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How the Laws of Education Lie 
 
 
Evidence-based research and causality 
This paper primary deals with and discuss the concept of causality in relation the so-called evidence-
based research. Through many decades, there have been a great dispute about how to understand the 
concept of causation in relation to pedagogy and education, especially in the relation to the new de-
velopment and idea about evidence-based education. This paper sees it as all-important to discuss 
causality in relation to pedagogy and education,1 because we acknowledged that the concept of cau-
sality is laying in the core of the so-called evidence-based movement (Kvernbekk 2016:1). The evi-
dence-based movement connotes to the movement of researchers, who think that systematic reviews 

the primary method for managing knowledge in the evidence movement approach
2002:3). There exist a long-standing discussion about what evidence stands for in the evidence-based 
practice (Kvernbekk 2016; Hammersley 2013), but in relation to evidence-based educational re-

In 
other words and popular speaking, the research is hunting for 

/causation (Cartwright 2007). Whether you support one or another idea/concept of causality, 
the  is as such a causal question. If you want to disseminate an efficacy 
intervention, there might at least be a connection between the cause and effect in few cases, the av-
erage case or in every case, else you neither find any qualitative nor quantitative effects unless you 

:108).  
 
In relation to the field of education and pedagogy there has been a long dispute exactly about whether 
the evidence-based research only extrapolates and infer deterministic causal claims drawing on 

 
  
define a cause to be an object, followed by another, and where all the objects similar to the first 
are followed by object similar to the second. Or in other words where, if the first object had not 
been, the second never had existed. (Hume 1748:54)  

 
According to the critics of evidence-based research Paul Smeyers assumes in line with Biesta and 
others (Hammersley 1999; Elliot 2004) that causality in evidence- is conceptually 
identified as a law-
2006:107).  
 
Among the advocates of evidence-based research, it is accepted that the evidence-based research in 
the social domain cannot determine conclusions with a final certainty. For example, Niels Egelund 
and Lars Qvortrup [evidence-based research] cannot with certainty say, that if one as a 

& Qvortrup 2013:11). This side of the discussion totally denies the accusation that evidence-based 
research extrapolate determinism (Campbell & Stanley 1972:14; Hargreaves 1997:413; Eraut 
2004:92; Pring 2004:201; Sebba 2004:42; Meyer 2005:150; Moos et al. 2005:27; Rasmussen et al. 
2007:82; Hattie 2009:247; 2014:46; Larsen 2010:3; DCU 2013:5; Helmke 2013:35; Nordahl 
2013:18; Rasmussen 2013:11; Dahler-Larsen 2014:131; Næsby 2015:5; Laursen 2016:53). Instead, 
it is argued that 

1 There are other reasons, which we cannot elaborate on in this occasion.  
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learning situation which increase the likelihood of good learning  [our translation] (Egelund & 
Qvortrup 2013:11). 
  
With this rather dualistic and contradictory positions towards causality, the main purpose of this paper 
is to explore what kinds of causal claims that de facto appear in the evidence-based research. In ad-
dition, we want to challenge this dualism, because both interpretation can be totally right at the same 
time. 
 
What counts as evidence? 
Independent of the above-mentioned discussion, when one has made the realisation that causality is 
a fundamental part of the evidence-based research, then the next epistemological question arises; with 
what methods do we produce the must secure, and thereby, the best foundation for finding and clinch-
ing efficient causal relationship in the field of education? In spite of methodological discussions, it is 
the convention in the general evidence-based research, that the best way to produce secure knowledge 
goes through the so-called systematic review (Oakley 2002). Whether the empirical foundation draws 

 Advocates for evi-
dence-based practice, research and policy ascribe significant importance to this kinds of research 
literature, because it is expected that these reports transcend potential political, theoretical and meth-
odological disputes and go beyond random errors, placebo effects and other shortage of given re-
search. This is expected, because the narrative of and presumption is that these generate syntheses 
and conclusions based on all  relevant empirical research in relation to a given (educational) subject. 
In order to understand and make a plausible argument about what kind of causal concepts that exist 
in the evidence-based movement, it is therefore necessary to explore the research of systematic re-
views. The paper takes a Danish perspective on this topic and focus especially on systematic reviews 
conducted in the field of pedagogy and education. With this main interest, we focus on the systematic 
reviews conducted by the Danish Clearinghouse of Educational Research (DCU), which we chose 
for many reasons.  
 

