  

-0.232*** -0.137*** 

  

  

(0.009) (0.006) 

  

(0.010) (0.006) 

Self-sufficiency 12 months pre 

meeting 

  

0.018* -0.004 

  

0.065*** 0.045*** 

  

  

(0.008) (0.006) 

  

(0.010) (0.007) 

High school 

  

0.000 0.016*** 

  

0.004 0.015*** 

  

  

(0.005) (0.003) 

  

(0.004) (0.002) 

Vocational schooling 

  

0.022*** 0.024*** 

  

0.025*** 0.030*** 

  

  

(0.003) (0.002) 

  

(0.003) (0.002) 

Short further education 

  

-0.005 0.007 

  

-0.043*** -0.027*** 

  

  

(0.007) (0.005) 

  

(0.009) (0.006) 

Intermediate further education 

  

-0.044*** -0.029*** 

  

-0.012* 0.000 

  

  

(0.007) (0.004) 

  

(0.006) (0.004) 

Further education 

  

-0.084*** -0.056*** 

  

-0.095*** -0.059*** 

  

  

(0.009) (0.006) 

  

(0.012) (0.007) 

Age 

  

0.005*** 0.004*** 

  

0.010*** 0.008*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

Married 

  

0.026*** 0.021*** 

  

0.021*** 0.010*** 

  

  

(0.003) (0.002) 

  

(0.003) (0.002) 

Children 

  

0.007* 0.009*** 

  

-0.073*** -0.059*** 

  

  

(0.003) (0.002) 

  

(0.003) (0.001) 

From an OECD country 

  

-0.021** -0.011* 

  

-0.066*** -0.049*** 

  

  

(0.007) (0.004) 

  

(0.007) (0.004) 

From other countries 

  

-0.027*** -0.025*** 

  

-0.062*** -0.067*** 

  

  

(0.004) (0.002) 

  

(0.004) (0.002) 

From an unknown country 

  

0.098 0.157* 

  

0.050 0.089 

  

  

(0.062) (0.066) 

  

(0.106) (0.054) 

Experience since 1981 (years) 

  

0.001*** 0.002*** 

  

-0.001** 0.000* 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

Wage last year 

  

-0.000*** -0.000*** 

  

-0.000*** -0.000*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

SA last year 

  

0.000*** 0.000*** 

  

0.000*** 0.000*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

UI last year 

  

-0.000*** -0.000*** 

  

-0.000*** -0.000*** 

   

(0.000) (0.000) 

  

(0.000) (0.000) 

White collar worker 

  

-0.003 -0.002 

  

0.010 0.002 

  

  

(0.014) (0.010) 

  

(0.013) (0.009) 

Blue collar worker 

  

-0.030*** -0.016*** 

  

-0.015*** -0.006* 

  

  

(0.004) (0.002) 

  

(0.004) (0.003) 

Professionals 

  

-0.042 -0.032 

  

-0.053 -0.017 

  

  

(0.040) (0.036) 

  

(0.071) (0.050) 

Technicians and associate profession-

als 

  

-0.069*** -0.036*** 

  

-0.108*** -0.057*** 

  

  

(0.016) (0.010) 

  

(0.016) (0.010) 

Clerical support workers 

  

-0.042*** -0.016 

  

-0.042*** -0.014 



118 

 

  

  

(0.012) (0.008) 

  

(0.011) (0.008) 

Service and sales workers 

  

-0.063*** -0.025*** 

  

-0.047*** -0.020*** 

  

  

(0.010) (0.007) 

  

(0.009) (0.006) 

Skilled agricultural, forestry and 

fishery workers 

  

-0.066*** -0.030*** 

  

-0.065*** -0.039*** 

  

  

(0.006) (0.004) 

  

(0.005) (0.003) 

Craft and related trades workers 

  

-0.005 -0.018 

  

0.059 0.025 

  

  

(0.021) (0.016) 

  

(0.032) (0.024) 

Plant and machine operators, and 

assemblers 

  

-0.022*** -0.017*** 

  

-0.047*** -0.025** 

  

  

(0.006) (0.004) 

  

(0.014) (0.009) 

Elementary occupations 

  

-0.023*** -0.021*** 

  

-0.030** -0.016* 

  

  

(0.006) (0.004) 

  

(0.010) (0.007) 

Managers 

  

-0.073*** -0.048*** 

  

-0.064*** -0.036*** 

   

(0.004) (0.003) 

  

(0.005) (0.003) 

Constant 0.469*** 0.452*** 0.142*** 0.177*** 0.485*** 0.542*** 0.085*** 0.188*** 

 

(0.005) (0.005) (0.015) (0.014) (0.004) (0.005) (0.016) (0.014) 

         
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes 

         
N 384,295 384,295 384,234 384,234 466,791 466,791 466,749 466,749 

R2 0.07 0.09 0.20 0.32 0.07 0.08 0.17 0.30 

Adj. R2 0.07 0.09 0.20 0.30 0.07 0.08 0.17 0.29 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

Table 3.17: Regression on caseworker-assessed health for unemployment insurance recipients 

 

Unemployment Insurance Recipients 

 

Men Women 

 

