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Abstract: 
The access to health networks is an integral part of sustainable development, which has largely 
been ignored in previous studies of health knowledge production.  Additionally, the previous 
literature is scarce on health knowledge gaps and the intersection of deeply institutionalized 
marginalization of certain groups—such as by caste or by religious system in India, Bangladesh, 
or Nepal—and the resources these groups have available.  To address these knowledge gaps, we 
explore the relationship among health knowledge and caste and religion and a number of 
important mediating factors in India, estimating causal impacts through a combination of 
instrumental variables and decomposition methods.  Five main results are established: (1) the 
presence of a substantively large “raw” (unconditional) health knowledge caste gap favoring 
high caste women—though at the same time with an overall relatively low level of health 
knowledge across castes and religions—thus pointing towards even deeper, more structural, 
endemic public policy challenges for Indian policy makers); (2) evidence that the endowments 
and the returns to these endowments increase the health knowledge gaps—indicating that high 
caste women have higher education and better access to health networks but also higher returns 
to these characteristics; (3) for Adivasi women network homophily works to decrease the 
discrimination part of the health knowledge gap—it may therefore not be enough if these women 
merely get access to health networks (even if they are of high quality) if caste and religion-
related gaps in health knowledge are to be reduced; such networks also have to be homophilous, 
to have an effect; (4) while observed individual characteristics explain a large—indeed, 

 
† This research was partially funded by Aarhus University Research Foundation and Danish Council for Independent 

Research|Social Sciences grant no. DFF – 1327-00037 and Washington and Lee University’s Lenfest Summer 

Research Grant.  The data were kindly provided by the Inter-university Consortium for Political and Social 

Research, Ann Arbor, MI, on behalf of Sonalde Desai, Reeve Vanneman, and the National Council of Applied 

Economic Research, New Delhi.  We thank participants at the Inaugural Sustainability and Development 

Conference in Ann Arbor, Michigan for helpful comments and suggestions.  We are grateful to the Editor-in-Chief 

Dr. Arun Agrawal and three anonymous reviewers for many helpful comments and suggestions, which helped 

greatly improve this paper.  The findings and interpretations are those of the authors and should not be attributed to 

any of the aforementioned individuals or organizations, however. 



 2 

sometimes the major—part of the gaps, in several cases a substantial part of the health 
knowledge gap is left unexplained—consistent with the presence of discrimination against these 
systemically marginalized women; and (5) in turn, the substantial dampening of the caste and 
religion effect once socioeconomic status is controlled for suggests that caste differentials are not 
independent of class differentials.  We also perform similar analysis for child mortality, now 
including health knowledge as one of the focal explanatory variables and obtain similar results—
thus providing additional evidence that health knowledge and health network access, two major 
factors of sustainable development, should receive more attention by policymakers in the future.  
Lastly, policy implications and implications and suggestions for future data collection efforts are 
also discussed.  
 
 
 
 
1.   Introduction 
Health knowledge arguably is one of the main inputs in the production of health outcomes, thus 

motivating the policy relevance of understanding how such knowledge is produced in the first 

place.  In particular, marginalized groups in society can be expected to benefit even more from 

improvements in their health knowledge than groups that are already (relatively) well off, thus 

potentially helping to close the health knowledge gap between the haves and the have-nots.   

In turn, this policy discussion naturally lends itself to being explicitly considered—if not, 

indeed, solidly anchored—within the context of the Sustainable Development Goals (SDGs), 

which were adopted by all United Nations Member States in 2015.  Spanning 17 goals in total, 

health knowledge is particularly relevant for goal number 3, namely to “Ensure healthy lives and 

promote well-being for all at all ages” (UN, 2019).   

Health knowledge is also intimately linked to a number of other SDGs, especially the 

SDGs on education and inequality.1  Education helps promote health knowledge by either 

producing it either directly (as part of the school curriculum) or indirectly (“learning to learn,” 

including, for example, being able to read public health messages (Blunch, 2018).  Inequality, on 

the other hand, may exclude certain groups from obtaining health knowledge in the first place, 

for example through explicit discrimination in access to public health facilities (Acharya, 2010).  

Additionally, access to water, which is part of SDG 6,2 is an important input into the production 

of health outcomes—but it also sometimes requires very specific health knowledge to know 

 
1 More specifically, SDGs 4 and 10 are to “Ensure inclusive and equitable quality education and promote lifelong 

learning opportunities for all” and to “Reduce inequality within and among countries,” respectively (UN, 2019).   
2 More specifically, SDG 6 is to “Ensure availability and sustainable management of water and sanitation for all” 

(UN, 2019). 



 3 

when and/or how much water is needed; for example, in the treatment of diarrhea in children.  

All of which is to say that health knowledge is both very much a policy relevant issue—but at the 

same time also quite a complex one, interconnecting, as it does, several other important social 

and public policy issues. 

While previous studies have examined health knowledge and established some of their 

main correlates such as education (Kenkel, 1991; Altindag et al., 2011), much less is known 

about health knowledge gaps and the intersection of deeply institutionalized marginalization of 

certain groups—such as by caste or by the religious system in India, Bangladesh, or Nepal—and 

the resources these groups have available.  In particular, the access to health networks has 

received little to no attention in the previous related literature on health knowledge gaps across 

socioeconomic groups.3  

 In response to these issues, this study examines the health knowledge gap related to the 

treatment of diarrhea—the second largest cause of death for children under five, after pneumonia 

(WHO, 2013)4.  Many—if not all—of these deaths are preventable, since the main treatment for 

diarrhea is increased fluids, especially water, possibly combined with oral rehydration salts.  

Many mothers (and fathers) just do not know that increased fluids intake is what needs to be 

done upon the onset of diarrhea in their children.5  As a whole, this—it also turns out in our 

study, as we will see in the following—is the case across people from many different social and 

religious backgrounds, though to differing degrees.  In India, the institution of caste has been 

heavily researched and found, together with the institution of religion, to be associated with 

differentials in a range of outcomes including unemployment and poverty (Das, 2012; Mosse, 

2018), as well as directly in health outcomes (Borooah, 2012; Borooah et al., 2012; Mosse, 

2018)—the latter of which arguably would seem to be heavily affected by health knowledge for 

the given health issue in question.  Understanding better what determines the health knowledge 

 
3 Blunch and Datta Gupta (2018) examine access to health networks for the case of India but they are mainly 

concerned with the determinants of health knowledge per se (rather than the gaps) and do also not consider 

decompositions of the health knowledge gaps, as we do here.  The one study that we could find that came closest to 

ours overall examines health knowledge regarding contraceptive use and HIV-AIDS and also perform caste gap 

decomposition analyses for these (Maity, 2017), and so we contrast and compare our subsequent findings especially 

with this study to the extent possible.  
4 Diarrhea is particularly dangerous for very small children, due to their immune systems not being fully developed 

yet—so that onset of diarrhea is much more likely to lead to death here (as compared to older children and adults). 
5 In a descriptive study based on Indian NFHS data (3rd wave, 2005-06), only 26% of children with diarrhea received 

oral rehydration treatment or increased fluids, as recommended, and 26 percent received no treatment at all. Sixteen 

percent received antibiotics, which are not recommended for treating most childhood diarrhea (Sharma, 2008). 
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gap in the context of the treatment of diarrhea in children across caste and religious groups in 

India therefore seems to be a health issue of utmost policy relevance.  

 In the following, we (1) establish the presence of a “raw” health knowledge gap 

regarding diarrhea in children and their increased fluids intake as the correct treatment between 

high caste women and women from low castes and other disadvantaged groups, such as 

Muslims—although, importantly, it should be stressed that even among the women from the 

better-off higher castes a staggering one-third (and even more in rural areas) do not know that 

children need more water (rather than less or the same) when they experience diarrhea, thus 

pointing toward an even deeper, more structural problem, with important public policy 

implications; (2) decompose this gap into its main aggregate components, namely the explained 

and the unexplained part, using an Oaxaca (1973)-Blinder (1973) decomposition; and (3) 

decompose this gap into its detailed components, with a focus on the importance of the access to 

health networks—where we distinguish between three different dimensions of health network 

access: access (per se), quality (knowing a doctor taken as the highest level), and homophily of 

the network (as measured by likeness regarding caste relationship of the two network 

participants) (4) extend this analysis by performing similar analyses for the gap in child 

mortality, now treating health knowledge as one of the focal explanatory variables.  

 Estimation of raw caste and religion health knowledge gaps and overall and detailed 

earnings decompositions leads to five main results: (1) the presence of a substantively large 

“raw” (unconditional) health knowledge caste gap favoring high caste women—though at the 

same time with an overall relatively low level of health knowledge across castes and religions—

thus pointing towards even deeper, more structural, endemic public policy challenges for Indian 

policy makers); (2) evidence that the endowments and the returns to these endowments increase 

the health knowledge gaps—indicating that high caste women have higher education and better 

access to health networks but also higher returns to these characteristics; (3) for Adivasi women 

network homophily works to decrease the discrimination part of the health knowledge gap—it 

may therefore not be enough if these women merely get access to health networks (even if they 

are of high quality) if caste and religion-related gaps in health knowledge are to be reduced; such 

networks also have to be homophilous, to have an effect; (4) while observed individual 

characteristics explain a large—indeed, sometimes the major—part of the gaps, in several cases a 

substantial part of the health knowledge gap is left unexplained—consistent with the presence of 
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discrimination against these systemically marginalized women; and (5) in turn, the substantial 

dampening of the caste and religion effect once socioeconomic status is controlled for suggests 

that caste differentials are not independent of class differentials.  Similar results are obtained for 

the analysis of the child mortality gap, thus providing additional evidence that health knowledge 

and health network access, two major factors of sustainable development, should receive more 

attention by policy makers in the future.   

 

2.  Data  
The 2004/05 India Human Development Survey (IHDS) is a comprehensive nationally 

representative multi-purpose household survey of 41,554 households in 1,503 villages and 971 

urban neighborhoods across India.6  The IHDS survey was produced by the National Council of 

Applied Economic Research (NCAER), New Delhi, and the University of Maryland and used a 

multi-stage clustered sampling design, ensuring national representativeness of the survey 

findings.7  The survey consisted of several questionnaires, which collected information at 

different levels of aggregation and/or for different household members.  The household 

questionnaire collected household and individual information such as age, education, information 

exposure, and access to health networks from a knowledgeable informant, typically the head of 

the household.  A special questionnaire on health and education was given to an ever-married 

woman, aged 15-49, in the household.   

 Relevant for the purposes here, for the subsample of ever-married women 15-49 years of 

age, the survey collected information on health information regarding several health issues.  

While most of these are not particularly policy relevant,8 the survey also asked about the correct 

treatment in children regarding their fluids intake.  Again, considering the adverse outcomes 

overall for the lower castes and Muslims in terms of incidence, mortality, and, to some extent, 

the severity of diarrhea established above and the fact that health knowledge of diarrhea is 

plausibly an important factor affecting these, examining more closely health knowledge 

specifically regarding diarrhea would seem a worthwhile endeavor—from an academic as well as 

 
6 Some might argue that the data is somewhat dated, especially in terms of informing policy and here perhaps 

especially so in terms of the more recent SDGs.  It turns out, however that the health knowledge gaps—and, perhaps 

even more importantly for public policy—the overall relatively low level of health knowledge persist in India in 

more recent years, as we will discuss more, below. 
7 See Desai et al. (2010) for more details. 
8 Including, for example, asking about whether men become physically weak even months after sterilization. 
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a public policy point of view.  The dependent variable, therefore, is a binary measure of the 

individual woman’s health knowledge in terms of her knowledge of the correct treatment of 

diarrhea in children in terms of fluids intake.  It is based on the question “When children have 

diarrhea, do you think that they should be given less to drink than usual, more drink than usual, 

about the same, or it doesn’t matter?” and is coded one if the women responds that more fluids 

should be given to a child with diarrhea and zero otherwise.9 
The two focal explanatory variables are caste and religious affiliation and health network 

access, respectively.  Caste and religious affiliation is coded as a set of dummy variables, where 

caste includes the four main groups High Caste (Brahmin and Other Forward Castes), 

Dalits/Scheduled Castes (SC), Adivasis/Scheduled Tribes (ST), and Other Backward Castes 

(OBC).  Non-Hindus are divided into three groups: Muslims, Christians, and Sikh and Jain.  The 

health network access variables examined here are based on the main question, “Among your 

acquaintances and relatives, are there any who are doctors or nurses or who work in hospitals 

and clinics?”  For this main question we construct a binary measure, which is coded one for 

“yes” and zero for “no.”  In addition to this main question, several follow-up questions are asked, 

which enables exploring additional dimensions of health network access.  These include “What 

does he/she do?” where the possible answers include “Doctors,” “Nurses,” “Technician,” and 

“Other” and “Is his / her community / jati the same as yours?” where the possible answers 

include “Different jati” and “Same jati.”  The responses to these two additional questions are also 

coded into two binary measures, one which equals one for doctor and zero otherwise (thus taking 

“doctor” as the highest level of health network access) and one which equals one for same jati 

and zero otherwise.10  In essence, therefore, we measure three distinct aspects of health network 

access: access (per se), quality (taking “doctor” as the highest level), and homophily of the 

network (as measured by likeness regarding caste relationship of the two network participants).  
 

9 This health knowledge measure, while clearly both important and policy relevant—and, we argue, the best we can 

do with the data at hand—is by no means perfect.  First, in general, knowledge of child health is diverse not only for 

treatment of diarrhea, but also for exclusive breastfeeding, nutrition, various vaccinations, and other 

information. Second, even if it is limited to diarrhea, other knowledge, such as that related to sanitation and oral 

rehydration therapy (ORT) is important, too—as well as is fluid intake.  Such information, unfortunately, is not 

available in this otherwise extremely comprehensive dataset.  In turn, this begs the question of future data collection 

efforts ensuring to collect more and better data related to the treatment of diarrhea in children in India and 

elsewhere.  
10 The interpretation of “jati” here is thus not literally as jati in terms of (occupational) sub-caste but rather as main 

caste or religious community.  This interpretation was supported by Sonalde Desai, one of the PIs of the IHDS 

examined here, in remarks given to the audience at the 2014 IHDS User Conference in Delhi (at which the authors 

were both participants).  
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In the empirical analyses these measures are therefore included separately in the regressions, 

yielding three separate sets of results as far as the specification of network formation is 

concerned. 

Additional explanatory variables include birth cohorts (constructed as a set of dummy 

variables spanning five years each), and a set of six dummy variables for the highest level of 

education completed—spanning no education (the reference) through tertiary.  To ensure that 

any observed caste and religion health knowledge gaps are not primarily due to differences in 

income and/or poverty, we also include (log) per capita household expenditures (consumption) to 

proxy for income.  This measure is based on a series of 47 questions about household 

consumption designed to estimate total household consumption.11  Information exposure is 

constructed as a dummy based on the question “How often do people in your household watch 

TV?” with possible responses including “Never,” “Sometimes,” and  “Regularly.”  A dummy 

variable is then constructed for “Regular” usage, motivated by the fact that that can be seen as 

the higher threshold.12  The remaining explanatory variables include access to health facilities in 

the community (only collected for rural areas, from the village survey)—specified as a set of 

dummy variables for availability of a Health Sub-center, Primary Health Center, Community 

Health Center, Government Maternity Center, Government Communicable Disease Facility (e.g., 

tuberculosis)—and state fixed effects.   

Since the dependent variable is health knowledge, the sample was first conditioned on 

ever-married women 15-49 years of age, since this was the group for which this information was 

exclusively collected (32,154 observations).  Some variables were missing for some women, so 

that the final estimation sample consists of 31,537 ever-married women 15-49 years of age.  The 

means and standard deviations for the final estimation samples by caste and religious affiliation 

are reported in Table A1, Online Appendix A. 

 

3.   Estimation Strategy and Related Issues 
In the context of an adapted version of the expanded Grossman (1972) model developed in 

Blunch (2006), we first estimate health knowledge regressions pursuing both Ordinary Least 

 
11 See Desai et al (2010) for more details. 
12 These are asked both for women and men in the household overall.  We use the information pertaining to the 

women of the household here. 
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Squares/Linear Probability Model (OLS/LPM) and Instrumental Variables (IV) specifications.13 

 Following (Card, 2001), we first used variables for proximity or exposure to educational 

institutions in the local area as instruments for educational attainment.  It turned out, however, 

that the instruments were quite weak, thus leading to the so-called weak instruments problem 

(Staiger and Stock, 1997).  Additionally, it can be argued that education is at least pre-

determined, thus at least addressing the simultaneity-part of the potential endogeneity issue.  To 

be sure, this still leaves measurement error (for which education is probably one of the less 

susceptible variables) and, more importantly, omitted variables as possible sources of 

endogeneity.  Accordingly, the results therefore must be treated with caution—and certainly not 

as indicating the causal impact of education.  

 For information exposure and health network access, where the endogeneity issues seems 

particularly worrisome due to the likely strong simultaneity of these variables vis-à-vis the 

dependent variable, inspired by Gruber (2005) we used the share of the population in the area 

with information exposure and health network access (across the different sources types/levels of 

health networks) as instrument. The intuition behind this instrument is that the more information 

exposure or health network access there is in an area, the more likely it is that a given woman 

will be exposed to information from the media and/or gain access to health networks.   

One concern here is that if the geographical area chosen is too small, endogeneity once 

again may become an issue (Dustmann and Preston, 2001; Jensen and Rasmussen, 2011).  In our 

case here, for example, there would seem to be more mobility in terms of migration between 

villages than between districts in India, so that an IV measure based on the village of residence 

would be “more endogenous” than an IV measure based on the district of residence.  Another 
 

13 There may be some concern about using the linear probability model (LPM/OLS)—or, similarly, we suggest, 

using instrumental variables/two-stage least squares—for this analysis.  For example, predicted probabilities may 

fall outside the (0,1)-range and heteroskedasticity also is present by default.  It can be argued, however, that the 

LPM is a more robust alternative to a logit or probit model and also approximates the response probability well—

especially if (1) the main purpose is to estimate the partial effect of a given regressor on the response probability, 

averaged across the distribution of the other regressors, (2) most of the regressors are discrete and take on only a few 

values and/or (3) heteroskedasticity-robust standard errors are used in place of regular standard errors (Wooldridge, 

2010).  All three factors seem to work in favor of the LPM for the purposes of the application here.  For additional 

support specifically of using IV/2SLS for a binary outcome, see Angrist and Pischke (2008: Section 6.4.3) and 

Chesher and Rosen (2013).  Further, since the main input from the main regressions that is needed for the Oaxaca-

Blinder decompositions are the marginal effects from these regressions—and since, in addition to the previous point 

(1), as has been noted elsewhere that for the LPM “2SLS has the advantage of providing an easy to compute point 

estimator of a slope coefficient which can be interpreted as a local average treatment effect (LATE)” (Chesher and 

Rosen, 2013: 557), we further suggest that LPM/OLS and, even more specifically, IV/2SLS also are appropriate for 

the decompositions, as well.  For other examples of research using the LPM/OLS for Oaxaca-Blinder 

decompositions with a binary outcome, see Foster (2017) and McMorrow et al. (2014). 
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concern could be that there might be a positive spillover effect/externality from the identifying 

instruments (the average shares of information exposure and health network access in the 

district) directly affecting the outcomes of health knowledge and/or child mortality.  That is, that 

the exclusion might not hold.  We suggest that even then the effect of the average shares of 

information exposure and health network access in the district still will mainly go through the 

individual’s information exposure and health network access—so that the exclusion restriction 

still holds.  Indeed, we suggest, that is why the instrument (it turns out later) is such a relatively 

strong instrument: an individual’s own information exposure and network access is first affected 

by the general level of information exposure and health network access (in the same area).  And 

then, in turn, individual information exposure and health network access—augmented by the 

general level of information exposure and health network access in the area—will, the second 

time around, affect the main outcome variables (health knowledge and child mortality, 

respectively).  That is, there may be a spillover/direct effect from the identifying instruments to 

the outcome variables but we suggest that it is likely of order magnitude much smaller than the 

effect working directly through the individual variables of information exposure and health 

network access—thus, certainly for practical purposes, also satisfying the exclusion restriction.  