First, because these reports seek to find  (DCU 2017a). 
Second is not only to spread the 
word but first and foremost that practitioners, researchers and policy makers convert the 
conclusion of systematic reviews into a change of p  (DCU 
2012:12).  
Third, because OECD (2004:26) argued that systematic reviews are the golden way to 
build a bridge of knowledge between policy makers, researchers and practitioners.  
Fourth, because the Danish Ministry of Education ascribes these reports to contain the 
best kind of evidence to support interventions and policy/law making in educational pol-
icy.      

  
We base our study on the empirical foundation of six out of nine systematic reviews conducted by 
DCU. We solely concentrate on the 
dertaken with more rigour will need more resources (and will be more reliable) than reviews under-

 The included systematic reviews are; Nordenbo et al. 2008, 
2009; Larsen et al. 2011; Nielsen et al. 2013; Dyssegaard et al. 2013, 2015.    
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The empirical findings 
The following part present the empirical findings of the study. This part covers and illuminates what 
kind of causal concept that is extrapolated in the evidence reports conducted by the Danish Clearing-
house for Educational Research. The analysis of the study draws on a pluralistic approach towards 
causality (Anscombe 1975; Cartwright 1999; Psillos 2008; Beebee et al. 2012; Reiss 2015; Kvern-
bekk 2016). We use this frame of analysis, because we had the expectation that we could find my 
different ways of how causality is inferred/extrapolated in the systematic reviews due to the fact that 
DCU endeavour to use both quantitative and qualitative research as evidence behind efficacious 
causal relationships. Our assumption is that quantitative and qualitative methods contain different 
ideas about causality (Maxwell 2004). Described with the language of causal theory, we used six 
standard theories of causation and one alternative theory (Beebee et al. 2012). In addition, we found 
one type of causal claim, which the theories of causation do not formally cover. Throughout the 
presentation we will describe and illuminate the distinctive characteristic of the different causal the-
ories included in the study. 
 
Table 1  Overview of the total numbers of causal claims  
 

 
 
The general tendency towards regularity concepts of causality 
As table 1 shows, it is possible to describe the extrapolated causal claim found in the systematic 
reviews with a distinctive set of causal theories. Thereby, it might be seen as a one-dimensional fal-
lacy to suppose that evidence-based research only takes one approach towards causality. In addition, 
it is both a simplistic fallacy to assume that causality is only extrapolated deterministically as well as 
a fallacy to suppose that the evidence-based research only makes probabilistic causal inferences. Fur-
thermore, it should be said that even though DCU extrapolates causality on the basis of a pluralistic 
set of causal theories, the general tendency is that DCU most frequently bases causal relationships on 
one or another kind of regularity theory of causation. In total, we found that 1115 out of 1418 causal 
claims found in the reports are subsumed under a regularity theory of causality. Therefore, the epis-
temic realisation should be that if we want adequately to understand the concept of causality inferred 
in systematic reviews, we have to draw both on a broader idea of regularity and a broader concept of 
causal theories.   
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Sufficient singular causal claims 
Even though, it is a mistake to assume that evidence-based research exclusively extrapolates suffi-
cient singular causal claims, as the critics assume (Hammersley 1997; Smeyers 2003; Elliott 2004; 
Biesta 2010), this kind of causal claims is the most frequent way of how DCU extrapolates causality. 
538 (38 %) out of the total 1418 claims has this causal structure. The characteristics of these causal 
claims are that one phenomenon is assign the role as a cause (X) and another phenomenon is assign 
the role as an effect (Y) where the relation (R) between the entities is described one-dimensionally 
with a regularity. It seems to be expected that this relationship holds in all space, times and popula-
tions, because these factors are not mentioned at all. Deterministically speaking; 
ent, only one consequence (or antecedent) is  Thereby, this is the classic 
Humean concept of causality, where it is expected that there is a constant conjunction between the 
cause and the effect (cf. Hume s billiard balls) (Hume 1739:650; Smeyers 2003; Woodward 2013:13).  
 