LPR LPR LPR FE LPR LPR LPR FE 

Number of diagnoses 0.007*** 0.007*** 0.007*** 0.006*** 0.004*** 0.006*** 0.006*** 0.005*** 

 

(0.000) (0.001) (0.001) (0.000) (0.000) (0.000) (0.000) (0.000) 

Number of prescrip. med. 0.001*** 0.001*** 0.001*** 0.001*** 0.001*** 0.001*** 0.001*** 0.001*** 

 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 1 

 

-0.000** -0.000** -0.000*** 

 

-0.000*** -0.000*** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 2 

 

0.000 0.000 0.000 

 

-0.000** -0.000* -0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 3 

 

0.000 -0.000 0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 4 

 

0.000 0.000 0.000* 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 5 

 

-0.000 -0.000 -0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 6 

 

-0.000 -0.000 -0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 7 

 

-0.000 0.000 0.000 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 8 

 

0.000 0.000 0.000 

 

0.000 0.000 0.000** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 9 

 

-0.000 -0.000 -0.000 

 

-0.000 -0.000 -0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and diagnosis 10 

 

-0.000 -0.000 -0.000* 

 

-0.000*** -0.000*** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 1 

 

-0.000*** -0.000*** -0.000*** 

 

-0.000** -0.000** -0.000*** 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 2 

 

0.000 0.000 0.000 

 

-0.000** -0.000** -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 
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Weeks btw meeting and prescrip. 

med. 3 

 

0.000 0.000 0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 4 

 

0.000 0.000 0.000 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 5 

 

0.000* 0.000* 0.000* 

 

0.000 0.000 0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 6 

 

-0.000 -0.000 -0.000 

 

-0.000 -0.000 -0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 7 

 

-0.000 -0.000 -0.000 

 

-0.000** -0.000* -0.000* 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 8 

 

0.000 0.000 0.000 

 

0.000 0.000* 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 9 

 

-0.000 -0.000 -0.000 

 

0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Weeks btw meeting and prescrip. 

med. 10 

 

0.000 0.000 0.000 

 

-0.000 0.000 0.000 

  

(0.000) (0.000) (0.000) 

 

(0.000) (0.000) (0.000) 

Self-sufficiency 6 months pre meeting 

  

-0.015*** -0.015*** 

  

-0.020*** -0.018*** 

  

  

(0.003) (0.002) 

  

(0.002) (0.002) 

Self-sufficiency 12 months pre 

meeting 

  

-0.035*** -0.043*** 

  

-0.014*** -0.018*** 

  

  

(0.004) (0.003) 

  

(0.003) (0.002) 

High school 

  

-0.027*** -0.020*** 

  

-0.017*** -0.014*** 

  

  

(0.002) (0.001) 

  

(0.001) (0.001) 

Vocational schooling 

  

-0.005** -0.002* 

  

-0.001 0.000 

  

  

(0.001) (0.001) 

  

(0.001) (0.001) 

Short further education 

  

-0.016*** -0.012*** 

  

-0.017*** -0.014*** 

  

  

(0.002) (0.002) 

  

(0.002) (0.001) 

Intermediate further education 

  

-0.029*** -0.022*** 

  

-0.012*** -0.010*** 

  

  

(0.002) (0.001) 

  

(0.002) (0.001) 

Further education 

  

-0.035*** -0.023*** 

  

-0.032*** -0.022*** 

  

  

(0.002) (0.002) 

  

(0.002) (0.002) 

Age 

  

0.001*** 0.001*** 

  

0.001*** 0.001*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

Married 

  

-0.004** -0.003*** 

  

-0.001 -0.002** 

  

  

(0.001) (0.001) 

  

(0.001) (0.001) 

Children 

  

0.003* 0.000 

  

-0.007*** -0.009*** 

  

  

(0.001) (0.001) 

  

(0.001) (0.001) 

From an OECD country 

  

-0.005 -0.006** 

  

-0.003 -0.007*** 

  

  

(0.003) (0.002) 

  

(0.002) (0.002) 

From other countries 

  

-0.003 -0.007*** 

  

0.007* 0.000 

  

  

(0.002) (0.002) 

  

(0.003) (0.001) 

From an unknown country 

  

0.205* 0.172*** 

  

-0.038*** -0.020 

  

  

(0.103) (0.034) 

  

(0.005) (0.140) 

Experience since 1981 (in years) 

  

-0.000 -0.000** 

  

-0.000*** -0.001*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

Wage last year 

  

-0.000*** -0.000*** 

  

-0.000*** -0.000*** 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

SA last year 

  

-0.000 -0.000 

  

0.000* 0.000 

  

  

(0.000) (0.000) 

  

(0.000) (0.000) 

UI last year 

  

-0.000*** -0.000*** 

  

-0.000*** -0.000*** 

   

(0.000) (0.000) 

  

(0.000) (0.000) 

White collar worker 

  

0.002 0.003 

  

-0.006*** -0.006*** 

  

  

(0.002) (0.002) 

  

(0.001) (0.001) 

Blue collar worker 

  

-0.004** -0.004*** 

  

-0.006*** -0.006*** 

  

  

(0.001) (0.001) 

