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Biased, Not Blind: An Experimental Test of Self-Serving Biases in 

Service Users' Evaluations of Performance Information 

 

Author: Julian Christensen, Aarhus University (julian@ps.au.dk).  

 

ABSTRACT 

Based on literature about motivated reasoning, this article proposes that choosing a public 

service provider from among competing options may bias service users in a positive direction 

when evaluating the performance of their chosen provider. Users are expected to defend their 

choice through processes of goal reprioritization, meaning that they will alter the weight they 

assign to given pieces of information depending on the (in)convenience of that information. 

This article uses nine experimental studies to test this expectation on students who had 

recently chosen to study at one university instead of competing universities. As expected, 

findings show signs of biases in students’ evaluations, but the biases are small and not 

consistently significant. Thus, prior research may have been too pessimistic regarding the 

general potential of performance information in the public sector. 
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INTRODUCTION 

How do users of public services make sense of performance information? That 

question is essential for an assessment of the potential of performance information as a tool 

for performance improvements.  Following recent years’ explosion in performance 

measurement (Van Dooren, 2011), which has led scholars to label the beginning of the 

twenty-first century the ‘era of governance by performance management’ (Moynihan, 2008, 

p. 3) or even ‘the age of quantified performance’ (Van de Walle & Roberts, 2011, p. 215), 

this question is more relevant than ever before. 

Performance information can be collected for many purposes (Behn, 2003), but 

most would agree that the major purpose of measuring performance is to make performance 

improvements (Ibid.). One prevalent strategy for pursuing this goal is to publish performance 

information while letting citizens choose freely from among competing providers of public 

services (Jilke, 2015). Thus, marketization efforts have given citizens all over the world the 

ability to choose between competing options when, for example, placing their child in a 

kindergarten, choosing a university for their education, or receiving treatment at a hospital, 

and people are free to leave in favor of competing providers if they are dissatisfied with the 

services they receive. In other words, citizens have been given an opportunity to hold 

organizations accountable by reacting through channels such as voice and exit in case of 

unsatisfactory performance (Dowding & John, 2007; Hirschman, 1970; James & Moseley, 

2014; Paul, 1992). Consequently, decision-makers should be incentivized to react to poor 

performance (Jilke et al., 2016; Le Grand, 2010) by using performance information to make 

informed, performance-enhancing decisions.  

However, the strategy of publishing performance information while giving 

service users free choice between competing providers can only work effectively as long as 

users respond systematically to performance information. Responsible decision-makers will 
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only face meaningful incentives to continuously maximize performance if the users’ 

performance evaluations reflect the providers’ actual performance (Stipak, 1979) as reported 

in the performance information. The psychology of information processing is therefore highly 

relevant to the study of performance information.  

Recent psychologically informed literature has demonstrated how people’s 

performance evaluations can often be distorted by cognitive (Andersen & Hjortskov, 2015; 

Olsen, 2013, 2015) and politically motivated biases (Baekgaard & Serritzlew, 2016; 

Baekgaard et al., 2017; Christensen et al., 2018; Hvidman & Andersen, 2016; James & Van 

Ryzin, 2017; Marvel, 2015, 2016). These findings of distorted performance evaluations all 

question the extent to which (dis)satisfaction among users of service providers can be seen as 

a meaningful reflection of the provider’s actual performance.  

This article aims at broadening and nuancing the literature about motivated 

biases with the potential to distort people’s performance evaluations. Existing literature has 

done an excellent job pointing to the relevance of psychological insights when studying 

performance information (Grimmelikhuijsenet al., 2017; James et al., 2017), and there are 

studies that have contributed importantly by uncovering the distortive impact of politically 

motivated reasoning whenever performance information has political implications. This is, 

for example, relevant when people evaluate benchmark data about public and private 

providers of welfare services, in which case ideologically founded attitudes towards the size 

of the public sector become likely to distort people’s evaluations (Baekgaard & Serritzlew, 

2016; Baekgaard et al., 2017). It is also the case when highly contested policies are evaluated 

(James & Van Ryzin, 2017). However, while the distortive impact of political attitudes is 

well documented in existing literature, much less is known about the relevance of motivated 

biases in the absence of a link between political attitudes and performance information.  

The last notion is important as a narrow focus on political biases overlooks the 
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fact that performance information is far from always politicized. For instance, instead of 

comparing public and private providers of a welfare service, it may be more relevant for a 

service user to compare neighboring public (or private) providers of the service while 

ignoring more distant private (or public) options. Findings of politically motivated reasoning 

have led researchers to fundamentally ‘question the potential of performance information’ as 

a performance-enhancing tool (Baekgaard & Serritzlew, 2016, p. 80), but such pessimism 

would not be warranted if the relevance of motivated biases is limited to politicized 

information.  

The purpose of this article is thus to investigate the relevance of motivated 

biases in a case where political attitudes are not relevant to people’s evaluations. Focus will 

be on public service users’ evaluations of their own service provider’s performance in 

situations where they have chosen the provider from among competing options. As will be 

argued in the next section, there are theoretical reasons to expect that motivated (but choice-

driven instead of politically driven) biases will be relevant in this case, but this has not 

hitherto been empirically investigated. 