Below is given an example of these kind of causal claims. Due to the framework of the paper, we 
only present one empirical text example per each causal theory. Furthermore, most statements pre-
sented below represent our translations.  
 
Example of SSR 

(Nordenbo et al. 2008:63). 
 
One of the main problems are that these claims are extrapolated on the foundation of statistical re-
search, which draw on a probabilistic theory of causality. Therefore it is possible to conclude that the 
probabilistic knowledge about what works for whom in what circumstances and how (Pawson & 
Tilley 2002:2) is vanished away in review process. Furthermore, it is possible to contend that DCU 
in most cases inflate and overstate the effect of given cause, vice versa. DCU overlook the statistical 

X causes Y in 2 is consistent with X causes ¬Y in  (Cartwright 2007a:16). However, 
we also found some SSR causal claims were based on, what we term, real regularity . The big prob-
lem about these claims is that the regularity is condensed from case studies which only include few 
cases, and therefore, it is possible to challenge the generalizability of these causal claims. One can 

face the problem of finding a mean between (too) fine-grained and 
(too) coarse-grained descript 63).  
  
Necessary regularity causal claims 
Another kind of regularity theory of causality we found in the systematic reviews was the so-called 
necessary regularity causal claims. The characteristic of this concept of causation is that the regular-
ity do not lie in the constant conjunction between the cause and effect, but in the expectation of the 
necessity that only X can produce Y. This that 

 (Hume 
1739:173). In general, these causal claims have a low frequency in the systematic reviews, we only 
found that 52 (3,6 %) claims was devoted to this concept of causality. All though, we found necessary 
claims around all of the included reviews. See example below. 
 
Example of NR 

2  = (research)population 
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only [THE NECESSITY] among the elderly students that the social status [Y] is negatively 
affected [THE LAW] by weak professional/academic achievements [X1] and diagnostic labelling 

(Dyssegaard et al. 2013:57). 
 
Counterfactual causal claims 
The third kind of regularity theory of causation, which we detect in the reviews, is the so-called 
counterfactual concept of causation. 

 Hume 1748:54; 
Lewis 1975:180). The characteristic of these claims is, thereby, that one non-actualised (counterfac-
tual) cause ( X) is regularly combined with a non-actualised effects ( Y). In addition, counterfactual 
causal claims can also take the form, where one actualised cause is connected to a non-actualised 
effect, vice versa.  However, these claims are relatively rare. We only found that 19 (1,3 %) claims 
is attached to this concept of causality. See example below. 
 
Example of counterfactual causal claims 

not lead to appropriate results [¬Y] if instructional 
hours are not used effectively [¬X1] and there is no increase in the number of hours of exposure 
[¬X2] (Dyssegaard et al. 2015:131). 
 
Probabilistic causal claims? 
Besides the many different kind of regularity theory of causation extrapolated in the reports, we also 
found a number of claims, which more or less can be described as claims devoted to a probabilistic 

-based re-
search argue for is the only way causality is extrapolated in systematic reviews. This theory of cau-
sation is developed as a direct 

th the deterministic concept of causation entails that it is expected 
that Y can be produced by different causes, X, where some of the causes have a more frequent ten-
dency to bring about the effect than others (Morgan & Winship 2015:3). The classical example is that 
smokers more often (but not in all cases) get lung cancer compared to non-smokers. Thereby not said, 
that non-smoker cannot get lung cancer. The core idea in this theory is here that; 
 