  

(0.001) (0.001) 

Professionals 

  

-0.000 -0.001 

  

-0.008 -0.011* 
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(0.004) (0.004) 

  

(0.005) (0.005) 

Technicians and associate profession-

als 

  

-0.016*** -0.013*** 

  

-0.014*** -0.012*** 

  

  

(0.002) (0.002) 

  

(0.002) (0.002) 

Clerical support workers 

  

-0.009*** -0.009*** 

  

-0.008*** -0.010*** 

  

  

(0.002) (0.002) 

  

(0.002) (0.001) 

Service and sales workers 

  

-0.009*** -0.007*** 

  

-0.013*** -0.012*** 

  

  

(0.002) (0.002) 

  

(0.001) (0.001) 

Skilled agricultural, forestry and 

fishery workers 

  

-0.011*** -0.008*** 

  

-0.004** -0.004*** 

  

  

(0.002) (0.002) 

  

(0.001) (0.001) 

Craft and related trades workers 

  

-0.010* -0.011** 

  

-0.001 -0.000 

  

  

(0.004) (0.004) 

  

(0.006) (0.005) 

Plant and machine operators, and 

assemblers 

  

0.009*** 0.007*** 

  

0.013*** 0.006** 

  

  

(0.002) (0.001) 

  

(0.003) (0.002) 

Elementary occupations 

  

0.012*** 0.008*** 

  

0.017*** 0.011*** 

  

  

(0.002) (0.001) 

  

(0.003) (0.002) 

Managers 

  

0.003 0.001 

  

0.004** 0.003* 

   

(0.002) (0.001) 

  

(0.002) (0.001) 

Constant 0.020*** 0.018*** 0.009 -0.001 0.020*** 0.023*** -0.019*** -0.013 

 

(0.001) (0.001) (0.005) (0.017) (0.001) (0.001) (0.004) (0.017) 

         
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes 

         
N 331,673 331,673 331,670 331,670 519,910 519,910 5199,02 519,902 

R2 0.02 0.02 0.04 0.12 0.01 0.01 0.02 0.10 

Adj. R2 0.02 0.02 0.04 0.11 0.01 0.01 0.02 0.09 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

3.D Regressions on False Negatives 

Table 3.18: Regression on false negatives for social assistance recipients 

  Social Assistance Recipients 

  Men Women 

Neoplasms -0.077*** -0.067*** -0.043*** -0.075*** -0.064*** -0.026** 

  (0.011) (0.011) (0.011) (0.009) (0.009) (0.009) 

Diseases of the blood and blood-forming organs and certain 

disorders involving the immune mechanism -0.086*** -0.057** -0.051** -0.076*** -0.072*** -0.056*** 

  (0.020) (0.020) (0.020) (0.012) (0.012) (0.012) 

Endocrine, nutritional and metabolic diseases -0.143*** -0.097*** -0.079*** -0.042*** -0.027*** -0.017* 

  (0.009) (0.009) (0.009) (0.008) (0.008) (0.008) 

Mental and behavioral disorders -0.076*** -0.048*** -0.054*** -0.146*** -0.107*** -0.103*** 

  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 

Diseases of the nervous system -0.111*** -0.081*** -0.077*** -0.160*** -0.128*** -0.115*** 

  (0.010) (0.009) (0.009) (0.009) (0.009) (0.008) 

Diseases of the eye and adnexa -0.009 -0.005 0.003 -0.065*** -0.051*** -0.022* 

  (0.011) (0.010) (0.010) (0.010) (0.010) (0.010) 

Diseases of the ear and mastoid process -0.050*** -0.055*** -0.033** -0.071*** -0.068*** -0.040*** 

  (0.011) (0.011) (0.011) (0.011) (0.010) (0.010) 

Diseases of the circulatory system -0.132*** -0.077*** -0.053*** -0.104*** -0.069*** -0.033*** 

  (0.009) (0.009) (0.008) (0.009) (0.008) (0.008) 

Diseases of the respiratory system -0.021* -0.021* -0.017* -0.036*** -0.035*** -0.022** 

  (0.009) (0.009) (0.009) (0.009) (0.008) (0.008) 

Diseases of the digestive system -0.028*** -0.013 0.001 -0.056*** -0.039*** -0.025*** 

  (0.008) (0.008) (0.008) (0.008) (0.008) (0.007) 

Diseases of the skin and subcutaneous tissue 0.043*** 0.036*** 0.032*** -0.015 -0.015 -0.009 

  (0.009) (0.009) (0.009) (0.009) (0.009) (0.009) 

Diseases of the musculoskeletal system and connective tissue -0.116*** -0.103*** -0.084*** -0.152*** -0.134*** -0.105*** 

  (0.008) (0.008) (0.007) (0.007) (0.007) (0.007) 
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Diseases of the genitourinary system -0.006 -0.002 0.004 -0.017* -0.017* -0.007 

  (0.010) (0.010) (0.009) (0.008) (0.007) (0.007) 

Pregnancy, childbirth and the puerperium 

   

0.177*** 0.149*** 0.123*** 

  

   

(0.007) (0.007) (0.007) 