Additionally, the identifying instruments must both be relevant and, indeed, valid (that is, be 

strongly correlated with the potentially endogenous variables and satisfy the exclusion 

restriction, respectively)—both of which we examine using several specification tests.14 

After estimating the relationship between health knowledge and its main determinants the 

next step is to decompose the health knowledge gap into its main components using the Blinder-

Oaxaca approach (Blinder, 1973; Oaxaca, 1973).  Specifically, the decomposition analysis 

amounts to examining to which extent the observed health knowledge gaps across caste and 

religion are attributable to observable/explained and unobservable/unexplained characteristics 

(the so-called “two-fold decomposition”), where the unexplained part is often treated as 

discrimination in the literatures on gender and racial earnings gaps.15  And, to be sure, in the 

application here it is indeed possible to talk about “discrimination,” per se, as being a low 

caste/religion woman is an intrinsic characteristic.  We base the decomposition on the prevailing 

 
14 See Wooldridge (2010), Staiger and Stock (1997), Kleibergen and Paap (2006), and Kleibergen and Schaffer 

(2007) for more details. 
15 It is important to note, however, that the “unexplained” part also captures all potential effects of differences in 

unobserved variables (Jann, 2008). 
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health knowledge structure of high caste women.  This seems reasonable for the application here, 

since the high caste dominates in the Indian society—and, thus, can be perceived as the non-

discriminated-against group—as also revealed by the existence of substantial “raw” health 

knowledge gaps in the subsequent analysis.  Still, while the main analysis here takes the high 

caste health knowledge structure as the reference, several different specifications for the baseline 

specification (also known as the “absence of discrimination” specification) will be pursued in the 

sensitivity analysis as a robustness check.16  The standard errors of the decompositions are 

computed using the Delta method by applying the procedure detailed in Jann (2008), which 

extends the earlier method developed in Oaxaca and Ransom (1998) to deal with stochastic 

regressors.   

In addition to examining the overall composition of the established health knowledge 

gaps we also perform detailed decompositions, whereby it is possible to see which explanatory 

variables contribute the most to the overall health knowledge gap decompositions.  An issue here 

is that while the overall decompositions are always identified, the results for categorical variables 

in detailed decompositions depend on the choice of the reference category (Oaxaca and Ransom 

1999).  A possible solution to this problem is to apply the deviation contrast transformation to 

the estimates before conducting the decomposition (Yun 2005); this is also the approach pursued 

here.  Similar to the OLS regressions, the decomposition estimations also all allow for arbitrary 

heteroskedasticity (Huber, 1967; White, 1980).  So as to condense the wealth of results obtained 

here—thereby easing the interpretation of the many results—the detailed decompositions are 

done groupwise, rather than for each individual variable (for example, for education as a whole, 

rather than separately for each educational level, and so on).  Here, too, the focus will be on the 

case where the high caste structure is taken as the reference, though sensitivity analysis again 

will consider alternative specifications, as well.  

In addition to the analysis for health knowledge discussed so far, we use a similar 

methodology to the above to examine child mortality as an additional application of this 

framework.  Here additionally, however, we first further substantiate the empirical validity of 

suggested relationship between health knowledge and child mortality.  To do this as carefully as 

possible—especially since the health knowledge information available here unfortunately is less 
 

16 See Oaxaca (1973), Blinder (1973), Cotton (1988), Reimers (1983), Neumark (1988), and Jann (2008) for 

different approaches—basically, these differ in the relative weights they attribute to the two groups in the 

decomposition. 
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than ideal for the specific application here—it seems prudent to consider as wide a range of 

estimation methods as possible.  In addition to the OLS/LPM and 2SLS/IV methods employed in 

the analysis of health knowledge previously (where for 2SLS/IV we now additionally instrument 

health knowledge, using a similar identification strategy to what we did for information exposure 

and health network access—namely the district shares of this variable) we therefore also use 

matching on observables.  In this estimation method, treatment and control groups are first 

matched on their observable characteristics17 and then the treatment effect is estimated as the 

mean difference between the average outcomes between the two matched samples (Rosenbaum 

and Rubin, 1983).  For the application here “Treatment” amounts to being knowledgeable about 

the treatment of diarrhea in children and “Control” is then not being knowledgeable in this 

respect.  

There are several different ways to conduct the matching in practice. For the application 

here we use Mahalanobis covariate matching which is based on the Mahalanobis distance to 

match participant and treatment individuals18 and also reduces differences in covariates within 

matched pairs in all directions (Imbens, 2004: 15).  The match is then based on the closest non-

participant (“nearest neighbor”).  The estimations implement the robust analytical standard errors 

proposed by Abadie and Imbens (2006) to correct for possible heteroskedasticity and also 

impose common support by excluding participant observations whose covariate scores are higher 

than the maximum or less than the minimum covariate values of the comparison group (as also 

suggested by Rosenbaum and Rubin, 1983). 

 

4.   Results 
This section reviews the main results.  Since the (full) results tables are rather large, the results 

are mainly presented graphically and/or reporting only the main coefficients of interest (in the 

case of coefficients reported in figures, additional tables reporting also the standard errors and 

level of statistical significance of coefficients are placed in the Appendices and referred to in the 

below).19 

 

 
17 It here seems prudent to exclude TV watching and health network access from the observables used in the 

matching procedure due to the endogeneity concerns of those variables, which we therefore also do here.  
18 For details on Mahalanobis matching, see for example Rosenbaum and Rubin (1985). 
19 The complete set of results is available upon request. 
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Establishing A “Raw” Health Knowledge Gap Between High Caste Women and Women from the 

Low Castes and Disadvantaged Religious Groups in India 

From Table 1 below two main results stand out.  First, raw health knowledge gaps favoring high 

caste (the reference category, comprised of Brahmin and other forward castes) are found across 

almost all castes and religious affiliations and for both rural and urban areas.  For example, high 

caste women are about 13.3 percentage-points more likely to know that children require more 

fluids when they have diarrhea than Dalit women—and with substantial gaps versus women 

from other traditionally disadvantaged groups, as well: about 12.4 percentage-points for Adivasi 

women, and just above 9 percentage-points for both women from Other Backward Castes and 

Muslim women.  An exception to this is Christian women in rural areas, where the gap is 

reversed—with about 22 percentage-points.  This can be explained by this group being a quite 

small, as well as a somewhat selected group—as also revealed by their favorable characteristics 

related to for example educational attainment and TV-watching (Table A1, Appendix A).  These 

are arguably quite sizeable gaps in relative terms, whether one “anchors” the magnitude of these 

gaps relative to the mean or relative to the standard deviation of the overall samples (rural areas: 

the mean is 0.518 with a standard deviation of 0.499; urban areas: the mean is 0.573 with a 

standard deviation of 0.494).  Second, however, the levels of health knowledge are greater in 

urban areas than in rural areas across almost all caste and religious groups, as revealed by Table 

A1, Appendix A.  This likely reflects that caste and religion is less of an obstacle to obtaining 

health knowledge in cities, which can be considered less traditional in terms of adhering to 

norms and traditions—including the caste system.  A few of the health knowledge gaps are 

greater in urban areas.  For OBCs, in particular, the gap widens from about 9.4 percentage-points 

in rural areas to about 17 percentage-points in urban areas.  From the descriptive statistics in 

Table A1, Appendix A one reason for this is that OBCs in urban areas do not have the same 

advantage in access to health networks as they do in rural areas.  In turn, these findings regarding 

the existence of health knowledge gaps are qualitatively similar (though not always directly 

comparable either because of the type of health knowledge considered or the definitions of caste 

and/or religious groups) to previous, related research for India and other countries with a caste 

system such as Nepal and Bangladesh (Maity, 2017; Aggarwal and Rous, 2006; Patra et al., 

2013; Patra and Singh, 2013; and Atteraya et al., 2015). 
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 In discussing the gaps between castes and religion above it is important to realize that 

although these are substantial, combining that insight with the descriptive statistics in Appendix 

Table A1 the levels of health knowledge are—perhaps surprisingly—not very high.  And that for 

a health knowledge question of the utmost public policy relevance.  For example, even among 

high caste women about a third (in urban areas, that is—whereas in rural areas it is a staggering 

almost 40 percent) of women cannot answer this question correctly.  In turn, this indicates a 

perhaps even more important and more endemic and systemic challenge for Indian public policy: 

the levels of health knowledge of all Indian women needs to be improved in the future.  

 Relatedly, and importantly, for public policy, both the gaps between the different castes 

and religions as well as the relatively low levels of health knowledge across the different castes 

and religions persist in more recent years in India—as indicated both by other data sources and 

other, related studies.  First, considering the IHDS, collected in 2011-12, so about a half decade 

after the data examined here, the gaps can be seen to persist—even as they have narrowed 

somewhat—while the overall level of health knowledge for the treatment of diarrhea in children 

with water remains low (Table A3, Appendix A).  Indeed, the average level of health knowledge 

among the relatively better-off higher caste women remain at about 60 percent for rural women 

and about two-thirds for urban women, with the lower castes and Muslim women “catching up” 

somewhat. Second, the combination of relatively high caste and religion health knowledge gaps 

between and generally relatively low levels of health knowledge across the different castes and 

religions has been found in more recent research, even if the specific type of health knowledge is 

not exactly comparable to the one studied here (Maity, 2017; Patra et al., 2013; Patra and Singh, 

2013). 

   [Table 1 about here] 

 

Decomposing the Observed Health Knowledge Gap Into Its Aggregate Components  

Moving to decomposing the observed health knowledge gap into its aggregate components, we 

first need to determine the preferred estimation method—where the main options are OLS/LPM 

and 2SLS/IV.  The results from a wide range of specification tests indicate that the use of 

2SLS/IV is prudent (Table B1 in the Online Appendix).  First, the results from Wu-Hausman 

tests of the overall endogeneity of the information exposure and health network access variables 

suggest that these are strongly endogenous for two out of the three specifications for urban areas 
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and borderline endogenous for the third case (while rural areas show far less indications of 

endogeneity).  Second, the results from the F-tests of the joint significance of the identifying 

instruments from the first stage of the 2SLS procedure indicate that the identifying instruments 

are highly correlated with all the potentially endogenous variables—with statistical significance 

levels of their joint statistical significance of 1 percent or better in all cases, and with large F-

statistics, too.20  Certainly, the numerical magnitudes of the F-tests exceeds 10, even by order of 

magnitude 1 or sometimes much more, thus satisfying the “Rule of 10” (Staiger and Stock, 

1997)—even if allowing for increasing that threshold, since we now have more than one 

potentially endogenous variable.  Third, we employ additional tests for the relevance and validity 

of the identifying instruments in terms of Cragg-Donald and Kleibergen-Paap tests for weak 

identification and the Kleibergen-Paap test for underidentification.21  All of these strongly 

support 2SLS/IV over OLS/LPM, as well.  It therefore seems prudent to use 2SLS/IV for the 

decompositions overall, since this is both empirically relevant and valid and will, thus, also 

address the endogeneity concerns discussed earlier.  Nevertheless, we will present the OLS 

decomposition results alongside those of 2SLS/IV as benchmarks—and also since rural areas 

showed far less indications of prevalent endogeneity (so that OLS/LPM in that case would yield 

more precise estimates than 2SLS/IV).   

 Considering the results from the overall decompositions, a couple of results stand out 

particularly strongly from the results of the overall two-fold decompositions (Figures 1 and 2 and 

Table C1, Online Appendix C).  First, the endowments increase the overall caste/religion health 

knowledge gap in most cases (and that mostly both statistically and substantively significantly 

so), indicating that high caste women have relatively more favorable observable characteristics—

that is, they have more (and possibly also better) education, are more exposed to information 

relevant for health knowledge production, and have more access to health networks (this will be 

examined more closely when considering the detailed decompositions in the next sub-section).  

Second, the returns to these characteristics—the unexplained part of the overall gaps—also 

increase the gaps in most cases.  Third, however, the unexplained part of the gap is mostly much 

larger in rural than in urban areas—where it is frequently nil, in both substantive and statistical 
 

20 It should be noted that since the first-stage regression is exactly identified, Hansen’s (1982) J-test for over-

identification is not relevant for this application. 
21 See Kleibergen and Paap (2006) and Kleibergen and Schaffer (2007) for details on the overall discussion of these 

tests and the empirical implementation, respectively. 
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terms.  In turn, this indicates that what has traditionally been termed “discrimination” in the labor 

markets literature on gender and racial pay gaps  (the interpretation of the unexplained part in 

that literature) towards low caste and Muslim women is more prevalent in rural than in urban 

areas.  It should also be noted that the fact that observed individual characteristics explain a 

large—indeed, sometimes the major—part of the gaps and the associated substantial dampening 

of the caste and religion effect once socioeconomic status is controlled for suggests that caste 

differentials are not independent of class differentials.  This has important policy implications, as 

we will also discuss more later. 

 As evidenced by the results in Figures 1-4 below these results do not depend much on 

what dimension of health networks (access, quality or homophily) is considered—so one might 

consider that merely a robustness check or sensitivity analysis, at least as far as the aggregate 

decompositions are concerned.22  Notably, these results are also quite robust to whether the 

decomposition is performed from low caste women’s viewpoint (i.e., using high caste 

endowments and returns) or whether the decomposition is performed from high caste women’s 

viewpoint (i.e., using low caste endowments and returns) or from any of the several other 

different possibilities of specifying the “absence of discrimination” group in the two-fold 

decompositions.23 

 While, once again, these results cannot be compared directly to previous evidence, partly 

because of the paucity of such evidence—something which becomes even more evident when 

now considering examining health knowledge caste and religion gaps and decomposing these 

gaps into observables and unobservable components—some comparison to related previous 

research can still be made.  Specifically, Maity (2016) in a study of, among other issues, health 

knowledge in India decomposes caste health knowledge gaps specifically related to 

contraceptive use and HIV/AIDS knowledge and also find that individual characteristics such as 

education and media exposure help decrease, though not fully eliminate, the caste gap in health 

knowledge—similar to what we found.  In addition to considering different types of health 

knowledge, the estimations also do not consider access to health networks, however.   

   [Figure 1 about here] 

   [Figure 2 about here] 
 

22 It turns out, however, that the distinction between the different aspects of health networks does indeed matter for 

the detailed decompositions results—as well as for the sub-analysis examining child mortality, below. 
23 Due to space constraints the results are not given here but are available upon request. 
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Detailed Health Knowledge Gap Decompositions 

Examining the detailed caste health knowledge decompositions allows us to assess in more detail 

what the individual components of the overall health knowledge gaps are, in terms of specific 

(groups of) explanatory variables.  From Tables D1 - D6 (Online Appendix D) the main 

component of the explained part overall for the OLS specification is education—though income 

(as measured by per capita household consumption) and access to health networks also are 

important.  This corresponds to the findings in Maity (2017), which also finds education to be 

among the important observable characteristics—though, again, the types of health knowledge 

are different.  For the IV (i.e. our preferred) specification health network access is the most 

important single factor (apart from the state fixed effects) contributing to the explained part of 

the health knowledge gap.  These results again are quite robust to whether the decomposition is 

performed from low caste women’s viewpoint (i.e., using high caste endowments and returns) or 

whether the decomposition is performed from high caste women’s viewpoint (i.e., using low 

caste endowments and returns) or from any of the several other different possibilities of 

specifying the “absence of discrimination” group in the two-fold decompositions.24  Notably, still 

considering the (preferred) IV-results, for Adivasi women network homophily works to decrease 

the discrimination part of the health knowledge gap.  It may therefore not be enough if these 

women merely get access to health networks (even if they are of high quality) if caste and 

religion-related gaps in health knowledge are to be reduced; such networks also have to be 

homophilous, to have an effect.  For women from other caste groups and/or religions, however, 

the role of homophily in both the explained and the unexplained gap is statistically insignificant 

(except for OLS).   

 

Extending the Analysis to Child Mortality 

We now extend the previous analysis to instead examine the caste and religion gap in child 

mortality (measured as the number of children ever died). As explanatory variables we now use 

all the previous explanatory variables plus the previous dependent variable of health knowledge 

related to the correct treatment of diarrhea in children.25 

 
 

24 Due to space constraints the results from this sensitivity analysis are not given here but are available upon request. 
25 The means and standard deviations for the final estimation samples by caste and religious affiliation are reported 

in Table A2, Online Appendix A. 
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Establishing A “Raw” Child Mortality Gap Between High Caste Women and Women from the 

Low Castes and Disadvantaged Religious Groups in India 

From Table 2, we one again consider the gaps related to caste and religion—this time for child 

mortality.  In rural areas, Dalit women on average have experienced 0.174 more child deaths 

than high caste women, with the similar numbers for Adivasi, Muslim and OBC women being 

0.063, 0.086 and 0.022 (the latter not statistically significant, though).  In urban areas the gaps 

are larger than in rural areas for all vulnerable groups, except for Dalit women—at 0.043 (OBC), 

0.115 (Dalit), 0.247 (Adivasi), and 0.143 (Muslim)—and all statistically significant.  These are 

once again quite sizeable gaps in relative terms, whether one “anchors” the magnitude of these 

gaps relative to the mean or relative to the standard deviation of the overall samples—though 

especially so for the former (rural areas: the mean is 0.304 with a standard deviation of 0.732; 

urban areas: the mean is 0.162 with a standard deviation of 0.522).  In turn, this is all very much 

in line with the results for the raw health knowledge gap from above—as well as with previous 

findings from India and other similar countries, where there also is a caste system (Maity, 2017; 

Dommaraju et al., 2006; Lamichhane et al., 2017).  

 

Substantiating the Empirical Validity of the Suggested Relationship between Health Knowledge 

and Child Mortality 

Before moving on to the decompositions of the child mortality gap, it seems prudent to further 

substantiate the empirical validity of the previously suggested relationship between health 

knowledge and child mortality.  In doing so, and to substantiate the validity of such a 

relationship as carefully as possibly (especially since the health knowledge information available 

here unfortunately is less than ideal for the specific application here) it seems particularly useful 

to consider as wide a range as possible both for the measure of child mortality and for the 

analysis method.  Regarding, first, the measure of child mortality, there seems to be (at least) 

three main ways to measure child mortality at the level of an individual woman: the number of 

children ever died to the woman, a binary measure of whether or not the woman has ever 

experienced one of her children die, and the share of her children who have died out of all the 

children she has ever born.  Regarding estimation methods to establish the possible health 

knowledge-child mortality relationship we will again employ the OLS/LPM and 2SLS/IV 

methods from previously (now additionally instrumenting health knowledge, using a similar 
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identification strategy to what we did for information exposure and health network access—

namely the district shares of this variable).  To further corroborate the results, however, we also 

additionally use matching on observables between the treatment and control women using 

Mahalanobis matching (Rosenbaum and Rubin; 1983, 1985) also implementing the robust 

analytical standard errors proposed by Abadie and Imbens (2006) to correct for possible 

heteroskedasticity and imposing common support (as also suggested by Rosenbaum and Rubin, 

1983).  Again, for the application here “Treatment” amounts to being knowledgeable about the 

treatment of diarrhea in children and “Control” is then not being knowledgeable in this respect. 

 We must first again, however, determine the preferred estimation method—where the 

main options here once again are OLS/LPM and 2SLS/IV, with matching on observables serving 

as an additionally corroborating estimation method.  The results from a wide range of 

specification tests once again indicate that the use of 2SLS/IV is prudent for urban areas, if not 

for rural areas (Table B2 in the Online Appendix).  First, the results from Wu-Hausman tests of 

the overall endogeneity of the information exposure and health network access variables suggest 

that these are strongly endogenous for urban areas overall (while rural areas show far less 

indications of endogeneity).  Second, the results from the F-tests of the joint significance of the 

identifying instruments from the first stage of the 2SLS procedure indicate that the identifying 

instruments are highly correlated with all the potentially endogenous variables—with statistical 

significance levels of their joint statistical significance of 1 percent or better in all cases, and 

with large F-statistics, too.26  Once again the numerical magnitudes of the F-tests exceeds 10, 

even by order of magnitude 1 or sometimes much more, thus satisfying the “Rule of 10” (Staiger 

and Stock, 1997)—even if allowing for increasing that threshold even more than what be 

appropriate previously, since we now have one more potentially endogenous variable (namely 

health knowledge).  Third, we again employ additional tests for the relevance and validity of the 

identifying instruments in terms of Cragg-Donald and Kleibergen-Paap tests for weak 

identification and the Kleibergen-Paap test for underidentification.27  All of these strongly 

support 2SLS/IV over OLS/LPM, as well.  It therefore seems prudent to use 2SLS/IV for the 

decompositions overall, since this is both empirically relevant and valid and will, thus, also 
 

26 It should again be noted that since the first-stage regression is exactly identified, Hansen’s (1982) J-test for over-

identification is not relevant for this application. 
27 See Kleibergen and Paap (2006) and Kleibergen and Schaffer (2007) for details on the overall discussion of these 

tests and the empirical implementation, respectively. 
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address the endogeneity concerns discussed earlier.  Nevertheless, we will present the OLS 

decomposition results alongside those of 2SLS/IV as benchmarks—and also since rural areas 

showed far less indications of prevalent endogeneity (so that OLS/LPM in that case would yield 

more precise estimates than 2SLS/IV). 