Xt is a prima facie cause of Yt-1 if and only if Prob(Yt+1 | Xt) > Prob(Yt+1 | ~Xt), where Xt 
and Yt+1 are time ordered variables (and Xt obtains before Yt+1)3 and there exists no 
earlier variable Zt+1 that screens off Xt from Yt+1  

 
Therefore, causality in this theory is inferred on the basis of the relation between the presence of the 
cause and its absence (Hitchcock 1996). Within statistics, one of the most common tests to infer that 
there do not exist a non-random relationship between Prob(Yt+1 | Xt) > Prob(Yt+1 | ~Xt) is the so-called 
test of statistical significance (Ziliak & McCloskey 2008). Every time we found causal claims which 

  
 It was found that 201 (14,1 %) of the 

total number of causal claims were devoted to the probabilistic concept of causality. This can seem 
as a relative low amount of probabilistic claims considering that advocates of evidence-based research 

antitative studies may operate with statistical probabilities expressed in e.g. number of 
  See example below. 

3 ~ equivalent  signifies the negation to X (Hitchcock 2012:5).  
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-analysis of existing research indicates a positive correlation on 0.40 [PROBABILITY] 
between an improved behaviour [X?] and professional development [Y?] (Dyssegaard et al. 
2013:74). 
 
All though, DCU somehow tries to extrapolate probabilistic relationships, there is still major prob-
lems about the way they extrapolate probabilism. This is due to the fact that DCU do not neither 
reflect on the priority in time between to phenomena nor if there has been tested for a spurious rela-
tionship and neither which other variables are held constant in the given statistical model nor how the 
given statistical model restrains the causal conclusion of the research. This is all-important when the 
major goal of evidence-based research is that it is applied in practice. 
by removing their bed, even though the existence of beds correlates with the death of people (Bjerre, 
forthcoming). Therefore, it is not sufficient just to have correlations if one wants to make things 
happen (Cartwright 1983:21; Woodward 2003).  
 
Statistical regularity 
In line with the above-mentioned probabilistic claims, we also found what we have chosen to term 
statistical regularity causal claim. Like statistical claims, the characteristic of these kind of causal 
claims is that to groups are compared. But in contrast with statistical claims that compare the fre-
quency distribution between two groups, DCU ascribe deterministically one quality to all in one (in-
tervention) group and detach that quality to all others in the second (control) group. We find that 154 
(10, 8 %) of the total number of claims take this form. See example below. 
 
Example of statistical regularities 

(Nielsen et al. 2013:4). 
 
As the quotation indicates, DCU overlooks the dynamic effects that exist across statistical popula-
tions. They overlook, for examples, the fact that the vast majority of statistical groups contain re-
spondents who both have experienced an effect, non-effect and even negative effects according to a 
given intervention/cause. These kind of claims indicate that DCU clearly mix up the concept of non-
random variance among two statistical classified groups and the absolute correlation, which is char-
acterised by that one quality is given to all members of one group contra no one in a comparison 
group (Kvernbekk 2016:68).  
 
Interventionistic causal claims 
The sixth concept of causality we found is the so-called interventionistic or manipulation theory of 
causation. The purpose of the interventionistic theory is to break with and produce an opposition 
against three basic ideas within the philosophy of causation. First, it wants to quarrel that causality 
can be observed (see Beebee 2012 for this argument). Second, it challenges the idea that statistics as 
such 
for causality (cf. the billiard ball), which is that there must be a priority in time, so that X occur before 
Y (priority), Y follows immediately spatiotemporal after the occurrence of X (contiguity) and Y always 
follows X (constant conjunctions). The critique and argument is on the one side that the human per-
ception as well as statistical research is not capable to distinguish irrelevant from relevant causal 
fac -
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causal phenomena. For example, the relation between Monday night and Tuesday morning (Psillos 
2012:136; Hariri 2012:186). Thereby, the fundamental idea of the if X 
causes Y then if X were to be manipulated in the right way, there would be an associated change in 
Y  4 According to interventionist like James Woodward, it is necessary to 
intervene with I on X if one wants to infer causality. 