Certain conditions originating in the perinatal period 0.139 0.128 0.080 0.000 -0.008 -0.018 

  (0.093) (0.091) (0.089) (0.065) (0.064) (0.063) 

Congenital malformations, deformations and chromosomal 

abnormalities -0.068*** -0.077*** -0.104*** -0.064*** -0.071*** -0.088*** 

  (0.017) (0.016) (0.016) (0.015) (0.014) (0.014) 

Symptoms, signs and abnormal clinical and laboratory 

findings, not elsewhere classified -0.044*** -0.031*** -0.023** -0.067*** -0.055*** -0.047*** 

  (0.008) (0.008) (0.008) (0.007) (0.007) (0.007) 

Injury, poisoning and certain other consequences of external 

causes 0.085*** 0.073*** 0.056*** 0.006 0.007 0.012 

  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 

External causes of morbidity and mortality 0.045 0.052* 0.024 -0.020 -0.009 0.006 

  (0.024) (0.024) (0.023) (0.017) (0.016) (0.016) 

Factors influencing health status and contact with health 

services 0.003 0.007 0.006 0.053*** 0.045*** 0.038*** 

  (0.007) (0.007) (0.007) (0.007) (0.007) (0.007) 

Alimentary tract and metabolism 

 

-0.192*** -0.154*** 

 

-0.231*** -0.211*** 

  

 

(0.004) (0.004) 

 

(0.005) (0.005) 

Blood and blood forming organs 

 

-0.266*** -0.199*** 

 

-0.261*** -0.226*** 

  

 

(0.008) (0.008) 

 

(0.008) (0.008) 

Cardiovascular system 

 

-0.256*** -0.184*** 

 

-0.277*** -0.215*** 

  

 

(0.005) (0.005) 

 

(0.005) (0.005) 

Dermatologicals 

 

-0.097*** -0.078*** 

 

-0.111*** -0.118*** 

  

 

(0.005) (0.005) 

 

(0.005) (0.005) 

Genito urinary system and sex hormones 

 

-0.143*** -0.149*** 

 

-0.079*** -0.105*** 

  

 

(0.030) (0.029) 

 

(0.004) (0.004) 

Systemic hormonal preparations, excl. Sex hormones and 

insulins 

 

-0.157*** -0.139*** 

 

-0.219*** -0.204*** 

  

 

(0.008) (0.008) 

 

(0.006) (0.006) 

Anti-infectives for systemic use 

 

-0.059*** -0.053*** 

 

-0.100*** -0.111*** 

  

 

(0.003) (0.003) 

 

(0.004) (0.004) 

Antineoplastic and immunomodulating agents 

 

-0.295*** -0.288*** 

 

-0.358*** -0.355*** 

  

 

(0.025) (0.024) 

 

(0.019) (0.019) 

Musculo-skeletal system 

 

-0.156*** -0.130*** 

 

-0.197*** -0.190*** 

  

 

(0.003) (0.003) 

 

(0.004) (0.004) 

Nervous system 

 

-0.214*** -0.185*** 

 

-0.285*** -0.267*** 

  

 

(0.003) (0.003) 

 

(0.004) (0.004) 

Respiratory system 

 

-0.115*** -0.100*** 

 

-0.160*** -0.151*** 

  

 

(0.005) (0.005) 

 

(0.005) (0.005) 

Self-sufficiency 6 months pre meeting 

  

0.134*** 

  

0.121*** 

  

  

(0.007) 

  

(0.007) 

Self-sufficiency 12 months pre meeting 

  

0.024*** 

  

-0.024** 

  

  

(0.007) 

  

(0.008) 

High school 

  

-0.020*** 

  

-0.008** 

  

  

(0.004) 

  

(0.003) 

Vocational schooling 

  

-0.021*** 

  

-0.024*** 

  

  

(0.002) 

  

(0.002) 

Short further education 

  

-0.023*** 

  

0.024*** 

  

  

(0.006) 

  

(0.007) 

Intermediate further education 

  

0.024*** 

  

0.002 

  

  

(0.005) 

  

(0.004) 

Further education 

  

0.033*** 

  

0.052*** 

  

  

(0.007) 

  

(0.008) 

Age 

  

-0.004*** 

  

-0.006*** 

  

  

(0.000) 

  

(0.000) 

Children 

  

-0.014*** 

  

-0.005** 

  

  

(0.003) 

  

(0.002) 
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From an OECD country 

  

-0.015*** 

  

0.056*** 

  

  

(0.002) 

  

(0.002) 

From other countries 

  

0.000 

  

0.054*** 

  

  

(0.005) 

  

(0.005) 

From an unknown country 

  

0.019*** 

  

0.070*** 

  

  

(0.003) 

  

(0.002) 

Experience since 1981 (in years) 

  

-0.031 

  

-0.059 

  

  

(0.084) 

  

(0.056) 

Earnings last year 

  

-0.002*** 

  

-0.001** 

  

  

(0.000) 

  

(0.000) 

Social Assistance last year 

  

0.000*** 

  

0.000*** 

  

  

(0.000) 

  

(0.000) 

Unemployment benefits last year 

  

-0.000*** 

  