This article uses literature about motivated reasoning to propose that choosing a 

service provider will motivate service users to defend their choice. The users are thus 

expected to be biased in a positive direction when evaluating the performance of their own 

provider. Specifically, it is hypothesized that users will engage in goal reprioritization 

(Christensen et al., 2018), where they opportunistically alter the weight they assign to 

different pieces of performance information depending on the (in)convenience of that 

information. Users are expected to find performance information important if it shows their 

provider to perform well (compared to competing providers) while downplaying the 

importance of information showing their provider to perform less well.  

This article uses nine experimental studies to test the hypothesis on samples of 
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university students who have recently chosen to pursue a given degree at a given university. 

Three conceptually similar survey experiments were run on three independent samples. The 

experiments were designed to overcome the challenge of identifying causal effects in a 

situation where self-selection is likely to cause endogeneity problems. Findings suggest that 

students are indeed biased when assessing the performance of their own universities, but the 

results also show that the students are far from blind. Specifically, all nine tests show signs of 

self-serving goal reprioritization, but the effect sizes are negligible and often statistically 

insignificant. Thus, there are clear limits to people’s biases, and prior research may have been 

too pessimistic regarding the general potential of performance information. 

HOW CHOICES MAY MOTIVATE BIASED PERFORMANCE 

EVALUATIONS 

The idea of performance information and choice as performance-enhancing 

tools for accountability is appealing from an intuitive point of view. Citizens (the end users of 

public services) are given a great deal of power as they can choose providers who fit them 

well and leave if they become dissatisfied. In turn, managers and employees in public 

organizations should be incentivized to maximize the quality of the services they deliver in 

order to keep their service users and attract new ones.  

However, while this seems plausible from an intuitive point of view, a 

prerequisite for the strategy to work effectively is that users of public services do actually 

update their performance evaluations in cases where performance data gives reason to do so. 

In other words, in order for users of public services to react to poor performance, they must 

acknowledge the poor performance and be ready to recognize that they have made a wrong 

choice of service provider. According to literature on motivated reasoning, the realization of 

having made a wrong choice is in conflict with some basic psychological drives.  
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Psychologists have long recognized that motivation has implications for the 

processes by which people approach information in order to form and update knowledge. 

Motivation has implications for what issues people devote attention to, for the amount of 

effort they spend on information processing and for the mindset with which they approach 

information (Kruglanski & Webster, 1996). Sometimes, people are motivated to engage in 

thorough processing of a great deal of information in order to make correct judgments about 

issues at hand. When this is the case, people tend to approach information with an open mind 

and tend to be reluctant to commit to premature and definite conclusions (Ibid.: 264). This 

open-minded way of reasoning is also known as ‘accuracy-motivated reasoning’ (Kunda, 

1990). However, there are also situations in which people are motivated to preserve, or 

‘freeze’ on, certain judgments. In these situations, people seek to avoid new information that 

might force them to update their judgments and tend to approach information with a closed-

minded defense of the conclusions they want to preserve (Kruglanski & Webster, 1996: 264). 

Many scholars use the term ‘directionally motivated reasoning’ to describe such closed-

minded defenses of preselected conclusions (Kunda, 1990). 

The insights above are central to literature on politically motivated reasoning 

where the focus is on the distortive impact of political identities and attitudes on people’s 

processing of information with political implications (Baekgaard & Serritzlew, 2016; 

Baekgaard et al., 2017; Bisgaard, 2015; Groenendyk, 2013; James & Van Ryzin, 2017; 

Kahan et al., 2017; Taber & Lodge, 2006). However, factors other than political identities 

and attitudes can also motivate closed-minded defenses of preselected conclusions. More 

generally, Kruglanski and Webster (1996) argue that people’s motivations are ‘determined by 

perceived benefits or costs of closed or open states as influenced by situational, cultural, or 

personality factors’ (Ibid.: 267).  



7 
 

A reoccurring theme in the broader literature on motivated reasoning is how 

choices tend to impact the way people process choice-relevant information. Before choices 

are made, people tend to approach information with different motivations than they do after 

the choices have been made. In predecisional phases, people are focused on making good 

choices (Gollwitzer, 1990: 62) and the benefits of an open mind are made salient by concerns 

about the risk of a judgmental mistake (Kruglanski & Webster, 1996: 264). However, in 

postdecisional phases, people tend to be motivated to avoid questioning the desirability of the 

choices that have been made (Gollwitzer, 1990: 65). The realization of having made a wrong 

choice is unpleasant to such an extent that people tend to enter a closed state of mind, seeking 

to defend their choices (Cooper, 2007: 10). As a result, there will often be a crystallization 

effect of choices, where people engage in self-serving reasoning and freeze on the choices 

that have been made (Brehm, 1956; Cooper, 2007; Festinger, 1957; Shultz et al., 1999). 

An effective reasoning strategy that people can (consciously or subconsciously) 

use to remain confident in their choices is goal reprioritization (Christensen et al., 2018), 

where people retrospectively reweight the perceived importance of information depending on 

the (in)convenience of the information (Christensen et al., 2018; Festinger, 1957; 

Groenendyk, 2013; Simon et al., 1995). This implies that, following a choice between 

competing options, people will seek to magnify the perceived importance of advantages 

associated with their choice (relative to alternative options) while downplaying the 

importance of relative disadvantages associated with that choice. Compared to more blatant 

forms of directionally motivated reasoning, such as ignoring or even misinterpreting 

information (Baekgaard & Serritzlew, 2016; Kahan et al., 2017), goal reprioritization is 

psychologically appealing as it allows people to defend preselected conclusions while 

maintaining an ‘appearance of objectivity’ (Groenendyk, 2013: 50). Thus, people leverage 
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the fact that information is often ambiguous (Moynihan, 2008), which makes it possible to 

come up with reasonable arguments in support of choices having been made.  