 

   [Table 2 about here] 

Considering, next, the results from the estimations of the possible health knowledge-child 

mortality relationship as presented in Table 3, we find a fairly strong relationship between health 

knowledge and child mortality overall.  This is especially the case since the health knowledge 

measure available to us, as also discussed previously, has some limitations—so that these results 

therefore effectively provides a conservative lower bound limit of the relationship between 

health knowledge and child mortality. Perhaps especially importantly, the IV/2SLS results for 

urban women are both substantially large and also statistically significant for several of the 

specifications and child health measures, respectively.  For example, for every 22 women with 

any health knowledge about the correct treatment of diarrhea in children regarding water intake 

(again, not necessarily about ORT, as well) one of these women, on average, will not experience 

at least one child die to her.  Considering instead network homophily, still IV/2SLS for women 

in urban areas, the results are stronger still: now it only takes 17 women with such health 

knowledge to collectively avoid at least one child death between them, on average.  Here, the 

reason why the IV-2SLS results (the preferred results) are particularly strong for urban areas 

might be related to the interaction of the presence of more—and higher quality and more readily 

accessible—health and other services, which combined with individual health knowledge helps 

then help avert children’s deaths more effectively that what is the case in rural areas. 

For rural areas one would also expect health knowledge to be important, although maybe 

for a different reason than in urban areas: namely that in an overall relatively resource poor 

setting, such as rural areas, health knowledge could have a relatively high value, at the margin.  

From Table 3 this does not come out in the IV/2SLS results, which, again, also seemed more 

empirically relevant for urban areas, as judged by the specification tests—but it does come out 

quite strongly in both the OLS and, especially, the matching results.  In the matching results the 

average treatment effect on the treated, ATT, which has been suggested to be a more policy 

relevant treatment effect than the average treatment effect, ATE (Heckman and Vytlacil, 2005) 
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reveals that among each 24 women with health knowledge, on average one child’s death will be 

averted. 

The otherwise related study, Maity (2017), unfortunately does not include health 

knowledge in the child mortality regressions.  Similar results have been found in one similar 

study (specifically as far as the relationship between health knowledge and child mortality is 

concerned, that is), albeit somewhat far removed from India and the related caste and religion 

considerations—namely Kovsted et al. (2003) for the case of Guinea-Bissau. 

   [Table 3 about here] 

 

Decomposing the Observed Child Mortality Gap Into Its Aggregate Components  

Considering the results from the overall decompositions, a few results again stand out 

particularly strongly from the results of the overall two-fold decompositions (Figures 3 and 4 and 

Table C2, Online Appendix C).  First, the endowments increase28 the overall caste/religion child 

mortality gap in most cases (and that mostly both statistically and substantively significantly so), 

indicating that high caste women have relatively more favorable observable characteristics—that 

is, they have more (and possibly also better) education, have more health knowledge, are more 

exposed to information relevant for child mortality, and have more access to health networks 

(this will be examined more closely when considering the detailed decompositions in the next 

sub-section). Second, the returns to these characteristics—the unexplained part of the overall 

gaps—also increase the gaps in most cases.  Third, however, the unexplained part of the gap is 

mostly much larger in rural than in urban areas—where it is frequently nil, in both substantive 

and statistical terms.  In turn, this again indicates that what has traditionally been termed 

“discrimination” in the labor markets literature on gender and racial pay gaps  (the interpretation 

of the unexplained part in that literature) towards low caste and Muslim women is more 

prevalent in rural than in urban areas.29  

 These results are again quite robust to whether the decomposition is performed from low 

caste women’s viewpoint (i.e., using high caste endowments and returns) or whether the 

 
28 In the interpretation of the signs of the contributions to the gap, we note here how the gap now has been “flipped” 

in that the dependent variable now is an negative outcome, namely child mortality. 
29 While the otherwise related study, Maity (2017), as previously mentioned includes both health knowledge caste 

gap decompositions as well as child mortality regressions—thus enabling comparison with the results in our study—

child mortality caste gap decompositions are unfortunately not considered in that study.  We are therefore not able to 

compare the results with our remaining child mortality analysis with findings from previous related research. 
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decomposition is performed from high caste women’s viewpoint (i.e., using low caste 

endowments and returns) or from any of the several other different possibilities of specifying the 

“absence of discrimination” group in the two-fold decompositions.   

 [Figure 3 about here] 

   [Figure 4 about here] 

 

 

Detailed Child Mortality Gap Decompositions 

Examining the detailed caste child mortality decompositions once again reveals education as the 

single most important component of the gap, typically explaining more than half of the explained 

part of the gap—and mostly statistically significantly so—for both the OLS and IV specifications 

(Tables E1-E6, Appendix E).  For the IV specification most of the other explanatory variables 

are not statistically significant due to large standard errors.  For the OLS specification, however, 

health knowledge and health network access frequently contribute statistically significantly to 

the child mortality gap.  Once again network homophily sometimes works to decrease the 

discrimination part of the child mortality gap, namely specifically for the case of Adivasi 

women.  It may therefore not be enough if these women, which comprise a particularly 

vulnerable group in India, merely get access to health networks (even if they are of high quality) 

if caste and religion-related gaps in child mortality are to be reduced; such networks also have to 

be homophilous to have an effect. 

  

5.  Conclusion 

This paper examines the gap in health knowledge—as measured by knowledge of the correct 

treatment of diarrhea in children regarding their fluids intake—and the gap in child mortality 

across caste and religious groups in India in terms of their prevalence, magnitude, and 

determinants using a nationally representative data set and thereby adds to the emerging 

literature on caste, religion, and health knowledge.   

Estimation of raw caste and religion health knowledge gaps and overall and detailed 

earnings decompositions leads to five main results: (1) the presence of a substantively large 

“raw” (unconditional) health knowledge caste gap favoring high caste women—though at the 

same time with an overall relatively low level of health knowledge across all castes and 
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religions; (2) evidence that the endowments and the returns to these endowments increase the 

health knowledge gaps—indicating that high caste women have higher education and better 

access to health networks but also higher returns to these characteristics; (3) for Adivasi women 

network homophily works to decrease the discrimination part of the health knowledge gap—it 

may therefore not be enough if these women merely get access to health networks (even if they 

are of high quality) if caste and religion-related gaps in health knowledge are to be reduced; such 

networks also have to be homophilous, to have an effect; (4) while observed individual 

characteristics explain a large—indeed, sometimes the major—part of the gaps, in several cases a 

substantial part of the health knowledge gap is left unexplained—consistent with the presence of 

discrimination against these systemically marginalized women; and (5) in turn, the substantial 

dampening of the caste and religion effect once socioeconomic status is controlled for suggests 

that caste differentials are not independent of class differentials.  Similar results are obtained for 

the analysis of the child mortality gap, though additionally here we also establish a strong link 

between health knowledge and child mortality.  Importantly, this last result is obtained despite 

the fact that the health knowledge measure available to us, as also discussed previously, has 

some limitations—thus effectively providing a conservative lower bound limit of this effect. 

These results have strong policy implications.  First, the continued presence of a caste 

and religion health knowledge gap regarding the correct treatment of diarrhea in children 

regarding their fluids intake is likely to lead to continued higher child mortality for children from 

low caste and Muslim backgrounds—as was also found to be case for the data examined here.  

Notably, these are deaths that could have been averted, had the mothers only been taught the 

arguably simple—and at the same time also relatively cheap—measure of increasing the fluids 

intake for their children when experiencing diarrhea.  Second, the finding that low caste and 

Muslim women frequently benefit (much) more than high caste women from homophilous 

networks indicate that it may not be enough to give individuals access to high quality networks if 

caste and religion-related gaps in health knowledge are to be reduced; such networks also have to 

be homophilous, to have the maximum effect.  Third, while somewhat contentious, the 

decomposition results are consistent with the presence of what has traditionally been termed 

“discrimination” in the labor markets literature on gender and racial pay gaps—but here instead 

indicate the presence of continued discrimination towards low caste and Muslim women in the 

context of health knowledge, especially in rural areas.  Even if one were to dismiss this 
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interpretation of the decomposition results, however, low caste and Muslim women still appears 

to be subject to discrimination in terms of their much lower access to health networks.  In turn, 

this points towards the importance of continued attention towards education, institutions and 

economic policy for decreasing the caste and religion health knowledge gap in India—notably 

through increased attention towards the education system and public provision of health 

information campaigns and health networks, possibly through an increase in job reservations 

favoring lower caste and Muslim health professionals.  But above all, perhaps, the gaps between 

the different castes and religions notwithstanding, the continued relatively low levels of health 

knowledge should be a of interest to policy makers in India, as they point towards even deeper, 

more structural, endemic public policy challenges for Indian policy makers. 

In turn, these results supports the importance of several of the Sustainable Development 

Goals, which were adopted by all United Nations Member States in 2015, in a very concrete 

way: improving on, if not ultimately achieving, these goals will lead to less loss of human life in 

the future—in India and elsewhere.  And, therefore, to less human suffering but also to improved 

economic conditions of countries through more productive citizens.  This second point is, 

perhaps, especially clearly illustrated by the World Bank’s very much related, and recently 

launched (in the Fall of 2019), Human Capital Index (HCI).  In the HCI child health (in terms of 

child mortality and child stunting) and education (in terms of years of schooling and harmonized 

test scores), which also was found important in our study, are both important components (World 

Bank, 2019).  In turn, both the SDGs and the HCI highlight how countries can improve the 

livelihoods of their citizens—as well as how this is likely to require multi-pronged efforts, 

aiming at improving several, mutually reinforcing, dimensions of human and economic 

development.  But it also requires more and better research, which again is dependent on more 

and better future data collection efforts, including of the pertinent policy outcomes as well as the 

available policy instruments.  For the issues studied here, this includes individual social and 

economic background, health knowledge and health network access, and educational attainment, 

among other things—to first find out “where we are” in terms of human and economic 

development and then to subsequently make these goals and policy objectives come to fruition.   
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Table 1.  Raw Caste and Religion Health Knowledge Gaps: Health Knowledge Regressions Including Only 
Caste and Religion (OLS/LPM) 
 

 Rural Urban 
OBC -0.094*** -0.169*** 

 [0.023] [0.018] 

Dalit -0.133*** -0.140*** 

 [0.023] [0.023] 

Adivasi -0.124*** -0.042 

 [0.027] [0.045] 

Muslim -0.093*** -0.112*** 

 [0.031] [0.025] 

Sikh/Jain -0.014 0.088** 

 [0.049] [0.035] 

Christian 0.220*** -0.171** 

 [0.037] [0.068] 

   

R2 0.012 0.023 

N 19,844 11,693 

 

Notes: High Caste (Brahmin and Other Forward Castes) is the reference category.  Robust Huber-White (Huber, 1967; White, 

1980) standard errors, adjusted for within-cluster correlation/clustering (Wooldridge, 2010), in brackets under parameter 

estimates.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 

percent.  

Source: 2004/05 India Human Development Survey (IHDS). 

 

 
Table 2.  Raw Caste and Religion Child Mortality Gaps: Child Mortality Regressions  
(Number of Children Ever Died) Including Only Caste and Religion (OLS/LPM) 
 

 Rural Urban 
   

   
OBC 0.174*** 0.115*** 

 [0.029] [0.020] 

Dalit 0.063** 0.247** 

 [0.028] [0.124] 

Adivasi 0.022 0.043*** 

 [0.020] [0.013] 

Muslim 0.086** 0.143*** 

 [0.034] [0.023] 

Sikh/Jain -0.076** -0.048** 

 [0.036] [0.020] 

Christian -0.187*** -0.012 

 [0.026] [0.032] 

   

R2 0.01 0.014 

N 18,096 10,643 

 

Notes: High Caste (Brahmin and Other Forward Castes) is the reference category.  Robust Huber-White (Huber, 1967; White, 

1980) standard errors, adjusted for within-cluster correlation/clustering (Wooldridge, 2010), in brackets under parameter 

estimates.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 

percent.  

Source: 2004/05 India Human Development Survey (IHDS). 
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Table 3. Health Knowledge Coefficients from Child Mortality Regressions Using Three Alternative Measures of 
Child Mortality (OLS/LPM, IV/2SLS, and Matching) 
 

 Rural Urban 

 

Number of 
children 
died 

Any 
children 
died 

Share of 
children 
died 

Number of 
children 
died 

Any 
children 
died 

Share of 
children 
died 

       

OLS       

Health knowledge -0.031++ -0.012 -0.006* 0.008 0 -0.002 

(Any access regressions) [0.020] [0.010] [0.004] [0.012] [0.008] [0.003] 

Health knowledge -0.032++ -0.012 -0.007* 0.009 0.001 -0.002 

(Quality access regressions) [0.020] [0.010] [0.004] [0.012] [0.008] [0.003] 

Health knowledge  -0.034* -0.013+ -0.007* 0.007 0 -0.002 

(Homophily access regressions) [0.020] [0.010] [0.004] [0.012] [0.008] [0.003] 

       

IV/2SLS       

Health knowledge -0.042 -0.018 -0.008 -0.029 -0.046* -0.015++ 

(Any access regressions) [0.058] [0.034] [0.012] [0.043] [0.028] [0.010] 

Health knowledge -0.045 -0.019 -0.008 -0.033 -0.047* -0.016++ 

(Quality access regressions) [0.058] [0.034] [0.012] [0.042] [0.027] [0.010] 

Health knowledge -0.057 -0.026 -0.01 -0.059+ -0.060** -0.021** 

(Homophily access regressions) [0.059] [0.034] [0.012] [0.042] [0.027] [0.010] 

R2 0.062 0.06 0.023 0.07 0.065 0.036 

       

Matching        
Health knowledge -0.034** -0.017** -0.009** 0.002 -0.003 -0.004 

(Average treatment effect) [0.015] [0.008] [0.004] [0.012] [0.009] [0.004] 

Health knowledge -0.042** -0.020* -0.011** 0.017 0.009 0.001 

(Average treatment on the treated) [0.018] [0.010] [0.005] [0.015] [0.010] [0.005] 

       

N 18,096 18,096 18,096 10,643 10,643 10,643 

 

Notes: Robust Huber-White (Huber, 1967; White, 1980) standard errors, adjusted for within-cluster correlation/clustering (Wooldridge, 

2010), in brackets under parameter estimates.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically 

significant at 10 percent; ++: statistically significant at 15 percent; +: statistically significant at 20 percent.  Additional controls include 

caste/religion dummies, education dummies, birth cohort dummies, log per capita household expenditures, and state fixed effects. 

Source: 2004/05 India Human Development Survey (IHDS). 
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Figure 1.  Overall Health Knowledge Gap Decompositions With Three Alternative Specifications of Health Network 
Access: OLS 
 

 
 

Notes: Decompositions are from low caste/religion women’s viewpoint—i.e., using high caste (HC) endowments and returns. 

Estimations include state fixed effects and additional controls, including health network access, educational attainment, age 

cohort dummies, log per capita household expenditures and (rural areas, only) dummies for access to health facilities in the 

community.  The bars around the estimates indicate 95 percent confidence intervals.  

Source: 2004/05 India Human Development Survey (IHDS). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Ex
pl

ai
ne

d
Un

ex
pl

ai
ne

d
Ex

pl
ai

ne
d

Un
ex

pl
ai

ne
d

Total

Total

Total

Total

-.4 -.2 0 .2 .4 -.4 -.2 0 .2 .4 -.4 -.2 0 .2 .4

Rural: Access Rural: Quality Rural: Homophily

Urban: Access Urban: Quality Urban: Homophily

HC vs. Dalit HC vs. Adivasi
HC vs. OBC HC vs. Muslim
HC vs. Sikh/Jain HC vs. Christian



 32 

Figure 2.  Overall Health Knowledge Gap Decompositions With Three Alternative Specifications of Health Network 
Access: IV 
 

 
 

Notes: Decompositions are from low caste/religion women’s viewpoint—i.e., using high caste (HC) endowments and returns. 

Estimations include state fixed effects and additional controls, including health network access, educational attainment, age 

cohort dummies, log per capita household expenditures and (rural areas, only) dummies for access to health facilities in the 

community.  The bars around the estimates indicate 95 percent confidence intervals.  “Christian” and “Sikh/Jain” are dropped 

from this graph due to having extremely wide confidence intervals, thus “drowning” the confidence intervals/scale for the other 

groups.    

Source: 2004/05 India Human Development Survey (IHDS). 
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Figure 3.  Overall Child Mortality Gap Decompositions With Three Alternative Specifications of Health Network Access: OLS 
 

 
 

Notes: Decompositions are from low caste/religion women’s viewpoint—i.e., using high caste (HC) endowments and returns. 

Estimations include state fixed effects and additional controls, including health network access, educational attainment, age 

cohort dummies, log per capita household expenditures and (rural areas, only) dummies for access to health facilities in the 

community.  The bars around the estimates indicate 95 percent confidence intervals.   

Source: 2004/05 India Human Development Survey (IHDS). 
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Figure 4.  Overall Child Mortality Gap Decompositions With Three Alternative Specifications of Health Network Access: IV 
 

 
 

Notes: Decompositions are from low caste/religion women’s viewpoint—i.e., using high caste (HC) endowments and returns. 

Estimations include state fixed effects and additional controls, including health network access, educational attainment, age 

cohort dummies, log per capita household expenditures and (rural areas, only) dummies for access to health facilities in the 

community.  The bars around the estimates indicate 95 percent confidence intervals.  “Christian” is dropped from this graph due 

to having extremely wide confidence intervals, thus “drowning” the confidence intervals/scale for the other groups.    