-0.000*** 

  

  

(0.000) 

  

(0.000) 

White-collar worker 

  

0.002 

  

-0.006 

  

  

(0.012) 

  

(0.011) 

Blue collar worker 

  

0.010*** 

  

0.002 

  

  

(0.003) 

  

(0.003) 

Professionals 

  

0.071 

  

-0.012 

  

  

(0.043) 

  

(0.056) 

Technicians and associate professionals 

  

0.027 

  

0.055*** 

  

  

(0.014) 

  

(0.012) 

Clerical support workers 

  

0.007 

  

0.002 

  

  

(0.010) 

  

(0.009) 

Service and sales workers 

  

0.028** 

  

0.013 

  

  

(0.009) 

  

(0.007) 

Skilled agricultural, forestry and fishery workers 

  

0.028*** 

  

0.035*** 

  

  

(0.005) 

  

(0.003) 

Craft and related trades workers 

  

0.016 

  

-0.023 

  

  

(0.019) 

  

(0.027) 

Plant and machine operators, and assemblers 

  

0.018*** 

  

0.031** 

  

  

(0.005) 

  

(0.010) 

Elementary occupations 

  

0.022*** 

  

0.009 

  

  

(0.005) 

  

(0.007) 

Managers 

  

0.047*** 

  

0.035*** 

  

  

(0.004) 

  

(0.004) 

Constant 

  

0.372*** 0.504*** 0.636*** 0.371*** 

  

  

(0.007) (0.007) (0.008) (0.007) 

Month fixed effects Yes Yes Yes Yes Yes Yes 

Caseworker fixed effects Yes Yes Yes Yes Yes Yes 

Weeks btw. meeting and diagnoses or prescrip. med. Yes Yes Yes Yes Yes Yes 

       

N 253,234 253,234 253,197 360,816 360,816 360,794 

R2 0.27 0.30 0.33 0.26 0.29 0.31 

Adj. R2 0.25 0.27 0.30 0.24 0.27 0.30 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

Table 3.19: Regression on false negatives for unemployment insurance recipients 

  Unemployment Insurance Recipients 

  Men Women 

Neoplasms -0.009 -0.006 -0.001 0.006 0.008 0.012* 

  (0.007) (0.007) (0.007) (0.005) (0.005) (0.005) 

Diseases of the blood and blood-forming organs and certain 

disorders involving the immune mechanism -0.021 -0.013 -0.016 -0.021** -0.018* -0.015 

  (0.012) (0.012) (0.012) (0.008) (0.008) (0.008) 

Endocrine, nutritional and metabolic diseases -0.034*** -0.018** -0.015* -0.007 -0.002 0.000 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 



123 

 

Mental and behavioral disorders -0.006 0.004 0.010 -0.004 0.003 0.006 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 

Diseases of the nervous system -0.027*** -0.020** -0.017* -0.042*** -0.036*** -0.033*** 

  (0.007) (0.007) (0.007) (0.005) (0.005) (0.005) 

Diseases of the eye and adnexa -0.000 0.002 0.003 0.002 0.005 0.010 

  (0.007) (0.007) (0.007) (0.005) (0.005) (0.005) 

Diseases of the ear and mastoid process -0.022** -0.021** -0.016* -0.024*** -0.023*** -0.018** 

  (0.007) (0.007) (0.007) (0.006) (0.006) (0.006) 

Diseases of the circulatory system -0.024*** -0.010 -0.006 -0.001 0.005 0.008 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 

Diseases of the respiratory system -0.001 0.000 0.001 0.004 0.004 0.006 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 

Diseases of the digestive system 0.003 0.008 0.010 -0.000 0.004 0.006 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 

Diseases of the skin and subcutaneous tissue -0.008 -0.009 -0.008 -0.012* -0.012* -0.011* 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) 

Diseases of the musculoskeletal system and connective 

tissue -0.042*** -0.039*** -0.032*** -0.049*** -0.045*** -0.038*** 

  (0.005) (0.005) (0.005) (0.004) (0.004) (0.004) 

Diseases of the genitourinary system 0.004 0.003 0.006 0.016*** 0.017*** 0.017*** 

  (0.006) (0.006) (0.006) (0.004) (0.004) (0.004) 

Pregnancy, childbirth and the puerperium 

   

0.031*** 0.026*** 0.023*** 

  

   

(0.004) (0.004) (0.004) 

Certain conditions originating in the perinatal period 0.021 0.023 0.019 -0.046 -0.049 -0.056 

  (0.136) (0.135) (0.134) (0.036) (0.036) (0.036) 

Congenital malformations, deformations and chromosomal 

abnormalities -0.006 -0.006 -0.005 0.014 0.015 0.014 

  (0.011) (0.011) (0.011) (0.008) (0.008) (0.008) 

Symptoms, signs and abnormal clinical and laboratory 

findings, not elsewhere classified 0.006 0.010 0.012* 0.001 0.004 0.005 

  (0.006) (0.006) (0.006) (0.005) (0.005) (0.004) 

Injury, poisoning and certain other consequences of external 

causes 0.017** 0.014** 0.012* 0.006 0.007 0.008 

  (0.005) (0.005) (0.005) (0.004) (0.004) (0.004) 