-  
(Breckon & Dodson 2016:2). This is the common definition of an intervention described in evidence-
based research. The characteristic of an intervention is, therefore, that a programme or an initiative is 
coming from outside the classroom or school. This means that the intervention stands in an exogenous 
relation to the school or classroom and students learning, whereas the act of teaching stands in an 
endogenous relation to the class room and students learning (Hitchcock 2012). Every time we saw a 
causal evaluation on a programme or the word intervention we coded the claim to be an intervention-
istic causal claim. See example below.  
 
Example of interventionistic causal claims 

the programme [I  CWPASM (a peer-assisted tool)] has a positive effect [THE LAW] on the class-
room environment [Y] (Dyssegaard et al. 2013:75). 
 
As the above-mentioned quotation as well as table 1 illustrate, DCU extrapolated the relations be-
tween I and Y deterministically. We find that 108 out of 131 interventionistic causal claims draw on 
a deterministic connection between I(X)Y.  One of the problems is that DCU overlook the probabilistic 
foundation that the interventionistic theory ascribes to the social domain. In the social domain the 
relation between IXY denotes; 
 

that for at least some individuals, there is a possible manipulation [I] of some value of X that they 
Y or the proba-

bility distribution of Y for those individuals (Woodward 2003:40).5 
 

Complex causal claims 
The last primary way of how DCU juxtaposes causes and effects is linked to the kind of causal theory 
which we with inspiration from Cohen et al. (2007:33) define as the theory of complexity. Like the 
interventionistic theory, this theory distances 

The idea is that depend-
ing of the context, one cause can have totally different effects, vice versa. Theoretically, this theory 
is the one that DCU often present in the beginning of their systematic review to be the one they 
support and try to extrapolate. These thoughts are often presented in the initial parts for the reviews 
(See for instance Nordenbo et al. 2008:17). Even though, DCU tries to make this theoretical insight 
in the initial parts of the reports, we find something very interesting happing, when DCU produces 
the so-called narrative synthesis or when they make summative conclusions. We actually find that 
DCU without paying any attention to contextual factors simplistic merge all the effects they have 

4 There exist a great dispute about whether the interventionist theory is a causal theory of if it is only a theory of testing 
causality (Kvernbekk 2016). One might argue that if the invention determines if there is a causal relation between X and 
Y, there must be a deterministic relation between I and X. Furthermore, causality occur already between I and X and not 
between X and Y. In philosophy of causation this problem is described as the circular problem (Menzies & Price 
1993:198).  
5 The same probabilistic thoughts occur in the related agent theory of causality (Menzies & Price 1993:190). 
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found across the primary research. They do not pay attention to the fact that different contexts deter-
mine different effects. Thereby, DCU ends up making what we define as complex regularity causal 
claims. With these - state-
ments as the critics of the evidence-based research accuse this research fore. Instead, DCU extrapo-
lates in some cases - causal claims. We find that out of the total number of 
332 complex causal claims 243 (73,1 %) can be characterised as complex regularity claims. See ex-
ample below. 
 
Example of complex regularity causal claims 

Lesson plans conducted by teachers, resource persons, parents and students themselves [X], show 

development [Y2], self-confidence [Y3], self-esteem [Y4], and relation to peers [Y5] (Dyssegaard 
et al. 2013:63). 
 
In the following part of the paper, we explain why this kind of causal claims can or should be seen as 
extremely complex claims that overstate and inflate what can be concluded based on the primary 
research included in the given systematic reviews.   
 
The general problems found in the conceptions of causality used by DCU  
Above we have given an overview of the various conceptions of causality found in the systematic 
reviews, reviews that should be a guide to the best available research based on evidence relevant to 
practice and politics. Finishing we want to make precise some general and fundamental complications 
and problems in the way DCU uses and conceives of causal connections. These complications and 
problems are of fundamental importance when the whole aim of the reports is that practitioners should 
be able to change and improve their practice based on the results found in these reports. (DCU 
2012:12; Gough et al. 2017:280).  
 