Source: 2004/05 India Human Development Survey (IHDS). 
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Online Appendix to “Mothers’ Health Knowledge Gap for Children 

with Diarrhea: A Decomposition Analysis across Caste and Religion 

in India” 
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APPENDIX A: Descriptive Statistics 
 
 

Table A1.   Means and Standard Deviations for Estimation Samples: Health Knowledge Regressions 
 

 Rural Urban 

 
High 
caste Dalit Adivasi OBC Muslim Sikh/Jain Christian 

High 
caste Dalit Adivasi OBC Muslim Sikh/Jain Christian 

Dependent variable               
Correct treatment of diarrhea in children, 
regarding fluids intake 0.605 0.472 0.481 0.511 0.512 0.591 0.825 0.67 0.53 0.627 0.501 0.557 0.757 0.499 
 [0.489] [0.499] [0.500] [0.500] [0.500] [0.493] [0.381] [0.470] [0.499] [0.484] [0.500] [0.497] [0.430] [0.501] 
Explanatory variables               
Network access 0.407 0.258 0.177 0.341 0.251 0.484 0.316 0.411 0.306 0.368 0.355 0.272 0.563 0.442 
 [0.491] [0.438] [0.382] [0.474] [0.434] [0.501] [0.466] [0.492] [0.461] [0.483] [0.479] [0.445] [0.497] [0.498] 
Network quality 0.331 0.199 0.122 0.274 0.203 0.457 0.109 0.319 0.228 0.238 0.268 0.21 0.497 0.274 
 [0.471] [0.399] [0.328] [0.446] [0.403] [0.499] [0.312] [0.466] [0.420] [0.426] [0.443] [0.408] [0.501] [0.447] 
Network homophily 0.175 0.06 0.06 0.098 0.11 0.167 0.272 0.194 0.093 0.186 0.15 0.14 0.215 0.269 
 [0.380] [0.237] [0.237] [0.297] [0.313] [0.374] [0.446] [0.395] [0.290] [0.389] [0.357] [0.348] [0.412] [0.444] 
Watches TV regularly 0.47 0.248 0.139 0.311 0.231 0.682 0.582 0.823 0.641 0.652 0.707 0.597 0.851 0.763 
 [0.499] [0.432] [0.346] [0.463] [0.422] [0.467] [0.494] [0.382] [0.480] [0.477] [0.455] [0.491] [0.357] [0.426] 
No education 0.353 0.684 0.694 0.548 0.633 0.344 0.084 0.122 0.391 0.408 0.253 0.396 0.062 0.067 
 [0.478] [0.465] [0.461] [0.498] [0.482] [0.476] [0.278] [0.328] [0.488] [0.492] [0.435] [0.489] [0.242] [0.250] 
Some edu (primary incomplete) 0.076 0.079 0.083 0.084 0.106 0.062 0.042 0.044 0.099 0.066 0.061 0.09 0.021 0.039 
 [0.265] [0.270] [0.275] [0.278] [0.308] [0.242] [0.201] [0.204] [0.299] [0.248] [0.239] [0.286] [0.143] [0.194] 
Primary 0.228 0.124 0.118 0.167 0.135 0.231 0.133 0.163 0.184 0.161 0.206 0.222 0.142 0.192 
 [0.419] [0.330] [0.322] [0.373] [0.342] [0.422] [0.341] [0.370] [0.388] [0.368] [0.405] [0.416] [0.350] [0.395] 
Middle/some secondary 0.271 0.095 0.091 0.168 0.107 0.299 0.375 0.346 0.254 0.194 0.31 0.209 0.411 0.346 
 [0.445] [0.293] [0.287] [0.374] [0.309] [0.459] [0.485] [0.476] [0.435] [0.396] [0.462] [0.407] [0.493] [0.477] 
Higher secondary 0.046 0.013 0.012 0.022 0.015 0.035 0.217 0.116 0.038 0.074 0.08 0.042 0.129 0.178 
 [0.210] [0.113] [0.107] [0.145] [0.122] [0.184] [0.413] [0.320] [0.190] [0.263] [0.272] [0.200] [0.336] [0.383] 
Tertiary 0.026 0.005 0.004 0.011 0.004 0.028 0.149 0.208 0.034 0.097 0.09 0.041 0.235 0.179 
 [0.159] [0.069] [0.060] [0.106] [0.063] [0.166] [0.357] [0.406] [0.182] [0.297] [0.286] [0.199] [0.425] [0.384] 
15-19 years old 0.025 0.05 0.046 0.034 0.043 0.016 0.005 0.013 0.018 0.028 0.016 0.025 0.007 0.012 
 [0.156] [0.218] [0.210] [0.181] [0.202] [0.127] [0.068] [0.112] [0.134] [0.165] [0.127] [0.157] [0.082] [0.107] 
20-24 years old 0.136 0.153 0.164 0.159 0.172 0.061 0.068 0.097 0.165 0.13 0.134 0.149 0.093 0.045 
 [0.343] [0.360] [0.370] [0.366] [0.377] [0.239] [0.251] [0.296] [0.371] [0.337] [0.340] [0.356] [0.292] [0.208] 
25-29 years old 0.189 0.186 0.186 0.176 0.179 0.144 0.094 0.18 0.193 0.179 0.204 0.2 0.169 0.17 
 [0.391] [0.389] [0.389] [0.381] [0.384] [0.352] [0.293] [0.384] [0.395] [0.384] [0.403] [0.400] [0.375] [0.377] 
30-34 years old 0.2 0.197 0.18 0.191 0.179 0.21 0.24 0.196 0.197 0.175 0.194 0.204 0.132 0.234 
 [0.400] [0.398] [0.385] [0.393] [0.383] [0.408] [0.428] [0.397] [0.398] [0.380] [0.395] [0.403] [0.340] [0.424] 
35-39 years old 0.198 0.194 0.201 0.196 0.184 0.277 0.276 0.211 0.191 0.21 0.194 0.186 0.238 0.202 
 [0.399] [0.396] [0.401] [0.397] [0.388] [0.448] [0.448] [0.408] [0.393] [0.408] [0.396] [0.390] [0.427] [0.402] 
40-44 years old 0.149 0.128 0.138 0.141 0.145 0.164 0.148 0.176 0.146 0.139 0.147 0.147 0.222 0.173 
 [0.356] [0.334] [0.346] [0.348] [0.352] [0.371] [0.356] [0.381] [0.353] [0.347] [0.354] [0.354] [0.416] [0.379] 
45-49 years old 0.104 0.092 0.085 0.103 0.099 0.128 0.169 0.128 0.089 0.139 0.111 0.089 0.139 0.164 
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 [0.305] [0.289] [0.278] [0.304] [0.299] [0.334] [0.376] [0.334] [0.285] [0.346] [0.315] [0.285] [0.347] [0.371] 
Ln (per cap household expenditures) 6.592 6.227 5.926 6.352 6.337 6.937 6.626 7.107 6.641 6.714 6.835 6.575 7.278 7.051 
 [0.602] [0.547] [0.600] [0.595] [0.561] [0.546] [0.757] [0.617] [0.567] [0.659] [0.607] [0.577] [0.554] [0.621] 
Health Sub-center in community 0.42 0.489 0.351 0.44 0.433 0.51 0.8        
 [0.494] [0.500] [0.478] [0.496] [0.496] [0.501] [0.401]        
Primary Health Center in community 0.14 0.155 0.118 0.186 0.164 0.206 0.736        
 [0.347] [0.362] [0.322] [0.390] [0.370] [0.405] [0.442]        
Community Health Center 0.032 0.026 0.023 0.02 0.017 0.049 0.194        
 [0.176] [0.160] [0.151] [0.139] [0.130] [0.215] [0.396]        
Government Maternity Center 0.029 0.062 0.017 0.062 0.016 0.035 0.018        
 [0.167] [0.241] [0.131] [0.241] [0.126] [0.184] [0.132]        
Govt. Comm. Disease Facility (e.g., TB) 0.028 0.053 0.026 0.057 0.026 0.038 0.003        
 [0.164] [0.225] [0.160] [0.232] [0.159] [0.191] [0.054]        
Delhi 0.001 0 0 0.001 0 0 0 0.062 0.065 0.008 0.027 0.047 0.079 0.014 
 [0.028] [0.011] [0.000] [0.037] [0.000] [0.000] [0.000] [0.241] [0.246] [0.090] [0.162] [0.213] [0.271] [0.119] 
Jammu/Kashmir 0.012 0.003 0.001 0 0.083 0 0.002 0.004 0.002 0.005 0.001 0.025 0.002 0 
 [0.108] [0.055] [0.029] [0.013] [0.276] [0.000] [0.042] [0.064] [0.046] [0.073] [0.025] [0.155] [0.040] [0.000] 
Himachal Pradesh 0.029 0.009 0.002 0.002 0.001 0.004 0 0.005 0.003 0.007 0 0.001 0.003 0 
 [0.166] [0.094] [0.043] [0.045] [0.031] [0.061] [0.000] [0.070] [0.058] [0.084] [0.021] [0.024] [0.054] [0.000] 
Uttarakhand 0.029 0.033 0 0.011 0.007 0 0 0.019 0.011 0 0.005 0.006 0.011 0 
 [0.167] [0.179] [0.000] [0.104] [0.085] [0.000] [0.000] [0.136] [0.102] [0.000] [0.073] [0.077] [0.106] [0.000] 
Punjab 0.011 0.031 0 0.013 0.003 0.82 0.017 0.039 0.054 0.002 0.015 0.002 0.237 0.04 
 [0.102] [0.174] [0.022] [0.113] [0.053] [0.385] [0.131] [0.192] [0.226] [0.048] [0.121] [0.048] [0.426] [0.196] 
Haryana 0.039 0.025 0.001 0.015 0.01 0.066 0 0.028 0.013 0.003 0.008 0.009 0.024 0 
 [0.193] [0.157] [0.033] [0.122] [0.102] [0.249] [0.000] [0.164] [0.115] [0.052] [0.090] [0.095] [0.153] [0.000] 
Uttar Pradesh 0.136 0.136 0.012 0.146 0.191 0.01 0 0.094 0.069 0.019 0.058 0.203 0.051 0.015 
 [0.343] [0.343] [0.108] [0.353] [0.393] [0.102] [0.000] [0.292] [0.254] [0.138] [0.235] [0.402] [0.220] [0.123] 
Bihar 0.057 0.083 0.006 0.128 0.085 0 0.004 0.014 0.016 0.002 0.038 0.031 0.003 0 
 [0.231] [0.275] [0.076] [0.334] [0.279] [0.000] [0.063] [0.116] [0.126] [0.049] [0.192] [0.173] [0.059] [0.000] 
Jharkhand 0.029 0.029 0.142 0.031 0.077 0 0 0.022 0.019 0.093 0.028 0.006 0.031 0.003 
 [0.167] [0.168] [0.349] [0.175] [0.266] [0.000] [0.000] [0.147] [0.137] [0.291] [0.165] [0.080] [0.175] [0.056] 
Rajasthan 0.063 0.056 0.046 0.045 0.027 0.026 0 0.035 0.031 0.083 0.032 0.057 0.072 0 
 [0.244] [0.231] [0.209] [0.207] [0.161] [0.161] [0.000] [0.184] [0.172] [0.277] [0.175] [0.233] [0.258] [0.000] 
Chhattisgarh 0.006 0.016 0.137 0.04 0.003 0 0 0.023 0.014 0.031 0.03 0.002 0.02 0.005 
 [0.075] [0.127] [0.344] [0.196] [0.056] [0.000] [0.000] [0.150] [0.117] [0.174] [0.170] [0.043] [0.141] [0.068] 
Madhya Pradesh 0.052 0.046 0.111 0.057 0.008 0.011 0 0.032 0.052 0.127 0.036 0.068 0.07 0.014 
 [0.221] [0.209] [0.315] [0.233] [0.087] [0.106] [0.000] [0.175] [0.221] [0.334] [0.187] [0.252] [0.256] [0.116] 
Northeast 0.009 0.006 0.06 0.006 0.007 0 0.019 0.006 0.004 0.125 0.007 0.003 0.008 0 
 [0.095] [0.077] [0.238] [0.080] [0.083] [0.000] [0.135] [0.080] [0.063] [0.331] [0.084] [0.058] [0.092] [0.018] 
Assam 0.01 0.006 0.04 0.013 0.105 0 0 0.013 0.014 0.02 0.013 0.017 0.003 0 
 [0.100] [0.076] [0.197] [0.115] [0.307] [0.000] [0.000] [0.113] [0.119] [0.139] [0.114] [0.129] [0.054] [0.000] 
West Bengal 0.09 0.147 0.053 0.021 0.215 0.023 0.009 0.14 0.097 0.056 0.032 0.086 0 0.033 
 [0.286] [0.354] [0.224] [0.143] [0.411] [0.150] [0.097] [0.347] [0.296] [0.231] [0.176] [0.280] [0.000] [0.178] 
Orissa 0.022 0.045 0.093 0.07 0.002 0 0.006 0.018 0.026 0.043 0.026 0.006 0.002 0.002 
 [0.145] [0.208] [0.291] [0.256] [0.049] [0.000] [0.078] [0.132] [0.159] [0.202] [0.159] [0.075] [0.048] [0.046] 
Gujarat 0.075 0.019 0.08 0.034 0.024 0 0 0.097 0.048 0.116 0.067 0.054 0.08 0.034 
 [0.264] [0.136] [0.272] [0.181] [0.153] [0.000] [0.000] [0.296] [0.213] [0.321] [0.250] [0.225] [0.271] [0.181] 
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Maharashtra, Goa 0.166 0.061 0.111 0.088 0.024 0.005 0.043 0.203 0.188 0.123 0.136 0.11 0.242 0.154 
 [0.372] [0.238] [0.314] [0.283] [0.153] [0.071] [0.204] [0.402] [0.391] [0.329] [0.343] [0.314] [0.429] [0.362] 
Andhra Pradesh 0.104 0.13 0.042 0.11 0.04 0 0.007 0.078 0.064 0.032 0.109 0.067 0 0.054 
 [0.305] [0.336] [0.201] [0.313] [0.195] [0.000] [0.085] [0.268] [0.245] [0.177] [0.311] [0.250] [0.000] [0.226] 
Karnataka 0.025 0.039 0.056 0.065 0.042 0.034 0.013 0.037 0.054 0.101 0.086 0.078 0.062 0.124 
 [0.157] [0.194] [0.230] [0.247] [0.200] [0.182] [0.113] [0.189] [0.227] [0.301] [0.280] [0.268] [0.242] [0.331] 
Kerala 0.033 0.012 0.006 0.021 0.046 0 0.787 0.014 0.014 0.002 0.032 0.057 0 0.234 
 [0.178] [0.110] [0.077] [0.142] [0.210] [0.000] [0.410] [0.116] [0.119] [0.048] [0.177] [0.231] [0.000] [0.424] 
Tamil Nadu 0.006 0.067 0 0.081 0.001 0 0.092 0.019 0.142 0 0.213 0.065 0 0.274 
 [0.075] [0.250] [0.022] [0.273] [0.022] [0.000] [0.290] [0.138] [0.349] [0.000] [0.409] [0.247] [0.000] [0.447] 
               
N 3,747 4,491 2,056 7,121 1,877 310 242 3,566 1,915 367 3,604 1,785 228 228 
 
Notes: Values in brackets are robust Huber-White (Huber, 1967; White, 1980) standard deviations. 
Source: 2004/05 India Human Development Survey (IHDS). 
 
 
 
Table A2.   Means and Standard Deviations for Estimation Samples: Child Mortality Regressions 
 