External causes of morbidity and mortality -0.018 -0.023 -0.019 -0.014 -0.011 -0.007 

  (0.024) (0.024) (0.024) (0.010) (0.009) (0.009) 

Factors influencing health status and contact with health 

services 0.002 0.004 0.006 0.008 0.008 0.007 

  (0.005) (0.005) (0.005) (0.004) (0.004) (0.004) 

Alimentary tract and metabolism 

 

-0.045*** -0.036*** 

 

-0.036*** -0.031*** 

  

 

(0.003) (0.003) 

 

(0.002) (0.002) 

Blood and blood forming organs 

 

-0.068*** -0.051*** 

 

-0.037*** -0.029*** 

  

 

(0.004) (0.004) 

 

(0.004) (0.004) 

Cardiovascular system 

 

-0.047*** -0.033*** 

 

-0.029*** -0.019*** 

  

 

(0.003) (0.003) 

 

(0.002) (0.002) 

Dermatologicals 

 

-0.017*** -0.014*** 

 

-0.014*** -0.013*** 

  

 

(0.003) (0.003) 

 

(0.002) (0.002) 

Genito urinary system and sex hormones 

 

-0.019 -0.011 

 

-0.003 -0.006*** 

  

 

(0.017) (0.017) 

 

(0.002) (0.002) 

Systemic hormonal preparations, excl. Sex hormones and 

insulins 

 

-0.029*** -0.024*** 

 

-0.020*** -0.017*** 

  

 

(0.004) (0.004) 

 

(0.003) (0.003) 

Anti-infectives for systemic use 

 

-0.013*** -0.011*** 

 

-0.007*** -0.008*** 

  

 

(0.002) (0.002) 

 

(0.002) (0.002) 

Antineoplastic and immunomodulating agents 

 

-0.052*** -0.043*** 

 

-0.052*** -0.050*** 

  

 

(0.013) (0.013) 

 

(0.009) (0.009) 

Musculo-skeletal system 

 

-0.033*** -0.029*** 

 

-0.032*** -0.030*** 

  

 

(0.002) (0.002) 

 

(0.002) (0.002) 

Nervous system 

 

-0.047*** -0.037*** 

 

-0.034*** -0.030*** 

  

 

(0.002) (0.002) 

 

(0.002) (0.002) 

Respiratory system 

 

-0.027*** -0.025*** 

 

-0.013*** -0.013*** 

  

 

(0.003) (0.003) 

 

(0.002) (0.002) 
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Self-sufficiency 6 months pre meeting 

  

0.009* 

  

0.018*** 

  

  

(0.004) 

  

(0.003) 

Self-sufficiency 12 months pre meeting 

  

0.080*** 

  

0.029*** 

  

  

(0.004) 

  

(0.003) 

High school 

  

0.024*** 

  

0.015*** 

  

  

(0.002) 

  

(0.002) 

Vocational schooling 

  

0.003* 

  

-0.002 

  

  

(0.001) 

  

(0.001) 

Short further education 

  

0.019*** 

  

0.016*** 

  

  

(0.003) 

  

(0.002) 

Intermediate further education 

  

0.029*** 

  

0.010*** 

  

  

(0.002) 

  

(0.001) 

Further education 

  

0.027*** 

  

0.022*** 

  

  

(0.003) 

  

(0.002) 

Age 

  

-0.001*** 

  

-0.001*** 

  

  

(0.000) 

  

(0.000) 

Children 

  

0.006*** 

  

0.002* 

  

  

(0.001) 

  

(0.001) 

From an OECD country 

  

0.001 

  

0.012*** 

  

  

(0.001) 

  

(0.001) 

From other countries 

  

0.004 

  

0.011*** 

  

  

(0.004) 

  

(0.003) 

From an unknown country 

  

0.008*** 

  

0.003 

  

  

(0.002) 

  

(0.002) 

Experience since 1981 (in years) 

  

-0.224*** 

  

-0.001 

  

  

(0.047) 

  

(0.152) 

Earnings last year 

  

-0.000 

  

0.001*** 

  

  

(0.000) 

  

(0.000) 

Social Assistance last year 

  

0.000*** 

  

0.000*** 

  

  

(0.000) 

  

(0.000) 

Unemployment benefits last year 

  

0.000 

  

-0.000 

  

  

(0.000) 

  

(0.000) 

White-collar worker 

  

-0.010** 

  

0.004* 

  

  

(0.003) 

  

(0.002) 

Blue collar worker 

  

0.001 

  

0.006*** 

  

  

(0.001) 

  

(0.001) 

Professionals 

  

-0.001 

  

0.011 

  

  

(0.007) 

  

(0.007) 

Technicians and associate professionals 

  

0.023*** 

  

0.013*** 

  

  

(0.003) 

  

(0.002) 

Clerical support workers 

  

0.014*** 

  

0.011*** 

  

  

(0.003) 

  

(0.002) 

Service and sales workers 

  

0.010*** 

  

0.012*** 

  

  

(0.003) 

  

(0.001) 

Skilled agricultural, forestry and fishery workers 

  