The theory above has implications in the context of public services whenever 

citizens can choose between competing service providers. Based on the theory, performance 

information may work well in terms of assisting people’s choice of provider (that is, in the 

predecisional phases). However, the theory expects that choosing a provider will motivate 

people to engage in self-serving goal reprioritization in defense of that provider. Thus, in the 

postdecisional phases, people are expected to alter their importance evaluations of 

performance information in ways that allow them to find information important if their 

chosen provider is shown to perform well. In contrast, people are expected to downplay the 

importance of information showing their provider performing less well. This article’s analysis 

will test for such postdecisional biases, and hypothesizes that: 

 

Hypothesis: Service users find performance indicators more important when their chosen 

service provider performs well on the indicators (compared to competing providers) and less 

important when their chosen provider performs less well. 

DESIGN AND DATA COLLECTION 

A main concern related to testing this article’s hypothesis is the difficulty of 

isolating signs of self-serving goal reprioritization from systematic but endogenous 

differences in importance evaluations resulting from self-selection (Blom-Hansen et al., 

2015). Following the theory above, people are expected to find performance indicators 

important if their chosen public service provider performs well on the indicators and less 

important if the provider performs less well. However, such systematic differences in 
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importance evaluations may emerge through different processes, with very different 

theoretical implications. 

One possibility is that people do indeed re-weigh performance indicators in 

response to performance information’s (dis)conformity with their desire to defend their 

choice of provider. But similar differences in importance evaluations may also emerge 

through processes where people self-select into providers that perform well on indicators they 

find important. In that case, there would be reason to be optimistic with regard to 

performance information as a decision-improving tool.  

In order to handle this analytical challenge and test the article’s hypothesis 

properly, we will not only need data on how people evaluate the importance of performance 

indicators on which their chosen providers perform well/poorly. We will also need to know 

how people would evaluate the same information in a counterfactual situation where the same 

providers perform poorly/well on the same indicators. This has important design implications 

as it would not be possible to collect useful counterfactual data with an observational design. 

In order to test the article’s hypothesis, it was therefore decided to run survey experiments 

where users of a public service were asked to evaluate the importance of constructed 

performance information regarding their own service provider and a competing provider. 

Thus, it was randomized whether the respondents’ provider was shown to perform better or 

worse than the competing provider. 

Three data collections were made, each including three independently 

randomized experiments designed to test the article’s hypothesis on first-semester 

undergraduate students in Political Science at Aarhus University. This pool of respondents is 

advantageous as it consists of public service users (students) who have recently made a 

choice between competing and highly comparable service providers (universities) and who 
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should therefore, following the theory above, be in the midst of a self-serving defense of their 

choice of university and degree program.  

In each experiment, respondents were asked to evaluate the importance of a 

specific piece of information about the performance of the Political Science program at 

Aarhus University compared to the performance at a competing university. Degrees in 

Political Science are offered at three universities in Denmark (Aarhus University, University 

of Copenhagen, and University of Southern Denmark). Tuition is free at all universities and 

citizens with a qualifying secondary education can apply for enrollment in any degree 

program at whichever university they choose. Thus, for the sake of generalizability, some 

participants were asked to evaluate information about Aarhus University compared to 

University of Copenhagen whereas others were asked to evaluate information about Aarhus 

University compared to University of Southern Denmark.1 

The article’s experiments were embedded in surveys that were distributed to all 

students attending lectures in a first-semester Methods course on 28 September 2015, 12 

September 20162, and 11 September 2017. Participants had applied for enrollment in Aarhus 

University’s Bachelor’s program in Political Science between March and July, and when data 

was collected in September, they had been enrolled in the program for about a month. 

Respondents were given time to answer the surveys in class and the number of Political 

Science students3 who provided answers to the experimental items was 234 in 2015, 232 in 

2016, and 238 in 2017 (out of 275 students who were enrolled in Aarhus University’s 

                                                      
1 In the 2015 data collection, University of Copenhagen (CPH) was used as the comparison university; in the 

2016 data collection, University of Southern Denmark (SDU) was used as the comparison university; and in the 

2017 data collection, simple randomization was used to assign respondents to information using CPH or SDU as 

the comparison university. 
2 The 2016 data collection was preregistered on 30 August 2016 using the Open Science Framework. The 

preregistered analysis plan is publicly available on https://osf.io/uwf3s/register/565fb3678c5e4a66b5582f67. 
3 Lectures are open to the public and are sometimes attended by students from programs other than Political 

Science. The theoretical expectations of the article do not apply to these people and thus respondents who were 

not studying Political Science at the time of the data collection were excluded from the analyses. 

https://osf.io/uwf3s/register/565fb3678c5e4a66b5582f67
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Bachelor’s program in Political Science each year). A total of 89 respondents4 indicated that 

they had not chosen Political Science at Aarhus University as their first priority when 

applying for enrollment in a degree program. They had preferred another program and/or 

another university but their grades had not qualified them for enrollment in their preferred 

program. The purpose of this article is to investigate biases in students’ performance 

evaluations when they have chosen their own degree program and university and thus the 

article’s hypothesis is not expected to apply to students who did not choose their program 

themselves. Consequently, in accordance with the preregistered analysis plan, these 

respondents are excluded from the article’s main analyses below, and the analyses are thus 

based on answers from 615 respondents. As can be seen in Appendix A1, however, including 

the students who did not choose Political Science at Aarhus University as their first priority 

does not lead to substantively altered results, although the effects are somewhat weakened.  