 Rural Urban 

 
High 
caste Dalit Adivasi OBC Muslim Sikh/Jain Christian 

High 
caste Dalit Adivasi OBC Muslim Sikh/Jain Christian 

Dependent variable               
Number of children died 0.242 0.416 0.305 0.265 0.328 0.166 0.055 0.102 0.218 0.349 0.146 0.246 0.054 0.09 
 [0.015] [0.028] [0.024] [0.014] [0.030] [0.033] [0.021] [0.009] [0.019] [0.123] [0.010] [0.022] [0.018] [0.031] 
Any children died 0.183 0.257 0.212 0.182 0.21 0.139 0.048 0.083 0.153 0.164 0.108 0.161 0.049 0.074 
 [0.011] [0.012] [0.015] [0.008] [0.017] [0.030] [0.019] [0.008] [0.011] [0.034] [0.007] [0.013] [0.016] [0.021] 
Share of children died 0.06 0.091 0.075 0.063 0.062 0.043 0.014 0.029 0.055 0.068 0.04 0.051 0.016 0.023 
 [0.004] [0.005] [0.006] [0.003] [0.005] [0.008] [0.005] [0.002] [0.004] [0.018] [0.003] [0.004] [0.006] [0.007] 
Explanatory variables               
Correct treatment of diarrhea in 
children, regarding fluids intake 0.604 0.473 0.481 0.514 0.511 0.581 0.823 0.674 0.53 0.641 0.503 0.564 0.764 0.491 
 [0.018] [0.018] [0.022] [0.017] [0.029] [0.047] [0.035] [0.015] [0.021] [0.043] [0.015] [0.022] [0.033] [0.069] 
Network access 0.405 0.264 0.18 0.344 0.239 0.476 0.316 0.413 0.309 0.378 0.355 0.27 0.568 0.439 
 [0.018] [0.015] [0.017] [0.017] [0.023] [0.050] [0.062] [0.014] [0.020] [0.046] [0.014] [0.017] [0.046] [0.042] 
Network quality 0.33 0.204 0.123 0.276 0.19 0.447 0.11 0.318 0.23 0.246 0.268 0.211 0.508 0.27 
 [0.018] [0.014] [0.014] [0.016] [0.019] [0.049] [0.034] [0.013] [0.015] [0.034] [0.013] [0.015] [0.047] [0.045] 
Network homophily 0.177 0.062 0.059 0.097 0.104 0.156 0.27 0.197 0.095 0.19 0.146 0.139 0.214 0.261 
 [0.012] [0.006] [0.009] [0.007] [0.013] [0.034] [0.052] [0.010] [0.010] [0.036] [0.009] [0.012] [0.038] [0.037] 
Watches TV regularly 0.468 0.252 0.137 0.31 0.229 0.67 0.579 0.819 0.638 0.648 0.708 0.595 0.856 0.766 
 [0.017] [0.013] [0.015] [0.013] [0.021] [0.052] [0.051] [0.011] [0.020] [0.054] [0.012] [0.020] [0.029] [0.044] 
No education 0.364 0.69 0.708 0.557 0.659 0.335 0.087 0.126 0.407 0.409 0.263 0.408 0.058 0.063 
 [0.015] [0.014] [0.021] [0.014] [0.024] [0.055] [0.033] [0.008] [0.017] [0.053] [0.012] [0.022] [0.021] [0.017] 
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Some edu (primary incomplete) 0.078 0.079 0.084 0.085 0.105 0.063 0.043 0.045 0.098 0.064 0.064 0.089 0.023 0.042 
 [0.007] [0.007] [0.010] [0.006] [0.011] [0.027] [0.018] [0.004] [0.011] [0.019] [0.005] [0.009] [0.011] [0.021] 
Primary 0.232 0.124 0.113 0.167 0.126 0.243 0.132 0.168 0.191 0.158 0.209 0.222 0.139 0.196 
 [0.011] [0.008] [0.011] [0.008] [0.013] [0.035] [0.031] [0.010] [0.011] [0.024] [0.009] [0.015] [0.033] [0.039] 
Middle/some secondary 0.263 0.091 0.082 0.16 0.097 0.297 0.381 0.348 0.238 0.202 0.308 0.202 0.425 0.355 
 [0.013] [0.007] [0.010] [0.007] [0.011] [0.043] [0.071] [0.010] [0.012] [0.030] [0.010] [0.015] [0.036] [0.033] 
Higher secondary 0.042 0.012 0.011 0.02 0.01 0.033 0.216 0.114 0.033 0.072 0.073 0.038 0.121 0.162 
 [0.005] [0.003] [0.003] [0.002] [0.003] [0.013] [0.058] [0.006] [0.004] [0.016] [0.005] [0.006] [0.027] [0.028] 
Tertiary 0.021 0.004 0.002 0.011 0.003 0.028 0.14 0.2 0.033 0.095 0.084 0.041 0.233 0.181 
 [0.003] [0.001] [0.001] [0.002] [0.002] [0.008] [0.026] [0.010] [0.006] [0.024] [0.007] [0.007] [0.037] [0.035] 
15-19 years old 0.008 0.026 0.029 0.016 0.025 0.003 0 0.003 0.009 0.007 0.006 0.015 0 0.009 
 [0.002] [0.004] [0.005] [0.003] [0.006] [0.002] [0.000] [0.001] [0.002] [0.004] [0.002] [0.003] [0.000] [0.008] 
20-24 years old 0.115 0.139 0.14 0.139 0.148 0.054 0.057 0.076 0.13 0.118 0.113 0.123 0.049 0.035 
 [0.008] [0.007] [0.011] [0.007] [0.012] [0.011] [0.019] [0.006] [0.010] [0.020] [0.006] [0.010] [0.017] [0.013] 
25-29 years old 0.191 0.191 0.191 0.18 0.183 0.139 0.075 0.175 0.196 0.188 0.203 0.2 0.181 0.16 
 [0.010] [0.009] [0.014] [0.007] [0.014] [0.022] [0.024] [0.008] [0.010] [0.030] [0.008] [0.012] [0.029] [0.029] 
30-34 years old 0.213 0.205 0.19 0.2 0.187 0.216 0.25 0.203 0.21 0.181 0.198 0.216 0.134 0.237 
 [0.010] [0.008] [0.012] [0.007] [0.013] [0.028] [0.035] [0.008] [0.012] [0.025] [0.007] [0.010] [0.026] [0.034] 
35-39 years old 0.207 0.207 0.212 0.205 0.196 0.271 0.287 0.224 0.205 0.22 0.204 0.196 0.25 0.209 
 [0.010] [0.009] [0.012] [0.008] [0.012] [0.033] [0.045] [0.008] [0.010] [0.029] [0.007] [0.011] [0.033] [0.030] 
40-44 years old 0.158 0.133 0.148 0.151 0.155 0.178 0.154 0.187 0.155 0.146 0.158 0.156 0.233 0.178 
 [0.009] [0.008] [0.012] [0.006] [0.017] [0.025] [0.026] [0.007] [0.011] [0.023] [0.007] [0.011] [0.033] [0.033] 
45-49 years old 0.108 0.098 0.091 0.108 0.105 0.139 0.177 0.133 0.094 0.14 0.117 0.093 0.153 0.171 
 [0.007] [0.008] [0.009] [0.006] [0.012] [0.031] [0.047] [0.008] [0.008] [0.030] [0.006] [0.008] [0.022] [0.030] 
Ln (per cap household expenditures) 6.572 6.205 5.905 6.337 6.298 6.915 6.614 7.088 6.627 6.691 6.807 6.557 7.282 7.034 
 [0.019] [0.016] [0.033] [0.018] [0.031] [0.051] [0.169] [0.019] [0.022] [0.066] [0.016] [0.025] [0.046] [0.067] 
Health Sub-center in community 0.419 0.49 0.349 0.44 0.434 0.526 0.804        
 [0.026] [0.027] [0.037] [0.025] [0.043] [0.083] [0.066]        
Primary Health Center in community 0.138 0.152 0.115 0.185 0.159 0.209 0.734        
 [0.016] [0.021] [0.023] [0.024] [0.028] [0.076] [0.084]        
Community Health Center 0.034 0.027 0.024 0.02 0.017 0.042 0.185        
 [0.009] [0.013] [0.010] [0.004] [0.008] [0.030] [0.075]        
Government Maternity Center 0.027 0.062 0.018 0.063 0.017 0.035 0.019        
 [0.007] [0.021] [0.010] [0.019] [0.006] [0.029] [0.019]        
Govt. Comm. Disease Facility (e.g., TB) 0.025 0.053 0.026 0.059 0.027 0.038 0.003        
 [0.006] [0.018] [0.011] [0.019] [0.011] [0.030] [0.002]        
Delhi 0.001 0 0 0.001 0 0 0 0.06 0.062 0.009 0.028 0.048 0.08 0.012 
 [0.001] [0.000] [0.000] [0.001] [0.000] [0.000] [0.000] [0.009] [0.012] [0.005] [0.005] [0.013] [0.029] [0.009] 
Jammu/Kashmir 0.011 0.003 0.001 0 0.085 0 0.002 0.004 0.002 0.005 0.001 0.026 0.002 0 
 [0.004] [0.001] [0.001] [0.000] [0.025] [0.000] [0.002] [0.001] [0.001] [0.002] [0.000] [0.008] [0.002] [0.000] 
Himachal Pradesh 0.029 0.009 0.002 0.002 0.001 0.004 0 0.005 0.003 0.008 0 0.001 0.003 0 
 [0.005] [0.002] [0.001] [0.001] [0.001] [0.003] [0.000] [0.001] [0.001] [0.004] [0.000] [0.000] [0.002] [0.000] 
Uttarakhand 0.029 0.035 0 0.011 0.007 0 0 0.019 0.008 0 0.005 0.007 0.013 0 
 [0.011] [0.014] [0.000] [0.007] [0.004] [0.000] [0.000] [0.007] [0.004] [0.000] [0.002] [0.004] [0.009] [0.000] 
Punjab 0.011 0.033 0.001 0.014 0.003 0.824 0.017 0.04 0.055 0.002 0.015 0.003 0.243 0.037 
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 [0.003] [0.006] [0.000] [0.004] [0.002] [0.053] [0.012] [0.008] [0.012] [0.002] [0.003] [0.001] [0.048] [0.018] 
Haryana 0.039 0.024 0.001 0.015 0.01 0.07 0 0.028 0.014 0.003 0.008 0.009 0.027 0 
 [0.006] [0.004] [0.000] [0.003] [0.005] [0.033] [0.000] [0.007] [0.005] [0.003] [0.003] [0.005] [0.013] [0.000] 
Uttar Pradesh 0.134 0.134 0.012 0.145 0.181 0.008 0 0.09 0.068 0.017 0.059 0.196 0.044 0.017 
 [0.018] [0.018] [0.006] [0.020] [0.029] [0.008] [0.000] [0.013] [0.014] [0.010] [0.009] [0.031] [0.021] [0.010] 
Bihar 0.06 0.081 0.005 0.131 0.087 0 0.004 0.014 0.017 0.003 0.038 0.033 0.004 0 
 [0.015] [0.014] [0.003] [0.020] [0.023] [0.000] [0.004] [0.004] [0.005] [0.003] [0.008] [0.011] [0.004] [0.000] 
Jharkhand 0.029 0.029 0.138 0.031 0.082 0 0 0.023 0.019 0.1 0.029 0.007 0.031 0.003 
 [0.011] [0.013] [0.037] [0.009] [0.035] [0.000] [0.000] [0.006] [0.006] [0.035] [0.006] [0.003] [0.027] [0.003] 
Rajasthan 0.062 0.053 0.044 0.043 0.027 0.021 0 0.033 0.029 0.083 0.032 0.056 0.07 0 
 [0.010] [0.008] [0.011] [0.006] [0.008] [0.013] [0.000] [0.006] [0.007] [0.062] [0.006] [0.013] [0.030] [0.000] 
Chhattisgarh 0.004 0.017 0.132 0.042 0.003 0 0 0.024 0.015 0.033 0.03 0.002 0.023 0.005 
 [0.002] [0.005] [0.032] [0.008] [0.002] [0.000] [0.000] [0.007] [0.007] [0.013] [0.008] [0.001] [0.014] [0.005] 
Madhya Pradesh 0.053 0.045 0.115 0.058 0.008 0.012 0 0.032 0.053 0.13 0.037 0.069 0.073 0.01 
 [0.009] [0.007] [0.020] [0.007] [0.004] [0.009] [0.000] [0.007] [0.013] [0.043] [0.007] [0.018] [0.040] [0.010] 
Northeast 0.007 0.005 0.062 0.003 0.001 0 0.013 0.006 0.004 0.122 0.003 0.003 0.01 0 
 [0.003] [0.002] [0.016] [0.001] [0.001] [0.000] [0.011] [0.003] [0.002] [0.038] [0.001] [0.002] [0.007] [0.000] 
Assam 0.009 0.006 0.041 0.013 0.108 0 0 0.014 0.006 0.019 0.013 0.015 0.003 0 
 [0.003] [0.003] [0.020] [0.005] [0.030] [0.000] [0.000] [0.006] [0.002] [0.009] [0.004] [0.006] [0.003] [0.000] 
West Bengal 0.089 0.152 0.051 0.021 0.222 0.025 0.01 0.14 0.099 0.061 0.033 0.088 0 0.036 
 [0.019] [0.024] [0.018] [0.006] [0.042] [0.025] [0.010] [0.017] [0.020] [0.018] [0.006] [0.022] [0.000] [0.022] 
Orissa 0.022 0.045 0.096 0.072 0.003 0 0.006 0.019 0.026 0.042 0.027 0.006 0.003 0.002 
 [0.007] [0.008] [0.020] [0.014] [0.001] [0.000] [0.005] [0.004] [0.006] [0.016] [0.005] [0.004] [0.003] [0.002] 
Gujarat 0.076 0.018 0.082 0.035 0.023 0 0 0.096 0.045 0.113 0.067 0.05 0.077 0.037 
 [0.013] [0.004] [0.027] [0.007] [0.008] [0.000] [0.000] [0.015] [0.011] [0.042] [0.011] [0.015] [0.032] [0.023] 
Maharastra, Goa 0.166 0.061 0.111 0.09 0.023 0 0.04 0.202 0.195 0.112 0.137 0.115 0.231 0.168 
 [0.021] [0.009] [0.023] [0.011] [0.006] [0.000] [0.025] [0.023] [0.032] [0.031] [0.019] [0.025] [0.065] [0.093] 
Andhra Pradesh 0.106 0.133 0.045 0.107 0.04 0 0.008 0.08 0.065 0.03 0.109 0.065 0 0.047 
 [0.016] [0.017] [0.012] [0.015] [0.010] [0.000] [0.008] [0.013] [0.014] [0.013] [0.016] [0.015] [0.000] [0.019] 
Karnataka 0.024 0.04 0.054 0.063 0.043 0.037 0.012 0.037 0.056 0.106 0.088 0.08 0.065 0.112 
 [0.005] [0.006] [0.010] [0.007] [0.013] [0.031] [0.005] [0.006] [0.012] [0.033] [0.011] [0.015] [0.031] [0.035] 
Kerala 0.033 0.011 0.006 0.021 0.044 0 0.79 0.015 0.014 0.002 0.032 0.059 0 0.229 
 [0.007] [0.002] [0.003] [0.004] [0.011] [0.000] [0.068] [0.003] [0.004] [0.002] [0.007] [0.018] [0.000] [0.064] 
Tamil Nadu 0.006 0.067 0.001 0.082 0.001 0 0.098 0.02 0.143 0 0.211 0.063 0 0.285 
 [0.002] [0.020] [0.001] [0.022] [0.001] [0.000] [0.044] [0.005] [0.025] [0.000] [0.023] [0.017] [0.000] [0.082] 
               
N 3,419 4,085 1,879 6,508 1,693 292 220 3,239 1,752 342 3,261 1,637 206 206 

 
Notes: Values in brackets are robust Huber-White (Huber, 1967; White, 1980) standard deviations. 
Source: 2004/05 India Human Development Survey (IHDS). 
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Table A3.   Means and Standard Deviations Comparing Knowledge of the Correct Treatment of Diarrhea in Children Regarding Fluids Intake in 
2004/05 and 2011/12 
 

  Rural Urban 

 
High 
caste Dalit Adivasi OBC Muslim Sikh/ 

Jain30 Christian High 
caste Dalit Adivasi OBC Muslim Sikh/ 

Jain Christian 

               
2004/05: 0.605 0.472 0.481 0.511 0.512 0.591 0.825 0.67 0.53 0.627 0.501 0.557 0.757 0.499 
 [0.489] [0.499] [0.500] [0.500] [0.500] [0.493] [0.381] [0.470] [0.499] [0.484] [0.500] [0.497] [0.430] [0.501] 
                
N 3,747 4,491 2,056 7,121 1,877 310 242 3,566 1,915 367 3,604 1,785 228 228 
               
2011/12: 0.596 0.558 0.581 0.554 0.566 0.754 0.665 0.613 0.633 0.616 0.595 0.719 
 [0.018] [0.015] [0.020] [0.016] [0.026] [0.040] [0.015] [0.018] [0.038] [0.015] [0.022] [0.031] 
 4,387 5,383 2,576 8,136 2,290 514 3,240 2,262 386 3,727 1,952 417 

 
Notes: Values in brackets are robust Huber-White (Huber, 1967; White, 1980) standard deviations. 
Source: 2004/05 India Human Development Survey (IHDS). 

 

 
30 In the 2011-12 IHDS the questionnaire collapsed the two groups Sikh/Jain and Christian into one, composite group. 
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APPENDIX B: Specification Tests 
 
 
 
Table B1.   Specification Tests for 2SLS/IV Health Knowledge Regressions: Predictive Power of Identifying 
Instruments (First Stage); Endogeneity (Second Stage) 
 

 Rural Urban 
 Access Quality Homophily Access Quality Homophily 
       
(a) Test of weak and/or 
underidentified IVs 

      

(i) Joint F-test of predictive 
power of IVs 

      

     Network access 
 

463.63 
[0.000] 

455.48 
[0.000] 

89.99 
[0.000] 

447.21 
[0.000] 

333.25 
[0.000] 

181.21 
[0.000] 

     Watches TV regularly 77.41 
[0.000] 

79.04 
[0.000] 

80.97 
[0.000] 

174.31 
[0.000] 

172.68 
[0.000] 

165.36 
[0.000] 

(ii) Cragg-Donald weak 
identification Wald F test  

388.83 383.01 365.72 300.02 273.17 226.15 

(iii) Kleibergen-Paap weak 
identification Wald F test 

70.29 67.75 71.66 140.29 135.49 140.81 

(iv) Kleibergen-Paap 
underidentification LM test 

121.89 
[0.000] 

121.21 
[0.000] 

103.51 
[0.000] 

128.88 
[0.000] 

128.08 
[0.000] 

83.95 
[0.000] 

       
(b) Wu (1973)-Hausman 
(1978) endogeneity test 

1.50 
[0.224] 

1.57 
[0.208] 

0.72 
[0.488] 

8.51 
[0.000] 

6.60 
[0.001] 

2.32 
[0.098] 

       
N 19,844 19,844 19,844 11,693 11,693 11,693 

 
Notes: Terms in brackets are the p-values of the corresponding test-statistic.  The tests employ robust Huber-White (Huber, 
1967; White, 1980) standard errors and also adjust for within-cluster correlation/clustering (Wooldridge, 2010).  All 
estimations include state fixed-effects and additional explanatory variables similar to those used for the main estimations. 
The critical values (which are all smaller by order of magnitude of about one or more) for the Cragg-Donald and 
Kleibergen-Paap weak identification Wald F tests can be found in Stock and Yogo (2005).  The Cragg-Donald and 
Kleibergen-Paap tests allow for non-iid-ness/clustering following the discussion in Kleibergen and Paap (2006) and 
Kleibergen and Schaffer (2007). 
Source: 2004/05 India Human Development Survey (IHDS). 
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Table B2.   Specification Tests for 2SLS/IV Child Mortality Regressions: Predictive Power of Identifying 
Instruments (First Stage); Endogeneity (Second Stage) 
 

 Rural Urban 
 Access Quality Homophily Access Quality Homophily 
       
(a) Test of weak and/or 
underidentified IVs 

      

(i) Joint F-test of predictive 
power of IVs 

      

Correct treatment of diarrhea 
in children, regarding fluids 
intake 

 390.19 
[0.000] 

 390.43 
[0.000] 

 393.12 
[0.000] 

 261.17 
[0.000] 

 260.60 
[0.000] 

 258.96 
[0.000] 

Network access 
 283.32 
[0.000] 

 253.68 
[0.000] 

 46.50 
[0.000] 

 297.11 
[0.000] 

 212.10 
[0.000] 

 107.83 
[0.000] 

Watches TV regularly 
 45.02 
[0.000] 

 45.40 
[0.000] 

 46.97 
[0.000] 

 111.22 
[0.000] 

 110.46 
[0.000] 

 106.41 
[0.000] 

(ii) Cragg-Donald weak 
identification Wald F test  

238.75 235.30 208.92 182.84 164.84 136.02 

(iii) Kleibergen-Paap weak 
identification Wald F test 

41.73 40.19 38.91 87.52 82.74 83.15 

(iv) Kleibergen-Paap 
underidentification LM test 

 109.52 
[0.000] 

 108.34 
[0.000] 

 78.25 
[0.000] 

 116.78 
[0.000] 

 117.45 
[0.000] 

 73.71 
[0.000] 

       
       
       
(b) Wu (1973)-Hausman 
(1978) endogeneity test 

      

Number of children died 
 1.40 
[0.242] 

 1.24 
[0.293] 

 2.59 
[0.051] 

 3.34 
[0.018] 

 3.83 
[0.009] 

 2.19 
[0.087] 

Any children died 
 1.04 
[0.374] 

 0.77 
[0.512] 

 1.93 
[0.122] 

 3.82 
[0.009] 

 4.66 
[0.003] 

 2.84 
[0.036] 

Share of children died 
 0.70 
[0.555] 

 0.68 
[0.564] 

 1.93 
[0.122] 

 3.87 
[0.009] 

 4.57 
[0.003] 

 2.70 
[0.044] 

       
N 18,096 18,096 18,096 10,643 10,643 10,643 

 
Notes: Terms in brackets are the p-values of the corresponding test-statistic.  The tests employ robust Huber-White (Huber, 
1967; White, 1980) standard errors and also adjust for within-cluster correlation/clustering (Wooldridge, 2010).  All 
estimations include state fixed-effects and additional explanatory variables similar to those used for the main estimations. 
The critical values (which are all smaller by order of magnitude of about one or more) for the Cragg-Donald and 
Kleibergen-Paap weak identification Wald F tests can be found in Stock and Yogo (2005).  The Cragg-Donald and 
Kleibergen-Paap tests allow for non-iid-ness/clustering following the discussion in Kleibergen and Paap (2006) and 
Kleibergen and Schaffer (2007). 
Source: 2004/05 India Human Development Survey (IHDS). 
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APPENDIX C: Overall Decomposition Results Underlying Estimated Coefficients Reported in Figures 1 to 4 
 

 

Table C1.  Overall Health Knowledge Gap Decompositions With Three Alternative Specifications of Health Network Access (OLS/LPM and 2SLS/IV) 
 

  Rural Urban 
 

 

HC vs 
Dalit 

HC vs 
Adivasi 

HC vs 
OBC 

HC vs 
Muslim 

HC vs 
Sikh/Jain 

HC vs 
Christian 

HC vs 
Dalit 

HC vs 
Adivasi 

HC vs 
OBC 

HC vs 
Muslim 

HC vs 
Sikh/Jain 

HC vs 
Christian 

(1) Access       
OLS Explained 0.077*** 0.013 0.063*** 0.021 -0.023 -0.244*** 0.112*** 0.048** 0.127*** 0.071*** -0.019 0.072*** 
  [0.014] [0.022] [0.013] [0.018] [0.053] [0.032] [0.013] [0.019] [0.015] [0.013] [0.014] [0.024] 
 Unexplained 0.056*** 0.111*** 0.031* 0.072*** 0.037 0.024 0.028 -0.005 0.042** 0.042** -0.069* 0.099** 
  [0.020] [0.026] [0.018] [0.025] [0.062] [0.038] [0.019] [0.031] [0.018] [0.018] [0.035] [0.039] 
IV Explained 0.085*** 0.017 0.069*** 0.022 -0.016 -0.257*** 0.121*** 0.042* 0.136*** 0.096*** -0.035* 0.081*** 
  [0.017] [0.025] [0.015] [0.020] [0.056] [0.034] [0.017] [0.022] [0.017] [0.019] [0.020] [0.031] 
 Unexplained 0.048** 0.107*** 0.026 0.070*** 0.03 0.037 0.019 0 0.033* 0.016 -0.053 0.090* 
  [0.021] [0.029] [0.019] [0.026] [0.075] [0.119] [0.021] [0.037] [0.019] [0.023] [0.329] [0.055] 
(2) Quality       
OLS Explained 0.076*** 0.011 0.062*** 0.021 -0.025 -0.228*** 0.112*** 0.050** 0.127*** 0.068*** -0.020 0.078*** 
  [0.014] [0.022] [0.013] [0.018] [0.052] [0.032] [0.013] [0.020] [0.015] [0.013] [0.014] [0.024] 
 Unexplained 0.057*** 0.113*** 0.032* 0.072*** 0.04 0.008 0.028 -0.007 0.042** 0.045** -0.068* 0.093** 
  [0.020] [0.026] [0.018] [0.025] [0.062] [0.038] [0.019] [0.032] [0.018] [0.018] [0.035] [0.039] 
IV Explained 0.085*** 0.014 0.067*** 0.024 -0.02 -0.217*** 0.121*** 0.045** 0.138*** 0.084*** -0.045** 0.107*** 
  [0.017] [0.025] [0.015] [0.020] [0.056] [0.033] [0.017] [0.022] [0.017] [0.018] [0.020] [0.032] 
 Unexplained 0.048** 0.110*** 0.027 0.069*** 0.034 -0.002 0.019 -0.003 0.030 0.028 -0.043 0.064 
  [0.022] [0.029] [0.019] [0.026] [0.075] [0.052] [0.021] [0.037] [0.020] [0.022] [0.960] [0.099] 
(3) Homophily       
OLS Explained 0.073*** 0.01 0.062*** 0.017 -0.031 -0.242*** 0.114*** 0.051*** 0.127*** 0.067*** -0.014 0.071*** 
  [0.014] [0.022] [0.013] [0.018] [0.052] [0.032] [0.013] [0.020] [0.015] [0.013] [0.014] [0.025] 
 Unexplained 0.060*** 0.114*** 0.032* 0.075*** 0.046 0.022 0.026 -0.009 0.041** 0.045** -0.074** 0.099** 
  [0.020] [0.026] [0.018] [0.025] [0.061] [0.038] [0.019] [0.032] [0.018] [0.018] [0.035] [0.040] 
IV Explained 0.071*** 0.01 0.059*** 0.019 -0.029 -0.234*** 0.124*** 0.053*** 0.134*** 0.077*** -0.014 0.076*** 
  [0.017] [0.025] [0.015] [0.019] [0.051] [0.034] [0.016] [0.020] [0.017] [0.016] [0.015] [0.027] 
 Unexplained 0.062*** 0.114*** 0.035* 0.074*** 0.043 0.015 0.016 -0.011 0.034* 0.035* -0.073* 0.095 
  [0.022] [0.029] [0.020] [0.027] [0.066] [0.287] [0.021] [0.037] [0.020] [0.021] [0.044] [1.238] 
              