Besides the problems outlined above, our analysis of the reports have shown that they in most cases 
disregard the following causal-theoretical fact that:  
 

most if not all recent causal theorists emphasize the importance of placing causal connections in 
larger networks, although they might understand their nature and function(s) somewhat differ-
ently (Kvernbekk 201:60). 

 
Our main criticism is that DCU places too much emphasis on solely looking at causes and effects, 
and thus disregards de facto the causal influence of context in the constitution of the causal connec-
tions and how the causal factors influence the outcome. In some of the works DCU seems to subscribe 
to the conceptions that is held by many doing work on evidence, namely that if an interventions has 
been tested through a randomized trial, or meta-studies have been made, then   so to say  the func-
tions and influence of the context has been eliminated. DCU writes the following. 
 

A large part of the included reviews are based on meta-studies, which implies a generalizability 
in an absolute sense. The results from these reviews in their own understanding has validity in-
dependent of the context, because in a meta-study other factors and relations have been under 
control (our emphasis) (Nielsen et al. 2013:85).  

 
This in many ways is contrary to the usual understanding of how causal connections operate. Even 
theories of regularity, like that of Hume, 
causes, in like circumstances, will always produces lik 651), 
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and even if a meta-analysis has been done, it does not secure that practitioners just can assume that 

ntroversial. When in physics this is done, then refer-
ence is to facts or phenomena like atomic structure that holds everywhere in the Universe, just as it 

2 (Mitch-
ell 2000:253). It is also a questions whether such ideas are applicable to educational phenomena? As 
we indicate it is important to see the structural importance of the context for the constitution of causal 
connections, because it is obvious that they play an important and often decisive role. One way of 
understanding the role of the context for causality has been made by J. L. Mackie (1965, 1980) who 
developed what he called an INUS condition. INUS says that a cause is always  
 

an Insufficient but Necessary part of an Unnecessary but Sufficient condition for producing a 
contribution to the effect (Mackie 1965:245; Cartwright & Hardie 2012:25). 

 
As an example of an INUS condition we can look at the effect of homework for the ability and per-
formance of students. Homework in itself is insufficient, as other factors can increase ability, and it 
is not necessary that homework in all cases gives the same effect, but homework is necessary in 
connection with other factors, such as the support of parents, quit, a workplace at home etc. to achieve 
an increase in performance. The group of factors in themselves are unnecessary, as homework could 
function in some other clusters, but with some children they could be sufficient, to create improve-
ments. INUS conditions are how easy it is to let system or 

ufficiency becomes question of the 
relation between cause and  2016:64), such as is the case in the reports 
from the DCU.  
 
Another and more important heuristically way in which one can understand which factors of the con-
text one as a minimum must take into account when talking about causal connections can be illus-
trated by the causal equation of Cartwright (2013:976) and Hardie (2012:23-29) 
 

Y (i)c=a1 + a2 y0(i) + a3b(i)Xt(i) + a4 z(i) + a5 u(i)  
 
Y(i) is the effect, eventually measured as effect-size, the i are the individuals in the population where 
the expected causal connections operate. c 
trary to the normal description X Y). t marks time, a1 is a constant connected to all individuals,  a2, 

a3, a4 and a5 represents boost factors. They determine the effect value of the variables that follow 
them. y0(i) is the basis level of Y for the individuals i, that is the average/standard value for all indi-
viduals in the investigation. b(i) represents the factors that create a supporting set of factors around 
X, they contribute to X having an effect on Y; X(i) is the cause or intervention in focus; and z(i) covers 
all the factors that in conjunction with X has an effect on Y, factors that are not X; u(i) are the general 
effect of unknown factors, that could have an effect on Y(i) (Woodward 2003:43; Cartwright 
2007b:133; Pearl 2009:310; Kvernbekk, 2016:135). u points to the realistic fact that our knowledge 

 
1975:71). 
 