The experiments were included in the surveys after a separate page with the 

following introduction text: 

 ‘On the next pages you will be asked to respond to information scenarios, 

all concerning the performance of the Department of Political Science at 

Aarhus University compared to the Department of Political Science at 

[COMPARISON UNIVERSITY].  

 

Please take a look at the information and evaluate how important you find 

each separate piece of information for an overall evaluation of the quality 

of education at the two departments.’ 

 

                                                      
4 31 respondents in 2015, 37 respondents in 2016, and 21 respondents in 2017 had not chosen Political Science 

at Aarhus University as their first priority. 
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 After this introduction page, the experiments were introduced in a randomized 

order. In each of the three experiments, respondents were asked to evaluate the importance of 

a performance indicator. They were presented with a table with constructed information5 on 

the proportion of Political Science students at Aarhus University and a comparison university 

who were dissatisfied with the supply of social events at their university (Experiment 1), the 

proportion of students who were dissatisfied overall with their education (Experiment 2), and 

the proportion of students who thought that they did not receive enough teaching (Experiment 

3). Question wordings for each of the experiments are reported in Figure 1 below.6 

The performance indicators were chosen to resemble indicators on which 

Danish universities are regularly measured in publicly available performance reports. 

Respondents saw the same comparison university in all three experiments but the 

respondent’s treatment status (which university was shown to perform best) was 

independently randomized in each experiment.7   Each experiment was introduced on a 

separate page in the survey and information was always visible to the respondents while 

evaluating its importance. 

- Figure 1 about here - 

                                                      
5 On the introduction page, respondents were told that they would be asked to respond to ‘information 

scenarios,’ but this was the only indication that the information was not real. Respondents received an oral 

debriefing in class, just after answering the survey, where they were told that the information had been fictional. 

Furthermore, a written debriefing was distributed to the respondents in which the purpose of the study was 

explained and links to results of real satisfaction surveys were provided. This procedure was approved by the 

Study Director at Aarhus University’s Department of Political Science. 
6 Figure 1 shows question wordings with University of Copenhagen as the comparison university, but the 

wording was identical in the other version of the survey with the exception that University of Southern Denmark 

was shown instead of University of Copenhagen (for exact wording of the experiments using University of 

Southern Denmark as the comparison university, see online supporting information S9). 
7 Balance tests in online supporting information S1-S3 do not give reason to question the randomization. 

Imbalances exist with regard to age in the 2015 Experiment 1, with regard to mother’s education in the 2017 

Experiments 1-2, and with regard to political attitudes in the 2017 Experiment 2, but with a total of 66 tests this 

is unsurprising. Furthermore, additional analyses (not reported but available upon request) show no moderating 

impact of these variables on the experimental effects. 
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ANALYSIS 

It is described above how three rounds of data collection were made, each 

including three different but highly related experiments to test the article’s hypothesis on 

independent samples of university students. Figure 2 summarizes importance evaluations in 

all of the article’s experiments and reports the results of two-tailed t-tests for statistically 

significant differences between importance evaluations in the experimental conditions. 

 

- Figure 2 about here - 

According to the article’s hypothesis, respondents were expected to engage in 

goal reprioritization, where they would opportunistically alter the weight they assign to 

performance indicators such that they would find indicators more important when their own 

university was shown to perform best. In contrast, they were expected to downplay the 

importance of performance indicators if another university was shown to perform best. The 

results in Figure 2 are generally but weakly supportive of this expectation. In all nine tests, 

participants did indicate higher average levels of perceived importance of information when 

Aarhus University was shown to perform best compared to the scenario where a competing 

university was shown to perform best. Effects are statistically significant in one test 

(Experiment 1 in 2015 where the effect of Aarhus University performing best is a +0.85 

increase in perceived importance, p = 0.015) and marginally significant in two tests 

(Experiment 1 in 2016 where the effect is +0.60, p = 0.095 and Experiment 3 in 2015 where 

the effect is +0.54, p = 0.063). The six remaining tests show statistically insignificant effects. 

Turning to the substantive magnitude of the effects, the effect of Aarhus University 

performing best is less than one point on the 11-point importance rating scale in all of the 

tests in Figure 2, and Cohen’s d varies between 0.24 and 0.34 for the statistically significant 
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and marginally significant effects. While this is not unusual in social science research 

(Murnane & Willett, 2011: 92), these are quite small effect sizes (Cohen, 1988). 

In addition to the analyses in Figure 2, explorative analyses are reported in 

Figure 3 below, where answers from the three years are pooled8 in order to increase statistical 

power. Each of the three samples are quite small, which, in combination with the small effect 

sizes, may explain the many statistically insignificant results in Figure 2. Power analyses (see 

online supporting information S8) reveal that Experiment 1 (with an estimated power of 0.96-

0.97) is the only experiment which is well-powered using the three individual samples.  

Pooling the data increases the estimated power of Experiment 2 from an average of 0.26 in 

the individual samples to 0.63, while the estimated power of Experiment 3 increases from an 

average of 0.57 in the individual samples to 0.96.  However, as can be seen in Figure 3, 

maximizing power by pooling the data does not lead to substantively altered conclusions. 