Raw health knowledge gap 0.133*** 0.124*** 0.094*** 0.093*** 0.014 -0.220*** 0.140*** 0.042 0.169*** 0.112*** -0.088** 0.171*** 
 [0.015] [0.018] [0.014] [0.019] [0.040] [0.035] [0.016] [0.032] [0.012] [0.016] [0.034] [0.038] 
              
 N 8,238 5,803 10,868 5,624 4,057 3,989 5,481 3,933 7,170 5,351 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste (HC) endowments and returns.  Values in brackets are robust Huber-
White (Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 
percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table C2.  Overall Child Mortality Gap Decompositions With Three Alternative Specifications of Health Network Access (OLS/LPM and 2SLS/IV) 
 

  Rural Urban 

  
HC vs 
Dalit 

HC vs 
Adivasi 

HC vs 
OBC 

HC vs 
Muslim 

HC vs 
Sikh/Jain 

HC vs 
Christian 

HC vs 
Dalit 

HC vs 
Adivasi 

HC vs 
OBC 

HC vs 
Muslim 

HC vs 
Sikh/Jain 

HC vs 
Christian 

(1) Access              
OLS Explained -0.048*** -0.023 -0.043*** -0.035 -0.057 0.193*** -0.036*** -0.061*** -0.022** -0.058*** 0.01 0.039*** 
  [0.016] [0.028] [0.014] [0.023] [0.055] [0.025] [0.010] [0.019] [0.009] [0.011] [0.010] [0.013] 
 Unexplained -0.116*** -0.033 0.02 -0.044 0.122* -0.019 -0.073*** -0.177* -0.019 -0.080*** 0.037* -0.029 
  [0.030] [0.035] [0.023] [0.034] [0.064] [0.026] [0.019] [0.103] [0.014] [0.021] [0.020] [0.029] 
IV Explained -0.038* -0.006 -0.036** -0.023 -0.056 0.201*** -0.047*** -0.066*** -0.031*** -0.076*** 0.011 0.025 
  [0.020] [0.034] [0.017] [0.027] [0.056] [0.027] [0.013] [0.022] [0.011] [0.016] [0.013] [0.016] 
 Unexplained -0.126*** -0.05 0.012 -0.055 0.122* -0.026 -0.062*** -0.171* -0.009 -0.062** 0.035 -0.014 
  [0.033] [0.040] [0.024] [0.037] [0.073] [0.033] [0.020] [0.101] [0.015] [0.025] [0.073] [0.050] 
(2) Quality              
OLS Explained -0.047*** -0.023 -0.043*** -0.035 -0.057 0.193*** -0.035*** -0.059*** -0.022** -0.057*** 0.012 0.037*** 
  [0.016] [0.028] [0.014] [0.023] [0.055] [0.025] [0.010] [0.019] [0.009] [0.011] [0.010] [0.013] 
 Unexplained -0.116*** -0.033 0.019 -0.044 0.122* -0.018 -0.074*** -0.178* -0.019 -0.081*** 0.035* -0.027 
  [0.030] [0.035] [0.023] [0.034] [0.064] [0.026] [0.019] [0.103] [0.013] [0.021] [0.020] [0.029] 
IV Explained -0.036* -0.007 -0.035** -0.023 -0.055 0.198*** -0.048*** -0.066*** -0.031*** -0.075*** 0.014 0.021 
  [0.020] [0.034] [0.017] [0.027] [0.056] [0.026] [0.013] [0.022] [0.011] [0.015] [0.014] [0.018] 
 Unexplained -0.127*** -0.049 0.011 -0.055 0.120* -0.023 -0.062*** -0.172* -0.009 -0.063*** 0.032 -0.011 
  [0.033] [0.040] [0.024] [0.038] [0.071] [0.033] [0.021] [0.102] [0.015] [0.024] [0.027] [0.101] 
(3) Homophily              
OLS Explained -0.046*** -0.024 -0.041*** -0.037 -0.058 0.185*** -0.036*** -0.062*** -0.022** -0.058*** 0.009 0.037*** 
  [0.016] [0.028] [0.014] [0.023] [0.056] [0.025] [0.010] [0.019] [0.009] [0.011] [0.010] [0.013] 
 Unexplained -0.117*** -0.032 0.017 -0.042 0.124* -0.01 -0.073*** -0.176* -0.018 -0.080*** 0.038* -0.027 
  [0.030] [0.035] [0.023] [0.034] [0.064] [0.027] [0.019] [0.103] [0.014] [0.021] [0.020] [0.029] 
IV Explained -0.029 -0.004 -0.025 -0.027 -0.06 0.174*** -0.047*** -0.069*** -0.030*** -0.074*** 0.009 0.023 
  [0.021] [0.034] [0.018] [0.027] [0.057] [0.032] [0.014] [0.021] [0.011] [0.015] [0.012] [0.016] 
 Unexplained -0.135*** -0.052 0.002 -0.052 0.126 0 -0.062*** -0.169* -0.01 -0.064*** 0.038 -0.013 
  [0.034] [0.040] [0.025] [0.038] [0.077] [0.039] [0.021] [0.100] [0.016] [0.024] [0.029] [0.456] 
              
Raw child mortality gap -0.163*** -0.056** -0.024 -0.079*** 0.065 0.174*** -0.109*** -0.237** -0.040*** -0.138*** 0.047* 0.01 
 (number of children ever died) [0.028] [0.025] [0.018] [0.028] [0.052] [0.028] [0.016] [0.105] [0.011] [0.018] [0.026] [0.459] 
              
 N 7,991 5,639 10,512 5,440 3,928 3,864 5,316 3,811 6,940 5,170 3,675 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste (HC) endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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APPENDIX D: Detailed Health Knowledge Decomposition Results Using Three Alternative Specifications for Health Network 
Access (OLS/LPM and 2SLS/IV) 
 

Table D1.   Detailed Health Knowledge Decomposition Results: Access (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 

 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Knows any health 
person 0.016*** 0.024*** 0.025*** 0.003 0.007*** 0.012 0.017*** 0.012 -0.008* 0.065* 0.010** 0.015 
 [0.004] [0.009] [0.006] [0.007] [0.002] [0.010] [0.004] [0.011] [0.005] [0.037] [0.005] [0.016] 
Watches TV regularly -0.001 -0.014 -0.002 -0.005 -0.001 -0.003 -0.001 0.003 0.001 0.032 0.001 -0.024 
 [0.005] [0.009] [0.008] [0.007] [0.004] [0.009] [0.006] [0.010] [0.005] [0.062] [0.003] [0.029] 
Ln (per cap household 
expenditures) 0.021*** 0.226 0.038*** 0.532** 0.014*** 0.214 0.015*** 0.051 -0.020*** 0.017 -0.002 0.555** 
 [0.007] [0.175] [0.013] [0.217] [0.005] [0.156] [0.005] [0.220] [0.007] [0.499] [0.004] [0.258] 
Age -0.001 -0.009 0 -0.011 0 -0.009 0 -0.01 0.002 -0.054* 0.002 0.021 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.009] [0.002] [0.010] [0.003] [0.029] [0.005] [0.017] 
Education 0.017** 0.019 0.018** 0.076** 0.011** 0.040** 0.015** 0.026 0 0.056* -0.029** -0.066** 
 [0.008] [0.033] [0.009] [0.038] [0.005] [0.020] [0.008] [0.037] [0.002] [0.033] [0.013] [0.029] 
Health facilities access 0.003 0.015 0 -0.007 0.003 0.020 0.001 0.038** -0.002 0.002 -0.021 0.070 
 [0.003] [0.016] [0.002] [0.014] [0.003] [0.014] [0.002] [0.019] [0.003] [0.046] [0.022] [0.054] 
State fixed effects 0.022** -0.031* -0.066*** -0.028 0.029** -0.038** -0.025* 0.044* 0.004 -0.157 -0.204*** 0.643*** 
 [0.010] [0.017] [0.019] [0.027] [0.012] [0.019] [0.015] [0.024] [0.052] [0.236] [0.037] [0.156] 
Urban             
Knows any health 
person 0.011*** 0.019* 0.004 -0.008 0.006*** -0.001 0.014*** 0 -0.016*** -0.014 -0.003 -0.022 
 [0.002] [0.010] [0.003] [0.025] [0.002] [0.009] [0.003] [0.009] [0.005] [0.042] [0.004] [0.032] 
Watches TV regularly -0.008** -0.049** -0.008* 0.017 -0.005** -0.032 -0.010** -0.044** 0.001 0.014 -0.003 0.038 
 [0.004] [0.022] [0.004] [0.043] [0.003] [0.020] [0.005] [0.021] [0.001] [0.078] [0.002] [0.073] 
Ln (per cap household 
expenditures) 0.012* -0.098 0.010* 0.488 0.007* 0.074 0.014* 0.097 -0.004 0.801* 0.001 0.029 
 [0.007] [0.191] [0.006] [0.341] [0.004] [0.146] [0.008] [0.191] [0.003] [0.435] [0.001] [0.462] 
Age 0.003 0 0.003 0.005 0.001 0.013 0.004 0.007 -0.003 0.023 0 -0.036 
 [0.002] [0.014] [0.003] [0.022] [0.002] [0.012] [0.002] [0.013] [0.003] [0.055] [0.003] [0.025] 
Education 0.045*** 0.007 0.040*** 0.055** 0.024*** -0.007 0.045*** -0.01 -0.010*** -0.004 -0.006 0.038 
 [0.009] [0.015] [0.009] [0.023] [0.005] [0.008] [0.009] [0.015] [0.004] [0.039] [0.004] [0.031] 
State fixed effects 0.049*** 0.027* -0.003 -0.012 0.094*** 0.01 0.004 0.008 0.013 0.012 0.082*** 0.015 
 [0.010] [0.015] [0.018] [0.047] [0.014] [0.017] [0.008] [0.020] [0.013] [0.031] [0.023] [0.049] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table D2.   Detailed Health Knowledge Decomposition Results: Quality (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Knows a doctor 0.012*** 0.009 0.019*** 0.003 0.005*** 0.013 0.012*** 0.009 -0.011** 0.051 0.020*** 0.006 
 [0.004] [0.007] [0.005] [0.006] [0.002] [0.009] [0.004] [0.010] [0.005] [0.035] [0.006] [0.006] 
Watches TV regularly -0.001 -0.013 -0.001 -0.004 -0.001 -0.003 -0.001 0.004 0.001 0.033 0 -0.028 
 [0.005] [0.009] [0.008] [0.007] [0.004] [0.009] [0.006] [0.010] [0.005] [0.062] [0.003] [0.029] 
Ln (per cap household 
expenditures) 0.022*** 0.245 0.040*** 0.527** 0.014*** 0.221 0.015*** 0.06 -0.020*** 0.035 -0.002 0.537** 
 [0.007] [0.175] [0.014] [0.217] [0.005] [0.157] [0.005] [0.219] [0.007] [0.497] [0.005] [0.264] 
Age -0.001 -0.008 0 -0.011 0 -0.01 0 -0.01 0.002 -0.054* 0.002 0.02 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.009] [0.002] [0.010] [0.003] [0.029] [0.005] [0.018] 
Education 0.018** 0.015 0.018** 0.080** 0.011** 0.043** 0.016** 0.027 0 0.056* -0.030** -0.065** 
 [0.008] [0.033] [0.009] [0.037] [0.005] [0.020] [0.008] [0.037] [0.002] [0.033] [0.013] [0.029] 
Health facilities access 0.002 0.015 0 -0.008 0.003 0.020 0.001 0.038** -0.002 0.002 -0.02 0.067 
 [0.003] [0.016] [0.002] [0.014] [0.003] [0.014] [0.002] [0.019] [0.003] [0.046] [0.022] [0.054] 
State fixed effects 0.024** -0.029* -0.064*** -0.027 0.029** -0.038** -0.021 0.043* 0.006 -0.154 -0.198*** 0.643*** 
 [0.010] [0.017] [0.019] [0.026] [0.012] [0.019] [0.015] [0.024] [0.052] [0.237] [0.037] [0.156] 
Urban             
Knows a doctor 0.008*** 0.012 0.007** -0.007 0.004*** -0.009 0.009*** 0.004 -0.015*** -0.001 0.004 -0.018 
 [0.002] [0.008] [0.003] [0.016] [0.001] [0.007] [0.002] [0.008] [0.005] [0.037] [0.003] [0.027] 
Watches TV regularly -0.009** -0.050** -0.008* 0.022 -0.005** -0.034* -0.011** -0.046** 0.001 0.018 -0.003 0.036 
 [0.004] [0.022] [0.004] [0.044] [0.003] [0.020] [0.005] [0.021] [0.001] [0.077] [0.002] [0.072] 
Ln (per cap household 
expenditures) 0.013* -0.09 0.011* 0.429 0.008* 0.101 0.015* 0.067 -0.005* 0.819* 0.002 0.073 
 [0.007] [0.192] [0.006] [0.347] [0.004] [0.146] [0.008] [0.191] [0.003] [0.430] [0.002] [0.498] 
Age 0.003 0.001 0.004 0.008 0.001 0.013 0.004 0.007 -0.004 0.022 0 -0.036 
 [0.002] [0.014] [0.003] [0.021] [0.002] [0.013] [0.002] [0.013] [0.003] [0.057] [0.003] [0.025] 
Education 0.046*** 0.007 0.042*** 0.055** 0.024*** -0.007 0.046*** -0.008 -0.010*** 0 -0.006* 0.031 
 [0.009] [0.015] [0.010] [0.023] [0.005] [0.008] [0.009] [0.015] [0.004] [0.040] [0.004] [0.031] 
State fixed effects 0.050*** 0.024 -0.006 -0.01 0.095*** 0.006 0.004 0.008 0.012 0.013 0.082*** 0.029 
 [0.010] [0.015] [0.018] [0.050] [0.014] [0.017] [0.008] [0.021] [0.013] [0.032] [0.024] [0.050] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table D3.   Detailed Health Knowledge Decomposition Results: Homophily (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Health person is of 
same caste/jati 0.008** 0.004 0.008** -0.005 0.005** -0.001 0.005** 0.002 0.001 -0.001 -0.007* 0.007 
 [0.003] [0.003] [0.003] [0.003] [0.002] [0.004] [0.002] [0.005] [0.002] [0.018] [0.004] [0.015] 
Watches TV regularly 0 -0.013 0 -0.004 0 -0.002 0 0.004 0 0.036 0 -0.022 
 [0.005] [0.009] [0.008] [0.007] [0.004] [0.009] [0.006] [0.010] [0.005] [0.061] [0.003] [0.029] 
Ln (per cap household 
expenditures) 0.023*** 0.261 0.042*** 0.588*** 0.015*** 0.256 0.016*** 0.071 -0.022*** 0.07 -0.002 0.585** 
 [0.008] [0.176] [0.014] [0.219] [0.005] [0.158] [0.005] [0.221] [0.008] [0.484] [0.005] [0.263] 
Age -0.001 -0.009 -0.001 -0.012 0 -0.01 0 -0.01 0.002 -0.052* 0.002 0.019 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.009] [0.002] [0.010] [0.003] [0.029] [0.005] [0.018] 
Education 0.018** 0.019 0.018** 0.077** 0.011** 0.041** 0.016** 0.026 0 0.052 -0.030** -0.065** 
 [0.008] [0.033] [0.009] [0.038] [0.005] [0.020] [0.008] [0.037] [0.002] [0.033] [0.013] [0.029] 
Health facilities access 0.002 0.017 0.001 -0.005 0.003 0.022 0.001 0.040** -0.002 0.003 -0.022 0.071 
 [0.003] [0.016] [0.002] [0.014] [0.003] [0.014] [0.002] [0.019] [0.003] [0.045] [0.022] [0.055] 
State fixed effects 0.023** -0.027 -0.059*** -0.022 0.028** -0.035* -0.020 0.043* -0.009 -0.332*** -0.182*** 0.630*** 
 [0.010] [0.017] [0.019] [0.025] [0.012] [0.019] [0.015] [0.024] [0.052] [0.088] [0.036] [0.156] 
Urban             
Health person is of 
same caste/jati 0.006*** -0.002 0.001 -0.012 0.003** 0.001 0.003** -0.001 -0.001 -0.024 -0.005* 0.005 
 [0.002] [0.004] [0.002] [0.014] [0.001] [0.005] [0.001] [0.006] [0.002] [0.017] [0.003] [0.021] 
Watches TV regularly -0.009** -0.052** -0.008* 0.01 -0.006** -0.034* -0.011** -0.048** 0.001 0.006 -0.003 0.031 
 [0.004] [0.022] [0.004] [0.043] [0.003] [0.021] [0.005] [0.021] [0.001] [0.080] [0.002] [0.072] 
Ln (per cap household 
expenditures) 0.016** -0.049 0.014** 0.565* 0.009** 0.085 0.018** 0.094 -0.006** 0.874** 0.002 -0.124 
 [0.007] [0.189] [0.006] [0.339] [0.004] [0.146] [0.008] [0.190] [0.003] [0.432] [0.002] [0.476] 
Age 0.003 0.002 0.004 0.008 0.002 0.012 0.004* 0.007 -0.004 0.025 0 -0.039 
 [0.002] [0.014] [0.003] [0.024] [0.002] [0.013] [0.002] [0.014] [0.003] [0.060] [0.003] [0.025] 
Education 0.048*** 0.003 0.043*** 0.055** 0.026*** -0.007 0.048*** -0.01 -0.010*** -0.003 -0.006* 0.035 
 [0.009] [0.015] [0.010] [0.023] [0.005] [0.008] [0.009] [0.015] [0.004] [0.041] [0.004] [0.031] 
State fixed effects 0.048*** 0.026* -0.001 -0.003 0.094*** 0.011 0.004 0.01 0.006 0.005 0.084*** 0.024 
 [0.010] [0.015] [0.017] [0.049] [0.014] [0.017] [0.008] [0.021] [0.012] [0.030] [0.024] [0.048] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table D4.   Detailed Health Knowledge Decomposition Results: Access (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Knows any health 
person 0.037*** 0.047** 0.057*** 0.028 0.016*** 0.047* 0.039*** 0.026 -0.019* 0.266** 0.023** 0.451 
 [0.009] [0.021] [0.013] [0.022] [0.005] [0.024] [0.010] [0.031] [0.011] [0.104] [0.011] [0.559] 
Watches TV regularly -0.002 -0.048 -0.003 0.056 -0.002 0.067 -0.002 -0.076 0.002 0.701 0.001 1.03 
 [0.023] [0.045] [0.035] [0.040] [0.017] [0.046] [0.025] [0.053] [0.022] [0.526] [0.012] [1.345] 
Ln (per cap household 
expenditures) 0.015 0.235 0.027 0.151 0.010 -0.073 0.010 0.303 -0.014 -1.22 -0.001 -1.714 
 [0.011] [0.252] [0.021] [0.329] [0.007] [0.237] [0.008] [0.351] [0.011] [1.235] [0.003] [2.959] 
Age -0.001 -0.007 0 -0.012 0 -0.013 0 -0.006 0.002 -0.045 0.002 -0.12 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.010] [0.002] [0.011] [0.003] [0.029] [0.005] [0.181] 
Education 0.014 0.003 0.014 0.117** 0.009 0.069*** 0.012 -0.019 0 0.047 -0.023 -0.178 
 [0.012] [0.041] [0.012] [0.053] [0.007] [0.024] [0.011] [0.054] [0.002] [0.054] [0.015] [0.155] 
Health facilities access 0.003 0.015 0 -0.009 0.004 0.016 0 0.043** -0.002 -0.044 -0.021 0.588 
 [0.003] [0.017] [0.002] [0.015] [0.003] [0.014] [0.002] [0.020] [0.003] [0.058] [0.022] [0.713] 
State fixed effects 0.019* -0.043** -0.077*** -0.035 0.032** -0.039* -0.036** 0.056* 0.014 -0.757 -0.237*** 0.817 
 [0.010] [0.018] [0.020] [0.028] [0.013] [0.021] [0.016] [0.032] [0.055] [0.497] [0.040] [0.832] 
Urban             
Knows any health 
person 0.042*** 0.036 0.017 -0.085 0.023*** 0.065* 0.056*** -0.017 -0.061*** -1.131 -0.012 -0.021 
 [0.011] [0.041] [0.014] [0.053] [0.007] [0.036] [0.013] [0.033] [0.019] [10.886] [0.015] [0.292] 
Watches TV regularly 0.037 0.061 0.035 0.297 0.024 0.133 0.046 0.03 -0.006 -7.995 0.012 -0.624 
 [0.025] [0.114] [0.025] [0.191] [0.016] [0.109] [0.031] [0.100] [0.007] [72.487] [0.010] [0.808] 
Ln (per cap household 
expenditures) -0.021 -0.21 -0.017 0.146 -0.012 -0.308 -0.024 0.17 0.008 4.036 -0.003 0 
 [0.014] [0.342] [0.012] [0.436] [0.008] [0.247] [0.015] [0.301] [0.005] [33.326] [0.003] [1.262] 
Age 0 -0.003 0.002 -0.014 0 0.009 0.001 0.009 -0.002 -0.353 0.001 0.007 
 [0.003] [0.014] [0.003] [0.024] [0.002] [0.013] [0.003] [0.013] [0.003] [3.246] [0.003] [0.066] 
Education 0.013 0.014 0.013 0.059* 0.007 -0.002 0.013 -0.019 -0.002 0.204 -0.002 0.054 
 [0.016] [0.019] [0.014] [0.032] [0.008] [0.009] [0.016] [0.019] [0.004] [1.993] [0.003] [0.058] 
State fixed effects 0.050*** 0.031** -0.007 -0.012 0.096*** 0.013 0.005 0.012 0.028* -0.376 0.083*** -0.128 
 [0.010] [0.016] [0.020] [0.052] [0.014] [0.017] [0.009] [0.020] [0.014] [3.362] [0.024] [0.163] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table D5.   Detailed Health Knowledge Decomposition Results: Quality (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Knows a doctor 0.033*** 0.034* 0.053*** 0.011 0.015*** 0.048** 0.032*** 0.036 -0.032** 0.262*** 0.056*** -0.007 
 [0.009] [0.019] [0.013] [0.015] [0.005] [0.022] [0.009] [0.028] [0.012] [0.086] [0.015] [0.078] 
Watches TV regularly -0.003 -0.052 -0.005 0.049 -0.002 0.069 -0.003 -0.069 0.003 0.659 0.002 0.417 
 [0.023] [0.046] [0.035] [0.040] [0.017] [0.046] [0.025] [0.052] [0.022] [0.520] [0.012] [0.270] 
Ln (per cap household 
expenditures) 0.015 0.255 0.028 0.199 0.010 -0.079 0.011 0.24 -0.014 -1.156 -0.001 0.347 
 [0.011] [0.254] [0.021] [0.327] [0.008] [0.240] [0.008] [0.344] [0.011] [1.227] [0.003] [0.686] 
Age -0.001 -0.008 -0.001 -0.011 0 -0.014 0 -0.007 0.002 -0.046 0.002 -0.013 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.010] [0.002] [0.011] [0.003] [0.029] [0.005] [0.036] 
Education 0.015 0 0.015 0.112** 0.009 0.075*** 0.013 -0.01 0 0.049 -0.024 -0.100** 
 [0.012] [0.042] [0.012] [0.051] [0.007] [0.025] [0.011] [0.052] [0.002] [0.051] [0.016] [0.047] 
Health facilities access 0.003 0.014 0 -0.01 0.004 0.015 0 0.042** -0.001 -0.047 -0.018 0.284* 
 [0.003] [0.017] [0.002] [0.015] [0.003] [0.014] [0.002] [0.020] [0.003] [0.058] [0.022] [0.163] 
State fixed effects 0.022** -0.042** -0.076*** -0.038 0.033*** -0.039* -0.029* 0.057* 0.023 -0.720 -0.233*** 0.278* 
 [0.010] [0.018] [0.020] [0.030] [0.012] [0.021] [0.015] [0.032] [0.055] [0.496] [0.039] [0.156] 
Urban             
Knows a doctor 0.036*** 0.01 0.032** -0.065 0.020*** 0.049 0.043*** -0.008 -0.070*** -3.048 0.018 -0.332 
 [0.010] [0.037] [0.013] [0.047] [0.007] [0.030] [0.011] [0.029] [0.022] [72.373] [0.014] [0.616] 
Watches TV regularly 0.037 0.036 0.035 0.299 0.024 0.144 0.046 0.012 -0.006 -23.74 0.012 -1.422 
 [0.025] [0.119] [0.025] [0.187] [0.016] [0.110] [0.031] [0.101] [0.007] [555.090] [0.010] [2.296] 
Ln (per cap household 
expenditures) -0.022 -0.078 -0.018 -0.215 -0.013 -0.342 -0.025 0.122 0.008 14.046 -0.003 2.319 
 [0.014] [0.384] [0.012] [0.457] [0.008] [0.259] [0.016] [0.313] [0.006] [316.788] [0.003] [4.578] 
Age 0.001 -0.003 0.002 -0.002 0 0.011 0.001 0.013 -0.002 -1.162 0.001 0.084 
 [0.003] [0.014] [0.003] [0.015] [0.002] [0.013] [0.003] [0.014] [0.003] [27.245] [0.003] [0.194] 
Education 0.015 0.015 0.016 0.056* 0.008 -0.001 0.015 -0.015 -0.003 0.858 -0.003 0.034 
 [0.016] [0.019] [0.014] [0.032] [0.008] [0.009] [0.016] [0.020] [0.004] [20.131] [0.003] [0.080] 
State fixed effects 0.054*** 0.019 -0.021 -0.006 0.100*** -0.001 0.004 0.011 0.028* -0.945 0.081*** -0.214 
 [0.010] [0.016] [0.020] [0.066] [0.014] [0.017] [0.009] [0.021] [0.015] [21.928] [0.025] [0.368] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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Table D6.   Detailed Health Knowledge Decomposition Results: Homophily (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Health person is of 
same caste/jati 0.001 0.003 0.001 -0.042*** 0.001 0.003 0.001 -0.043 0 -0.052 -0.001 1.142 
 [0.013] [0.017] [0.013] [0.016] [0.009] [0.018] [0.007] [0.031] [0.001] [0.043] [0.011] [5.937] 
Watches TV regularly 0 -0.042 0 0.053 0 0.076* 0 -0.071 0 0.533 0 2.123 
 [0.024] [0.046] [0.036] [0.040] [0.017] [0.046] [0.026] [0.058] [0.023] [0.441] [0.012] [10.135] 
Ln (per cap household 
expenditures) 0.025** 0.377 0.046** 0.581* 0.017** 0.042 0.018** 0.509 -0.024** -0.641 -0.002 -6.137 
 [0.012] [0.272] [0.022] [0.337] [0.008] [0.251] [0.009] [0.390] [0.012] [0.899] [0.005] [34.414] 
Age -0.001 -0.007 0 -0.013 0 -0.013 0 -0.005 0.002 -0.039* 0.002 -0.31 
 [0.002] [0.009] [0.002] [0.010] [0.001] [0.009] [0.002] [0.011] [0.003] [0.023] [0.005] [1.612] 
Education 0.020* 0.005 0.020* 0.085 0.012* 0.075*** 0.018 -0.033 -0.001 0.029 -0.033** -0.276 
 [0.012] [0.046] [0.012] [0.057] [0.007] [0.025] [0.011] [0.058] [0.003] [0.042] [0.016] [1.021] 
Health facilities access 0.002 0.018 0.001 -0.001 0.003 0.018 0.001 0.047** -0.002 -0.028 -0.021 1.193 
 [0.003] [0.017] [0.002] [0.015] [0.003] [0.015] [0.002] [0.021] [0.003] [0.054] [0.022] [5.419] 
State fixed effects 0.024** -0.029 -0.058*** -0.017 0.027** -0.023 -0.017 0.055 -0.004 -0.204 -0.180*** -0.408 
 [0.010] [0.018] [0.019] [0.026] [0.012] [0.021] [0.016] [0.035] [0.052] [0.144] [0.037] [3.653] 
Urban             
Health person is of 
same caste/jati 0.018 -0.032 0.001 -0.110*** 0.008 -0.018 0.01 -0.014 -0.004 -0.108 -0.013 7.08 
 [0.015] [0.027] [0.004] [0.041] [0.006] [0.028] [0.008] [0.030] [0.006] [0.256] [0.012] [121.970] 
Watches TV regularly 0.018 0.01 0.017 0.261 0.011 0.087 0.022 -0.026 -0.003 -0.536 0.006 -19.055 
 [0.025] [0.114] [0.024] [0.193] [0.016] [0.110] [0.032] [0.101] [0.005] [0.504] [0.009] [326.188] 
Ln (per cap household 
expenditures) 0.003 0.007 0.003 0.583 0.002 -0.003 0.003 0.19 -0.001 1.179 0 -33.784 
 [0.014] [0.328] [0.012] [0.426] [0.008] [0.263] [0.017] [0.308] [0.005] [1.167] [0.002] [580.524] 
Age 0.002 0.003 0.003 -0.005 0.001 0.012 0.003 0.011 -0.004 -0.003 0.001 0.39 
 [0.003] [0.014] [0.003] [0.035] [0.002] [0.013] [0.003] [0.014] [0.003] [0.058] [0.003] [7.276] 
Education 0.035** -0.005 0.031** 0.061** 0.019** -0.007 0.034** -0.019 -0.007 0.002 -0.005 -0.309 
 [0.016] [0.021] [0.015] [0.031] [0.008] [0.009] [0.016] [0.020] [0.005] [0.043] [0.004] [6.026] 
State fixed effects 0.048*** 0.025 -0.002 0.053 0.094*** 0.01 0.005 0.019 0.004 -0.055 0.088*** -0.19 
 [0.010] [0.016] [0.018] [0.050] [0.014] [0.017] [0.008] [0.021] [0.013] [0.093] [0.024] [3.957] 
             