0.011*** 

  

0.005*** 

  

  

(0.003) 

  

(0.001) 

Craft and related trades workers 

  

0.014* 

  

0.004 

  

  

(0.007) 

  

(0.007) 

Plant and machine operators, and assemblers 

  

-0.007*** 

  

-0.006 

  

  

(0.002) 

  

(0.003) 

Elementary occupations 

  

-0.007** 

  

-0.015*** 

  

  

(0.002) 

  

(0.002) 

Managers 

  

-0.000 

  

-0.003 

  

  

(0.002) 

  

(0.002) 

Constant 0.536*** 0.719*** 0.937*** 0.962*** 0.922*** 0.944*** 

  (0.008) (0.008) (0.005) (0.005) (0.006) (0.004) 

       

Month fixed effects Yes Yes Yes Yes Yes Yes 
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Caseworker fixed effects Yes Yes Yes Yes Yes Yes 

Weeks btw. meeting and diagnoses or prescrip. med. Yes Yes Yes Yes Yes Yes 

       

N 165,500 165,500 165,500 301,684 301,684 301,681 

R2 0.12 0.12 0.14 0.10 0.10 0.1 

Adj. R2 0.10 0.11 0.12 0.09 0.09 0.10 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

3.E Regressions on False Positives 

Table 3.20: Regression on false positives for social assistance recipients 

 Social Assistance Recipients 

  Men Women 

Self-sufficiency 6 months pre meeting -0.200*** -0.134*** -0.234*** -0.158*** 

  (0.010) (0.010) (0.014) (0.013) 

Self-sufficiency 12 months pre meeting 0.063*** 0.046*** 0.097*** 0.075*** 

  (0.011) (0.010) (0.014) (0.014) 

High school -0.030*** -0.005 -0.007 0.014** 

  (0.005) (0.005) (0.005) (0.005) 

Vocational schooling 0.018*** 0.024*** 0.026*** 0.038*** 

  (0.004) (0.003) (0.004) (0.004) 

Short further education -0.053*** -0.027** -0.072*** -0.038*** 

  (0.009) (0.009) (0.011) (0.011) 

Intermediate further education -0.070*** -0.045*** -0.011 -0.000 

  (0.007) (0.007) (0.008) (0.008) 

Further education -0.119*** -0.082*** -0.118*** -0.066*** 

  (0.009) (0.009) (0.013) (0.012) 

Age 0.006*** 0.005*** 0.009*** 0.007*** 

  (0.000) (0.000) (0.000) (0.000) 

Married 0.019*** 0.021*** 0.027*** 0.017*** 

  (0.004) (0.004) (0.004) (0.004) 

Children -0.028*** -0.017*** -0.069*** -0.054*** 

  (0.003) (0.003) (0.003) (0.003) 

From an OECD country -0.045*** -0.037*** -0.055*** -0.038*** 

  (0.008) (0.008) (0.008) (0.008) 

From other countries -0.059*** -0.047*** -0.072*** -0.078*** 

  (0.004) (0.004) (0.004) (0.004) 

From an unknown country 0.145 0.210 0.204 0.106 

  (0.118) (0.111) (0.228) (0.212) 

Experience since 1981 (in years) -0.000 0.001** 0.001*** 0.002*** 

  (0.000) (0.000) (0.000) (0.000) 

Earnings last year -0.000*** -0.000*** -0.000*** -0.000*** 

  (0.000) (0.000) (0.000) (0.000) 

Social assistance last year 0.000*** 0.000*** 0.000*** 0.000*** 

  (0.000) (0.000) (0.000) (0.000) 

Unemployment benefits last year -0.000*** -0.000*** -0.000*** -0.000*** 

  (0.000) (0.000) (0.000) (0.000) 

White-collar worker -0.004 0.000 0.015 -0.004 

  (0.017) (0.017) (0.018) (0.018) 

Blue-collar worker -0.036*** -0.021*** -0.019*** -0.012* 

  (0.004) (0.004) (0.006) (0.006) 

Professionals 0.083 0.066 -0.318** -0.231* 

  (0.070) (0.065) (0.118) (0.114) 

Technicians and associate professionals -0.083*** -0.054*** -0.118*** -0.055** 

  (0.016) (0.016) (0.021) (0.020) 

Clerical support workers -0.052*** -0.024 -0.068*** -0.035* 

  (0.015) (0.014) (0.017) (0.016) 
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Service and sales workers -0.056*** -0.016 -0.067*** -0.022 

  (0.012) (0.011) (0.012) (0.012) 

Skilled agricultural, forestry and fishery workers -0.082*** -0.042*** -0.100*** -0.057*** 

  (0.008) (0.008) (0.007) (0.007) 

Craft and related trades workers -0.055 -0.065* -0.010 -0.007 

  (0.034) (0.032) (0.057) (0.054) 

Plant and machine operators, and assemblers -0.025** -0.018* -0.071*** -0.050* 

  (0.008) (0.008) (0.021) (0.020) 

Elementary occupations -0.031*** -0.025** -0.077*** -0.055*** 

  (0.008) (0.008) (0.015) (0.014) 