There is now a small positive, statistically significant effect of Aarhus University performing 

best in Experiment 1 (+0.68 on the 11-point importance rating scale; Cohen’s d = 0.26; p = 

0.001) and a marginally significant effect in Experiment 3 (+0.37 on importance rating scale; 

Cohen’s d = 0.15; p = 0.06), whereas the effect remains insignificant in Experiment 2 (p = 

0.18).9  

- Figure 3 about here – 

 

                                                      
8 Additional analyses show no statistically significant differences in effects across data collections or across 

comparison universities (see online supporting information S4-S7). 
9 Note that with an estimated power of 0.63, even the pooled version of Experiment 2 is rather under-powered. 

With an average effect of 0.23 on the 11-point importance rating scale and an average standard deviation of 

2.49, 922 respondents would be needed in order to reach an estimated power of 0.8. 
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DISCUSSION AND CONCLUSION 

This article contributes to a growing literature about motivated biases with the 

potential to distort people’s processing of performance information. The purpose of the 

article was to investigate the relevance of motivated biases in a case where political attitudes 

are not relevant to people’s evaluations. Prior literature has had an exclusive focus on 

politicized information, and findings of politically motivated reasoning have led researchers 

to be pessimistic about the performance-enhancing potential of performance information. It 

was argued in the introduction that such pessimism would not be warranted if the relevance 

of motivated biases were limited to politicized performance information.  

The results of the analysis can be viewed from a pessimistic perspective and 

from an optimistic one. Based on insights from the literature on motivated reasoning, the 

article hypothesized that public service users will tend to engage in self-serving biases when 

evaluating information about their own chosen service provider. Service users were expected 

to engage in goal reprioritization, meaning that they would alter the weight they assign to 

individual pieces of information such that they would find information important if their 

provider was shown to perform well while downplaying the importance of information 

showing their provider to perform less well.  

The general patterns in the article’s results are consistent with this hypothesis, 

meaning that the findings overall are supportive of the existence of self-serving biases when 

students evaluate information about the performance of their own university versus 

competing universities. An important contribution of the article is thus to show that the 

relevance of motivated biases is not limited to politicized performance information. 

Pessimistic readers may use this to question mechanisms by which performance information 

is meant to improve public performance. Performance information can only be effective in 
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improving public performance if people react meaningfully to the information. If people’s 

evaluations are distorted, their reactions are likely to be so as well.  

However, this pessimistic reading of the analysis ignores important nuances in 

the results. From a more optimistic point of view, it is striking how stable respondents are in 

their importance evaluations. Effect sizes are small in all tests and even maximizing the 

studies’ power by pooling data does not lead to consistently significant results. Thus, while 

students do indeed seem to be motivated to defend their chosen university, this motivation 

does not blind the students when evaluating their university’s performance. In that sense, 

there is reason to be optimistic with regard to the performance-enhancing perspectives of 

performance information.  

This article has taken an important step in nuancing our understanding of 

motivated biases in relation to performance information, but some limitations should be 

acknowledged. First, the experiments in this article used fictional performance information in 

order to create exogenous variation in the information. This made it possible to isolate signs 

of self-serving goal reprioritization from endogenous differences in importance evaluations, 

but at the same time, it might have weakened the experimental treatment as some respondents 

may have had prior knowledge about the universities’ real performance. Thus, future research 

might benefit from developing designs using real information. Second, the article’s surveys 

did not ask respondents about the degree to which they had actively considered attending the 

two comparison universities when choosing to study at Aarhus University. Such information 

could have been relevant as people’s motivation to engage in self-serving reasoning may vary 

with the extent to which their choice of Aarhus University was an active rejection of the other 

universities. Future research is therefore encouraged to better distinguish between people 

based on the nature of their choice of service provider. Third, the article’s experiments were 

not designed to demonstrate the causal mechanisms behind the biases under investigation. 
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The experiments allowed for the investigation of biases in a case where students had recently 

made a choice of university, but we cannot know for sure that this choice was the causal 

reason behind the biases. Future research is encouraged to address this shortcoming, for 

example by studying people’s evaluations before and after choices are made or by varying 

access to choice in laboratory experiments. 

A final issue that should be considered is the generalizability of the article’s 

results. Can the results teach us anything about public service users more generally or are 

they limited to the case of university students? This is ultimately an empirical question, but 

some theoretically informed observations can be made.  

For instance, the article’s hypothesis was based on literature on choices tending 

to motivate biased reasoning. However, while choice has been introduced in relation to many 

public services all over the world, there are also services where citizens cannot choose 

between competing providers. Sometimes, services are too specialized for multiple providers 

to exist, and sometimes citizens are automatically assigned to certain providers, e.g. based on 

their address. This article does not have the ambition to make claims about cases where 

citizens cannot choose between competing providers. Other sources of bias may exist in these 

situations (Baekgaard & Serritzlew, 2016; James & Van Ryzin, 2017), but this article’s 

choice-driven hypothesis should not be expected to apply in the absence of choice.   

This still leaves open the question of generalizability to other services where 

users do have a choice between competing providers. Kruglanski and Webster’s theory is 

relevant in relation to this question as they argue that people’s approach to information will 

be determined by the perceived costs and benefits of a closed or open mind (Kruglanski & 

Webster, 1996: 267). This article’s theory expected that choosing a certain provider should 

increase the psychological costs of an open mind, but the extent to which this is the case may 

vary from service to service. In fact, three factors make it likely that students are more 
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motivated to defend their choice than most other service users. First, educational choices 

have large effects on people’s lives (Brewer et al., 1999; Card, 1999), meaning that students 

should be especially motivated to convince themselves that they have made a good choice. 