N 5,481 5,481 3,933 3,933 7,170 7,170 5,351 5,351 3,794 3,794 3,794 3,794 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 
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APPENDIX E: Detailed Child Mortality Decomposition Results Using Three Alternative Specifications for Health Network Access 
(OLS/LPM and 2SLS/IV) 
 
 
 

Table E1.   Detailed Child Mortality Decomposition Results: Access (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 

 Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Rural             
Knows any health 
person -0.001 0.013 -0.001 0 0 0.012 -0.001 0.006 0 0.011 0 0.001 

 [0.004] [0.014] [0.006] [0.011] [0.002] [0.012] [0.004] [0.014] [0.002] [0.036] [0.002] [0.014] 

Health knowledge 
-0.007 -0.017 -0.006 -0.034 -0.005 -0.004 -0.005 -0.013 -0.001 -0.018 0.011 -0.073* 
[0.005] [0.027] [0.004] [0.024] [0.003] [0.021] [0.003] [0.028] [0.002] [0.051] [0.008] [0.044] 

Watches TV regularly -0.004 0.015 -0.006 0.015** -0.003 0.009 -0.005 0.02 0.004 0.005 0.002 0.02 

 [0.006] [0.011] [0.010] [0.007] [0.005] [0.012] [0.007] [0.014] [0.006] [0.061] [0.003] [0.025] 
Ln (per cap 
household 
expenditures) -0.011 -0.161 -0.02 -0.379 -0.007 -0.2 -0.008 0.05 0.01 -0.291 0.001 -0.185 

 [0.009] [0.259] [0.016] [0.294] [0.006] [0.217] [0.006] [0.271] [0.008] [0.484] [0.002] [0.243] 
Age 0.012*** -0.160*** 0.013*** -0.051 0.006* -0.008 0.010** -0.083 -0.021** -0.015 -0.028*** 0.233*** 

 [0.004] [0.058] [0.004] [0.052] [0.003] [0.034] [0.005] [0.060] [0.009] [0.149] [0.011] [0.038] 
Education -0.028*** 0.012 -0.029*** 0.001 -0.017*** 0.025 -0.027*** 0.018 0.002 -0.032 0.051*** -0.074 

 [0.010] [0.016] [0.011] [0.018] [0.006] [0.017] [0.009] [0.018] [0.004] [0.067] [0.013] [0.083] 
Health facilities 
access -0.001 -0.004 -0.002 -0.002 -0.003 -0.005 0 -0.008 0.003 0.008 0.021 0.105 

 [0.003] [0.026] [0.002] [0.019] [0.003] [0.017] [0.002] [0.027] [0.004] [0.047] [0.026] [0.087] 
State fixed effects -0.008 -0.176 0.029 1.156*** -0.013 0.047 0.001 0.166 -0.054 0.288** 0.135*** 0.761*** 

 [0.008] [0.248] [0.021] [0.084] [0.012] [0.057] [0.018] [0.173] [0.056] [0.114] [0.033] [0.167] 
Urban             
Knows any health 
person -0.001 0 0 -0.009 -0.001 0.002 -0.002 -0.005 0.002 0.014 0 0.016 

 [0.001] [0.010] [0.001] [0.041] [0.001] [0.008] [0.002] [0.011] [0.002] [0.021] [0.001] [0.023] 
Health knowledge 0.003* 0.044*** 0.001 -0.043 0.004* -0.003 0.002* 0.014 -0.002 0.038 0.004 0.077*** 

 [0.002] [0.017] [0.001] [0.074] [0.002] [0.011] [0.001] [0.023] [0.001] [0.044] [0.002] [0.030] 
Watches TV regularly -0.009** 0.038 -0.008** -0.038 -0.006** -0.012 -0.011** 0.017 0.002 -0.063 -0.002 0.067 

 [0.004] [0.025] [0.004] [0.095] [0.003] [0.021] [0.005] [0.026] [0.002] [0.040] [0.002] [0.078] 
Ln (per cap 
household 
expenditures) -0.002 -0.131 -0.001 -0.46 -0.001 0.106 -0.002 0.03 0.001 0.544* 0 0.108 

 [0.007] [0.222] [0.006] [0.755] [0.004] [0.149] [0.008] [0.221] [0.003] [0.301] [0.001] [0.498] 
Age 0.010*** 0.036 0.006 -0.166 0.007*** 0.039 0.010*** -0.077* -0.005 0.053 -0.006 0.071 

 [0.002] [0.091] [0.004] [0.204] [0.002] [0.039] [0.002] [0.041] [0.004] [0.064] [0.004] [0.062] 
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Education -0.044*** 0.039 -0.033*** 0.004 -0.024*** 0.027 -0.044*** 0.052* 0.012*** -0.112 0.004 0.264 

 [0.009] [0.026] [0.009] [0.098] [0.004] [0.026] [0.009] [0.028] [0.004] [0.069] [0.004] [0.273] 
State fixed effects 0.007 -0.080*** -0.024* -0.108 -0.001 -0.062*** -0.012** -0.065** 0 0.063*** 0.039*** 0.134 

 [0.005] [0.025] [0.015] [0.226] [0.007] [0.021] [0.006] [0.030] [0.008] [0.023] [0.011] [0.099] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 

 
 

Table E2.   Detailed Child Mortality Decomposition Results: Quality (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
Rural Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Knows a doctor 0 0.017 0.001 0.004 0 0.012 0 0.007 0 0.007 0.001 0.003 

 [0.004] [0.011] [0.006] [0.007] [0.002] [0.011] [0.004] [0.012] [0.003] [0.034] [0.007] [0.006] 
Health knowledge -0.007 -0.018 -0.006 -0.035 -0.005 -0.004 -0.005 -0.013 -0.001 -0.019 0.011 -0.074* 

 [0.005] [0.027] [0.004] [0.024] [0.003] [0.021] [0.003] [0.028] [0.002] [0.051] [0.008] [0.044] 
Watches TV regularly -0.004 0.014 -0.007 0.015** -0.003 0.009 -0.005 0.019 0.004 0.004 0.002 0.02 

 [0.006] [0.011] [0.009] [0.007] [0.005] [0.012] [0.007] [0.014] [0.006] [0.061] [0.003] [0.025] 
Ln (per cap 
household 
expenditures) -0.011 -0.165 -0.021 -0.388 -0.007 -0.208 -0.008 0.044 0.01 -0.289 0.001 -0.202 

 [0.009] [0.258] [0.016] [0.296] [0.006] [0.217] [0.006] [0.270] [0.008] [0.486] [0.002] [0.236] 
Age 0.012*** -0.162*** 0.013*** -0.053 0.006* -0.006 0.010** -0.083 -0.021** -0.011 -0.028*** 0.232*** 

 [0.004] [0.058] [0.004] [0.053] [0.003] [0.034] [0.005] [0.060] [0.009] [0.148] [0.011] [0.035] 
Education -0.028*** 0.011 -0.029*** 0.001 -0.017*** 0.025 -0.027*** 0.018 0.002 -0.031 0.051*** -0.075 

 [0.010] [0.016] [0.011] [0.018] [0.006] [0.017] [0.009] [0.017] [0.004] [0.067] [0.013] [0.083] 
Health facilities 
access -0.001 -0.004 -0.002 -0.002 -0.003 -0.005 0 -0.008 0.003 0.008 0.021 0.105 

 [0.003] [0.026] [0.002] [0.019] [0.003] [0.017] [0.002] [0.027] [0.004] [0.047] [0.026] [0.087] 
State fixed effects -0.008 -0.167 0.028 0.589 -0.013 0.044 0 0.163 -0.053 0.279** 0.133*** 0.09 

 [0.008] [0.258] [0.021] [0.620] [0.012] [0.056] [0.018] [0.174] [0.056] [0.118] [0.033] [0.163] 
Urban             
Knows a doctor -0.003** -0.004 -0.002* -0.036 -0.002* 0.002 -0.003** -0.007 0.006** 0.022 -0.001 0.007 

 [0.001] [0.008] [0.001] [0.030] [0.001] [0.006] [0.002] [0.009] [0.003] [0.021] [0.001] [0.019] 
Health knowledge 0.004* 0.045*** 0.001 -0.036 0.004* -0.003 0.003* 0.014 -0.002 0.038 0.004 0.078*** 

 [0.002] [0.017] [0.001] [0.072] [0.002] [0.011] [0.002] [0.023] [0.001] [0.040] [0.002] [0.029] 
Watches TV regularly -0.009** 0.038 -0.008** -0.032 -0.006** -0.012 -0.011** 0.016 0.002 -0.059 -0.002 0.066 

 [0.004] [0.025] [0.004] [0.092] [0.003] [0.021] [0.005] [0.026] [0.002] [0.038] [0.002] [0.077] 
Ln (per cap 
household 0 -0.113 0 -0.456 0 0.109 0 0.045 0 0.486* 0 0.103 
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expenditures) 

 [0.007] [0.224] [0.006] [0.749] [0.004] [0.149] [0.008] [0.219] [0.003] [0.274] [0.001] [0.491] 
Age 0.010*** 0.038 0.006 -0.183 0.007*** 0.038 0.011*** -0.076* -0.005 0.059 -0.006 0.078 

 [0.002] [0.091] [0.004] [0.208] [0.002] [0.039] [0.002] [0.042] [0.004] [0.068] [0.004] [0.061] 
Education -0.043*** 0.04 -0.032*** 0.011 -0.023*** 0.026 -0.043*** 0.052* 0.012*** -0.104 0.004 0.275 