The reason why we look at this equation here, is that it can help us understand some of the difficulties 
with the intention that the conclusions in the reports should be used and useful in practice. (DCU 
2013:12). First the equation shows how many other factors than X and Y practitioners need to take 
into consideration if they want to draw a causal conclusion, in the situation where they want to apply 
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the causal knowledge found the reports, where conclusions have been made in different contexts. 
Practitioners must as a minimum ask the questions whether there is a basis for comparing the student-
population with the research population (i), if yes, are they on average at the same level of competence 
as the research population? (y0(i)),are the supporting factors working positively with X present in the 
context of application and could they be made to be? (b(i)X(i)), and are there other factors of even 
greater importance for how Y is constituted? (z(i)). When we look at the reports we have analyzed 
then our point is that such questions are impossible to ask and get answers to using the knowledge 
contained in the reports, because the reports do not point out or give a foundation for comparing such 
external factors (a, y0, b and z).  
 
Secondly the causal equation helps us understand why it is nearly impossible to transfer all the effects 
collected in the report syntheses to other educational contexts and practices. This is due to the fact 
that even if the same cause (X) is found in the causal equation, then each effect (Y) has its own causal 
path, which means that the various effects depends on different 0 and  . If we look 
at the earlier example where individual study plan are considered to cause five effects then the causal 
equations look like this  
 

Level of activity (A) c= a11 + a2 y0(i)1 + a3b(i)1study-plans (x) + a4 z(i)1 + a5 u(i)1 
competence-imp (B) c= a12 + a2 y0(i)2 + a3b(i)2study-plans (x) + a4 z(i)2 + a5 u(i)2 
selfconf (C) c= a13 + a2 y0(i)3 + a3b(i)3study-plans (x) + a4 z(i)3 + a5 u(i)3 
selfass (D) c= a14 + a2 y0(i)4 + a3b(i)4study-plans (x) + a4 z(i)4 + a5 u(i)4 
relations (E) c= a15 + a2 y0(i)5 + a3b(i)5study-plans (x) + a4 z(i)5 + a5 u(i)5 

 
The problem with these claims is that to be able to understand why the effects have been produced, 
one will have to account for the role of a, y0, b, z and u  5. For every effect there is a different 
constant for all the individuals in the population (a), different basic levels (y0) different supporting 
factors (b) different accompanying factors (z) which, independently of  X, influences Y, and a host of 
unknown factors (u), that determines whether X will have a (positive) effect on Y. If based on the 
reviews it is expected that all these effects will be seen, if study-plans are made by teachers, resource 
persons, parents end the students themselves, the risk is that educational practitioners will be disap-
pointed, because one overlooks the fact that these effects and causal connections are dependent on a 
large number of contextual factors being present, factors which the practitioners have no knowledge 
whatsoever about being present or not in their actual practice. The reports simply do not justify the 
expectation that as an example individual study-plan in all times T, spaces  and populations , create 
the effects claimed, exactly because the effects seen and synthesized comes from very different con-
texts, which means different populations , times T and spaces . When practitioners want to use 
such conclusions hoping for the effects to appear, then the complexity of the situation as outlined 
gives close to no possibility for such practitioners to compare their context situation with that or those 
in which the research was done.  
 
Concluding remarks 
In so far as DCU in the reports do not take into consideration and make reservations about the 
role of context it is our fear that practitioners and politicians risk navigating in darkness  as 
we have seen it in California  if they rely on the conclusions of the reports. We are thus very 
much in agreement with DCU themselves when it is written that  
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Concerning the problems of the causal direction of school inputs, it is evident that it is crucial that 

vince policy makers that a new causal agenda in school research is needed. (Nordenbo et al. 
2010:12) 

 
Our hope is that it is possible to create and use a more refined concept of causality, which would 
make it possible to see and understand some of the details and nuances found de facto in the under-
lying empirical research.   
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