Second, compared to other services, education tends to be quite identity-defining. Students 

are not ‘just’ users of a university. They are part of their university and are therefore likely to 

develop a sense of ‘belongingness’ to and organizational identification with their university 

(Mael & Ashforth, 1992), meaning that there is also an identity-protective aspect of students’ 

motivation to defend their choice. And finally, when students enroll in a degree program, it is 

likely that they will settle in the city where their university is located, make friends, start in 

student jobs, and so on. Therefore, although students may in theory be free to move to 

competing universities in cases of dissatisfactory performance, the transaction costs of doing 

so would be high, adding to the inconvenience of realizing that one’s educational choice was 

not good. 

Based on these arguments, there is reason to be even more optimistic with 

regard to the decision-improving potential of performance information. The case of university 

students may be considered most likely in terms of the article’s hypothesis, meaning that 

choice-driven biases can be expected to be even less pronounced in relation to less identity-

defining services with smaller effects on people’s lives and with lower transaction costs 

associated with moving to competing providers.  

It is clear from the discussion above that a great deal of work remains to be 

done in order to fully understand the role of motivated biases in the context of Public 

Administration. This article’s analysis shows that motivated biases are relevant, even in 

relation to non-politicized performance information. However, the analysis also shows that 

there are clear limits to people’s biases and thus it is likely that findings of politically 

motivated reasoning have led researchers to be too pessimistic regarding the performance-
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enhancing potential of performance information. While motivated biases may fundamentally 

call into question the performance-enhancing potential of performance information in some 

contexts, it seems that these biases are less challenging in other contexts. Future research 

should focus on investigating the conditions under which biases are most – and least – severe. 

SUPPORTING INFORMATION 

Additional Supporting Information may be found online in the supporting information tab for 

this article. Furthermore, a replication dataset and a code to reproduce the article’s results is 

available at the Harvard Dataverse repository: https://doi.org/10.7910/DVN/EH0D15.  
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FIGURES 

Figure 1: Question wording in experiments (comparison university = Copenhagen) 

“Please take a look at table below: 

Experiment 1 

 Aarhus Copenhagen 

Proportion of Political Science students who are dissatisfied 

with the supply of social events 
20 pct 25 pct 

Or 

 Aarhus Copenhagen 

Proportion of Political Science students who are dissatisfied 

with the supply of social events 
25 pct 20 pct 

 

Experiment 2 

 Aarhus Copenhagen 

Proportion of Political Science students who are overall 

dissatisfied with their education 
17 pct 21 pct 

Or 

 Aarhus Copenhagen 

Proportion of Political Science students who are overall 

dissatisfied with their education 
21 pct 17 pct 

 

Experiment 3 

 Aarhus Copenhagen 

Proportion of Political Science students who do not think they 

receive enough teaching 
32 pct 40 pct 

Or 

 Aarhus Copenhagen 

Proportion of Political Science students who do not think they 

receive enough teaching 
40 pct 32 pct 

 

On a scale from 0 to 10 where 0 means “of very low importance” and 10 means “of very high 

importance”, how important do you find this information for an overall evaluation of the 

Political Science educational quality at Aarhus University and University of Copenhagen?” 
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Figure 2: Effect of relative performance on importance evaluations 

 

 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Effects of relative performance on perceived importance with 95% 

confidence intervals. Significant differences identified by comparing groups in two-tailed t-tests. N = 203 for each experiment in 2015, 

195 for each experiment in 2016, and 216-217 for each experiment in 2017. “Other” = University of Copenhagen (CPH) in 2015, 

University of Southern Denmark (SDU) in 2016, and CPH or SDU (randomized) in 2017.  
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Figure 3: Effect of relative performance on importance evaluations when pooling data 

from the three data collections 

 

 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Effects of relative performance 

on perceived importance with 95% confidence intervals. Significant differences identified 

by comparing groups in two-tailed t-tests. N = 615 in experiment 1; 614 in experiments 2-3. 

“Other” = University of Copenhagen (CPH) in 2015, University of Southern Denmark 

(SDU) in 2016, and CPH or SDU (randomized) in 2017. 
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APPENDIX 
 

A1: Effect of relative performance on importance evaluations when pooling data from 

the three data collections and including students who did not choose Political Science 

at Aarhus University as first priority 

 

 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Effects of relative performance 

on perceived importance with 95% confidence intervals. Significant differences identified 

by comparing groups in two-tailed t-tests. N = 704 in experiment 1; 703 in experiments 2-3. 

“Other” = University of Copenhagen (CPH) in 2015, University of Southern Denmark 

(SDU) in 2016, and CPH or SDU (randomized) in 2017. 
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ONLINE SUPPORTING INFORMATION 
 

This is supplementary material for the article entitled “Biased, Not Blind: An Experimental 

Test of Self-Serving Biases in Service Users' Evaluations of Performance Information”. 

 

The supplementary material contains: 

1. Balance tests (S1-S3) 

2. Test for differences in effects depending on comparison university (S4) 

3. Test for differences in effects across samples (S5-S7) 

4. Power estimations (S8) 

5. Wording of experiments using University of Southern Denmark as comparison (S9) 

 

Furthermore, a replication dataset and a code to reproduce the article’s results is available at 

the Harvard Dataverse repository: https://doi.org/10.7910/DVN/EH0D15. 
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S1: Balance tests (2015 data) 

 Experiment 1:  

Social events 

Experiment 2:  

General dissatif. 