Managers -0.082*** -0.049*** -0.090*** -0.056*** 

  (0.005) (0.005) (0.007) (0.007) 

Any purchases of prescription medication 0.168*** 0.135*** 0.199*** 0.164*** 

  (0.003) (0.003) (0.004) (0.004) 

Constant 0.126*** 0.181*** 0.035*** 0.123*** 

  (0.006) (0.006) (0.007) (0.008) 

  

    Caseworker fixed effects No Yes No Yes 

  

    N 131,037 131,037 105,952 105,952 

Adj. R2 0.17 0.31 0.16 0.31 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 

 

Table 3.21: Regression on false positives for unemployment insurance recipients 

  Unemployment Insurance Recipients 

  Men Women 

Self-sufficiency 6 months pre meeting -0.012*** -0.015*** -0.010*** -0.011*** 

  (0.003) (0.003) (0.003) (0.003) 

Self-sufficiency 12 months pre meeting -0.013*** -0.016*** -0.018*** -0.021*** 

  (0.003) (0.003) (0.003) (0.003) 

High school -0.021*** -0.017*** -0.017*** -0.015*** 

  (0.002) (0.002) (0.002) (0.002) 

Vocational schooling -0.003** -0.001 -0.002* -0.001 

  (0.001) (0.001) (0.001) (0.001) 

Short further education -0.009*** -0.007*** -0.014*** -0.011*** 

  (0.002) (0.002) (0.002) (0.002) 

Intermediate further education -0.020*** -0.015*** -0.011*** -0.009*** 

  (0.002) (0.002) (0.001) (0.001) 

Further education -0.026*** -0.018*** -0.024*** -0.016*** 

  (0.002) (0.002) (0.002) (0.002) 

Age 0.001*** 0.001*** 0.001*** 0.001*** 

  (0.000) (0.000) (0.000) (0.000) 

Married -0.002 -0.001 -0.000 -0.001 

  (0.001) (0.001) (0.001) (0.001) 

Children -0.000 -0.002 -0.003*** -0.006*** 

  (0.001) (0.001) (0.001) (0.001) 

From an OECD country -0.009*** -0.010*** -0.003 -0.006* 

  (0.002) (0.002) (0.003) (0.003) 

From other countries -0.002 -0.007*** 0.004* -0.003 

  (0.002) (0.002) (0.002) (0.002) 

From an unknown country -0.030 -0.060 -0.000*** -0.000*** 

  (0.053) (0.053) (0.000) (0.000) 

Experience since 1981 (in years) -0.000* -0.000** -0.000*** -0.000*** 

  (0.000) (0.000) (0.000) (0.000) 

Earnings last year -0.000*** -0.000*** -0.000*** -0.000*** 

  (0.000) (0.000) (0.000) (0.000) 
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Social Assistance last year 0.000 -0.000 0.000*** 0.000** 

  (0.000) (0.000) (0.000) (0.000) 

Unemployment benefits last year -0.000*** -0.000*** -0.000*** -0.000*** 

  (0.000) (0.000) (0.000) (0.000) 

White-collar worker -0.002 -0.001 -0.005** -0.004* 

  (0.002) (0.002) (0.002) (0.002) 

Blue collar worker -0.005*** -0.005*** -0.004*** -0.004*** 

  (0.001) (0.001) (0.001) (0.001) 

Professionals -0.002 -0.001 -0.014* -0.014* 

  (0.005) (0.004) (0.007) (0.006) 

Technicians and associate professionals -0.008*** -0.006* -0.014*** -0.013*** 

  (0.002) (0.002) (0.002) (0.002) 

Clerical support workers -0.005* -0.004* -0.009*** -0.010*** 

  (0.002) (0.002) (0.002) (0.002) 

Service and sales workers -0.005* -0.003 -0.012*** -0.011*** 

  (0.002) (0.002) (0.001) (0.001) 

Skilled agricultural, forestry and fishery workers -0.006** -0.002 -0.004*** -0.004*** 

  (0.002) (0.002) (0.001) (0.001) 

Craft and related trades workers -0.012** -0.012** -0.002 -0.002 

  (0.004) (0.004) (0.007) (0.007) 

Plant and machine operators, and assemblers 0.007*** 0.006*** 0.006* 0.001 

  (0.001) (0.001) (0.003) (0.003) 

Elementary occupations 0.013*** 0.011*** 0.007*** 0.003 

  (0.002) (0.002) (0.002) (0.002) 

Managers 0.003* 0.003 0.001 -0.000 

  (0.001) (0.001) (0.001) (0.001) 

Any prescrip. Med. 0.016*** 0.015*** 0.017*** 0.016*** 

  (0.001) (0.001) (0.001) (0.001) 

Constant 0.014*** 0.019*** 0.004 0.010*** 

  (0.002) (0.002) (0.003) (0.003) 

  

    Caseworker fixed effects No Yes No Yes 

  

    N 166,170 166,170 218,221 218,221 

R2 0.01 0.09 0.01 0.09 

Adj. R2 0.01 0.08 0.01 0.07 

* Standard errors in parentheses and clustered on caseworker level. * p<0.05, ** p<0.01, *** p<0.001. 
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