 [0.008] [0.026] [0.009] [0.098] [0.004] [0.026] [0.009] [0.028] [0.004] [0.068] [0.004] [0.276] 
State fixed effects 0.006 -0.077*** -0.023 -0.124 -0.002 -0.063*** -0.013** -0.062** -0.001 0.071*** 0.040*** 0.135 

 [0.005] [0.026] [0.014] [0.200] [0.007] [0.022] [0.006] [0.031] [0.008] [0.024] [0.011] [0.097] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 

 
 

Table E3.   Detailed Child Mortality Decomposition Results: Homophily (OLS/LPM) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
Rural Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Health person is of 
same caste/jati 0.007 0.003 0.007 0.008** 0.005 0.010** 0.004 0.003 0.001 0.033*** -0.006 0.017 

 [0.004] [0.004] [0.004] [0.004] [0.003] [0.005] [0.003] [0.007] [0.002] [0.012] [0.005] [0.015] 
Health knowledge -0.007 -0.018 -0.007 -0.037 -0.005 -0.005 -0.005 -0.014 -0.001 -0.022 0.012 -0.075* 

 [0.005] [0.027] [0.004] [0.025] [0.003] [0.021] [0.003] [0.028] [0.002] [0.050] [0.008] [0.044] 
Watches TV regularly -0.005 0.015 -0.008 0.015** -0.004 0.009 -0.006 0.02 0.005 0.005 0.003 0.019 

 [0.006] [0.011] [0.009] [0.007] [0.004] [0.011] [0.007] [0.014] [0.006] [0.060] [0.003] [0.025] 
Ln (per cap household 
expenditures) -0.013 -0.179 -0.024 -0.434 -0.009 -0.234 -0.009 0.044 0.012 -0.261 0.001 -0.211 

 [0.009] [0.261] [0.016] [0.299] [0.006] [0.219] [0.006] [0.272] [0.008] [0.485] [0.003] [0.247] 
Age 0.012*** -0.164*** 0.013*** -0.056 0.005* -0.013 0.010** -0.088 -0.021** -0.03 -0.027*** 0.228*** 

 [0.004] [0.058] [0.004] [0.052] [0.003] [0.034] [0.005] [0.060] [0.009] [0.140] [0.011] [0.037] 
Education -0.029*** 0.012 -0.031*** 0 -0.018*** 0.024 -0.028*** 0.019 0.002 -0.032 0.052*** -0.079 

 [0.010] [0.016] [0.011] [0.018] [0.006] [0.017] [0.009] [0.018] [0.005] [0.065] [0.013] [0.083] 
Health facilities access -0.001 -0.004 -0.002 -0.002 -0.003 -0.005 0 -0.008 0.002 0.01 0.02 0.107 

 [0.003] [0.026] [0.002] [0.019] [0.003] [0.017] [0.002] [0.027] [0.004] [0.047] [0.026] [0.087] 
State fixed effects -0.009 -0.199 0.026 0.564 -0.013 0.041 -0.002 0.151 -0.059 0.258*** 0.130*** 0.748*** 

 [0.008] [0.229] [0.020] [0.608] [0.012] [0.055] [0.018] [0.173] [0.056] [0.095] [0.032] [0.173] 
Urban             
Health person is of 
same caste/jati 0.001 0 0 0.026 0 0.002 0 0.003 0 0.008 -0.001 -0.008 

 [0.002] [0.004] [0.000] [0.017] [0.001] [0.004] [0.001] [0.008] [0.001] [0.007] [0.002] [0.013] 
Health knowledge 0.003 0.044*** 0.001 -0.052 0.004 -0.003 0.002 0.012 -0.002 0.038 0.004 0.081*** 
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 [0.002] [0.017] [0.001] [0.075] [0.002] [0.011] [0.002] [0.023] [0.001] [0.043] [0.002] [0.030] 
Watches TV regularly -0.009** 0.039 -0.008** -0.033 -0.005** -0.012 -0.011** 0.017 0.002 -0.063 -0.002 0.076 

 [0.004] [0.025] [0.004] [0.096] [0.003] [0.021] [0.005] [0.026] [0.001] [0.039] [0.002] [0.080] 
Ln (per cap household 
expenditures) -0.003 -0.133 -0.002 -0.583 -0.002 0.099 -0.003 -0.002 0.001 0.540* 0 0.21 

 [0.007] [0.218] [0.006] [0.780] [0.004] [0.150] [0.008] [0.221] [0.003] [0.291] [0.001] [0.507] 
Age 0.010*** 0.034 0.006 -0.176 0.007*** 0.039 0.010*** -0.080* -0.005 0.051 -0.006 0.089 

 [0.002] [0.090] [0.004] [0.204] [0.002] [0.039] [0.002] [0.041] [0.004] [0.058] [0.004] [0.062] 
Education -0.045*** 0.039 -0.033*** -0.003 -0.024*** 0.027 -0.045*** 0.050* 0.012*** -0.116* 0.004 0.265 

 [0.008] [0.026] [0.009] [0.094] [0.004] [0.026] [0.009] [0.028] [0.004] [0.070] [0.004] [0.274] 
State fixed effects 0.007 -0.081*** -0.024* -0.11 -0.001 -0.062*** -0.012** -0.069** 0 0.059** 0.039*** 0.136 

 [0.005] [0.025] [0.015] [0.211] [0.007] [0.021] [0.006] [0.030] [0.008] [0.023] [0.011] [0.094] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 

 
 

Table E4.   Detailed Child Mortality Decomposition Results: Access (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
Rural Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Knows any health 
person -0.004 0.05 -0.007 0 -0.002 -0.006 -0.005 0.06 0.002 0.08 -0.003 -0.056 

 [0.010] [0.036] [0.015] [0.028] [0.004] [0.030] [0.011] [0.043] [0.005] [0.121] [0.006] [0.128] 
Health knowledge 0.006 0.031 0.005 -0.043 0.004 0.053 0.004 0.121 0.001 0.464 -0.009 0.442* 

 [0.010] [0.059] [0.010] [0.066] [0.007] [0.050] [0.007] [0.079] [0.003] [0.306] [0.017] [0.239] 
Watches TV regularly 0.01 -0.135 0.015 0.109* 0.007 0.013 0.011 -0.03 -0.01 0.565 -0.005 0.152 

 [0.030] [0.107] [0.045] [0.056] [0.022] [0.065] [0.033] [0.075] [0.029] [0.486] [0.016] [0.253] 
Ln (per cap 
household 
expenditures) -0.017 0.234 -0.031 -0.928** -0.011 -0.252 -0.012 0.002 0.016 -1.183 0.002 -0.123 

 [0.015] [0.481] [0.027] [0.458] [0.010] [0.343] [0.011] [0.467] [0.014] [0.939] [0.004] [0.648] 
Age 0.012*** -0.108* 0.013*** -0.039 0.006* 0.003 0.010** -0.072 -0.021** -0.374 -0.028*** 0.189 

 [0.004] [0.065] [0.004] [0.060] [0.003] [0.043] [0.005] [0.076] [0.009] [0.304] [0.011] [0.318] 
Education -0.034** 0.032 -0.036** -0.016 -0.021** 0.022 -0.033** 0.014 0.003 -0.218 0.059*** -0.279 

 [0.015] [0.027] [0.015] [0.025] [0.009] [0.024] [0.014] [0.025] [0.005] [0.159] [0.018] [0.174] 
Health facilities 
access -0.001 0.006 -0.002 -0.005 -0.003 -0.006 0 0.006 0.003 -0.048 0.026 0.175 

 [0.003] [0.030] [0.002] [0.020] [0.004] [0.018] [0.002] [0.031] [0.004] [0.071] [0.027] [0.147] 
State fixed effects -0.009 -0.509 0.037* 0.555 -0.016 0.06 0.002 -0.358 -0.05 0.299 0.160*** 0.351 

 [0.008] [0.403] [0.022] [0.616] [0.013] [0.084] [0.019] [0.251] [0.056] [0.222] [0.041] [0.482] 
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Urban             
Knows any health 
person -0.004 0.039 -0.002 -0.173 -0.002 0.03 -0.005 0.057 0.006 0.404 0.001 0.301 

 [0.007] [0.046] [0.003] [0.122] [0.004] [0.028] [0.009] [0.037] [0.010] [2.212] [0.003] [0.250] 
Health knowledge -0.001 0.047 0 0.196 -0.001 -0.005 0 0.062 0 -0.504 -0.001 0.128 

 [0.007] [0.052] [0.002] [0.158] [0.008] [0.038] [0.005] [0.071] [0.004] [2.690] [0.008] [0.165] 
Watches TV regularly -0.042** 0.062 -0.039* -0.45 -0.026** -0.009 -0.051** -0.146 0.008 1.407 -0.011 0.549 

 [0.019] [0.112] [0.020] [0.450] [0.012] [0.092] [0.024] [0.098] [0.007] [13.219] [0.009] [0.690] 
Ln (per cap 
household 
expenditures) 0.01 -0.446 0.008 0.253 0.006 -0.018 0.011 0.019 -0.004 -0.891 0.001 -0.88 

 [0.012] [0.387] [0.010] [0.643] [0.007] [0.232] [0.014] [0.345] [0.005] [10.042] [0.002] [1.103] 
Age 0.010*** 0.043 0.006 -0.196 0.007*** 0.03 0.011*** -0.081 -0.005 0.728 -0.007 -0.109 

 [0.002] [0.102] [0.004] [0.241] [0.002] [0.049] [0.002] [0.067] [0.004] [5.116] [0.004] [0.218] 
Education -0.029*** 0.03 -0.020** 0.074 -0.016*** 0.024 -0.029*** 0.056* 0.008** -0.195 0.001 0.291 

 [0.011] [0.031] [0.010] [0.162] [0.006] [0.030] [0.011] [0.031] [0.004] [1.336] [0.004] [0.247] 
State fixed effects 0.008 -0.062 -0.021 -0.644 0.001 -0.070* -0.012** -0.093** -0.002 0.363 0.039*** 0.38 

 [0.006] [0.042] [0.015] [0.525] [0.009] [0.036] [0.006] [0.039] [0.009] [2.483] [0.011] [0.289] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 

 
 

Table E5.   Detailed Child Mortality Decomposition Results: Quality (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
Rural Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Knows a doctor 0.002 0.035 0.003 0.019 0.001 0.008 0.002 0.070* -0.002 0.113 0.003 -0.039 

 [0.009] [0.032] [0.015] [0.019] [0.004] [0.027] [0.010] [0.039] [0.009] [0.103] [0.016] [0.049] 
Health knowledge 0.004 0.025 0.004 -0.055 0.003 0.047 0.003 0.113 0.001 0.388 -0.007 0.388 

 [0.010] [0.059] [0.009] [0.066] [0.007] [0.050] [0.007] [0.079] [0.002] [0.248] [0.017] [0.314] 
Watches TV regularly 0.009 -0.137 0.014 0.113* 0.007 0.012 0.01 -0.032 -0.009 0.474 -0.005 0.142 

 [0.030] [0.109] [0.045] [0.058] [0.022] [0.065] [0.033] [0.075] [0.028] [0.393] [0.016] [0.178] 
Ln (per cap 
household 
expenditures) -0.019 0.24 -0.034 -1.001** -0.012 -0.279 -0.013 -0.058 0.017 -1.096 0.002 -0.01 

 [0.015] [0.489] [0.027] [0.460] [0.010] [0.347] [0.011] [0.465] [0.014] [0.816] [0.004] [0.496] 
Age 0.012*** -0.105 0.013*** -0.046 0.006* 0.003 0.010** -0.074 -0.021** -0.325 -0.028*** 0.197 

 [0.004] [0.065] [0.004] [0.061] [0.003] [0.042] [0.005] [0.076] [0.010] [0.271] [0.011] [0.145] 
Education -0.035** 0.033 -0.037** -0.019 -0.022** 0.022 -0.034** 0.013 0.003 -0.19 0.060*** -0.247 

 [0.015] [0.028] [0.015] [0.025] [0.009] [0.024] [0.014] [0.025] [0.005] [0.134] [0.018] [0.190] 
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Health facilities 
access -0.001 0.005 -0.002 -0.005 -0.003 -0.006 0 0.004 0.003 -0.045 0.025 0.17 

 [0.003] [0.029] [0.002] [0.020] [0.004] [0.018] [0.002] [0.031] [0.004] [0.064] [0.027] [0.130] 
State fixed effects -0.009 -0.514 0.032 0.594 -0.015 0.053 -0.001 -0.37 -0.047 0.345 0.147*** 0.29 

 [0.008] [0.404] [0.022] [0.654] [0.012] [0.083] [0.018] [0.255] [0.056] [0.213] [0.041] [0.304] 
Urban             
Knows a doctor -0.006 0.042 -0.005 -0.167 -0.003 0.028 -0.007 0.069** 0.012 0.155 -0.003 0.433 

 [0.006] [0.043] [0.006] [0.103] [0.004] [0.025] [0.008] [0.030] [0.013] [0.365] [0.004] [0.614] 
Health knowledge 0 0.049 0 0.165 0 0.001 0 0.08 0 -0.236 0 0.089 

 [0.007] [0.052] [0.002] [0.140] [0.008] [0.039] [0.005] [0.069] [0.004] [0.537] [0.008] [0.373] 
Watches TV regularly -0.044** 0.073 -0.041** -0.441 -0.028** -0.014 -0.054** -0.136 0.008 -0.079 -0.011 1.545 

 [0.020] [0.117] [0.021] [0.442] [0.013] [0.094] [0.025] [0.102] [0.008] [2.037] [0.009] [2.370] 
Ln (per cap 
household 
expenditures) 0.012 -0.549 0.01 -0.028 0.007 -0.027 0.014 -0.097 -0.005 0.021 0.002 -2.708 

 [0.013] [0.437] [0.011] [0.635] [0.008] [0.243] [0.015] [0.349] [0.005] [2.094] [0.002] [4.484] 
Age 0.011*** 0.059 0.006 -0.268 0.007*** 0.026 0.012*** -0.108 -0.005 0.184 -0.007 -0.085 

 [0.002] [0.107] [0.004] [0.271] [0.002] [0.051] [0.002] [0.070] [0.004] [0.833] [0.004] [0.345] 
Education -0.028** 0.03 -0.019* 0.086 -0.015*** 0.023 -0.028** 0.05 0.008** -0.009 0.001 0.572 

 [0.011] [0.031] [0.010] [0.164] [0.006] [0.030] [0.011] [0.031] [0.004] [0.149] [0.004] [0.554] 
State fixed effects 0.007 -0.068 -0.018 -0.566 0 -0.076** -0.012** -0.102** -0.004 0.096 0.039*** 0.602 

 [0.006] [0.045] [0.015] [0.491] [0.009] [0.038] [0.006] [0.041] [0.009] [0.393] [0.011] [0.794] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS). 

 
 

Table E6.   Detailed Child Mortality Decomposition Results: Homophily (2SLS/IV) 
 

 (1) HC vs. Dalit (2) HC vs. Adivasi (3) HC vs. OBC (4) HC vs. Muslim (5) HC vs. Sikh/Jain (6) HC vs. Christian 
Rural Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained Explained Unexplained 
Health person is of 
same caste/jati 0.022 -0.049 0.023 -0.021 0.015 0.008 0.013 0.012 0.004 0.126** -0.019 0.075 

 [0.016] [0.035] [0.016] [0.020] [0.011] [0.025] [0.010] [0.042] [0.007] [0.061] [0.016] [0.196] 
Health knowledge 0.006 0.043 0.006 -0.012 0.005 0.057 0.005 0.135* 0.001 0.379 -0.01 0.331 

 [0.010] [0.062] [0.010] [0.071] [0.008] [0.051] [0.008] [0.079] [0.003] [0.389] [0.017] [0.291] 
Watches TV regularly 0.012 -0.152 0.017 0.114* 0.008 0.019 0.013 -0.061 -0.011 0.678 -0.006 0.193 

 [0.030] [0.114] [0.045] [0.059] [0.022] [0.062] [0.033] [0.081] [0.029] [0.603] [0.016] [0.248] 
Ln (per cap household 
expenditures) -0.026 0.469 -0.047 -0.869* -0.017 -0.363 -0.018 0.195 0.023 -1.164 0.002 -0.579 

 [0.016] [0.571] [0.029] [0.453] [0.010] [0.369] [0.011] [0.525] [0.015] [0.996] [0.005] [1.058] 
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Age 0.011*** -0.08 0.012*** -0.077 0.005* -0.021 0.009** -0.059 -0.021** -0.309 -0.027*** 0.073 

 [0.004] [0.071] [0.004] [0.064] [0.003] [0.043] [0.005] [0.077] [0.009] [0.343] [0.011] [0.369] 
Education -0.041*** 0.044 -0.043*** -0.017 -0.025*** 0.018 -0.039*** 0.029 0.004 -0.217 0.068*** -0.261** 

 [0.015] [0.031] [0.016] [0.024] [0.009] [0.025] [0.014] [0.030] [0.006] [0.188] [0.019] [0.132] 
Health facilities access -0.001 0.007 -0.002 0.002 -0.003 -0.004 -0.001 0.008 0.003 -0.039 0.024 0.19 

 [0.003] [0.030] [0.002] [0.020] [0.004] [0.018] [0.002] [0.032] [0.004] [0.071] [0.027] [0.144] 
State fixed effects -0.013 -1.027** 0.029 0.536 -0.014 0.03 -0.008 -0.404 -0.063 0.244 0.144*** 0.136 

 [0.009] [0.444] [0.021] [0.615] [0.012] [0.086] [0.019] [0.254] [0.058] [0.202] [0.037] [0.638] 
Urban             
Health person is of 
same caste/jati 0.002 0.004 0 -0.038 0.001 0.017 0.001 0.022 -0.001 -0.086 -0.002 -2.266 

 [0.011] [0.026] [0.001] [0.064] [0.005] [0.021] [0.006] [0.035] [0.003] [0.148] [0.009] [17.098] 
Health knowledge -0.001 0.065 0 0.119 -0.002 0.001 -0.001 0.086 0.001 -0.004 -0.002 -0.724 

 [0.008] [0.056] [0.002] [0.142] [0.009] [0.040] [0.006] [0.070] [0.004] [0.158] [0.009] [6.539] 
Watches TV regularly -0.037* 0.07 -0.035* -0.463 -0.023* -0.011 -0.046* -0.136 0.007 -0.532* -0.01 7.749 

 [0.020] [0.113] [0.020] [0.444] [0.013] [0.094] [0.025] [0.099] [0.007] [0.300] [0.008] [54.991] 
Ln (per cap household 
expenditures) 0.005 -0.349 0.004 0.076 0.003 -0.018 0.006 0.118 -0.002 1.103 0.001 10.675 

 [0.014] [0.374] [0.011] [0.671] [0.008] [0.246] [0.015] [0.363] [0.005] [0.749] [0.002] [79.441] 
Age 0.010*** 0.028 0.006 -0.161 0.007*** 0.037 0.011*** -0.074 -0.005 -0.044 -0.006 2.304 

 [0.002] [0.100] [0.004] [0.242] [0.002] [0.046] [0.002] [0.064] [0.004] [0.137] [0.004] [16.582] 
Education -0.033*** 0.034 -0.023** 0.059 -0.019*** 0.025 -0.033*** 0.059* 0.009** 0.01 0.002 0.551 

 [0.012] [0.031] [0.011] [0.157] [0.006] [0.031] [0.012] [0.032] [0.004] [0.139] [0.004] [2.189] 
State fixed effects 0.008 -0.053 -0.021 -0.438 0.002 -0.064* -0.012** -0.089** -0.001 -0.038 0.040*** 1.428 

 [0.006] [0.044] [0.015] [0.392] [0.009] [0.035] [0.006] [0.038] [0.008] [0.082] [0.011] [8.725] 

             
N 5,316 5,316 3,811 3,811 6,940 6,940 5,170 5,170 3,675 3,675 3,672 3,672 

 
Notes: Decompositions are from low caste and religion women’s viewpoint—i.e., using high caste endowments and returns.  Values in brackets are robust Huber-White 
(Huber, 1967; White, 1980) standard errors.  ***: statistically significant at 1 percent; **: statistically significant at 5 percent; *: statistically significant at 10 percent.   
Source: 2004/05 India Human Development Survey (IHDS).
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