Experiment 3: 

Enough teaching 

Best performing university AU CPH AU CPH AU CPH 
 

Female (proportion) 0.45 0.53 0.50 0.47 0.47 0.50 

Age (mean) 20.97 20.50* 20.77 20.73 20.73 20.79 

Father has higher education 

(proportion) 0.59 0.63 0.58 0.63 0.60 0.60 

Mother has higher 

education (proportion) 
0.75 0.78 0.75 0.78 0.74 0.78 

Left-right orientation 

(mean)1 
4.71 4.30 4.40 4.67 4.43 4.61 

Sympathy twd. government 

(mean)2 3.70 3.55 3.36 3.94 3.79 3.44 

Identifies with a party 

(proportion) 
0.44 0.41 0.43 0.43 0.46 0.38 

Left-wing voter 

(proportion)3 0.70 0.78 0.75 0.72 0.75 0.72 

N 109 94 110 93 111 92 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Significant differences identified by 

comparing groups in two-tailed t-tests and proportion tests. 1: Self-identified left-right orientation on 

scale ranging from 0-10 with higher values corresponding to more right-wing.  
2: Self-identification on scale ranging from 0 (indicating very low sympathy towards current 

government/administration) to 10 (indicating very high sympathy towards current 

government/administration). 3: Respondents have been coded as left-wing voters if they would vote 

for the Social Democrats, the Danish Social Liberal Party, the Socialist People’s Party, The Alternative, 

or the Red-Green Alliance in case of a parliamentary election at the time of the data collection.  
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S2: Balance tests (2016 data) 

 Experiment 1:  

Social events 

Experiment 2:  

General dissatif. 

Experiment 3: 

Enough teaching 

Best performing university AU SDU AU SDU AU SDU 
 

Female (proportion) 0.53 0.59 0.55 0.57 0.54 0.58 

Age (mean) 20.53 20.71 20.50 20.75 20.61 20.63 

Father has higher education 

(proportion) 0.62 0.66 0.64 0.65 0.69 0.59 

Mother has higher 

education (proportion) 
0.79 0.79 0.78 0.80 0.79 0.79 

Left-right orientation 

(mean)1 
4.28 4.30 4.20 4.39 4.31 4.26 

Sympathy twd. government 

(mean)2 3.12 2.85 2.87 3.11 3.07 2.89 

Left-wing voter 

(proportion)3 0.83 0.84 0.87 0.81 0.79 0.88 

N 97 98 102 93 98 97 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Significant differences identified by 

comparing groups in two-tailed t-tests and proportion tests. 1: Self-identified left-right orientation on 

scale ranging from 0-10 with higher values corresponding to more right-wing.  
2: Self-identification on scale ranging from 0 (indicating very low sympathy towards current 

government/administration) to 10 (indicating very high sympathy towards current 

government/administration). 3: Respondents have been coded as left-wing voters if they would vote 

for the Social Democrats, the Danish Social Liberal Party, the Socialist People’s Party, The Alternative, 

or the Red-Green Alliance in case of a parliamentary election at the time of the data collection. 
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S3: Balance tests (2017 data) 

 Experiment 1:  

Social events 

Experiment 2:  

General dissatif. 

Experiment 3: 

Enough teaching 

Best performing university AU Other AU Other AU Other 
 

Female (proportion) 0.54 0.60 0.60 0.53 0.57 0.57 

Age (mean) 20.65 20.70 20.70 20.67 20.53 20.85† 

Father has higher education 

(proportion) 0.61 0.72 0.68 0.65 0.68 0.64 

Mother has higher 

education (proportion) 
0.73 0.85* 0.85 0.73* 0.78 0.79 

Left-right orientation 

(mean)1 
4.82 4.50 4.35 4.97* 4.57 4.77 

Sympathy twd. government 

(mean)2 3.95 3.89 3.53 4.30* 3.93 3.91 

Left-wing voter 

(proportion)3 0.66 0.76 0.74 0.68 0.73 0.69 

N 114 103 110 106 115 101 
 

Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Significant differences identified by 

comparing groups in two-tailed t-tests and proportion tests. 1: Self-identified left-right orientation on 

scale ranging from 0-10 with higher values corresponding to more right-wing.  
2: Self-identification on scale ranging from 0 (indicating very low sympathy towards current 

government/administration) to 10 (indicating very high sympathy towards current 

government/administration). 3: Respondents have been coded as left-wing voters if they would vote 

for the Social Democrats, the Danish Social Liberal Party, the Socialist People’s Party, The Alternative, 

or the Red-Green Alliance in case of a parliamentary election at the time of the data collection. “Other” 

= University of Copenhagen or University of Southern Denmark (randomized). 
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S4: Test for differences in effects depending on comparison university 

 Experiment 1 Experiment 2 Experiment 3 

AU best 0.55† 

(0.30) 

0.20 

(0.32) 

0.26 

(0.28) 

Copenhagen as comparison 0.20 

(0.31) 

0.27 

(0.32) 

0.49† 

(0.28) 

AU best X Copenhagen as comparison 0.23 

(0.42) 

0.16 

(0.44) 

0.18 

(0.39) 

Constant 4.48*** 

(0.22) 

5.21*** 

(0.22) 

6.17*** 

(0.20) 

N 615 614 614 

Performance indicator Social  

events 

General 

dissatisfaction 

Enough 

teaching 
Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Ordinary Least Square with 

standard errors in parentheses. 
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S5: Test for differences in effects across samples: 2015 sample vs. 2016 sample 

 Experiment 1 Experiment 2 Experiment 3 

AU best 0.86* 

(0.35) 

0.34 

(0.36) 

0.54† 

(0.31) 

2016 sample -0.39 

(0.36) 

-0.89 

(0.37) 

-0.91** 

(0.32) 

AU best X 2016 sample -0.27 

(0.50) 

-0.15 

(0.51) 

-0.19 

(0.44) 

Constant 4.09*** 

(0.26) 

6.54*** 

(0.26) 

7.22*** 

(0.23) 

N 398 398 398 

Performance indicator Social  

events 

General 

dissatisfaction 

Enough 

teaching 
Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Ordinary Least Square with 

standard errors in parentheses. 
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S6: Test for differences in effects across samples: 2015 sample vs. 2017 sample 

 Experiment 1 Experiment 2 Experiment 3 

AU best 0.86* 

(0.35) 

0.34 

(0.34) 

0.54 

(0.33) 

2017 sample 1.82*** 

(0.35) 

-2.50*** 

(0.34) 

-1.43*** 

(0.34) 

AU best X 2017 sample -0.35 

(0.48) 

-0.17 

(0.47) 

-0.37 

(0.46) 

Constant 4.09*** 

(0.25) 

6.54*** 

(0.25) 

7.22*** 

(0.25) 

N 420 419 419 

Performance indicator Social  

events 

General 

dissatisfaction 

Enough 

teaching 
Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Ordinary Least Square with 

standard errors in parentheses. 
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S7: Test for differences in effects across samples: 2016 sample vs. 2017 sample 

 Experiment 1 Experiment 2 Experiment 3 

AU best 0.59† 

(0.35) 

0.20 

(0.37) 

0.35 

(0.35) 

2017 sample 2.21*** 

(0.34) 

-1.61*** 

(0.36) 

-0.52 

(0.35) 

AU best X 2017 sample -0.09 

(0.48) 

-0.03 

(0.50) 

-0.19 

(0.49) 

Constant 3.69*** 

(0.25) 

5.65*** 

(0.26) 

6.31*** 

(0.25) 

N 412 411 411 

Performance indicator Social  

events 

General 

dissatisfaction 

Enough 

teaching 
Note: † = p < 0.1; * = p < 0.05; ** = p < 0.01; *** = p < 0.001. Ordinary Least Square with 

standard errors in parentheses. 
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S8: Power Analysis 

Power has been estimated in Stata based on observed effects and standard deviations in the 

article’s three experiments. Ideally, power analyses would have been based on external studies 

but this was not possible, as the article’s experimental designs have not been used in prior 

literature. Instead, power analyses have been run for each of the three experiments using 

average effects and standard deviations across the three data collections. 

 

Experiment 1 (social activities) 

 

- Average importance, AU best = 5.21 

- Average importance, other best = 4.56 

- Average standard deviation on DV: 2.47 

 

- Power, 2015 (n=203) = 0.962 

- Power, 2016 (n=195) = 0.955 

- Power, 2017 (n=216) = 0.971 

- Power, pooled (n=615) = 1 

- N required for power of 0.8 = 116 

 

 

 

 

Experiment 2 (general dissatisfaction) 

 

- Average importance, AU best = 5.64 

- Average importance, other best = 5.41 

- Average standard deviation on DV: 2.49 

 

- Power, 2015 (n=203) = 0.258 

- Power, 2016 (n=195) = 0.250 

- Power, 2017 (n=215) = 0.271 

- Power, pooled (n=614) = 0.628 

- N required for power of 0.8 = 922 

 

 

 

 

Experiment 3  (enough teaching) 

 

- Average importance, AU best = 6.79 

- Average importance, other best = 6.44 

- Average standard deviation on DV: 2.32 

 

- Power, 2015 (n=203) = 0.571 

- Power, 2015 (n=195) = 0.554 

- Power, 2015 (n=215) = 0.596 

- Power, pooled (n=614) = 0.962 

- N required for power of 0.8 = 347 
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S9: Question wording in experiments (comparison university = Southern Denmark) 

“Please take a look at table below: 

Experiment 1 

 Aarhus Southern Denmark 

Proportion of Political Science students who are 

dissatisfied with the supply of social events 
20 pct 25 pct 

Or 

 Aarhus Southern Denmark 

Proportion of Political Science students who are 

dissatisfied with the supply of social events 
25 pct 20 pct 

 

Experiment 2 

 Aarhus Southern Denmark 

Proportion of Political Science students who are 

overall dissatisfied with their education 
17 pct 21 pct 

Or  

 Aarhus Southern Denmark 

Proportion of Political Science students who are 

overall dissatisfied with their education 
21 pct 17 pct 

 

Experiment 3 

 Aarhus Southern Denmark 

Proportion of Political Science students who do not 

think they receive enough teaching 
32 pct 40 pct 

Or 

 Aarhus Southern Denmark 

Proportion of Political Science students who do not 

think they receive enough teaching 
40 pct 32 pct 

 

On a scale from 0 to 10 where 0 means “of very low importance” and 10 means “of very high 

importance”, how important do you find this information for an overall evaluation of the 

Political Science educational quality at Aarhus University and University of Southern 

Denmark?” 
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